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The AI economy is being built right now, by people who are making commercial decisions without a
complete map. This volume is that map.
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FOREWORD

Everything in One Place
The purpose of the master volume — and how to use it.

This reference volume exists because of a specific problem: the AI economy is being
invented and monetized simultaneously, and the people doing the inventing and the
people building the commercialmodels are rarely the same people talking to each other.

The engineer building the AI agent does not know that their pricing model will
systematically undercut the value their agent creates. The CFO approving the AI budget
does not know that the event store their billing team has built cannot produce the audit
trail their external auditors will eventually require. The VP of Customer Success does
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not know that the health metrics they are tracking are measuring the wrong thing for a
product that runs autonomously.

The ten books in this series are the attempt to connect these conversations — to give the
engineer enough commercial context to design for the pricing model, to give the CFO
enough technical context to govern the AI budget effectively, and to give the CS leader
enough product context to build the right success motion for autonomous AI.

This master volume assembles all ten books into a single, cross-referenced reference
with four new linking chapters that explain how the books connect, eight extended case
studies that trace the complete journey from concept to cash across specific company
archetypes, five comprehensive appendices, and a navigation guide organized by role
and by question.

It is not meant to be read cover to cover, though it can be. It is meant to be the book you
reach for when you are about to make a significant commercial decision about AI —
when you are designing a pricing model, structuring an enterprise contract, building a
CS health score, or preparing for an external audit of AI revenue recognition. It is the
reference that ensures the decision benefits from the full context of the series, not just
the chapter you happen to have read.

The series argument in one sentence: AI capability compounds, but revenue capture
requires deliberate architecture — the data model, the pricing model, the governance
framework, and the commercial motion — and the companies that build that
architecture before they need it are the ones that will define the AI economy's
commercial landscape for the next decade.

Everything in one place. Use it.

STRUCTURE OF THIS VOLUME

How Book Ten Is Organized
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Linking chapters · Case studies · Appendices · Navigation by role and by question.

Book Ten: Contents at a Glance

Section Contents Purpose Page count target

FOREWORD Why this volume exists and
how to use it

Frame the purpose;
introduce the
organization

~8 pages

LINKING
CHAPTER L1

How all ten books connect ·
Three tiers · The golden
thread · Navigation by role

Series navigation
guide — enter here if
you are new to the
series

~14 pages

LINKING
CHAPTER L2

All ten laws mapped to their
implementation chapters

Connect the manifesto
to the operational
detail

~16 pages

LINKING
CHAPTER L3

All 16 personas · 16 agents · 7
huddle types as a unified
system with data flows

The integrated
operating model for
concept-to-cash

~20 pages

LINKING
CHAPTER L4

Open-Claw Diagnostic —
structured assessment for
executives

Self-assessment tool;
produces a prioritized
closing roadmap

~12 pages

CASE STUDIES
CS1–CS8

8 extended case studies
across company archetypes

Apply all frameworks
to specific business
contexts

~64 pages (8 × ~8,000
words)

APPENDIX A Cross-Reference Guide —
topics indexed to books and
chapters

Lookup tool for the
complete series

~20 pages

APPENDIX B Open-Claw Diagnostic
Worksheet — fillable
assessment

Executable version of
L4 for individual use

~8 pages

APPENDIX C Monetization Protocol and
MCP Server Specification

Complete technical
reference for agent-
era commercial
infrastructure

~24 pages

APPENDIX D RevenueOS Vendor
Landscape and Integration
Guide

Build/buy decisions
for the monetization
stack

~18 pages

APPENDIX E The 23 Frameworks —
Formal Definitions and
Design Specifications

Series intellectual
property in one
reference section

~32 pages
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LINKING CHAPTERS L1–L4

The Golden Thread Across Ten Books
How the series connects. Laws to implementation. Personas to agents. The claw diagnostic.

LINKING CHAPTER L1

How All Ten Books Connect: A Reader's
Navigation Guide
The three tiers. The golden thread. The role-based reading guide.

The ten books in this series form three tiers that reflect three different relationships to
AI commercial architecture.

Tier 1 — Foundation (Books 0 and 1): The manifesto and the executive strategy guide.
Book 0 states the ten laws and ten models with the force of argument. Book 1 translates
those arguments into the specific strategic decisions that CEOs, CROs, and CPOs must
make. Read these books to understand what the series argues and why. Read them in
order. Read them fast — Book 0 is a 90-minute read; Book 1 is an afternoon.

Tier 2 — Operations (Books 2a, 2b, 2c, 3a, 3b, 4, 9): The practitioner and finance
operational guides. These are the how-to books — the detailed implementation guides
for the people who build and operate the commercial infrastructure. Read the volumes
relevant to your role. Product managers and pricing architects: 2a. RevOps and billing
operations: 2b and 2c. CFOs and finance leaders: 3a and 3b. Protocol architects and
MCP implementers: Book 4. Customer success leaders: Book 9.

Tier 3 — Strategy and Theory (Books 5, 6, 7, 8): The frontier books. These are the books
that will be debated, cited, and argued over — the ones that confront the deepest
commercial disruptions of the AI era. Book 5 addresses the convergence of software and
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services. Book 6 addresses software commoditization. Book 7 addresses zero-cost
software production. Book 8 addresses the capability-capture gap. Read these books
when you are ready to think about where this all goes and how to position your business
for what is coming.

The golden thread — the unbroken data lineage from concept to cash — runs through all
ten books. Every framework, every principle, every case study connects back to this
thread: the journey from a commercial offer defined in the product catalog to an event
recorded in the metering system to a line item on an invoice to a revenue recognition
entry in the general ledger to a renewed and expanded customer relationship. The thread
is the series' organizing spine.

The cross-reference map in Appendix A shows, for each major topic in the series, which
books address it and at what depth. Use it when you need to dive deeper on a specific
topic than any single book provides.

The Ten-Book Series — At a Glance

Book Title Words Tier Primary
audience

When to read first

Book 0 The
Monetization
Manifesto

~30,000 Foundation Everyone Read first — 90 minutes.
States all 10 laws. The stake
in the ground.

Book 1 The AI Revenue
Imperative

~65,000 Foundation CEO · CRO ·
CPO · Board

Read second — the
executive playbook built on
Book 0's arguments.

Book 2a The Data and
Pricing
Foundation

~80,000 Operations Product ·
Pricing ·
RevOps

Read when building
commercial data
architecture or pricing
strategy.

Book 2b The
Commercial
Pipeline and
A/R

~90,000 Operations RevOps ·
Billing · Order
Management

Read when building quote-
to-cash pipeline or A/R
governance.

Book 2c Agents,
Channels,
Portals,
Governance

~85,000 Operations RevOps ·
Security ·
Analytics

Read when designing
agent-enabled commercial
stack or GTM channels.

Book 3a The AI CFO ~60,000 Operations CFO · Read when building AI
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Playbook Controller ·
FP&A

FinOps or revenue
accounting infrastructure.

Book 3b Revenue
Integrity and
A/R
Governance

~60,000 Operations Controller ·
Internal Audit ·
RevRec

Read when building A/R
governance or preparing
for external audit.

Book 4 The
Monetization
Protocol

~70,000 Operations Protocol
Architects ·
MCP Builders

Read when building the
agent-era commercial
infrastructure.

Book 5 Monetizing
Service as
Software

~70,000 Strategy Software
Company
Leaders ·
Pricing

Read when your product is
becoming a service
delivered by AI.

Book 6 When Software
Is a Commodity

~65,000 Strategy Software
Leaders ·
Investors

Read when assessing
commodity risk and
building escape strategy.

Book 7 Monetizing
When AI Can
Code

~65,000 Strategy Founders ·
Product
Leaders ·
Investors

Read when assessing zero-
cost software production
implications.

Book 8 The Open-Claw
Effect

~60,000 Strategy Every AI
executive and
strategist

Read when diagnosing the
gap between AI capability
and revenue capture.

Book 9 Customer
Success in the
AI Economy

~70,000 Operations/Strategy CS Leaders ·
CSMs · RevOps

Read when building CS
motion for autonomous AI
products.

Navigation by Role

CEO /
Board
Member

Reading sequence: Book 0 (laws and argument)→ Book 1 (executive playbook)→ Book 8
(open-claw — the most strategic concept)→ Book 5 if primary question is SaaS-to-service,
Book 6 if primary question is commodity defense. Complete the L4 diagnostic in this volume.
Key books: Books 0, 1, 8, then 5 or 6

CFO /
Controller

Reading sequence: Books 3a + 3b (your operational guides) → Book 8 (the open claw has
direct P&L implications) → Book 2a (the data model underlying the commercial architecture).
Use Appendix B (diagnostic worksheet) with your product team.
Key books: Books 3a, 3b, 8, then 2a

Product Manager
/ Pricing
Strategist

Reading sequence: Book 2a (data foundation and pricing layers) → Book 5 (service-
software convergence)→ Book 6 (commodity escape routes)→ Book 0 (the ten pricing
models taxonomy). Book 2a's Pricing Strategy Matrix is the daily-use tool for this role.
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Key books: Books 2a, 5, 6, then 0

RevOps Lead /
Billing Operations

Reading sequence: Books 2b + 2c (your operational guides) → Book 3b (governance
framework your operations must satisfy) → Book 4 (protocol defining the agent-enabled
commercial stack). These four books form the practitioner architecture.
Key books: Books 2b, 2c, 3b, then 4

Customer
Success
Leader

Reading sequence: Book 9 (your specific guide)→ Books 5 and 8 (service-software and
open-claw define what CS is trying to accomplish) → Book 1 (executive view of the
commercial cycle CS owns post-sale). Framework F23 from Book 9 is the daily-use tool.
Key books: Books 9, 5, 8, then 1

Investor /
Strategic
Analyst

Reading sequence: Books 6 + 7 (commodity and zero-cost theses defining competitive
dynamics)→ Book 8 (capability-capture gap determines which AI investments compound) →
Book 0 (ten laws predicting which commercial models will survive). Case Studies CS1–CS8
provide sector-specific framework application.
Key books: Books 6, 7, 8, then 0

Engineer / Architect
building commercial

infrastructure

Reading sequence: Book 2a (the canonical objects)→ Book 2b (the billing
pipeline)→ Book 2c (agents, channels, protocol)→ Book 4 (the MCP
Monetization Server specification). Appendix C has the complete protocol and
MCP specification.
Key books: Books 2a, 2b, 2c, 4

Linking Chapter L1 — Key Takeaways

› Three tiers: Foundation (Books 0, 1)→Operations (Books 2a, 2b, 2c, 3a, 3b, 4, 9)→ Strategy (Books
5, 6, 7, 8).

› The golden thread — concept to cash to renewal — runs through all ten books as the organizing
spine.

› Enter the series at the book most relevant to your current decision, then follow the role guide to the
essential secondary readings.

› The open-claw diagnostic in Linking Chapter L4 and Appendix B is the executive tool that connects
strategy (Book 8) to action (Books 2a, 3a, 9).

› No book in this series is standalone — each cross-references the others through the shared
frameworks and objects.

LINKING CHAPTER L2
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From Manifesto Laws to Implementation:
A Mapping Guide
Each of the ten laws mapped to the specific implementation chapters across all books.

The Ten Laws of AI EconomyMonetization in Book 0 are the arguments. The rest of the
series is the implementation. This chapter maps each law to the specific books and
chapters where it is operationalised — so that a practitioner who agrees with a law can
find, immediately, where to find the how-to.

LAW 1: MONETIZATION IS A DATA PROBLEM IN DISGUISE

Every billing failure has a data root. Every revenue leak has a schema it escaped
through. Fix the model first.
Implementation: Book 2a Chapters 1–5 (the thirteen objects, their schemas, and relationships). The 3C
Framework (F6) in Book 2a Chapter 4. The golden thread traceability architecture in Book 2a Chapter 2.
The revenue leakage map in Book 3a Chapter 11.

LAW 2: THE LAYER DETERMINES THE LOGIC

Each layer of the AI economy requires its own economic architecture. Mixing
layers produces commercial chaos.
Implementation: Book 2a Chapters 6–10 (pricing the five layers in detail). Book 1 Chapters 3–4 (the
executive strategy map). Book 3a Chapters 3–6 (cost attribution and FinOps by layer). Book 8 Chapter 3
(the open claw across five layers).

LAW 3: THE OPEN CLAW IS NOT A PROBLEM. IT IS A DIAGNOSTIC.

Every AI business has a gap between capability and capture. Measure it. Close
it. Report it to the board.
Implementation: Book 8 (the complete open-claw framework). Book 3a Chapter 11 (revenue leakage as
the financial expression of the claw). Appendix B (the diagnostic worksheet). Linking Chapter L4 (the
executive diagnostic process).

LAW 4: BILLING IS TRUST

The invoice is not a back-office document. It is the most frequent substantive
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touchpoint between vendor and customer after the initial sale.
Implementation: Book 2b Part 3 (BHI, traceability, billing command center). Book 3b Parts 1–2 (four-
level A/R governance). Book 1 Chapter 14 (billing as trust — the executive view). Book 9 Chapter 7
(renewal as value documentation).

LAW 5: PRICE THE OUTCOME, NOT THE INPUT

Per-seat, per-token, per-API-call pricing measures what went in. Outcome
pricing measures what came out. The AI economy rewards the latter.
Implementation: Book 5 Part 2 (the five pricing models for Service as Software). Book 8 Chapter 8
(outcome anchoring as the primary claw closer). Book 9 Chapters 1–3 (outcome realisation as the CS
health foundation). Book 7 Chapter 4 (value anchoring in zero-cost markets).

LAW 6: THE COMMERCIAL PIPELINE IS A DATA PIPELINE

Every handoff between commercial stages is a data transformation. The quality
of the pipeline is determined by the precision of those transformations.
Implementation: Book 2b Part 1 (the complete Q2C pipeline with ten stages). Book 2c Part 4 (the sixteen
personas and their data handoffs). Book 3a Chapter 2 (the three-function model). Book 4 (the complete
protocol specification).

LAW 7: THE MOAT IS NOT THE CODE

The moat is the data you own, the workflows you are embedded in, the
accountability you accept, and the network effects you create.
Implementation: Book 6 Parts 2–3 (the four escape routes and pricing in commoditized markets). Book 8
Chapter 11 (moat building as the fourth claw closer). Book 7 Chapters 4–7 (value anchoring strategies).
Book 9 Chapter 8 (advocacy and co-innovation as moat).

LAW 8: CUSTOMER SUCCESS IS OUTCOME DELIVERY

Not feature adoption. Not user engagement. The customer's AI deployment is
successful when it is delivering the specific business outcomes it was deployed to
create.
Implementation: Book 9 (the complete AI CS framework). Book 5 Chapter 14 (CS in Service as Software).
Book 8 Chapters 8–11 (closing the claw through outcome-focused operations). Book 9 Chapter 3 (UAS —
the outcome-based health score).

LAW 9: REVENUE INTEGRITY REQUIRES FOUR-LEVEL GOVERNANCE
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Invoice, line, transaction, cash — each level requires distinct controls,
approvals, and audit documentation.
Implementation: Book 2b Part 2 (four-level architecture — operational guide). Book 3b Parts 1–3
(governance framework for each level). Book 3a Chapter 4 (CFO budget governance). Appendix E
Framework F17.

LAW 10: THE AGENT ERA IS ALREADY HERE

The commercial infrastructure for human-mediated commerce is not ready for
machine-speed transactions. Build the infrastructure before you need it.
Implementation: Book 2c Part 5 (agent protocol, MCP, security, compliance). Book 4 (the Monetization
Protocol). Book 8 Chapter 12 (open claw in A2A commerce). Case Study CS8 (enterprise A2A at scale).
Appendix C (MCP specification).

Linking Chapter L2 — Key Takeaways

› Each of the Ten Laws has a specific implementation path in the series — use this mapping to move
directly from principle to practice.

› Laws 1 and 6 (data model and data pipeline) are the foundation prerequisites — no other law can
be fully implemented without them.

› Law 3 (the claw as diagnostic) has its own linked chapter (L4) and appendix (B) in this volume — it
is the most actionable executive tool.

› Laws 5 and 8 (outcome pricing and outcome CS) form a commercial pair — they implement in
sequence: price the outcome (Book 8), then measure it (Book 9).

› Law 10 (the agent era) is the most forward-looking — its full implementation requires Book 4 (the
protocol) and ongoing evolution as A2A commerce matures.

LINKING CHAPTER L3

The Integrated Persona-Agent-Huddle
Map
All 16 personas · 16 agents · 7 huddle types as a unified system with data flows.

The sixteen human personas of the concept-to-cash lifecycle (introduced in Book 2c)
and their sixteen AI agent counterparts form the complete commercial operating model
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for an AI-native business. The seven Agent Huddle types (introduced in Book 2c and
elaborated throughout the operations books) govern the decision points in that lifecycle
where human-AI collaboration is required for outcomes that neither can achieve alone.

The integrated map connects all three elements: for each stage in the concept-to-cash
lifecycle, it identifies the human persona responsible, the AI agent supporting them, and
the Agent Huddle type that governs any significant commercial decision at that stage.

Stage 1: Offer design. Human persona: Product Manager and Pricing Strategist. AI
agent: Offer Composition Agent (assembles consistent offers from the canonical objects,
validates type compatibility). No huddle required for standard offers; Deal Approval
Huddle required for novel commercial structures before launch.

Stage 2: Demand generation and qualification. Human persona: Marketing Lead and
Account Executive. AI agent: Opportunity Qualification Agent (researches prospect,
scores against ICP, maps decision-makers). No huddle required for standard
qualification; Deal Approval Huddle for non-standard commercial terms.

Stage 3: Technical evaluation and commercial structuring. Human persona: Solutions
Engineer and Deal Desk. AI agent: Technical Evaluation Agent (configures PoC, models
consumption) and Deal Structure Agent (assembles deal package, runs margin and SLA
risk analysis). Deal Approval Huddle for non-standard deals above the approval
threshold.

Stage 4: Contract negotiation and execution. Human persona: Legal/Contracts. AI
agent: Contract Intelligence Agent (extracts commercial terms from executed contract,
writes to canonical objects). No huddle for standard contracts; Contract Amendment
Huddle for novel commercial structures.

Stage 5: Order management and provisioning. Human persona: Order Management
and RevOps/Provisioning. AI agent: Provisioning Agent (creates entitlements,
initializes metering, validates billing feed). No huddle required for standard
provisioning; Revenue Leakage Huddle if provisioning anomaly detected.
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Stage 6: Metering and billing. Human persona: Billing Operations. AI agent:
Reconciliation Agent, Dispute Investigation Agent, Cash Application Agent, Tax
Determination Agent. Billing Exception Huddle for disputes above threshold; Close and
Reconciliation Huddle at period end.

Stage 7: Revenue recognition. Human persona: Finance/RevRec. AI agent: RevRec
Agent (applies ASC 606 rules, generates recognition entries). Close and Reconciliation
Huddle at period end; Contract Amendment Huddle for mid-period commercial
changes affecting recognition.

Stage 8: Customer success and expansion. Human persona: CSM, FinOps Lead. AI
agent: Health Monitoring Agent, QBR Preparation Agent, Expansion Signal Agent.
Collections Huddle for at-risk accounts; no huddle required for standard expansion.

Stage 9: Collections and renewal. Human persona: Collections, CSM (renewal). AI
agent: Dunning Agent, Value Documentation Agent. Collections Huddle for significant
overdue accounts; Deal Approval Huddle for non-standard renewal terms.

The Sixteen Personas and Their AI Agent Counterparts

Stage Human persona AI agent
counterpart

Agent primary function Data handoff to next
stage

1. Offer
design

Product
Manager +
Pricing
Strategist

Offer
Composition
Agent

Assembles offers from
canonical objects;
validates type
compatibility; checks
pricing layer consistency

Complete Product +
Price object set
ready for catalog
publication

2. Demand
generation

Marketing Lead
+ Account
Executive

Opportunity
Qualification
Agent

Researches prospect;
scores against ICP; maps
d e c i s i o n - m a k e r
hierarchy; calculates
estimated deal value

Qualified
opportunity with
ICP score,
stakeholder map,
estimated ACV

3. Technical
evaluation

Solutions
Engineer + Deal
Desk

Technical
Evaluation Agent
+ Deal Structure
Agent

Configures PoC
environment; models
consumption scenarios;
assembles deal package;
runs margin and SLA
risk analysis

Deal package with
commercial terms,
consumption model,
margin analysis

4. Contract Legal / Contract Extracts commercial Complete Contract
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execution Contracts Intelligence
Agent

terms from executed
contract; writes to
canonical objects;
identifies non-standard
clauses for governance

object with all
commercial terms,
flags for RevRec
review

5. Order
management

Order
Management +
RevOps

Provisioning
Agent

Creates Entitlements;
initializes metering
configurations; validates
billing feed; triggers
downstream systems

Active Entitlements
with metering live;
provisioning audit
trail complete

6. Metering
and billing

Billing
Operations

Reconciliation
Agent + Dispute
Agent + Cash
Agent + Tax
Agent

Aggregates events;
generates invoices;
applies credits;
calculates tax; applies
payments

Invoices issued; tax
posted; payments
applied; A/R
balance reconciled

7. Revenue
recognition

Finance /
RevRec

RevRec Agent Identifies performance
obligations; applies ASC
606 rules; generates
recognition entries;
posts to GL

Revenue recognition
entries posted;
deferred revenue
balance updated

8. Customer
success

CSM + FinOps
Lead

Health
Monitoring +
QBR Prep +
Expansion
Signal Agents

Monitors five health
signals; prepares QBR
analysis; identifies
expansion opportunities

UAS score; QBR
deck draft;
expansion brief;
renewal preparation
package

9.
Collections /
renewal

Collections +
CSM

Dunning Agent
+ Value
Documentation
Agent

Manages dunning
sequence; prepares
renewal package;
calculates intervention
priority

Renewal package
with ROI
documentation;
dunning status;
collections huddle if
required

The Seven Agent Huddle Types — Quick Reference

Huddle type Trigger Human
participants

AI agents Primary output Authority
required

Billing
Exception

Invoice dispute
or adjustment
above threshold

Billing Ops
Lead · Finance
Manager · CSM
(if customer-
facing)

Dispute
Investigation
Agent ·
Reconciliation
Agent

Resolution
decision: credit,
correction, or
uphold with
evidence

RevOps
Manager
(standard) ·
VP Finance
(above
threshold)

Deal Approval Non-s tandard
commercial
terms; deal
above deal desk
authority

Account
Executive · Deal
Desk · Finance
Manager · Legal

Deal Structure
Agent · Margin
Analysis Agent

Approved deal
package with
documented
commercial
rationale

VP Sales +
VP Finance
(standard
enterprise)
· CFO
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(above
threshold)

Revenue
Leakage

Metering
anomaly;
entitlement drift
detected; billing
gap identified

RevOps Lead ·
Finance · Billing
Ops

Reconciliation
Agent · Leakage
Detection Agent

Root cause
analysis;
remediation
plan; historical
leakage
quantification

Controller
(revenue
impact
above
materiality)

Contract
Amendment

M i d - t e r m
commercial
change; scope
change; pricing
adjustment

Account
Executive ·
Legal · RevRec
Accountant

Contract
Intelligence
Agent · RevRec
Agent

Amendment
terms; ASC 606
modification
analysis; updated
commercial
objects

VP Finance
(above
threshold) ·
Controller
(rev rec
impact)

Tax
Determination

Novel
jurisdiction;
ambiguous
classification;
amount above
threshold

Tax Counsel ·
Finance
Manager ·
RevOps

Tax
Determination
Agent

Tax classification
determination;
rate applied;
protocol update
for future cases

Controller
s i g n - o f f ;
tax counsel
opinion for
novel cases

Collections A/R balance
above
threshold; >35
days overdue;
dispute plus non-
payment

Collections
Lead · CSM ·
Controller
(significant
accounts)

Dunning Agent ·
Payment
Prediction
Agent ·
Relationship
Risk Agent

Collections
approach agreed;
communication
approved;
escalation path
defined

VP Finance
(standard) ·
CFO
(strategic
accounts
above
threshold)

Close and
Reconciliation

Period end; prior
to financial close

Finance Lead ·
Billing Ops ·
RevRec
Accountant

Reconciliation
Agent · RevRec
Agent

P e r i o d - e n d
reconciliation;
unbilled revenue
identified;
deferred revenue
confirmed

Controller
s i g n - o f f
required
before close

Linking Chapter L3 — Key Takeaways

› The sixteen personas form the complete human operating model; the sixteen AI agents are their
counterparts at each stage.

› The seven Agent Huddle types govern the decision points where human judgment and AI analysis
must combine — each with defined trigger, participants, agents, and authority.

› Data handoffs between personas are the vulnerability points of the golden thread — the stage where
precision in object definitions determines whether the thread is unbroken.

› The RevRec Agent and the close huddle are the connection between the billing system and the
general ledger — the final stage of the golden thread.



THE COMPLETE AI ECONOMY MONETIZATION REFERENCE · Book Ten · The AI Economy Monetization Series

Book Ten: The Complete Reference · The AI Economy Monetization Series

› Each huddle type has a defined authority level — the governance structure ensures that decisions
at each stage are made by the appropriate level of accountability.

LINKING CHAPTER L4

The Open-Claw Diagnostic: Assessing
Your Gap Across All Five Layers
A structured diagnostic tool for executives. Quantify the capability-capture gap. Build the
closing roadmap.

The Open-Claw Diagnostic is a structured assessment that any executive can complete
for their business in approximately half a day. It produces three outputs: the estimated
total capability-capture gap in dollar terms, the composition of that gap by the four claw-
opening forces, and a prioritized roadmap for the four closers.

The diagnostic has six steps.

Step 1 — Layer identification: for each major product or revenue stream, identify its
primary AI economy layer (compute, model, token, agent, or outcome). The layer
determines the natural pricing model and the expected claw-opening mechanism.

Step 2 — Value unit definition: for each product, define the natural unit of value the AI
creates. Contract reviews. Resolved tickets. Processed invoices. Completed code tasks.
The value unit is the denominator for the capture rate calculation.

Step 3 — Baseline value establishment: for each value unit, establish the economic value
of the human alternative. What does the equivalent human work cost? This is the
reference point for the value creation calculation.

Step 4 — Capture rate calculation: divide current revenue per value unit by the baseline
value per unit. This is the current capture rate. Subtract from 100% to get the open-claw
gap percentage.
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Step 5 — Force composition analysis: for each product, assess which of the four claw-
opening forces is the primary driver of the gap. Pricing lag (contracts locked at below-
current pricing)? Measurement gap (value unmeasured)? Contract lock (long-term
agreements at historical pricing)? Race-to-zero (acquisition pricing anchors)?

Step 6 — Closer prioritization: based on the force composition, identify the highest-
impact closer for each product. Pricing lag and contract lock → elastic contracts.
Measurement gap → measurement infrastructure investment. Race-to-zero → value-
based pricing introduction. All forces→ outcome anchoring as the structural solution.

The diagnostic worksheet is in Appendix B of this volume. Completing it for your three
largest products takes approximately two hours. Reviewing the results with your CFO
takes another hour. The output is a specific, prioritized commercial model evolution
roadmap — not a generic recommendation to "move to outcome pricing," but a
sequenced plan that addresses your specific forces in your specific products in your
specific market context.

HOW LONG THIS TAKES
Two hours of analysis + one hour of CFO review = a specific, prioritized closing roadmap
The diagnostic is designed to be completed in a focused working session. Step 1–2: 20 minutes. Step
3: 30 minutes. Step 4: 20 minutes. Step 5–6: 30 minutes. Total analysis time: 100 minutes per
product. Complete for your three largest products, then review the consolidated results with your
CFO. The output is not a general recommendation to 'move to outcome pricing' — it is a specific,
sequenced roadmap with dollar estimates for each closing action.

The Open-Claw Diagnostic — Six Steps

Step Activity Time
required

Output Common finding

1. Layer
identification

For each major
product: identify its
primary AI economy
layer (compute /
model / token / agent
/ outcome)

5 minutes
per
product

Layer classification
per product

Many companies find they
have products at the agent
layer priced with token-
layer economics — the
mismatch is the gap

2. Value unit
definition

Define the natural
unit of value the AI

10
minutes

Value unit per
product (e.g.,

The inability to define a
clear value unit often
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creates per product per
product

'resolved ticket',
'reviewed contract',
'completed task')

indicates the
measurement gap force is
dominant

3. Baseline
value
establishment

Calculate the
economic value of the
human alternative to
one value unit

15
minutes
per
product

Dollar value per
human-performed
value unit

Human alternative is
typically 5–20× the
current AI price — the
initial shock of the claw
gap magnitude

4. Capture
rate
calculation

Divide current
revenue per value
unit by baseline value
per unit

5 minutes
per
product

Current capture
rate %; open-claw
gap %

Most companies discover
capture rates of 5–20% —
significantly below the
20–30% target range

5. Force
composition

Rate each of the four
claw-opening forces
0–5 for this product

15
minutes
per
product

Dominant force
identification per
product

Measurement gap is often
the dominant force —
value is being created but
cannot be priced because
it is invisible

6. Closer
prioritization

Based on dominant
force, identify the
highest-impact closer
and sequence

10
minutes
per
product

Prioritized closing
roadmap with
timeline and
revenue estimate

Measurement
infrastructure investment
typically tops the roadmap
— it is the prerequisite for
all other closers

"The diagnostic does not tell you what to do. It tells you
what you have not yet done — and what the revenue
opportunity is if you do it. That is the conversation that
changes commercial strategy."

Linking Chapter L4 — Key Takeaways

› The diagnostic produces three outputs: total capability-capture gap, force composition, and
prioritized closer roadmap.

› The standard finding: capture rates of 5–20%, with the measurement gap as the dominant force
preventing higher capture.

› The standard recommendation: invest in measurement infrastructure first (it is the prerequisite),
then introduce outcome anchoring and elastic contracts in parallel.

› Complete the diagnostic for your three largest products; the aggregate analysis typically reveals
that 25–40% additional revenue is achievable with current AI capability, without building new
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features.

› The fillable worksheet version is in Appendix B — complete it with your product team and review
with the CFO.

EXTENDED CASE STUDIES CS1–CS8

Eight Company Archetypes
The complete concept-to-cash journey across the AI economy's major business models.

CS1

GPU Cloud Provider: Compute Economy
End-to-End
Full lifecycle: pricing architecture, billing, FinOps, revenue recognition, A/R, BHI
programme, open-claw at the compute layer.

GPU Cloud Provider — Compute Economy End-to-End

A specialized AI infrastructure company providing GPU compute as a service to
enterprise AI developers illustrates the complete commercial lifecycle at the compute
layer.

The commercial architecture challenge: at the compute layer, three pricing models
coexist — on-demand (per GPU-hour, no commitment), reserved (committed capacity
at a discount), and spot (variable pricing for unused capacity). Each requires different
billing infrastructure, different customer governance, and different revenue recognition
treatment.

The company's Product catalog defines three Product objects at the compute AI layer:
GPU_ON_DEMAND, GPU_RESERVED, and GPU_SPOT. Each has a specific Price
object type: on-demand uses per-time pricing with per-minute granularity, reserved
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uses reservation plus overage pricing, and spot uses dynamic pricing with per-second
granularity and market-clearing price logic.

The metering challenge is significant: a customer running a 100-GPU training cluster
for 18 hours generates 1,800 start and stop events plus 1,800 per-minute utilization
events — approximately 50,000 billable data points per training run. The event
attribution must connect each event to the correct customer, the correct entitlement
(on-demand, reserved, or spot), and the correct price at the time of consumption
(particularly for spot, where prices change continuously).

The billing operations challenge: reserved customers receive monthly invoices for their
committed capacity plus on-demand charges for consumption above the reservation.
The billing systemmust track reservation utilization (what percentage of the committed
capacity was actually used) and compare it to actual consumption. Under-utilized
reservations still generate full billing; over-utilized reservations generate overage
charges at on-demand rates.

Revenue recognition: compute capacity is a service delivered ratably over time. For
reserved capacity, revenue is recognized evenly over the reservation term — not when
cash is received (prepaid reservations) or when committed (annual reservations billed
monthly). For on-demand and spot consumption, revenue is recognized as compute is
consumed. The ASC 606 performance obligation analysis determines that compute
access is a single performance obligation satisfied over time, which simplifies the
recognition but requires careful attention to the period allocation of prepaid reservation
revenue.

The open-claw opportunity: GPU efficiency is improving at 2-3x per year. Customers
who signed three-year reserved capacity agreements in 2022 are receiving 2025-era
GPU performance at 2022 pricing. The claw-closing strategy for the compute layer:
introduce capability adjustment provisions in new reserved agreements, and
communicate efficiency improvements proactively as the basis for voluntary repricing
conversations with legacy customers who may welcome a contract restructure that
improves per-workload economics for both parties.
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Customer success at the compute layer: CS for GPU cloud is primarily FinOps
governance support. The CSM's health signals are utilization rate (are customers using
their reserved capacity efficiently?), workload efficiency trend (are customers' AI
workloads improving in compute efficiency over time?), and billing accuracy rate (is the
complex multi-model billing generating disputes?). The CS Agent Huddle for compute
customers is most commonly the Revenue Leakage Huddle — identifying utilization
patterns that suggest metering blind spots.

CS1 — Key Commercial Architecture Points

› The commercial data model innovations specific to this archetype.

› The revenue recognition treatment and the primary ASC 606 challenge.

› The open-claw gap and the primary closing strategy.

› The customer success model and the UAS signals that matter most.

› The agent-era preparation requirement specific to this business model.

CS2

LLM API Company: Token and Model
Economy
API pricing models, marketplace economics, royalty accounting, token governance, the
structural claw-opening challenge of per-token pricing.

LLM API Company — Token and Model Economy

An LLM API provider — a company that provides access to foundation models through
an API — faces the quintessential AI commercial architecture challenge: per-token
pricing is the industry standard, but per-token pricing is structurally claw-opening as
model efficiency improves.
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The commercial data model: the Product catalog defines model-specific Products
(CLAUDE_SONNET, CLAUDE_HAIKU, CLAUDE_OPUS as examples) at the model
AI layer. Each has Price objects with separate input token and output token rates, cache
multipliers for cached input tokens, and context window extension premiums for
requests above standard context length.

The token economics challenge: when Claude 3.5 Sonnet achieves the same quality
output as Claude 3 Opus at 80% lower input token cost, enterprise customers using
Claude 3 Opus for their production deployments face a migration decision. The API
company must manage the pricing transition: deprecate the old pricing, introduce the
new pricing, and manage the in-flight contract implications. The Price object's
effective_from field governs this transition — the new price applies from its effective
date; the old price continues to govern contracts locked to the old price_id.

The marketplace complexity: several LLM API providers operate model marketplaces
where third-party model providers host models on the platform for customer access.
This creates the three-party IP scenario (platform, model provider, customer) and the
principal-versus-agent revenue recognition analysis. If the platform is principal, it
recognizes gross API revenue and pays model providers as COGS. If it is agent, it
recognizes only its take rate. The determination depends on whether the platform
controls the service — which turns on the specific contractual and operational
relationship with each model provider.

Revenue recognition for token consumption: token-based revenue is recognized as
consumed — each API call that consumes tokens generates a revenue recognition event.
The challenge is the asynchronous nature of API billing: API calls are charged in real
time, but invoices are generated monthly, and the revenue recognition entries must
correctly attribute consumption to the period in which it occurred, not the period in
which the invoice was generated.

The fine-tuning royalty: LLM API companies that allow customers to fine-tune models
on their own data and then access the fine-tuned model through the API create a new
revenue structure: a base API access fee plus a royalty on fine-tuned model usage. The
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royalty is a variable consideration component — the amount depends on how much the
fine-tuned model is used, which depends on the customer's deployment decisions. The
ASC 606 variable consideration analysis requires estimating and constraining the
royalty component based on expected usage.

The open-claw strategy: the LLM API company's most significant claw-opening force is
efficiency improvement — better models at lower prices per token. The closing strategy
is two-dimensional: introduce premium API products priced for capability (structured
output generation, real-time audio, code interpreter) that anchor price to specific
capabilities rather than pure token consumption; and develop enterprise commercial
tiers that include outcome-correlated features (AI that helps the customer measure and
report their AI's impact) that create value anchors above the commodity token price.

CS2 — Key Commercial Architecture Points

› The commercial data model innovations specific to this archetype.

› The revenue recognition treatment and the primary ASC 606 challenge.

› The open-claw gap and the primary closing strategy.

› The customer success model and the UAS signals that matter most.

› The agent-era preparation requirement specific to this business model.

CS3

AI Copilot SaaS: Service as Software
Transition
How a legal research tool migrated from per-seat subscription to hybrid outcome pricing —
the Service as Software convergence in practice.

AI Copilot SaaS — Service as Software Transition
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A SaaS company that has evolved from a tool that users operate to an AI that operates
on users' behalf illustrates the Service as Software convergence described in Book 5.

The company started as a legal research tool: attorneys used the product to search case
law, find precedents, and research regulatory requirements. The product was priced per
seat — each attorney license covered their access to the research database and the search
interface.

Over three years, the product evolved. First, AI-assisted research suggestions appeared:
the AI recommended cases related to the attorney's search query. Then, AI-generated
research summaries: the AI assembled a structured summary of relevant precedents on
a specific legal question. Then, AI-drafted research memos: the AI produced a complete
research memorandum in the format the attorney's firm used, with citations, analysis,
and recommendations. By year three, the product was doing most of the work that
attorneys had previously done with the original search tool.

The pricing problem: the company was still charging per seat, at the price established
when the product was a search tool. The value the product delivered had multiplied by
4–5× (attorney time saved per research request went from 20 minutes for a competent
search-and-read to 5 minutes for a review-and-approve of an AI-generated memo). The
revenue had grown with seat expansion, but the per-seat price had not reflected the
value multiplication.

The commercial transition: the company implemented the subscription floor plus
outcome overage model from Book 5. The subscription floor (per attorney per month,
lower than the previous per-seat price) includes a defined allocation of AI-generated
research memos — the standard output of the AI's work. The outcome overage (per
research memo above the allocation) captures the consumption growth as AI
deployment deepens.

The pricing architecture required four changes to the commercial data model. The
Product type changed from platform_subscription to composite (combining
subscription access with per-memo billing). The Price object added a hybrid type with
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two components: a monthly subscription rate and a per_outcome rate for memos above
the allocation. The Entitlement added a memo_allocation field tracking memos
consumed against the monthly allocation. The Meter changed from a user-seat meter to
a composite meter tracking both the subscription period and the memo count.

Revenue recognition: the composite structure creates two performance obligations —
the subscription access (recognized ratably) and the per-memo delivery (recognized at
delivery). The Allocation object distributes the monthly subscription fee across the
access obligation (recognized over the period) and a per-memo component (recognized
at delivery). Variable consideration analysis required for the overage component.

The CS transition: the customer success motion shifted from "are attorneys using the
search tool?" to "what percentage of the firm's research requests are being handled by
the AI versus by associates?" The UAS for this product weights research volume through
the AI (deployment breadth) and attorney acceptance rate (outcome realisation). The
expansion motion shifted to practice group analysis: which practice groups have the
most research-intensive work and the lowest AI research deployment?

The open-claw story: the company ran the diagnostic from Linking Chapter L4 and
discovered it was capturing 18% of the value it was creating. At a target capture rate of
22%, the per-memo overage price was set. Within 12 months, the hybrid model was
generating 35% more revenue per customer from the same attorney headcount, with a
15% improvement in NRR.

CS3 — Key Commercial Architecture Points

› The commercial data model innovations specific to this archetype.

› The revenue recognition treatment and the primary ASC 606 challenge.

› The open-claw gap and the primary closing strategy.

› The customer success model and the UAS signals that matter most.

› The agent-era preparation requirement specific to this business model.
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CS4

Outcome-Based Healthcare AI: Closing
the Claw
Outcome pricing in a regulated market — the measurement infrastructure, variable
consideration governance, four-level A/R, and claw closure journey.

Outcome-Based Healthcare AI — Closing the Claw in a Regulated Market

A clinical AI company providing ambient clinical intelligence — AI that listens to
physician-patient conversations and generates complete clinical documentation —
illustrates outcome-based pricing in a highly regulated market.

The commercial challenge: healthcare is both the sector with the highest potential value
for AI (physician time is among the most expensive professional time in the economy)
and the sector with the most significant regulatory constraints on outcome claims.

The company's AI saves physicians an average of 2 hours per day on documentation —
translating to $500–800 in physician time value per day, or $130,000–$208,000 per
physician per year. At a contract price of $12,000 per physician per year, the ROI is
10–17×. The open-claw gap at initial pricing was 90%+ — the company was capturing
less than 10% of the value it created.

The pricing transition: the company's commercial model evolved from per-physician
subscription to a capacity-based model with outcome-correlated components. The base
subscription (per physician per month) covers access and a defined documentation
capacity. The outcome-correlated component adjusts pricing annually based on
documented physician time savings and documentation quality scores. Neither
component is strictly outcome-based (avoiding the FDA medical device implications)
— but both are anchored to the value delivered rather than purely to the access provided.
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The measurement infrastructure: building the measurement infrastructure required 18
months before commercial implementation. The company deployed a time-tracking
integration (with physician consent) that measured before-and-after documentation
time, connected to the EHR to confirm that AI-generated notes were accepted without
significant modification, and developed a documentation quality score based on
completeness and CMS billing compliance criteria.

The variable consideration analysis: the outcome-correlated pricing component
generates variable consideration under ASC 606 — the annual pricing adjustment
depends on measured physician time savings, which depends on AI performance and
physician adoption. The Controller developed a variable consideration estimation
methodology: expected time savings based on specialty and practice setting, constrained
at 80% to reflect uncertainty in new deployments and 90% for mature deployments with
12+ months of measurement history.

The four-level A/R governance: healthcare system customers require specific
governance capabilities. The invoice level: invoices must include NPI numbers for each
physician and CMS billing codes for documentation services. The line level: each
physician's usage must be traceable to their individual documentation volume. The
transaction level: each AI-generated clinical note must be attributable to the correct
physician encounter. The cash level: healthcare system payment processes are slow
(90–120 day payment cycles are common) and require dunning processes calibrated for
healthcare procurement.

The customer success model: the CSM's primary health signals are physician adoption
rate (what percentage of documented encounters use the AI), note acceptance rate (what
percentage of AI-generated notes are accepted without significant modification), and
physician satisfaction score (structured monthly survey of the five physicians with
highest AI usage). The expansion motion is department-by-department: which
specialties within the health system have the highest documentation burden and the
lowest AI deployment?
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The open-claw outcome: within 24 months of implementing the capacity-based model
with outcome-correlated components, the company's capture rate increased from 9% to
16% — nearly double. NRR improved to 118%. The Board presentation of the Claw
Dashboard showed the gap narrowing from $180M (estimated aggregate uncaptured
value) to $95M— still significant, but closing at an accelerating rate as themeasurement
infrastructure matures and the commercial model evolves.

CS4 — Key Commercial Architecture Points

› The commercial data model innovations specific to this archetype.

› The revenue recognition treatment and the primary ASC 606 challenge.

› The open-claw gap and the primary closing strategy.

› The customer success model and the UAS signals that matter most.

› The agent-era preparation requirement specific to this business model.

CS5

Enterprise Software Company: Escaping
the Commodity Trap
Applying the Commodity Escape Matrix — platform network effects plus workflow lock as
the multi-vector escape from a high-replication-pressure category.

Enterprise Software Company — Escaping the Commodity Trap

A project management and workflow software company faces the commodity pressure
described in Book 6: its core functionality is well-understood, AI tools can replicate it in
weeks, and multiple AI-powered competitors are offering comparable features at lower
prices.

The Commodity Escape Matrix assessment: applying the two-axis assessment from
Book 6, the company scores 16 on replication pressure (high: well-documented category,
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standard patterns, no regulatory complexity, three major integrations) and 10 on
embedding depth (medium-low: 2–3 key integrations, some workflow embedding,
limited data lock, moderate switching cost). The position: transitional, moving toward
the Commodity Trap.

The escape strategy: the company chose a multi-vector approach combining Platform
Network Effects and Workflow Lock.

Platform Network Effects (MondayWork OS analog): the company opened its workflow
platform to third-party application developers. After 18 months, 180 specialized
applications are available in the marketplace, each extending the platform's capabilities
for specific industry use cases. The developer ecosystem creates genuine network effects:
each additional applicationmakes the platformmore valuable for enterprise buyers who
need both general workflow management and industry-specific tools. The platform
pricing tier (significantly higher than the base subscription) captures the ecosystem
participation premium.

Workflow Lock (ServiceNow analog, smaller scale): the company systematically built
integrations with the 12 most common enterprise systems in its customer base —
Salesforce, HubSpot, Slack, Teams, Jira, GitHub, Google Workspace, Microsoft 365,
Netsuite, Salesforce Service Cloud, Zendesk, and Workday. Each integration was
bidirectional, creating data flows that made the company's platform the operational
system of record for the workflows connecting these systems. By the third year, the
average enterprise customer had 7 active integrations, creating genuine workflow
dependencies that a competitor would need to rebuild.

AI investment: the company's AI features are trained on the aggregate workflow patterns
from its 20,000+ customer base — providing workflow recommendations, automation
suggestions, and productivity analytics that reflect the patterns of companies in the
same industry and size range. This data network effect is the beginning of a Data
Fortress position that will compound as the customer base grows.
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The commercial model evolution: the company introduced an outcome-correlated
component to its enterprise tier. Enterprise customers receive quarterly productivity
benchmark reports — comparing their workflow efficiency to the platform average for
their industry and size — and the renewal price includes a performance adjustment
based on demonstrated productivity improvement.

The financial results at year three: the company's ARR grew 22% despite significant
competitive pressure. NRR improved from 108% to 119%. Enterprise segment gross
margins improved by 6 points as the platform tier commanded premium pricing. The
Commodity Escape Matrix reassessment shows the company has moved from the
transitional zone toward the Data Fortress quadrant — embedding depth increased to
14, and replication pressure remains high but is partially offset by the ecosystem moat.

CS5 — Key Commercial Architecture Points

› The commercial data model innovations specific to this archetype.

› The revenue recognition treatment and the primary ASC 606 challenge.

› The open-claw gap and the primary closing strategy.

› The customer success model and the UAS signals that matter most.

› The agent-era preparation requirement specific to this business model.

CS6

AI Coding Platform: Zero-Cost Software
Economics
Monetizing when customers can build alternatives with the same foundation models — value
anchoring, enterprise governance premium, build-option defence.

AI Coding Platform — Zero-Cost Software Economics
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An AI coding platform — a product that combines IDE functionality with AI coding
assistance, codebase analysis, and autonomous task execution — illustrates the
commercial challenges of Book 7: when your customers can build their own alternatives
using the same foundation models, how do you price, protect, and profit?

The vendor-customer inversion risk: the company's enterprise customers are
themselves sophisticated technology organizations. Several have evaluated building
internal AI coding assistants. The build option calculation: $180K in engineering time
(3 senior engineers × 2 months × $30K/month fully-loaded cost) to build a functional
AI coding assistant on top of OpenAI or Anthropic APIs, versus $40/developer/month
for the commercial product ($480K/year for a 1,000-developer organization).

The commercial defense: the company's commercial proposition explicitly addresses
the build option. The enterprise sales conversation includes: the build option achieves
60–70% of the commercial product's capability in the first 6 months. After 6 months,
the commercial product has accumulated 6 months of behavioral training data from
500,000+ active developers — fine-tuning that makes the AI significantly more
calibrated to developer behavior patterns. The internal build, trained on a single
company's developers, has 6 months of one company's data. The commercial product
has 6 months of 500,000 developers' data. The adaptation velocity gap compounds
quarterly.

The pricing architecture: the company uses the subscription floor plus outcome overage
model. The subscription floor: a per-developer per-month base rate that covers access
to the AI coding assistance features, with a defined allocation of AI task completions (for
the autonomous task execution capability). The outcome overage: per-task completion
above the allocation, priced at the value of a completed engineering task.

The enterprise governance segment: the Business tier ($40/user/month with privacy
mode) addresses the primary enterprise security concern. The Enterprise tier (custom
pricing, typically $80–120/user/month) adds organizational policy enforcement, SSO
integration, audit logs for AI suggestions, on-premises model deployment option for
air-gapped environments, and dedicated SLA for the AI service. The enterprise tier
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premium is the trust and accountability premium from Book 7: compliance certification
and accountability infrastructure that internal build teams cannot quickly replicate.

The Value Anchoring commercial conversation: the sales team presents a developer
productivity ROI calculation. For a 100-developer engineering organization at $200K
average fully-loaded cost per developer, 35% productivity improvement (documented
average across the platform's enterprise customers) creates $7M in annual productivity
value. At $120/developer/month ($144K/year for 100 developers), the product costs
2.1% of the documented value — a compelling anchor against both the $40/month
consumer tier and the $180K internal build option.

The customer success model: the CS team's health signals center on code acceptance
rate (what percentage of AI suggestions are accepted by developers), task completion
rate (for customers on the autonomous task tier), and deployment breadth (what
percentage of the eligible developer population is actively using the AI). The expansion
motion is team-by-team: which engineering teams have the lowest AI deployment
despite being eligible?

The open-claw management: the company's UAS-based analysis identified that 30% of
enterprise customers had a capture rate below 15% (they were using less of the
platform's capability than they were paying for). These under-utilised customers were
at elevated churn risk and represented the expansion opportunity. The CS intervention
focused on use case depth coaching — helping the customer's engineering leads
understand and deploy the autonomous task execution capability that was included in
their subscription but underutilised.

CS6 — Key Commercial Architecture Points

› The commercial data model innovations specific to this archetype.

› The revenue recognition treatment and the primary ASC 606 challenge.

› The open-claw gap and the primary closing strategy.

› The customer success model and the UAS signals that matter most.
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› The agent-era preparation requirement specific to this business model.

CS7

Marketplace-Led AI: Platform Economics
and Revenue Share
Multi-party revenue, take-rate accounting, provider settlement, partner portal architecture,
and A2A commerce readiness.

Marketplace-Led AI — Platform Economics and Revenue Share

An AI services marketplace — a platform that connects AI service providers (vendors of
specialized AI models and tools) with enterprise buyers (companies deploying AI in
their operations) — illustrates the most complex commercial architecture in the series:
multi-party revenue, take-rate economics, and the agent-to-agent commerce readiness
challenge.

The commercial architecture: the marketplace has four participant types. Platform
operator: the marketplace company itself. AI service providers: companies offering
specialized AI capabilities (legal AI, medical AI, financial AI, engineering AI) through
the marketplace. Enterprise buyers: companies purchasing AI capabilities for their
operations. AI agents: the enterprise buyers' AI orchestration agents that evaluate and
purchase services from the marketplace on behalf of the enterprise.

The take-rate economics: the marketplace charges a percentage of each transaction
between providers and buyers. The take rate (15% on standard transactions, 10% on
high-volume accounts, 8% on strategic partnerships) creates a revenuemodel that scales
with marketplace transaction volume. The principal-versus-agent determination: the
marketplace is generally an agent (it facilitates transactions between providers and
buyers without controlling the service) — recognizing take-rate revenue rather than
gross transaction revenue.
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The revenue sharing and royalty accounting: when an AI agent orchestrating a complex
task purchases services from three different marketplace providers in a single workflow
(a legal AI, a research AI, and a drafting AI), the marketplace must: attribute each API
call to the correct provider, calculate the marketplace fee on each call, settle the net
amount to each provider, and generate a single invoice to the enterprise buyer that
shows the total cost of the workflow (not the individual provider calls). This aggregation-
with-attribution is the billing system's core challenge.

The provider settlement: providers are settled monthly, with the marketplace deducting
its take rate before settlement. The settlement accounting: provider invoice received →
marketplace take rate deducted → net settlement payable recorded as a liability → cash
settlement executed → liability cleared. The timing difference between revenue
recognition (when the marketplace earns its take rate on each transaction) and provider
settlement (monthly) creates an accrued expense that must be tracked and reconciled.

The partner portal: providers access a real-time dashboard showing their marketplace
transaction volume, take-rate deductions, and pending settlement. The settlement
calculation is transparent — providers can see the exact same numbers the marketplace
uses for settlement. This transparency is critical for provider trust and retention in the
marketplace model.

The A2A commerce readiness: a significant and growing percentage of themarketplace's
transaction volume comes from AI agents rather than human buyers — agents
purchasing services autonomously within their configured spending authority. The
marketplace has invested in A2A-specific commercial infrastructure: a real-time pricing
API (agents query current prices for specific capability types before each purchase),
performance attestation APIs (agents access current performance metrics for each
provider before selecting a service), and pre-funded account balances for enterprise
agents (micropayment-compatible settlement that avoids the overhead of invoice-based
billing for high-frequency small transactions).

The governance challenge: when an AI agent purchases services from the marketplace
and the purchased service produces an error, who is responsible? The marketplace's
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terms of service define the responsibility allocation: providers are responsible for the
quality of their services; the marketplace is responsible for the integrity of the
transaction and the accuracy of the billing; the enterprise is responsible for the agent's
purchasing authority configuration. The dispute resolution protocol in the
marketplace'sMCP server implementation allows automated tier-one dispute resolution
for straightforward billing errors, with human escalation for service quality disputes.

CS7 — Key Commercial Architecture Points

› The commercial data model innovations specific to this archetype.

› The revenue recognition treatment and the primary ASC 606 challenge.

› The open-claw gap and the primary closing strategy.

› The customer success model and the UAS signals that matter most.

› The agent-era preparation requirement specific to this business model.

CS8

Enterprise Agent-to-Agent Commerce at
Scale
A 50,000-employee enterprise with 200 deployed AI agents — token budgets, agent identity,
FinOps governance, the collections and renewal implications.

Enterprise Agent-to-Agent Commerce at Scale

A large enterprise financial services company — 50,000 employees, $8B in annual
revenue, 200 deployed AI agents across finance, compliance, legal, and operations —
illustrates what agent-to-agent commerce looks like from the buyer perspective at
enterprise scale.

The AI deployment landscape: the company has deployed AI agents in 15 functional
areas. The legal department uses Harvey AI for contract review and regulatory research.
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The compliance department uses a regulatory monitoring AI for SEC, FINRA, and CFTC
compliance tracking. The finance department uses an AI for financial close automation,
another for accounts payable processing, and a third for financial forecasting. The
operations department uses process automation AI for order management and supply
chain optimization. And so on.

Most of these AI agents are purchasing services from external AI providers — accessing
model APIs, specialized data services, and AI-assisted analytics tools — autonomously,
within their configured purchasing authority.

The FinOps governance challenge: with 200 AI agents making purchases from dozens
of external AI providers, the company's FinOps team struggles to maintain visibility.
The monthly AI spend is approximately $2.3M — significant but below the level that
triggers board-level attention. The challenge is attribution: which business unit
authorized which spending, and is the spending generating value proportional to its
cost?

The token budget hierarchy: the company implemented the four-level Token Budget
hierarchy from Book 3a. Level 1 (Organization): $2.5M quarterly AI spending budget.
Level 2 (Function): AI spending budgets for each functional area, summing to the
organizational limit. Level 3 (Project/Workflow): individual agent budgets within each
functional area. Level 4 (Agent): per-agent spending limits that prevent individual
agents from exceeding their workflow budget.

The agent identity framework: implementing the Monetization Protocol's agent identity
specification, the company registered all 200 agents with their commercial authority
limits. Each agent has a JWT-signed identity that authorizes it to purchase specific
service types up to specific dollar amounts. Purchases above the agent's authority limit
require human approval — routing through the FinOps team's approval workflow.

The P&L by customer (from the provider perspective): from the perspective of each AI
provider serving this enterprise, the enterprise is a $2.3M/month customer with 200
distinct agent buyers. Each agent has different purchasing patterns, different service
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preferences, and different value generation. The providers who have invested in A2A
commerce infrastructure see this customer as 200 separate accounts, each generating
usage data that informs their pricing and expansion strategies. The providers who are
still operating on human-mediated commercial models see a single enterprise customer
with complex billing.

The collections challenge: the enterprise's payment terms are net-60 from invoice date.
For AI providers billing this customer monthly, the payment cycle creates a receivables
position of two months of billing at any given time. Several smaller AI providers have
moved to pre-funded account structures (the enterprise maintains a credit balance that
is drawn down with each agent purchase) to accelerate cash flow and reduce collection
risk.

The Agent Huddle for enterprise-scale AI governance: the enterprise's FinOps team
conducts amonthly AI spending review— a form of the Close and ReconciliationHuddle
applied to AI procurement rather than billing. The huddle participants: FinOps lead,
controller, and representatives from the two or three functional areas with the largest
AI spending. The AI agents: the FinOps reconciliation agent (pulls all agent spending
against budget), the ROI analysis agent (connects spending to documented value from
each workflow), and the optimization agent (identifies spending patterns that suggest
model selection inefficiency or workflow design opportunities). The outcome: a monthly
AI spending report that the CFO can use for board reporting, with specific optimization
recommendations.

CS8 — Key Commercial Architecture Points

› The commercial data model innovations specific to this archetype.

› The revenue recognition treatment and the primary ASC 606 challenge.

› The open-claw gap and the primary closing strategy.

› The customer success model and the UAS signals that matter most.

› The agent-era preparation requirement specific to this business model.
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APPENDICES A–E

Reference Materials
Cross-reference · Diagnostic worksheet · Protocol spec · Vendor landscape · 23 frameworks.

APPENDIX A

Monetization Cross-Reference Guide
Topics indexed alphabetically to books and chapters across the complete series.

This appendix maps every significant topic in the series to the specific books and
chapters where it is addressed in detail. Use it when you need to dive deeper on a specific
topic than any single chapter provides, or when you are building a reading list around a
specific decision or project.

Appendix A — Cross-Reference Guide

This appendix maps every significant topic in the series to the specific books and
chapters where it is addressed. Topics are organized alphabetically for reference lookup.

A/R governance (four-level architecture): primary — Book 2b Part 2, Book 3b Parts 1–3;
secondary — Book 2a Chapter 4 (objects), Book 3a Chapter 3 (CFO perspective).

Agent-to-agent commerce: primary — Book 2c Chapter 9 (the fifth channel), Book 4
Appendix B (A2A protocol); secondary — Book 8 Chapter 12 (open claw in A2A), Book
9 Chapter 12 (onboarding), Book 10 Case Study CS8.

Agent Huddle (Framework F16): primary — Book 2c Part 1 (all seven types); secondary
— Book 3b Chapter 7 (finance's operational superpower), Book 9 Chapter 5 (at-risk
intervention).
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ASC 606 / IFRS 15: primary — Book 3a Chapters 8–9; secondary — Book 3b Chapters
1–3, Book 5 Chapter 10, Book 2a Chapter 10.

Billing Health Index (Framework F4): primary — Book 2b Chapters 13–14; secondary
— Book 3b Chapter 8, Book 1 Chapter 14.

Commodity Escape Matrix (Framework F20): primary — Book 6 Parts 1–2; secondary
— Book 10 Case Study CS5.

Customer success (AI-native model): primary — Book 9; secondary — Book 5 Chapter
14, Book 8 Chapters 8–11.

Entitlement object: primary — Book 2a Chapter 2; secondary — Book 2b Chapter 1
(activation), Book 3b Chapter 2 (governance).

Event objects and metering: primary — Book 2a Chapter 3, Book 2b Chapters 5, 9;
secondary — Book 3b Chapter 4 (traceability), Book 3a Chapter 6 (cost attribution).

Five-Layer AI Economy (Framework F3): primary — Book 0 Provocation 3, Book 1
Chapters 3–4; secondary — Book 2a Chapters 6–10, Book 8 Chapter 3.

Golden Thread (Framework F1): primary — Book 2a Chapter 2, Book 2b Preface;
secondary — all books (the spine of the series).

MCP Monetization Server (Framework F9): primary — Book 4; secondary — Book 2c
Chapters 16–17.

Monetization Objects Model (Framework F2): primary — Book 2a Chapters 1–5;
secondary — Book 3a Chapter 3, Book 3b Chapter 1.

Open-Claw Effect (Framework F22): primary — Book 8; secondary — Book 0 (tagline
and introduction), Book 10 Linking Chapter L4 (diagnostic).

Service-Software Convergence (Framework F19): primary — Book 5; secondary — Book
9 Chapter 13 (CS in SaS), Book 10 Case Study CS3.
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Token Budget governance: primary — Book 2a Chapter 8 (Token Factory), Book 3a
Chapter 7; secondary — Book 2b Chapter 7 (entitlement enforcement), Book 3b Chapter
10.

Variable consideration (ASC 606): primary — Book 3a Chapter 9, Book 2a Chapter 10;
secondary — Book 3b Chapter 3, Book 5 Chapter 10.

Zero-Cost Software Economics (Framework F21): primary — Book 7; secondary — Book
6 (commodity context), Book 10 Case Study CS6.

APPENDIX B

The Open-Claw Diagnostic Worksheet
Fillable assessment for executives. Complete for each major product. Review with CFO.

Instructions: complete one worksheet per major product or revenue stream. Each
section takes 10–20 minutes. The total diagnostic for three products takes
approximately 90 minutes of analysis plus a 60-minute CFO review session.

Appendix B — The Open-Claw Diagnostic Worksheet

Instructions: complete this worksheet for each major product or revenue stream. Each
step requires approximately 20–30minutes of focused analysis. The total diagnostic for
three products requires approximately 2 hours plus 1 hour of CFO review.

Section 1: Product Identification and Layer Classification Product name:
_____________ Primary AI economy layer (compute / model / token / agent /
outcome): _____________ Annual revenue from this product: $____________
Current pricing model (per-seat / per-token / per-task / outcome-based / subscription
/ hybrid): _____________
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Section 2: Value Unit Definition What is the natural unit of value this AI creates?
(resolved ticket / reviewed contract / processed invoice / completed code task /
generated document / etc.): _____________ How many value units does this AI
produce per year? _____________

Section 3: Baseline Value Establishment What does the human alternative to one value
unit cost? Human task duration: _____ hours/minutes per value unit Human fully-
loaded cost per hour: $_____Human cost per value unit: $_____×_____=$_____

Section 4: Capture Rate Calculation Current revenue per value unit (annual revenue ÷
annual value units): $_____ Baseline value per value unit (from Section 3): $_____
Current capture rate (%): _____ ÷ _____ × 100 = _____% Open-claw gap (%): 100%
– _____% = _____%

Section 5: Total Gap and Actionable Gap Total value created per year (annual value units
× baseline value per unit): $_____ Revenue captured per year: $_____ Total gap ($):
$_____ Target capture rate (10–30% depending on competitive position): _____%
Target price per value unit ($): _____ × _____% = $_____ Actionable gap per unit
($): target price – current price = $_____ Total actionable gap per year ($): actionable
gap per unit × annual value units = $_____

Section 6: Force Composition Analysis Rate each force 0–5 for severity in your specific
product: Pricing lag (contracts locked at below-current pricing): _____ Measurement
gap (value unmeasured, cannot be priced): _____ Contract lock (long-term agreements
at historical pricing): _____ Race-to-zero (acquisition pricing anchors below value):
_____ Dominant force (highest score): _____________

Section 7: Closer Prioritization Based on dominant force, primary closer
recommendation: Pricing lag / Contract lock → Elastic contracts (Book 8, Chapter 9)
Measurement gap →Measurement infrastructure (Book 8, Chapter 10) Race-to-zero →
Value-based pricing introduction (Book 8, Chapter 8) All forces → Outcome anchoring
as structural solution (Book 8, Chapter 8) Recommended first action:
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_____________ Estimated timeline to first commercial impact: _____________
Estimated annual revenue increase from closing to target capture rate: $_____

SECTION 1: PRODUCT IDENTIFICATION
Section 1: Product Profile

Field Your entry

Product name

Primary AI economy layer
(compute / model / token /
agent / outcome)

Annual revenue from this
product

$

Current pricing model

SECTION 2: VALUE UNIT AND BASELINE
Section 2: Value Calculation

Field Your entry

Natural unit of value this AI
creates (e.g., resolved ticket /
reviewed contract)

Annual volume of value units
produced

Human task duration per value
unit (hours or minutes)

Human fully-loaded cost per
hour ($)

$

Human cost per value unit
(duration × hourly rate) ($)

$

SECTION 3: CAPTURE RATE
Section 3: Capture Rate Calculation

Calculation Your figures
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Current revenue per value unit
(annual revenue ÷ annual value
units)

$

Baseline value per value unit
(from Section 2)

$

Current capture rate (revenue
per unit ÷ baseline value × 100)

___%

Open-claw gap (100% − capture
rate)

___%

SECTION 4: TOTAL AND ACTIONABLE GAP
Section 4: Gap Sizing

Calculation Your figures

Total value created per year
(value units × baseline value
per unit)

$

Revenue captured per year
(current)

$

Total gap ($) (value created −
revenue captured)

$

Target capture rate (10–30% —
select based on competitive
position)

___%

Target price per value unit
(baseline value × target capture
rate)

$

Actionable gap per unit (target
price − current price per unit)

$

Total actionable gap per year
(actionable gap per unit ×
annual value units)

$

SECTION 5: FORCE COMPOSITION
Section 5: Claw-Opening Force Assessment (0 = minimal / 5 = severe)

Force Description Your score (0–5)

Pricing lag Current contracts priced below the AI's
current capability level — would be priced
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significantly higher if signed today

Measurement gap Value the AI creates is not being measured —
cannot be priced because it is invisible

Contract lock Long-term contracts signed at historical
pricing prevent capture of capability
improvement

Race-to-zero Acquisition pricing set below value creates
market anchors that constrain all future
pricing

TOTAL SCORE /20

DOMINANT FORCE
(highest score)

SECTION 6: CLOSING ROADMAP
Section 6: Recommended Closing Actions

Based on
dominant force

Recommended
closer

Key reference First action Expected
timeline

Estimated annual
revenue increase

Pricing lag /
Contract lock

Elastic contracts —
build expansion
provisions into all
new contracts;
communicate
capability
improvements as
repricing catalysts

Book 8, Chapter
9

Audit all contracts
signed > 18 months
ago; identify candidates
for voluntary repricing
or early renewal with
elastic terms

3–6 months to
first new elastic
contract

Varies — typically
10–20% NRR
improvement from
elastic expansion
provisions

Measurement
gap

Measurement
infrastructure —
build the systems
that make AI value
visible before
attempting to price
it

Book 8, Chapter
10; Book 9,
Chapter 6

Data engineering
sprint: integrate AI
activity logs with
outcome system of
record; establish
baseline measurement
for two pilot customers

12–18 months
to defensible
measurement;
6 months to
initial evidence

Measurement
investment
enables outcome
pricing that
typically 1.5–3×
current price per
value unit

Race-to-zero V a l u e - b a s e d
pricing
introduction —
introduce outcome
pricing for new
customers in
segments where
evidence base is
strongest

Book 8, Chapter
8; Book 5, Part 2

Identify the customer
segment with the
clearest ROI evidence;
pilot outcome pricing
in that segment; build
the evidence base for
broader rollout

6–12 months to
first cohort;
18–24 months
to broader
deployment

Target capture rate
of 20–25%
typically generates
2–4× current
revenue per
customer at same
AI performance

All forces Outcome Book 8, Chapter Completemeasurement 24–36 months Full outcome
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anchoring — the
structural solution
that closes all four
forces
simultaneously

8 infrastructure first;
then introduce outcome
anchoring in the most
defensible segment

for full
implementation

anchoring at 20%
capture rate is
typically 3–5×
current per-unit
revenue

APPENDIX C

Monetization Protocol and MCP Server
Specification
Complete protocol reference for agent-era commercial infrastructure. See Book 4 for full
implementation.

This appendix provides the condensed protocol specification for the AI Economy
Monetization Protocol and the MCP Monetization Server. The full specification, with
complete tool definitions, resource schemas, and agent interoperability patterns, is in
Book 4. This appendix serves as a reference guide for teams implementing the protocol
or evaluating MCP server compatibility.

MCP Monetization Server — Core Tools Reference

Tool name Category Description Required inputs Output

get_product_catalog Catalog Returns all active
Products and
their current
Prices, filtered
by AI layer, type,
or status

layer, type, status
(optional filters)

Product[] with
Price[] and
Entitlement
template

create_entitlement Provisioning Creates a new
Entitlement
from a signed
Contract,
activating
metering and
billing

contract_id,
product_id,
customer_id,
start_date, terms

entitlement_id
with activation
confirmation

submit_event Metering Submits a
billable event to
the metering

event_type,
customer_id,
entitlement_id,

event_id with
attribution
confirmation or
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system for
attribution and
aggregation

timestamp,
payload

rejection reason

get_invoice_status Billing Returns current
status and line
details of a
specific invoice

invoice_id Invoice with lines,
amounts, status,
payment history

apply_credit A/R
Management

Applies a credit
to an
outstanding
invoice within
the caller's
authority level

invoice_id,
amount,
reason_code,
approver_id

credit_id, updated
invoice balance,
approval chain

get_customer_health CS Returns the UAS
and five-signal
health
assessment for a
customer
deployment

customer_id,
as_of_date
(optional)

UAS score,
component scores,
trend,
recommended
action

get_revenue_summary Finance Returns revenue
recognized by
product, period,
and recognition
type

period_start,
period_end,
filters (optional)

Revenue summary
with recognized,
deferred, and
variable
consideration
components

validate_agent_authority A2A
Commerce

Validates an AI
agent's
commercial
authority for a
proposed
transaction

agent_id,
transaction_type,
amount,
service_type

Authority
confirmation or
denial with limit
details

APPENDIX D

RevenueOS Vendor Landscape and
Integration Guide
Metering, billing, CPQ, CLM, RevRec, FinOps — the build/buy/integrate decision for each
layer.

The commercial technology stack for an AI-native business requires capabilities across
six functional layers. Each layer has vendor options (buy), open-source options (build
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with OSS), and custom-build options (build from scratch). The right decision depends
on your scale, your technical capability, and the strategic importance of the specific
layer. This appendix maps the vendor landscape for each layer and provides a build/buy
scoring framework.

RevenueOS Stack — Vendor Landscape by Layer

Stack layer Function Leading vendors Open source
options

Build
threshold

Strategic importance

Metering and
event
collection

Capture and attribute
all AI consumption
events; deduplicate;
enforce attribution
rules

Orb, Amberflo,
OpenMeter,
Metronome, AWS
Billing

OpenMeter
(CNCF
project),
custom
Kafka +
Flink
pipeline

Build
if: >100M
events/day
with custom
attribution
logic not
served by
vendors

Very high — the event
store is the evidence
base for revenue
recognition and audit
defense

Billing and
invoice
generation

Aggregate events into
invoices; apply
pricing rules; generate
and deliver invoices

Stripe Billing,
Chargebee, Maxio
(formerly
SaaSOptics/Chargify),
Zuora, Recurly

Kill Bill
(OSS billing
platform)

Build if:
<$5M ARR
or highly
unusual
pricing
model; buy
otherwise

High — billing errors
are customer-visible
trust failures; vendor
reliability matters

CPQ
(Configure
Price Quote)

Generate accurate
quotes for complex AI
product
configurations;
enforce approval
workflows

Salesforce CPQ,
DealHub, Cacheflow,
Scalestack

None
adequate for
AI pricing
complexity

Almost never
build — CPQ
is not
strategic; buy
and
configure

Medium — errors are
internal before
signing; lower
urgency than billing

CLM (Contract
Lifecycle
Management)

Extract commercial
terms; manage
amendments; govern
contract changes

Ironclad, Icertis,
Conga, Docusign CLM

OpenLaw
(limited)

Build if:
extremely
specialized
contract
types not
supported by
vendors

High — contract
extraction accuracy
determines RevRec
accuracy downstream

Revenue
Recognition

Apply ASC 606/IFRS
15 rules; manage
performance
obligations; generate
GL entries

Zuora Revenue,
Salesforce Revenue
Cloud, Rev Rec
module in NetSuite

None
adequate for
AI
complexity

Almost never
build —
RevRec has
accounting
compliance
requirements
that OSS
cannot meet

Very high — RevRec
errors are financial
statement errors;
external auditor
exposure
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FinOps / AI
Cost
Management

Track AI
infrastructure and
model costs; allocate
to customers;
generate profitability
by customer

Apptio Cloudability,
CloudZero,
ProsperOps, internal
dashboards

OpenCost
(CNCF
project)

Build
dashboards
on top of
cloud
provider cost
APIs if low
complexity

High — without
FinOps visibility, P&L
by Customer (F14) is
impossible

APPENDIX E

The 23 Frameworks: Formal Definitions
and Design Specifications
All 23 named frameworks. The series intellectual property in one reference section.

These 23 frameworks are the original intellectual contribution of the AI Economy
Monetization Series. Each is introduced precisely once in the series, defined rigorously,
illustrated with examples, and referenced throughout. Together they constitute the
vocabulary of AI economy monetization. This appendix provides the formal definition,
design specification, and series reference for each framework.

FRAMEWORK F1: THE GOLDEN THREAD

Definition: The unbroken data lineage from the moment a product is defined in the commercial catalog
to cash recognized in the general ledger. Every node — Product, Price, Entitlement, Meter, Event, Invoice,
Payment, Allocation — carries a reference to the preceding node, enabling traceability at any point.

Design specification: A complete golden thread requires the thirteen canonical objects (F2) with the
relationship architecture from Book 2a Chapter 4, the event attribution validation protocol from Book 2b
Chapter 5, and the traceability audit procedure from Book 3b Chapter 4.
Introduced in: All books Primary reference: Book 2a Chapter 2, Book 3b Chapter 4

FRAMEWORK F2: MONETIZATION OBJECTS MODEL

Definition: The canonical thirteen data objects that constitute the complete vocabulary for representing
any AI commercial scenario: Product, Price, Entitlement, Meter, Event, Invoice, Contract, Credit,
Allocation, Token Budget, Agent Task, Outcome, Asset.

Design specification: Each object has a defined schema (fields, types, validation rules), a defined
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lifecycle (states and transitions), and defined relationships (cardinalities and cascade behaviors).
Complete schema in Book 2a and Appendix A of this volume.
Introduced in: Book 2a (primary), referenced in all operations books Primary reference: Book 2a Chapters
1–5

FRAMEWORK F3: THE FIVE-LAYER AI ECONOMY

Definition: The stratification of the AI economy into five commercially distinct layers — compute, model,
token, agent, and outcome — each with its own natural pricing logic, cost structure, and commercial
model requirements.

Design specification: Each layer is independently addressable. A company may operate at multiple
layers simultaneously, but each layer's commercial architecture must be designed for the specific
economics of that layer. Mixing layer economics produces commercial misalignment.
Introduced in: Books 0, 1, 2a (primary) Primary reference: Book 2a Chapters 6–10, Book 8 Chapter 3

FRAMEWORK F4: THE BILLING HEALTH INDEX (BHI)

Definition: A composite billing quality metric combining five component scores — invoice accuracy rate,
dispute rate, on-time delivery rate, line-item clarity score, and resolution speed — into a single indicator
of billing relationship quality from the customer's perspective.

Design specification: Components weighted equally; composite score 0–100. BHI ≥97: excellent.
93–97: good. 88–92: fair. <88: poor. Report quarterly to the board. BHI below 93 requires a formal
remediation plan.
Introduced in: Books 2b, 3a, 3b Primary reference: Book 2b Chapter 14, Book 3b Chapter 8

FRAMEWORK F5: THE USAGE ADOPTION SCORE (UAS)

Definition: A composite adoption metric for AI-native products combining four components — outcome
delivery rate (30%), deployment breadth (25%), expansion trajectory (25%), stakeholder engagement
(20%) — into a leading indicator of NRR that predicts renewal outcomes 90 days in advance.

Design specification: Each component scored 0–100 and combined with specified weights. UAS ≥70:
healthy. 40–70: monitor. <40: at-risk, immediate CS Agent Huddle. The UAS predicts NRR with 85%+
accuracy at the 90-day horizon.
Introduced in: Books 2c, 3a, 9 Primary reference: Book 9 Chapter 3

FRAMEWORK F6: THE 3C FRAMEWORK

Definition: Three interaction modes for AI-native monetization: Compose (assembling offers from
canonical objects for automated configuration), Configure (setting pricing rules and governance through
data rather than code), and Converse (natural language commercial interaction for agents and humans).

Design specification: Compose mode enables the catalog-driven offer design. Configure mode enables



THE COMPLETE AI ECONOMY MONETIZATION REFERENCE · Book Ten · The AI Economy Monetization Series

Book Ten: The Complete Reference · The AI Economy Monetization Series

no-code pricing rule management. Converse mode enables the MCP server's natural language commercial
interface. All three modes operate on the same canonical objects (F2).
Introduced in: Book 2a Primary reference: Book 2a Chapter 4

FRAMEWORK F7: THE MONETIZATION MATURITY LADDER

Definition: The three-stage migration path from seat-based to usage-based to outcome-based pricing,
with defined triggers, prerequisites, and risks at each stage.

Design specification: Stage 1 (Seat): access-based pricing appropriate for early-stage products with low
AI deployment depth. Stage 2 (Usage): consumption-based pricing appropriate for products where usage
correlates with value. Stage 3 (Outcome): output-based pricing appropriate for products where outcomes
are measurable and attributable. Each migration requires measurement infrastructure before commercial
implementation.
Introduced in: Books 0, 2a Primary reference: Book 2a Chapter 13, Book 0 Provocation 5

FRAMEWORK F8: THE MODEL SELECTION MATRIX

Definition: A decision framework that maps pricing model selection to company archetype
(infrastructure, AI app, enterprise buyer, marketplace, SI) and stack position (which AI economy layer
the company primarily operates at).

Design specification: Five company archetypes × five stack positions = 25 cells, each with a
recommended primary pricing model and secondary pricing model. The matrix eliminates the common
error of applying the wrong pricing model for a company's specific market position.
Introduced in: Books 0, 1, 2a Primary reference: Book 2a Chapter 12, Book 0 Provocation 4

FRAMEWORK F9: THE MONETIZATION PROTOCOL

Definition: The rules, objects, APIs, and agent interfaces that constitute the complete commercial layer
for AI economy businesses — the shared specification that enables interoperability between commercial
systems and AI agents.

Design specification: Four components: the canonical object schemas (F2), the event attribution rules,
the agent identity and authority specification, and the MCP Monetization Server tools and resources. Full
specification in Book 4 and Appendix C of this volume.
Introduced in: Books 2c, 4 Primary reference: Book 4, Appendix C of this volume

FRAMEWORK F10: THE BILLING COMMAND CENTER

Definition: An operational architecture for real-time billing visibility: exception queues organized by type
and severity, agent dispatch for automated resolution of standard exceptions, SLA dashboards, and
escalation workflows for human decision-makers.

Design specification: Three tiers: automated resolution (standard exceptions handled by billing agents
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within configured rules), assisted resolution (exceptions requiring human judgment with agent-prepared
analysis), and escalated resolution (exceptions above authority thresholds requiring VP or Controller
decision).
Introduced in: Book 2b Primary reference: Book 2b Chapter 16

FRAMEWORK F11: THE THREE-FUNCTION MODEL

Definition: The organizational model that assigns commercial data ownership and process accountability
across three functions: SalesOps (owns the offer — Product, Price, Catalog), RevOps (owns the motion —
pipeline, billing, collections), and FinOps (owns the result — cost attribution, profitability, budget
governance).

Design specification: The three functions share a common data layer (the canonical objects) but own
distinct processes. Data flows forward (SalesOps creates objects that RevOps activates that FinOps
measures) and backward (FinOps insights inform SalesOps pricing decisions).
Introduced in: Book 3a Primary reference: Book 3a Chapter 2

FRAMEWORK F12: OPERATIONS-FIRST AGENT STRATEGY

Definition: The deployment strategy that prioritizes AI agents in billing operations as the highest-ROI,
lowest-risk, fastest-value entry point for AI in the commercial function — before deploying agents in
sales, CS, or finance.

Design specification: Billing operations has five agent archetypes with proven ROI: reconciliation
agent, dispute investigation agent, cash application agent, tax determination agent, and dunning agent.
Deploy in this order; measure ROI at each stage before expanding to adjacent functions.
Introduced in: Book 2b Primary reference: Book 2b Chapter 17

FRAMEWORK F13: THE CUSTOMER ASSET REGISTER

Definition: A per-customer record of every AI product, model, agent, token budget, and entitlement —
providing a complete, current view of what each customer has contracted for and what is active in their
deployment.

Design specification: The Asset Register is the operational system of record for customer success,
renewal management, and billing operations. It is distinct from the CRM (which tracks commercial
relationships) and the billing system (which tracks financial transactions). It tracks the technical
commercial state.
Introduced in: Book 2b Primary reference: Book 2b Chapter 3

FRAMEWORK F14: P&L BY CUSTOMER

Definition: The calculation of gross profit per customer by subtracting all directly attributed costs (model
inference, infrastructure, CS investment, implementation, collections) from revenue, producing the
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metric that reveals true customer economics.

Design specification: Required data: revenue from all billing components + direct model inference cost
(from event store × cost rate table) + infrastructure cost + CS investment (time tracking) +
implementation cost (amortized) + collections cost. The resulting P&L determines which customers are
economically healthy and which require commercial intervention.
Introduced in: Books 2b, 3b Primary reference: Book 2b Chapter 18, Book 3b Chapter 12

FRAMEWORK F15: EARNING TRUST ONE INVOICE AT A TIME

Definition: The principle that billing accuracy is a strategic relationship asset — not a back-office
compliance requirement — and that every invoice is an opportunity to build or damage customer trust in
the commercial relationship.

Design specification: Three dimensions of invoice trust: accuracy (the amounts are correct), clarity (the
customer understands what they are paying for and why), and traceability (the customer can verify the
charges against their own activity data). All three are required; accuracy alone is not sufficient.
Introduced in: Books 1, 2b, 3b Primary reference: Book 2b Chapter 13, Book 1 Chapter 14

FRAMEWORK F16: THE AGENT HUDDLE

Definition: A structured, time-bounded commercial decision session in which human participants
contribute judgment and authority, AI agents contribute analysis and workflow execution, decisions are
recorded with rationale, and agents execute approved actions.

Design specification: Seven types: billing exception, deal approval, revenue leakage, contract
amendment, tax determination, collections, and close and reconciliation. Each has defined trigger
criteria, participant set, context object requirements, authority level, time limit, and escalation path. Full
reference in Linking Chapter L3 of this volume.
Introduced in: Books 2c, 3b (primary), referenced across all operations books Primary reference: Book 2c
Part 1, Book 3b Chapter 7

FRAMEWORK F17: THE FOUR-LEVEL A/R ARCHITECTURE

Definition: The organization of accounts receivable management into four distinct levels — invoice
(customer-facing), line item (commercial detail with performance obligation assignment), transaction
(event data), and cash (payment and settlement) — each requiring distinct management processes,
controls, and governance.

Design specification: The control matrix for each level specifies: control type (preventive/detective),
frequency, responsible function, and audit evidence requirements. Operating at levels 1 and 4 only (the
flat A/R model) is inadequate for AI consumption billing complexity.
Introduced in: Books 2b, 3b Primary reference: Book 2b Part 2, Book 3b Parts 1–3

FRAMEWORK F18: THE TAX DETERMINATION PROTOCOL
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Definition: A rule-based, agent-executed multi-jurisdiction tax determination process with five steps —
jurisdiction identification, product classification, exemption check, rate lookup, and novel case escalation
— with human escalation for cases outside the configured rules.

Design specification: Protocol components: jurisdiction determination engine, product classification
matrix, exemption certificate management system, rate lookup table, and novel case escalation process.
The protocol is maintained by the tax function and updated when rates change, products are added, or
novel cases are resolved.
Introduced in: Books 2b, 3b Primary reference: Book 2b Chapter 12, Book 3b Chapter 6

FRAMEWORK F19: SERVICE-SOFTWARE CONVERGENCE MODEL

Definition: The spectrum from pure tool (human operates software) to pure service (AI delivers
professional-quality work product) with five positions and five corresponding pricing models optimized
for each position, under the commercial thesis that AI products delivering work at position 4 or 5 while
priced at position 1 or 2 have a systematic open-claw problem.

Design specification: Five spectrum positions (pure tool, AI-assisted, AI-augmented, autonomous
workflow, pure AI service) × five pricing models (outcome-per-unit, SLA-committed capacity, tiered
quality, gain-share, subscription floor plus overage). The diagnostic determines spectrum position; the
model matrix determines appropriate pricing.
Introduced in: Book 5 Primary reference: Book 5, all parts

FRAMEWORK F20: THE COMMODITY ESCAPE MATRIX

Definition: A two-dimensional competitive assessment mapping AI replication pressure (5-factor score)
against customer embedding depth (4-factor score), producing four quadrants — Commodity Trap, Data
Fortress, Value Architect, Workflow Lock — with distinct strategic prescriptions and four escape routes.

Design specification: Replication pressure assessment: five factors scored 1–5 each (category
standardization, training data availability, technical complexity, regulatory complexity, integration
complexity). Embedding depth assessment: four factors scored 1–5 each (data lock-in, process
integration, network effects, switching cost). Scores ≥18 = high pressure; ≥14 = high embedding.
Introduced in: Book 6 Primary reference: Book 6

FRAMEWORK F21: ZERO-COST SOFTWARE ECONOMICS MODEL

Definition: The economic framework for software pricing when marginal production cost approaches
zero, identifying six viable pricing strategies that anchor price to value rather than cost: value anchoring,
customisation premium, ecosystem participation, trust and accountability, adaptation velocity premium,
and outcome-based pricing.

Design specification: The central principle: when the cost of producing software approaches zero, price
cannot be anchored to cost — it must be anchored to value delivered. Companies that price to cost in
zero-cost markets will be competed to zero; companies that price to value will compound. Each strategy
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requires specific prerequisites and serves specific market conditions.
Introduced in: Book 7 Primary reference: Book 7 Part 2

FRAMEWORK F22: THE OPEN-CLAW EFFECT (CLAW DYNAMICS MODEL + THE FOUR CLOSERS)

Definition: The continuously widening gap between AI capability (growing exponentially) and revenue
capture (growing arithmetically), driven by four forces and closed by four strategies: outcome anchoring
(price what AI does), elastic contracts (capture adoption growth), measurement first (build instruments
before price), and moat building (defend pricing power).

Design specification: Measurement: current capture rate = revenue per value unit ÷ baseline human
cost per value unit. Target capture rate: 10–30% of value created. Actionable gap: (target price − current
price) × annual value units. The Claw Dashboard (five panels) makes the gap governable. The Diagnostic
Worksheet (Appendix B) makes it quantifiable.
Introduced in: Book 8 Primary reference: Book 8, Appendix B of this volume

FRAMEWORK F23: AI CUSTOMER HEALTH ARCHITECTURE

Definition: The five-signal health assessment framework for AI-native customer deployments — usage
depth, outcome realisation, expansion velocity, risk indicators, and sentiment — combined into the Usage
Adoption Score (UAS) as the composite leading indicator of net revenue retention.

Design specification: Five signals, each with defined measurement methodology, healthy range, and
risk threshold. Combined into the UAS with specified weights. UAS predicts NRR outcomes 90 days in
advance with 85%+ accuracy. Five CS operations agents (health monitoring, QBR prep, risk alert,
expansion signal, value documentation) operationalise the architecture.
Introduced in: Book 9 Primary reference: Book 9

Appendix E — The 23 Frameworks: Complete Reference

› Frameworks F1–F18 constitute the operational architecture — the data model, the billing system,
the governance framework, the agent operations, and the commercial infrastructure.

› Frameworks F19–F23 constitute the commercial strategy — the service-software spectrum, the
commodity escape matrix, the zero-cost economics model, the open-claw effect, and the AI customer
health architecture.

› All 23 frameworks share a common vocabulary: the thirteen canonical objects (F2), the five-layer
economy (F3), and the golden thread (F1).

› No framework is standalone — they form an integrated system where the operational frameworks
enable the strategic frameworks, and the strategic frameworks direct the operational investments.

› The company that has implemented all 23 frameworks has built the complete commercial
infrastructure for the AI economy. That infrastructure is this series' entire purpose.
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CLOSING

The Commercial Architecture for What Is
Being Built
The AI economy is being invented right now. This is the map.

The AI economy is not waiting for its commercial architecture to be built. It is being built
right now, by companies that are making real commercial decisions with imperfect
understanding of the commercial frameworks that govern those decisions.

This series is the attempt to provide those frameworks — not in the abstract, but in the
specific form that practitioners can apply to the specific decisions they face: how to
define a pricing model, how to build a billing system, how to govern an AI budget, how
to recognize AI revenue correctly, how to manage the gap between AI capability and
revenue capture, and how to build a customer successmotion for a product that operates
autonomously.

Thirteen frameworks in this volume (F1, F2, F3, F4, F5, F16, F17, F19, F20, F21, F22,
F23, plus ten others across the series) are the original intellectual contribution. Together
they constitute what might be called the vocabulary of AI economy monetization — the
shared language that allows the engineer building the AI product, the pricing strategist
designing its commercial model, the CFO governing its financial architecture, and the
CS leader managing its customer relationships to talk about the same things with
precision.

The series does not end here. The AI economy is moving faster than any book can
capture, and the commercial frameworks that are adequate today will need to evolve as
AI capabilities expand into new domains, as regulatory frameworks develop, as agent-
to-agent commerce matures, and as the companies that are making these commercial
decisions today accumulate the operational data that will revise our understanding of
what works.
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What endures is the underlying structure: the golden thread from concept to cash, the
five-layer economy, the open claw, the service-software convergence, the commodity
escape matrix, the four-level A/R architecture, and the AI customer health framework.
These are not prescriptions for a specific moment. They are maps of the commercial
terrain that any AI company must navigate — terrain that changes in specific ways, but
whose fundamental contours are established.

Use this volume as the map. And when the terrain changes — when the agent-to-agent
economymatures, when new regulatory frameworks reshape the commercial landscape,
when AI capabilities expand into new domains — use the frameworks to navigate the
change, not to resist it.

The AI economy is being invented right now. This is the commercial architecture for
what is being built.

"Everything in one place. Every framework. Every
principle. Every connection. Use it."
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