BOOK ONE - THE Al ECONOMY MONETIZATION SERIES

The Al Revenue
Imperative

The strategic Al monetization playbook for CEOs, CROs, CPOs, and board
members

The companies that will own the AI economy are not the ones with the
best models. They are the ones that understand what their Al is worth —

and have built the commercial architecture to capture it.

PREFACE

The Conversation in the Boardroom

Why the most important commercial question of the Al era is being asked — and not
answered.

There is a conversation happening in boardrooms right now that is making a lot of very
smart people uncomfortable. The Al investments are starting to show up on the income
statement. The models are impressive. The demos are compelling. The sales team is
excited. But when the CFO asks a simple question — how much revenue are we actually

generating from this? — the room goes quiet in a way that it should not.

The technology works. The value is real. But the commercial architecture to capture that
value has not been built with the same urgency or rigor as the technology itself.

Companies have spent millions on models and infrastructure and product development,



and then handed the pricing decision to whoever was available, designed the billing

system to handle it somewhat, and hoped that the revenue would follow the value.

Sometimes it does. More often, the gap between the value Al creates and the revenue it
generates is wider than anyone has formally acknowledged. This is the open-claw effect
— capability outrunning capture — and it is the defining commercial challenge of the Al

era.

This book is written for the people accountable for closing that gap. The CEO who is
explaining AI ROI to the board and wants a sharper commercial framework. The CRO
who is restructuring the sales motion for an AI product that does not fit neatly into the
SaaS playbook. The CPO who is designing pricing for capabilities that did not exist two
years ago. The board member who wants to ask better questions about whether the

company's Al investments are being monetized with the precision they deserve.

It is not a technology book. It does not explain how large language models work, how
transformers are trained, or how to build a vector database. There are excellent books
for those purposes. This book assumes the technology works — or will work — and asks

the harder question: given that it works, how do you capture the value it creates?

The answer has five components, and this book covers all five. First, understanding what
changed: why AI broke the SaaS playbook and what the new commercial logic must be
built on. Second, choosing the right pricing layer: understanding where your company
sits in the five-layer AI economy and what that means for pricing strategy. Third,
building the commercial machine: the channels, the deal desk, the contracts, and the
concept-to-cash infrastructure that turns Al capability into revenue. Fourth, managing
the post-sale revenue engine: how renewals, expansions, and the customer success
motion work when your product operates autonomously. Fifth, leading the
transformation: the organizational, cultural, and operational changes required to

become genuinely Al-native in how you commercialize as well as how you build.



The AI economy is not coming. It is here. The question is whether your company is
positioned to capture the value it is creating, or whether it is building capability that

someone else will monetize.

PART ONE

What Changed

The Saas$ playbook built a generation of great companies. Al has broken it. This is
why.

CHAPTER ONE

The OIld Playbook: Three Eras, One
Breaking Point

How software monetized value before AI — and the precise moment it stopped working.

In January 2023, Microsoft announced a ten-billion-dollar investment in OpenAlI. The
announcement was widely covered as a technology bet — Microsoft buying access to the
most capable AI models in the world, incorporating them into its suite of products, and
positioning itself against Google in the next wave of computing. All of that framing was
accurate. But there was a commercial decision embedded in the announcement that
received far less attention and that turned out to be at least as consequential as the

technology decision: how Microsoft would price these Al capabilities.

The initial answer was Copilot for Microsoft 365, priced at thirty dollars per user per
month as an add-on to the existing Microsoft 365 subscription. Thirty dollars. Per user.

Per month.



The pricing decision was a statement about where Microsoft believed the value of Al
lived: in access. You pay to have Copilot available to your employees. You pay by

headcount. The model is the SaaS model, applied to Al

It was entirely understandable. It was what Microsoft's commercial infrastructure was
optimized to handle. It was what enterprise procurement committees knew how to
approve. It was what the sales team knew how to sell. And in the short term, it generated
substantial revenue — billions of dollars from enterprises eager to deploy Al across their

organizations.

But it was also a decision that left the majority of the value on the table. Because the
value of Al in an enterprise context is not access. It is outcomes. It is the contracts
reviewed that would otherwise have taken a week and cost ten thousand dollars in
outside counsel fees. It is the customer service tickets resolved in seconds that would
otherwise have required fifteen minutes of a human agent's time. It is the code written
overnight that would otherwise have taken a developer three days. The value of these
outcomes is not thirty dollars per user per month. It is orders of magnitude larger. And

a per-seat pricing model, however familiar and comfortable, captures almost none of it.

This gap — between the value Al creates and the revenue it generates — is the defining
commercial challenge of the Al era. And it is a challenge that is hiding in plain sight at

almost every company building or deploying Al today.

"The companies that will own the AI economy are not
the ones with the best models. They are the ones that
understand what their Al is worth — and have built the

commercial architecture to capture it."

The Three Eras



To understand why the current moment requires a different commercial framework, it
helps to understand the two frameworks that preceded it — and precisely how and why

each one broke.

The first era of commercial software, from roughly 1975 to 2000, was the perpetual
license era. Software was sold the way physical goods were sold: you paid once, you
owned it. The vendor's job was complete at the moment of sale. Support was extra.
Upgrades were a new purchase. The customer got software that ran on their hardware,

and the vendor got a large check and moved on to the next sale.

This model worked — for the vendors. For customers, it was expensive, inflexible, and
produced software that stagnated between major release cycles because vendors had
limited financial incentive to improve it. The customer who paid for SAP R/3 in 1995
was running the same code in 2002, paying a 20% annual maintenance fee for the
privilege, and watching the software grow further and further from the way their

business actually operated.

The second era, from roughly 2000 to 2020, was the subscription era. Salesforce's
founding insight — that software should be rented, not owned, delivered over the
internet, and paid monthly — seemed obvious in retrospect but was revolutionary at the
time. The subscription model aligned vendor incentives with customer success: if the
customer stopped getting value, they cancelled, and the vendor lost revenue. This
created a genuine commercial incentive for continuous improvement that the perpetual

license model entirely lacked.

The financial architecture of the subscription era was elegant. Annual Recurring
Revenue became the organizing metric of the entire industry. Net Revenue Retention
measured how well vendors were expanding within their customer base. Customer
Acquisition Cost and Lifetime Value framed investment decisions. These metrics created
a shared language for investors, operators, and executives that enabled capital allocation

at a scale and efficiency that the perpetual license era never achieved.



But the subscription model had a hidden assumption embedded in its architecture: that
the value delivered was proportional to the number of users. More users meant more
value, and therefore more revenue. The pricing unit — the seat — was both the
commercial mechanism and the implicit value measurement. As long as this assumption

held, everything worked.

Al broke this assumption completely.

Three Eras of Software Monetization — Side by Side

Era Pricing unit What customers Vendor's revenue Key metric

pay for model
Perpetual Per-installation =~ Permanent Large upfront  License revenue,
license right to use the  payment +  maintenance rate
(1975—2000) software maintenance
SaaS Per seat / per  Monthly right Recurring ARR, NRR, churn,
subscription user to access the  monthly/annual expansion
(2000—2020) software subscription
Al economy  Per token / per  Results the AI  Variable Capability-
(2020- task / per  produces consumption or  capture gap,
present) outcome outcome fees outcome ROI

What GenAl Breaks

When an Al product resolves ten thousand customer support tickets in a month, the
value it creates is proportional to those ten thousand resolutions — not to the number of
user seats that have access to the AI. When an Al product reviews five hundred contracts
and identifies material issues in forty of them that a human reviewer would have missed,
the value is in those forty catches — not in how many employees have the Al in their

toolbar.

The seat model measured inputs. Al creates value through outputs. And outputs do not
scale with headcount. They scale with capability, deployment depth, and the complexity
of the work being performed. A single AI deployment can do the work of dozens of



human workers. Pricing that by the seat is pricing a factory by the number of keys to the

front door.

This is not a philosophical critique of the seat model. It is an empirical observation about
the mismatch between the value AI creates and the metrics that seat-based pricing

captures. Consider three specific commercial distortions this mismatch creates.

The first distortion is the expansion paradox. In a SaaS business, growth in product
usage typically leads to growth in seat count — more users adopted the product, so the
customer needs more seats. In an Al business, growth in product usage often leads to no
change in seat count, because the Al is doing more work for the same set of users. The
customer is getting more value. The vendor is capturing none of it. The natural

expansion motion of the seat model — more users equals more revenue — is absent.

The second distortion is the value communication problem. When a customer asks why
they should pay more at renewal, the seat-based vendor has no good answer rooted in
value delivered. They can point to new features. They can reference market pricing. They
can apply modest annual price increases. But they cannot say: we resolved 47% more
tickets for you this year than last year, which saved you an estimated $2.3 million in
labor costs, and our renewal price reflects a share of that value. That conversation
requires an outcome-based pricing model and the measurement infrastructure to

support it.

The third distortion is the competitive vulnerability it creates. The moment a competitor
enters the market with outcome-based pricing — pay us per ticket resolved, per contract
reviewed, per deal closed — the company with seat-based pricing is at a fundamental
commercial disadvantage. It cannot match the competitor's value proposition because

its commerecial architecture is not designed to express value in outcome terms.

The companies that understand this are already re-architecting their commercial
models. The ones that do not understand it are building capability that their competitors

will eventually monetize more effectively than they will.



THE EXPANSION PARADOX

More Al value # more seats

In SaaS, product adoption drives headcount which drives seat count which drives revenue. In
Al, product adoption drives outcomes for the same headcount — improving productivity
without growing the user base. The expansion mechanism that SaaS was built around
disappears at precisely the moment the Al is working best.

What This Means for the C-Suite
The implications of this shift are not primarily technical or operational. They are

strategic, and they land squarely on the desks of CEOs, CROs, CPOs, and boards.

For the CEO, the question is whether the company's commercial architecture is keeping
pace with its Al capability. The risk is not that the AI does not work — the risk is that it
works beautifully and the company is systematically undercharging for the value it
creates. Every quarter that passes with a pricing model that does not reflect the value
being delivered is a quarter in which the open-claw gap is widening. And that gap is very
difficult to close retroactively — customers who have been paying for access will resist a
transition to outcome-based pricing, because it changes the financial relationship in
ways that require them to acknowledge, and share, the value they have been capturing

for free.

For the CRO, the question is whether the sales motion, the deal structure, and the
commission plan are aligned with the pricing model the company should be selling, not
just the model it currently has. A SaaS-trained sales organization selling per-seat Al
products will sell what it knows. It will not instinctively push toward outcome-based
conversations. It will not build the customer success relationships required to
demonstrate and measure outcomes. Re-orienting a sales organization toward value-
based selling is a multi-year organizational change that needs to begin well before the

pricing model formally changes.

For the CPO, the question is whether the product and its underlying instrumentation are

built to support the commercial evolution the company needs. Outcome-based pricing



requires measurement infrastructure that most Al products do not have. It requires
agreement with customers on what an outcome is, how it is measured, and who verifies
it. Building these capabilities into the product from the beginning is far less expensive

than retrofitting them after the commercial model has evolved to require them.

For the board, the question is whether management is thinking about AI monetization
with the same rigor they are applying to Al development. The board's job is to ask the
hard question: show us the commercial architecture that captures the value this Al
creates. If the answer is a per-seat pricing model designed for 2015-era SaaS, that is a

governance issue, not just a commercial one.

Chapter One — The Essentials

» The SaaS seat model was elegant and correct for its era. It is misaligned with AT value creation.

» AI consumption is non-deterministic — it varies with the complexity of the work, not the
number of users.

» The seat model creates three compounding problems: margin erosion, value misalignment,
and expansion friction.

» The consequences follow a predictable three-year sequence: strong growth, margin
compression, strategic crisis.

» For CEOs, CROs, CPOs, and boards: the commercial architecture question is as urgent as the
technology question.

CHAPTER TWO

The Five-Layer Al Economy

The map that every executive needs. Five distinct markets, five distinct pricing logics, one
critical positioning decision.

The most useful way to understand the AI economy's commercial landscape — for a CEO

deciding where to compete, a CRO structuring deals, or a board member evaluating



investment theses — is not as a single market but as five distinct economic layers stacked

on top of each other.

Each layer has its own cost structure, its own value proposition, its own customer set,
and its own pricing logic. A company's position in this stack is one of the most
consequential strategic decisions it makes. And most companies, particularly those that
evolved from SaaS businesses, have not made this decision explicitly. They have landed
somewhere in the stack by default, and they are pricing based on habit rather than

position.

The five layers are: compute, model, token, agent, and outcome. Value flows up the stack
— each layer adds something to the raw input it receives from the layer below. Margin is
created at the layers where value can be captured more efficiently than cost accumulates.
And the companies that understand which layer they primarily occupy, and price

accordingly, have a structural commercial advantage over those that do not.

The Five Layers in Detail

The compute layer is the foundation. GPUs, Al factories, the raw infrastructure of
inference. The companies competing here — cloud providers, specialized Al
infrastructure companies, energy providers — are building the utility infrastructure of
the Al economy. They are in the business of capacity: selling time on expensive hardware

to people who need to run computationally intensive workloads.

The economics of compute are the economics of heavy industry. Capital intensity is
extreme. Scale economics are decisive. Margins are thin and highly sensitive to
utilization rates. A GPU that is not running is losing money. The companies that will win
at the compute layer are those that can build and operate Al infrastructure at the lowest
cost per unit of compute, maintain the highest utilization rates, and secure the long-term

customer commitments that justify the capital investment.

This is not the layer most of the readers of this book occupy. But it is the layer that sets

the floor beneath everything else. The cost of compute is the cost of goods sold for every



business at every other layer of the stack. Understanding compute economics — even if
you do not operate at the compute layer — is essential for understanding your own cost

structure.

The model layer sits above compute. Foundation models — the large language models,
the image generators, the code models — are built by training on vast datasets using vast
amounts of compute, and then sold as a service through APIs. The companies competing
here include OpenAl, Anthropic, Google, Meta, Mistral, and a growing ecosystem of
specialized model providers. The value they add is the intelligence itself: the capability

to reason, generate, code, analyse, and decide that emerges from training.

Model companies sell access to intelligence. Their pricing — per million input tokens,
per million output tokens, with premiums for larger context windows and more capable
models — reflects the value of that intelligence relative to the cost of producing it. The
model layer is currently the most competitive and the most rapidly evolving layer in the
stack. New models are released constantly. Capability improves continuously. Prices fall

as efficiency improves and competition intensifies.

For a CEO evaluating whether to build on foundation models or to develop proprietary
models, the model layer economics are the central consideration. Building your own
foundation model requires hundreds of millions or billions of dollars of capital, access
to enormous training datasets, and a research team capable of advancing the state of the
art. Very few companies have these resources. For everyone else, the model layer is an

input cost, not a competitive arena.

The token layer is where most enterprise Al spending currently lives, and it is the layer
that most CFOs are least equipped to manage. Token consumption is the heartbeat of
every Al interaction — every word of every prompt, every character of every response,
every cached context. At the enterprise scale, these tokens add up to real money,
consumed in real time, by workloads that may have been deployed without adequate

financial governance.



The token layer is less a competitive position than a cost management discipline. The
enterprises that master it — that build the governance infrastructure to see their token
consumption clearly, allocate it to the business units generating it, and optimize it
without degrading performance — will have a structural cost advantage over those that
do not. The FinOps discipline for Al is the token layer's commercial contribution to

enterprise value.

The agent layer is where the action currently is. Al agents — systems that use foundation
models to reason, plan, and act autonomously — are transforming what AI can do in
commercial contexts. An agent does not just answer a question. It executes a workflow:
researches a topic, synthesizes findings, drafts a document, reviews it, iterates, and
delivers a result. It takes actions in the world: browsing the web, calling APIs, updating

records, sending messages.

For companies building and selling AI agents, the pricing opportunity is qualitatively
different from the model and token layers. Customers do not pay for agent workflows
because they want to consume tokens. They pay because the workflow produces a result
they value: a competitive analysis, a contract review, a customer response, a code
change. The billing unit that makes commercial sense at the agent layer is the task or the
workflow, not the token. And the price for a completed task should reflect the value of

the result, not the cost of the resources consumed.

The outcome layer is the frontier — and it is where the largest value capture
opportunities in the AI economy currently sit unexploited. At the outcome layer, the AI
is not just completing tasks. It is delivering verified business results: resolved customer
service tickets that meet a satisfaction threshold, contracts reviewed and approved
within defined turnaround times, sales opportunities qualified and advanced according
to defined criteria. The price is not for access, consumption, or task completion. It is for

the outcome itself.

The Five-Layer Al Economy — Executive Reference



What it is

Who competes
here

What you charge
for

contracts, deals

Strategic dynamic

Compute GPUs, Al  Cloud Capacity x time  Scale and utilization.
factories, raw  providers, AI  (GPU-hours, Capital intensity
inference infra specialists instance-hours) extreme.
infrastructure

Model Foundation OpenAl, Tokens consumed  Capability
models, LLMs, Anthropic, (input/output), differentiation. Rapid
APIs Google, Mistral, = API calls commoditization.

Meta

Token Enterprise Al  Every Internal FinOps discipline. CFO
consumption enterprise allocation, visibility imperative.
governance deploying Al chargeback,

governance

Agent Autonomous AI Al application  Tasks and  Task definition quality
workflows, companies workflows determines billing
copilots across sectors completed, not clarity.

tokens

Outcome  Verified Frontier of Al  Business Maximum value capture.
business results monetization outcomes Maximum measurement

today achieved: tickets, = demand.

"The company that prices at the outcome layer while

operating at the agent layer is one step away from

where it should be commercially. The company that

prices at the access layer while operating at the
outcome layer has built a capability it is

systematically undercharging for."

Choosing Your Position
Understanding the five layers clarifies a strategic question that many AI companies are

navigating imprecisely: where should we compete?



The answer depends on three variables: what your company is actually building, what
your customers are actually paying for, and what your competitive advantage is actually
based on. These three variables should determine your layer position. What most
companies do instead is set their layer position based on what they have built historically
— the layer they understand, the layer their sales team can sell, the layer their billing

system supports.

A company that started as a SaaS business and has added AI capabilities is usually
operating at the token and agent layers, but pricing at the access layer. It is charging for
a subscription to an Al-powered tool when it should be charging for the agent tasks or
outcomes the tool delivers. The commercial architecture is misaligned with the value

being created.

The model selection matrix — developed in detail in this series' companion books for
practitioners — maps this decision systematically: which pricing model is appropriate
for which layer, and which layer is appropriate for which company type. But the
executive summary is simple. If your value proposition is delivering business outcomes,
price at the outcome layer. If your value proposition is completing defined workflows
autonomously, price at the agent layer. If your value proposition is providing access to

Al capabilities, price at the access layer. Match the pricing unit to the value unit.

The companies that get this alignment right have a commercial advantage that is very
difficult to replicate, because it requires rebuilding the commercial architecture from the
contract all the way through to the billing system and the revenue recognition policy.
Most companies are not willing to do that work unless they understand, clearly, why it

matters.

The Four Diagnhostic Questions
There is a practical diagnostic exercise worth doing before making any major pricing

decision. For each of your Al products, answer four questions.



What does the customer actually pay for? Not what the invoice says — what does the
customer believe they are purchasing? Access to a platform? A number of tasks
completed? A business outcome achieved? The answer reveals where the customer

perceives the value to live, which is the starting point for value-based pricing.

What does the customer measure to assess whether they got value? Usage metrics, task
completion rates, outcome metrics, productivity improvements? The answer reveals the
measurement infrastructure the customer already has, which constrains how quickly

you can move to outcome-based pricing.

What is the customer's alternative if they do not buy your product? Human labor at a
known cost, a competitor's product, doing without? The answer reveals the economic
floor beneath your pricing — the minimum value you need to deliver to justify the

purchase decision.

What happens to your revenue if the customer gets ten times the value from your AI next
year compared to this year? In a seat model, nothing changes. In a consumption model,
revenue scales with usage. In an outcome model, revenue scales with outcomes
delivered. This question reveals the expansion mechanics of your current model and

whether they are aligned with value creation.

The answers to these four questions do not tell you what to charge. But they tell you a
great deal about whether your current pricing model is capable of capturing the value

your Al creates — and what the gap is between where you are and where you should be.

FOR THE BOARD

The layer positioning question is a governance question

When reviewing Al investment proposals, boards should ask: at which layer of the AT economy
is this investment positioned to compete? Does the pricing model reflect the value proposition
of that layer? What would it take to move to a higher-value layer, and what is the timeline? These

questions separate Al investment decisions from AI enthusiasm.

Chapter Two — The Essentials




» The AI economy is five distinct markets with five distinct pricing logics: compute, model,
token, agent, outcome.

» Each layer has its own cost structure and value proposition. Category-error pricing creates
commercial distortions.

» Most AI companies are operating at a higher layer than they are pricing at — creating a
systematic gap.

» The four diagnostic questions reveal whether your pricing model can capture the value your
Al creates.

» Layer positioning is a strategic decision that should be made explicitly, not inherited from
legacy commercial models.

CHAPTER THREE

Five Pricing Layers: Choosing Where
to Compete

The architecture decision that determines your commercial ceiling, your expansion
mechanics, and your competitive position.

Choosing where you sit in the five-layer stack is a strategy decision. Choosing how you
price within your layer is an architecture decision. And the architecture decision — the
specific pricing model — has implications that run through every aspect of the
commercial operation: the sales motion, the deal structure, the billing system, the

revenue recognition policy, the renewal conversation, and the expansion strategy.

This chapter is about making that architecture decision with the precision it deserves.
Not choosing a pricing model because a competitor uses it, or because the billing system
supports it, or because the sales team is comfortable selling it. Choosing it because it
accurately represents the value your Al creates, aligns your incentives with your

customers' incentives, and creates the commercial mechanics you need to grow.



There are ten monetization models in the AI economy. Five are used routinely. Three
are emerging. Two are on the horizon. All ten are described in detail in the companion
Manifesto volume. Here, the focus is on the strategic logic of choosing between them —

the executive decision framework rather than the implementation specification.

The Strategic Logic of Each Model

The per-token model is the entry point and the most common starting position. It aligns
cost and revenue at the infrastructure layer, creates natural usage-based expansion, and
is well understood by technical buyers. Its limitation is that it caps your revenue at the
cost layer — you are pricing the resources consumed rather than the value created. As
your Al becomes more capable and delivers more value per token consumed, the per-

token price does not automatically reflect that increasing value.

The per-task model moves up the stack to the agent layer. It prices the work completed
rather than the resources consumed. It creates direct alignment between what the
customer pays and what the AI accomplishes. Its requirement is that tasks be clearly
definable and verifiable — vague task definitions create billing disputes, and complex

tasks with highly variable completion difficulty create adverse selection problems.

The outcome model is the target state for most mature Al deployments. It prices the
business result rather than the work performed. It creates the strongest possible
alignment between vendor revenue and customer value. Its requirement is the most
demanding: measurable outcomes, reliable attribution, and measurement

infrastructure that both parties trust.

The hybrid subscription plus consumption model is the pragmatic bridge. A committed
monthly or annual minimum provides the customer with budget predictability for core
usage. Consumption overage charges above the minimum provide the vendor with
upside from heavy users and natural expansion mechanics. Most enterprise Al contracts
are moving toward this structure as a transitional model between pure subscription and

pure consumption.



The gain-share model is the most powerful and the least common. The vendor charges
a base fee plus a percentage of measured value created. The customer pays for the actual
value they receive. The vendor has genuine skin in the game. This model builds more
trust than any other commercial structure in the AI economy — but it requires the
confidence and the measurement infrastructure to actually quantify the value being

delivered and defend that calculation under scrutiny.

The Model Selection Framework — Five Primary Models

Model Best fit Revenue ceiling Expansion Key risk
mechanic

Per-token API/model Capped at  Usage growth —  Capability improvement
layer, infrastructure limited doesn't increase price
technical cost layer
buyers

Per-task Agent layer,  Scales with  Task count growth  Task definition disputes
defined workflow + new workflow
workflows volume types

Outcome- Mature Scales with AI ~ Outcome volume  Attribution disputes,

based deployments, performance + new outcome  measurement
measurable improvement categories complexity
results

Subscription  Enterprise Subscription Consumption Complexity of dual

+ overage buyers, floor +  growth above  billing model
budget consumption floor
certainty upside
needed

Gain-share High-value Scales with  Value Measurement
use cases, valuecreated — improvement methodology disputes
mature highest ceiling drives automatic
relationships expansion

The CEOQO's Pricing Decision Framework

For a CEO making pricing model decisions, four considerations dominate the choice.

The first is commercial maturity. Early-stage products with uncertain performance

should start with subscription or freemium models that minimize the customer's



commitment and risk. As performance proves out, migrating toward consumption and
outcome models is both possible and necessary. Trying to price on outcomes before you

can reliably deliver them is a commercial promise that will destroy trust when it fails.

The second is measurement capability. You can only charge for what you can measure.
If your product does not currently have the instrumentation to track outcomes precisely
— to show a customer not just that the Al ran, but what it specifically accomplished and
what that was worth — then outcome pricing is not yet available to you. Building that

instrumentation is among the highest-priority investments a CPO can make.

The third is customer sophistication. Different buyers have different risk tolerances for
pricing complexity. Technical buyers and innovative early adopters can manage
consumption-based billing and understand its logic. Traditional enterprise
procurement, with fixed annual budgets and discomfort with variable commitments,
needs a subscription floor to anchor the commercial relationship before variable charges

are introduced. The right model depends partly on who you are selling to.

The fourth is competitive positioning. If a credible competitor is already selling on an
outcome basis in your market, the moment when you must evolve your pricing model is
being determined by them, not by you. Outcome-based pricing in the market creates a
value conversation that seat-based pricing cannot win. You will either evolve proactively

or you will evolve under competitive pressure — but you will evolve.

FOR THE CRO

Commission design follows pricing model

If you are migrating from seat pricing to consumption or outcome pricing, your commission
plan must migrate with it. A commission plan that pays on ARR booked at signing will not
incentivize the deal structures that outcome pricing requires — nor the customer success
investment that drives consumption growth. Commission design is a lagging indicator of pricing

model evolution. Align it early.

Chapter Three — The Essentials




» The pricing model is not a sales decision. It is a strategic architecture decision with multi-year
commercial consequences.

> Five primary models are available: per-token, per-task, outcome, hybrid
subscription+consumption, gain-share.

» Model selection should be driven by commercial maturity, measurement capability, customer
sophistication, and competitive landscape.

» The wrong model — copied from a competitor without checking archetype fit — creates
commercial problems regardless of execution quality.

» The best companies design pricing models that evolve as the product matures and
measurement capability grows.

CHAPTER FOUR

Outcome-Based Pricing: The Hard and
the Possible

The most powerful commercial model in the AI economy — what it requires, what it
enables, and how to build toward it.

Outcome-based pricing is where every serious Al company eventually arrives. It is also
where most companies currently are not. The gap between those two facts is one of the

largest sources of unrealized value in the AI economy today.

This chapter is about understanding outcome-based pricing precisely enough to build
toward it — what it requires, what it enables, how to design it, and how to avoid the

failure modes that derail companies that attempt it before they are ready.

The appeal of outcome-based pricing is easy to state. You charge for the value your Al
creates. Your revenue scales with your AI's performance. Your customers pay for results
they can measure, in economic terms they already understand. The vendor-customer
relationship transforms from a resource transaction to a value partnership. Trust

compounds over time.



The reality of outcome-based pricing is harder. It requires rigour at every stage of the

commercial process that most companies do not currently have.

"You can only charge for what you can measure. Build
the measurement infrastructure before you build the

pricing model."”

The Four Requirements

The first requirement is outcome definition. This sounds simple. It is not.

An outcome is not a task completion. Completing a task is a means to an end. The
outcome is the end. A customer service Al that closes a ticket has completed a task. A
customer service Al that closes a ticket and resolves the customer's underlying problem,
as verified by the customer's reported satisfaction, has delivered an outcome. The
distinction matters commercially because the outcome definition is the basis for billing

— and if the definition is ambiguous, disputes are inevitable.

A well-designed outcome definition has four characteristics. It is precise: both parties
can determine unambiguously whether the outcome occurred. It is measurable: the
metric that determines whether the outcome was achieved can be calculated objectively
from observable data. It is attributable: the Al's contribution to the outcome can be
reasonably distinguished from other factors. And it is economically meaningful: the
outcome has a quantifiable value to the customer, so that the price for the outcome can

be grounded in actual economic benefit rather than negotiated in a vacuum.

The second requirement is measurement infrastructure. Outcome measurement
requires data that most companies are not currently collecting. To verify that a legal Al
produced contract reviews that caught all material issues, you need a baseline against

which to compare — typically a sample of reviews conducted by experienced human



lawyers on the same documents. To verify that a sales Al produced qualified leads that
converted to meetings, you need CRM data connecting the Al's output to downstream
sales outcomes. To verify that a customer service Al produced resolutions that satisfied
customers, you need satisfaction survey data tied to specific resolution events. This data

does not exist automatically. It requires deliberate investment in instrumentation.

The third requirement is attribution. The hardest intellectual challenge in outcome-
based pricing is the counterfactual: would this outcome have occurred without the AI?
A customer who achieved record contract review throughput in a quarter where both the
Al was deployed and the legal team expanded by 30% cannot easily attribute the
throughput improvement to the AI alone. The attribution methodology — how you
determine what fraction of an outcome to attribute to the AI — must be agreed with the

customer before the pricing model is implemented, not litigated after the first invoice.

The fourth requirement is accounting compatibility. Variable consideration under
accounting standards requires that the vendor be able to make a reliable estimate of the
consideration it will ultimately collect. If outcomes are highly variable and difficult to
forecast, the accounting treatment becomes complex. Revenue recognition under ASC
606 for outcome-based Al contracts is an area where the guidance is still being
developed, and where companies that have not thought carefully about the accounting
implications can find themselves with revenue recognition policies that do not survive

audit scrutiny.

Outcome Definition Quality Checklist

Characteristic Definition Test question Common failure mode

Precise Both parties agree Would a neutral 'High-quality response’ — not
unambiguously third party reach the = measurable. 'CSAT score > 4.2' —
whether the same conclusion  measurable.

outcome occurred from the same data?

Measurable Can be calculated =~ What system  Metric exists but is only visible to the
objectively from  produces this  vendor, not the customer.
observable data number, and can

both parties see it?



Attributable The Al's If the Al was not Customer's business improved but
contribution can  deployed, would this  multiple factors contributed

be reasonably  outcome have  simultaneously.
separated  from  occurred anyway?
other factors

Economically =~ Theoutcomehasa  What would it cost  Outcome is real but its economic

meaningful quantifiable dollar ~ the customer to  value to the customer is unclear or
value to the  achievethisoutcome  disputed.
customer without the AT?

Building Toward Outcome Pricing

The path to outcome-based pricing does not require abandoning your current
commercial model immediately. It requires building the prerequisites while operating
your current model — so that when the migration becomes necessary, either because of

competitive pressure or because the prerequisites are in place, you are ready.

There are five specific investments that build toward outcome-based pricing regardless

of when you formally make the transition.

First, instrument your product for outcome measurement now. Add the telemetry that
records not just whether the Al ran, but what it specifically accomplished and how that
outcome compared to the benchmark. Even if you are not charging for outcomes today,
this data is building the evidence base you will need to make the value argument when

you do.

Second, establish baseline metrics with customers. Agree with customers, at contract
signing, on the metrics they will use to evaluate the AI's performance. These baselines
become the foundation for outcome attribution when the time comes. A customer who
agreed at signing that the AT would be evaluated against a specific metric cannot credibly

dispute that metric when it is used to calculate an outcome-based charge.

Third, run shared-value reporting. Before you charge for outcomes, report on them.
Show customers, on a regular cadence, what the AT accomplished, how that compares to

the baseline, and what the economic value of the delta was. This reporting builds the



trust and the familiarity with outcome measurement that makes the eventual transition

to outcome-based billing feel natural rather than threatening.

Fourth, introduce outcome pricing for new customers. The hardest part of migrating to
outcome-based pricing is the installed base — customers who bought access-based
pricing and are comfortable with it. New customers have no such comfort to protect.
Introducing outcome-based pricing as the standard commercial model for new
customers while honoring access-based pricing for existing customers for the remaining
contract term allows you to build the operational infrastructure for outcome billing

before you need to migrate the entire installed base.

Fifth, sequence the migration carefully. The migration from access-based to outcome-
based pricing is not a single event. It is a multi-step process: introduce outcome
reporting while maintaining access billing, then introduce hybrid billing where a
consumption component is added to the subscription, then transition the consumption
component to an outcome basis as measurement confidence grows. Each step is a
smaller change than making the full transition at once, and each step builds the

organizational and customer confidence required for the next step.

FOR THE CPO

Instrumentation is a commercial prerequisite

The product decisions that enable outcome-based pricing must be made before the pricing
model requires them. Every product that deploys without outcome measurement telemetry is a
product that cannot support outcome-based billing when the commercial model needs it.
Instrument the product now. The commercial value of that instrumentation is measured in the
pricing model you will be able to deploy in 18 months.

Chapter Four — The Essentials

» Outcome-based pricing is the target state for most mature AI deployments — maximum
alignment, maximum revenue ceiling.

» The four prerequisites: precise outcome definition, measurement infrastructure, attribution
methodology, accounting compatibility.



» The path: instrument for measurement now, establish baselines with customers, run outcome
reporting before billing for outcomes.

» Introduce outcome pricing for new customers first. Migrate the installed base at renewal, with
adequate notice and explanation.

» The sequence matters. Changing the pricing model before the infrastructure is ready generates
disputes you cannot resolve.

Pricing Strategy by Company
Archetype

Five company types. Five distinct optimal commercial models. The framework for
choosing deliberately rather than by default.

Every company has a pricing strategy, whether it has designed one deliberately or not.
The company that charges $10 per seat for an Al product that saves customers $500 per
user per month has a pricing strategy. It is a bad one — but it is a strategy in the sense
that it determines, systematically, how much of the value it creates it captures. The
choice is not between having a pricing strategy and not having one. The choice is
between having a deliberate pricing strategy designed around commercial logic and

having an accidental pricing strategy designed around whatever was convenient.

This chapter provides the framework for making that strategy deliberate. Not the tactical
decisions — what specific price to charge — but the structural decisions: which pricing
model fits your company type, which market position best exploits your competitive

advantage, and how to design a pricing architecture that can evolve as your AI matures.

The Five Archetypes



Five company archetypes operate in the Al economy, and each has a different optimal
pricing strategy. The mistake most companies make is choosing a pricing strategy based

on what is familiar to their team rather than what fits their archetype.

The Al infrastructure provider — the company selling GPU capacity, Al factory services,
or raw compute — is in the utility business. Its customers are other companies that use
the infrastructure to build their own AI products. The infrastructure provider cannot
price on outcomes because it has no visibility into what its compute is being used to
produce. It cannot price per task because it cannot define tasks. It must price on what it
can measure: capacity, utilization, and time. The reservation model — committed
capacity at a discount — is the dominant commercial structure for this archetype because

it converts variable utilization risk into predictable revenue.

The AI model company — the company selling access to foundation models through an
API — is in the intelligence business. Its customers are developers and enterprises that
use the model to build applications. The model company can see tokens but not
outcomes. Its natural pricing is per-token with quality tiers, with subscription floors for
enterprise customers who need budget predictability. The model company's strategic
challenge is defending margin as the market for model access commoditizes — the
response is to specialize (domain-specific models, multimodal capabilities, longer

context) and to build the distribution relationships that make model switching costly.

The AI application company — the company building a specific AI-powered product for
a specific use case — has the widest range of viable pricing models and the highest stakes
for choosing correctly. Early-stage: subscription or freemium to acquire customers and
build usage data. Growth stage: per-task or hybrid subscription-plus-consumption to
capture expansion value. Mature stage: outcome-based for the highest-value use cases
where measurement infrastructure exists. The AI application company's strategic
challenge is navigating this migration without disrupting the installed base that made it

viable.

The enterprise Al buyer is not a vendor — it is the organization deploying Al to improve

its own operations. The enterprise buyer's monetization challenge is internal: how do



they govern Al spending, demonstrate ROI to the CFO and board, and ensure that their
Al investments are generating the returns that justified the capital allocation? The
FinOps discipline for AI — token budgets, agent cost attribution, outcome measurement,
chargeback to business units — is how enterprise buyers create commercial

accountability for their AI deployments.

The AI marketplace operator builds the infrastructure connecting model providers,
application developers, and enterprise buyers. The marketplace monetizes through take
rates, premium placement, and value-added services. Its strategic challenge is setting
take rates at the level that attracts maximum participation without creating incentives

to route around the platform.

Company Archetype x Optimal Pricing Strategy

Archetype Where you sit Primary pricing Expansion Strategic risk
model mechanic

Al infra ~ Compute Reserved Utilization Commoditization  —
provider capacity + spot growth, capacity = compete on cost and
upsell reliability
Al model  Model /  Per-token with  Usage growth +  API commoditization
company Token quality tiers premium model  — specialize to defend
upsell margin
Al application = Agent /  Hybrid —  Task volume +  Seat pricing inertia —
company Outcome outcome (by new workflow  must actively migrate
maturity) deployment
Enterprise AI  Internal FinOps Not a vendor —  Cost overrun without
buyer governance chargeback /  manage cost,  governance
token budgets demonstrate ROI infrastructure
Marketplace Platform Take rate on  Transaction Take rate  above
operator transactions volume +  platform value triggers
premium tiers bypass

The CRO's Sales Motion Redesign
For the CRO restructuring the sales motion for AI products, the archetype framework

clarifies three decisions that most sales organizations are currently making badly.



The first decision is compensation design. A SaaS sales organization is typically
compensated on ARR booked. In an AI application company transitioning toward
consumption and outcome pricing, ARR booked at signing may bear little relationship
to the revenue the contract ultimately generates — because the consumption overage
and outcome components are variable, and their ultimate value depends on how deeply
the customer deploys and how much value they realize. Sales compensation needs to
evolve to create incentives for deals that are structured for maximum value realization,

not just maximum upfront commitment.

The second decision is deal structure. AI contracts are more complex than SaaS
contracts, and the deal desk needs to be equipped to handle that complexity. A well-
structured Al contract specifies the base commitment, the consumption or outcome
pricing terms, the escalation mechanism for price adjustments as Al capability
improves, the measurement methodology for outcome verification, the SLA terms for
availability and performance, and the governance structure for disputes. Most SaaS-
trained deal desks are not comfortable with this level of complexity, and they default to

simplifying the deal structure in ways that leave value on the table.

The third decision is customer success integration. In a consumption and outcome
model, the customer success team is not a cost center managing renewals — it is a
revenue function. Customer success drives consumption by helping customers deploy
AI more deeply. Customer success drives outcomes by helping customers define and
measure the results they care about. Customer success drives expansion by identifying
new use cases that the AI can address. Integrating customer success into the revenue
motion — not just the renewal conversation — is a structural change most CRO

organizations are still working through.

FOR THE CEO

Which archetype are you really?

Many companies believe they are AI application companies but are operating commercially as
AT infrastructure providers — selling access to Al capability rather than the outcomes that




capability enables. The archetype question is not about what you have built. It is about where
you are capturing value. The gap between the two is the opportunity.

Chapter Five — The Essentials

» Five archetypes operate in the AT economy, each with a distinct optimal pricing strategy.

» Most commercial failures trace to an archetype mismatch — using the pricing logic of a
different archetype.

» The CRO must realign three things: compensation design, deal structure, and customer
success integration.

» The board should ask: which archetype does management believe we are? Is our commercial
model designed for that archetype?

» Archetype selection is a strategic choice that should be made once and implemented
consistently across the commercial function.

PART TWO

The Commercial Machine

The channels, deals, partners, and infrastructure that turn Al capability into
revenue.

CHAPTER SIX

Five Go-to-Market Channels for Al

Online self-service, enterprise direct, channel partners, cloud marketplaces, and agent-
to-agent. The strategy for each.

Building and selling AI products to enterprises requires navigating five distinct
commercial channels, each with its own economics, its own buyer profile, its own

contracting norms, and its own requirements for the vendor's commercial



infrastructure. Most Al companies are fluent in one or two of these channels and are

leaving significant revenue on the table by not having an explicit strategy for the others.

The five channels are: online self-service, enterprise direct, channel partners and
resellers, cloud marketplaces, and the emerging agent-to-agent channel. Each is a
complete commercial motion with distinct unit economics and distinct operational

requirements.

The Five Channels in Detail

Online self-service — the product-led growth model — is how Al products acquire their
first customers. The customer discovers the product, signs up with a credit card, uses
the free tier, and upgrades when they hit usage limits or need enterprise features. The
economics of PLG are excellent when the model works: customer acquisition cost is low,
expansion is driven by product usage rather than sales calls, and the usage data from the
free tier is extraordinarily valuable for identifying which customers are likely to convert

and expand.

But PLG has a well-known failure mode for AI products: the free tier can be too
generous. An Al product that allows unlimited access on the free tier with no natural
upgrade trigger will generate a lot of users and very little revenue. The critical design
decision for AI PLG is the conversion mechanism — the specific point at which free usage
naturally leads a customer to need a paid upgrade. For Al products, the most effective
conversion mechanisms are token budget exhaustion (you have used your monthly
token allocation and need to upgrade to continue), feature gates (the Al assistant works
on simple tasks for free but complex workflows require a paid plan), and team
collaboration (the Al is free for individuals but requires a subscription for multi-user

access).

Enterprise direct — field sales to large organizations — is where Al companies generate
their largest contracts and their most complex commercial relationships. Enterprise

deals typically involve multiple stakeholders: the technical team that evaluates the



product, the business unit that will use it, the procurement team that manages the
commercial terms, legal that reviews the contract, and finance that approves the budget.
Navigating this process efficiently requires a sophisticated deal desk, a defined
commercial approval workflow, and the patience to manage a sales cycle that regularly

runs three to nine months.

The enterprise direct channel is also where the tension between deployment speed and
commercial rigor is most acute. Enterprise customers want to move quickly — they have
seen the demos, they believe in the Al, and they want to start generating value. But the
commercial terms that protect the vendor's economics — consumption measurement,
SLA definitions, outcome metrics, price escalation clauses — require careful negotiation.
The deal desks that get this balance right move quickly on the terms both parties care

about and hold firm on the terms that matter for the economics.

Channel partners — resellers, system integrators, managed service providers — can
extend an Al vendor's reach into markets where direct sales is impractical. A regional
reseller with deep relationships in a specific industry vertical can close deals that a direct
sales team based in San Francisco could not cost-effectively pursue. A system integrator
that embeds an Al capability into a broader solution creates a bundled value proposition

that the AI vendor could not create alone.

The commercial design of a channel program for Al products requires careful attention
to a few specific risks. First, channel conflict: if the vendor sells direct and through
channels, the pricing and terms must be structured so that channel partners can
compete without undermining the direct team. Second, outcome attribution: if an Al
capability is embedded in a broader solution, the measurement of outcomes may be
complicated by the contributions of the broader system. Third, data access: the vendor's
ability to improve its Al depends on access to usage and performance data. Channel
relationships that create barriers to that data access will ultimately hurt the AI vendor's

ability to improve its product.

The Five GTM Channels — Strategic Reference



Channel CAC Deal size Sales cycle Best for Watch out for
A R
Online Very low  Small-medium Days to  Technical Free tier too
PLG — weeks buyers, initial ~ generous; no
product- adoption, natural
driven freemium upgrade
trigger
Enterprise High —  Large ($100k+) 3—9 months Complex SaaS-trained
direct field sales deployments, reps selling Al
custom without value
terms, large conversation
orgs
Channel /  Variable—  Medium-large Variable Market reach, = Channel
partners partner- vertical conflict; data
borne specialists, SI  access
bundling restrictions
Cloud Low —  Medium-large Weeks to  Customers Platform fee
marketplace  cloud- months with  cloud (5-15%);
facilitated commitments  limited
to spend control of
relationship
Agent-to- Near zero  Small Milliseconds  High-volume,  Infrastructure
agent — fully  (micropayments) low- not yet fully
automated complexity mature
service
exchange

Cloud Marketplaces: The Revenue Channel Most Al Companies Are

Underusing

Cloud marketplaces — AWS Marketplace, Azure Marketplace, Google Cloud
Marketplace — have emerged as a critical distribution channel for enterprise Al
products, and the companies that are not prioritizing marketplace presence are leaving

revenue on the table.

The commercial logic of marketplace distribution is straightforward. Enterprise
customers have committed spending with their cloud providers through annual
contracts, and they need to spend that commitment to avoid leaving budget on the table.

An AI product listed on the marketplace can be purchased against existing cloud



commitments, which means the procurement friction is dramatically lower — no new
vendor approval, no new payment method, no new procurement process. The Al vendor

gets access to the cloud provider's customer base and their existing buying relationship.

The commercial terms of marketplace distribution require careful attention. The
marketplace takes a percentage of revenue — typically 5-15% depending on the
arrangement. The vendor's control over the commercial relationship is constrained —
pricing changes require going through the marketplace's approval process. And the data
from marketplace transactions is less rich than data from direct relationships — the

marketplace sits between the vendor and the customer in ways that limit visibility.

The strategic question for marketplace distribution is not whether to be present — the
answer is almost always yes — but how to structure the relationship so that it
complements rather than cannibalizes the direct channel. The typical approach is to use
the marketplace for standardized, self-service products with predictable pricing, while
routing complex enterprise deals with custom terms through the direct channel. The

marketplace is a volume channel; the direct channel is the relationship channel.

Agent-to-Agent: The Channel of the Future
The agent-to-agent channel is the most nascent of the five and the one that will

ultimately be the most significant.

As Al agents become more capable and more widely deployed, they increasingly initiate
commercial transactions autonomously. An Al research agent that needs access to a
premium data source will eventually be able to evaluate the available sources, compare
their pricing and capabilities, select the most appropriate one, and initiate a purchase —
without a human in the loop. An Al coding agent that needs a specialized tool to

complete a task will be able to find, evaluate, and purchase that tool autonomously.

The commercial infrastructure for agent-to-agent transactions does not yet fully exist.
The Monetization Protocol described in this series' companion book is a proposal for

what that infrastructure should look like. But the direction of travel is clear. The



companies that are building AI products with machine-readable capabilities — that can
describe what their AI does in terms that another AI can evaluate — are positioning
themselves for a commercial channel that will eventually dwarf the others in transaction

volume.

For a CEO planning a five-year commercial strategy, the agent-to-agent channel is a
planning assumption, not an operational priority today. But it is a planning assumption
with specific implications: Al products should be built with machine-readable capability
descriptions, pricing APIs that agents can query programmatically, and commercial

terms that can be accepted and managed without human intervention.

FOR THE CRO

The channel mix question is a portfolio question

No AI company should depend on a single channel. PLG generates the data and the land.
Enterprise direct generates the large contracts and the deep relationships. Marketplace
generates efficient expansion into the cloud provider's customer base. Channel partners
generate reach in markets direct sales cannot cost-effectively serve. Build all five deliberately,

calibrated to your stage and your customer profile.

Chapter Six — The Essentials

» Five distinct channels — PLG, enterprise direct, partners, marketplace, agent-to-agent — each

with distinct economics and requirements.

» Most AT companies are fluent in one or two and are leaving significant revenue unexploited in
the others.

» Cloud marketplace presence is a strategic priority. Companies that are not investing in it are
missing a high-efficiency channel.

» The agent-to-agent channel is a planning assumption today and a major revenue channel
within five years.

» Channel mix should be calibrated to company stage: PLG first, enterprise direct second,
marketplace and channel as scale permits.

CHAPTER SEVEN



The Deal Desk as Competitive Weapon

Dynamic pricing, non-standard terms, complex bundles. The deal desk is not back-office.
It is strategy at the contract level.

The deal desk is where strategy meets contract. It is where the pricing model chosen in
the boardroom becomes the specific terms on paper that govern the commercial
relationship for the next three years. And it is one of the most underinvested functions

in most AI companies.

In the SaaS era, the deal desk had a relatively bounded job. Standard pricing. Standard
terms. A few negotiable variables — discount depth, contract length, payment schedule.
The variation was in how aggressively the customer pushed for discounts and how much

the vendor was willing to give to close the deal. The complexity was manageable.

Al contracts are fundamentally different. They need to accommodate consumption-
based pricing with variable billing, outcome measurement with contested definitions,
SLA commitments with Al-specific breach protocols, price adjustment mechanisms for
model improvements, IP ownership provisions for Al-generated outputs, and data
governance terms for the training data implications of a customer deployment. Each of
these areas is genuinely complex, genuinely negotiated, and genuinely consequential for

the economics of the deal.

Companies that have not invested in deal desk capability to handle this complexity are
either losing deals they should win, winning deals with terms that will create financial
problems later, or defaulting to simplified terms that leave value on the table. The deal

desk is not a back-office function. For an Al company, it is a competitive weapon.

The Six Components of a Well-Constructed Al Deal
A well-constructed Al enterprise deal has six components that the deal desk must design

with precision.



The first is the base commitment. The minimum that the customer commits to spend,
regardless of actual consumption. The base commitment provides the vendor with
revenue predictability and provides the customer with the price certainty required to get
the deal approved by finance. For most enterprise Al deals, the base commitment should
be set at a level that reflects the customer's expected consumption for core use cases,

with room for growth through the variable components.

The second is the variable pricing structure. The consumption-based or outcome-based
charges above the base commitment. The key design choices here are the pricing unit
(per token, per task, per outcome), the pricing tiers (discounts for higher volumes), and
the measurement period (monthly, quarterly, annual). The variable structure should be
designed so that as the customer gets more value from the A, their spend increases in a

way that feels proportional to the value received.

The third is the SLA architecture. The performance commitments that define what the
vendor is guaranteeing to deliver. For Al products, SLAs need to address availability (the
percentage of time the Al is available for use), latency (the response time for individual
interactions), quality (for outcome-based products, the performance standard the Al is
committed to meeting), and escalation (what happens when the SLA is breached). SLA
architecture for Al products is genuinely novel — the quality dimension, in particular,

has no precedent in traditional SaaS contracts.

The fourth is the price adjustment mechanism. Al capability improves continuously. The
Al the customer signs up for in January 2025 will be substantially more capable by
January 2026. The commercial question is: who captures the value of that
improvement? Without an explicit mechanism, the answer is the customer — they get
more capability at the same price. With a well-designed price adjustment mechanism,
the vendor can capture a share of the value of improvement through periodic price

adjustments tied to demonstrated performance improvements.

The fifth is IP and data governance. Who owns the outputs of the AI? Who owns the data
that the AI processes as part of the customer's deployment? What are the vendor's rights

to use customer data to improve the model? These questions are not merely legal



formalities — they have real commercial implications. Customers who have invested
significantly in fine-tuning a model or curating a training dataset for their use case have

created genuine IP value, and they are right to seek contractual protection for it.

The sixth is the expansion mechanism. How does the deal grow beyond the initial
commitment? The best expansion mechanisms are embedded in the contract itself:
consumption ratchets that trigger automatically when usage exceeds defined thresholds,
right-of-first-refusal provisions for new AI products, annual growth commitments

where the customer commits to a minimum percentage increase in their Al spending

each year. These mechanisms create revenue growth without requiring a new sales cycle.

Al Enterprise Deal Architecture — Six Components

Component

What it defines

Why it matters

Common error

commercially

Base Minimum spend  Revenue Set too low: leaks value. Too high:
commitment  regardless of  predictability @ for  customer resentment.
consumption vendor; budget
certainty for
customer
Variable Consumption or  Captures expansion  Poorly defined variables create billing
pricing outcome charges value as AI is  disputes at first invoice
above the floor deployed more
deeply
SLA Performance Accountability No quality dimension — standard SaaS
architecture commitments: mechanism. Defines  availability SLAs are insufficient
availability, Al-specific  breach
latency, quality protocols.
Price How price  Captures value of  Absent entirely — all improvement
adjustment changes when AI  capability value goes to the customer
mechanism capability improvements
improves between renewals
IP and data  Who owns  Legal protection +  Vaguelanguage leads to disputes when
governance outputs; what commercial fairness customer creates value through Al use
vendor can do  forboth parties
with  customer
data
Expansion How the deal Embeds growth in  Absent — all expansion requires a new
mechanism grows  beyond the contract rather  sales motion



initial than requiring a new
commitment sales cycle

FOR THE CEO

The deal desk needs investment, not just process

Companies that treat the deal desk as a cost center — staffed lightly, given standard templates,
measured by deal cycle time — are systematically leaving value on the table. The deal desk in an
AT company is a revenue function. It is where pricing strategy meets commercial reality. Staff it
with people who understand both AI economics and enterprise contracting. Measure it on deal
quality, not just deal speed.

Chapter Seven — The Essentials

» Al contracts are fundamentally more complex than SaaS contracts — and the deal desk must
be built for that complexity.

» Six components distinguish a well-constructed Al deal from a simplified one that leaves value
on the table.

» The price adjustment mechanism is the most commonly absent component — and the most
commercially significant omission.

» The expansion mechanism should be embedded in the contract at signing, not negotiated later
as a separate sales motion.

» The deal desk is a competitive weapon. Companies that invest in it generate better economics
from the same product.

CHAPTER EIGHT

Partners, Commissions, and Channel
Economics

How to design partner programs that create genuine competitive distribution — not just
the appearance of one.

Partners and channels are often treated as a distribution question — how do we get our

product in front of more buyers? But for AI companies, the partner ecosystem is also a



commercial design question: how do we structure economic relationships with the

entities in our distribution chain so that everyone in the chain has the right incentives?

The commission structure you give your channel partners is a statement about what
behaviors you want to incentivize. The margin structure you give your resellers is a
statement about how much distribution is worth to you. The co-sell arrangements you
build with your cloud marketplace partners are a statement about how much you value

their customer relationships.

These are strategic decisions masquerading as operational ones. The companies that
make them strategically — that design their partner economics to align incentives and
create sustainable channel relationships — have commercial infrastructure that
amplifies their direct efforts. The companies that make them operationally — that set
partner margins based on what competitors offer and commission rates based on what

sales ops recommends — have channel relationships that work until they don't.

Partner Tier Design
A well-designed channel program for an Al product typically has three to four partner

tiers, each with distinct economic terms and distinct commercial obligations.

The entry tier — sometimes called registered or authorized — provides access to training
and basic sales tools. The margin is modest (typically 10-20% for resale, lower for
referral). The obligation is minimal: complete training, register deals. This tier is
designed to attract the broadest possible set of potential partners and identify those who

are genuinely active in the market.

The mid tier — typically silver or select — provides better margins (20-35%), access to
joint marketing funds, and co-sell support from the vendor's sales team. The obligation
is meaningful: a minimum number of active deals in the pipeline, a minimum number
of trained technical resources, a minimum quarterly revenue commitment. This tier is
designed for partners who are investing in the vendor's product line and can

demonstrate genuine customer traction.



The top tier — platinum, elite, or strategic — provides the best margins (35% and above),
dedicated partner managers, priority access to beta products, and inclusion in customer-
facing marketing as a preferred partner. The obligation is substantial: significant
revenue commitments, deep technical -certification, investment in practice
development. This tier is designed for partners who are making the vendor's products a

central part of their business.

The design of Al-specific commission structures requires attention to the variable billing
problem. If a partner sells a deal with significant consumption overage potential, and
the vendor pays commission only on the base commitment, the partner has no incentive
to help the customer deploy the AI deeply — because deeper deployment generates
consumption revenue that the partner does not share in. AI commission structures that
include a tail payment on consumption revenue — even at a lower rate than the upfront

commission — create much better partner incentives for driving deployment depth.

Partner Tier Architecture — Reference Model

\
Revenue

commitment

Margin
commission

Key benefits Core obligations

Entry None 10—20% resale  Training access, Complete
(Registered) - 5% referral deal registration, certification,
basic tools register all deals
Mid Quarterly 20—-35% resale  Joint marketing  Active pipeline,
(Select/Silver) minimum funds, co-sell  trained  technical
support,  priority = resources, QBR
support participation
Top Annual 35%+ resale Dedicated partner  Practiceinvestment,
(Elite/Platinum)  revenue manager, beta  deep certification,
commitment access, preferred co-innovation
marketing commitment

Co-Sell and Cloud Marketplace Partnership

Co-selling with cloud marketplace partners — AWS, Azure, GCP — requires a specific

operational capability that many AI companies underinvest in.



A co-sell arrangement with a cloud provider typically involves registering deals in the
cloud provider's co-sell portal, working jointly with the cloud provider's sales team on
specific opportunities, and structuring the commercial terms so that the cloud provider's
financial commitment to the customer (their enterprise agreement) can be used to

purchase your product.

The operational investment required is real. You need a dedicated team member (or
team) managing the cloud provider relationship. You need deals registered and updated
in the co-sell portal with sufficient detail for the cloud sales team to champion internally.
You need a product listing that is current, accurate, and positioned correctly for the
cloud provider's customer base. And you need a commercial team that understands how
to structure marketplace private offers, how CPPO (Channel Partner Private Offer)
mechanics work, and how to close deals that involve both the cloud provider relationship

and your direct commercial terms.

Companies that invest in this operational capability find that the cloud marketplace
becomes a significant revenue channel within twelve to eighteen months. Companies
that treat the marketplace listing as a checkbox exercise — list the product and wait for
customers to find it — find that it generates minimal revenue. The marketplace is a

channel that rewards investment.

FOR THE CRO

Al-specific commission tail: the design that changes partner behavior

Standard SaaS partner programs pay commission on contract value at signing. Al programs that
add a tail payment on consumption revenue — even at 5-10% of the base commission rate —
create fundamentally different partner incentives. Partners are now economically incentivized
to drive deep deployment, not just initial sale. This single design change improves deployment

depth, consumption growth, and renewal rates.
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» Partner programs for AI products must be designed with Al-specific commercial dynamics in
mind.




» Three-to-four tier architecture: entry (registered), mid (select), top (elite) — with distinct
economics at each level.

» The Al-specific commission tail — a percentage payment on consumption revenue — aligns
partner incentives with deployment depth.

» Cloud marketplace co-sell requires operational investment but generates significant revenue
when done well.

» Partner economics are a strategic statement about what behaviors you are incentivizing.
Design them deliberately.

CHAPTER NINE

Concept to Cash: The Golden Thread

The ten-stage journey from Al product idea to recognized revenue — and the leakage that

happens when the thread breaks.

The golden thread is one of this series' central organizing concepts. It describes the
unbroken chain of data and events that runs from the moment an AI product is first
imagined — the idea — to the moment the revenue from its sale is recognized in the
general ledger. Every link in that chain is a decision, a process, and a data
transformation. And every break in that chain is revenue that was created but not

captured.

For a CEO or CRO thinking about the commercial architecture of an AI business, the
golden thread is a diagnostic framework as much as an operational description. Trace
the thread from concept to cash in your own business. Where does it break? Where is
the data handoff from one system to another imprecise or manual? Where do
commercial decisions live in people's heads rather than in structured data? Where does
the billing system produce invoices that cannot be traced back to the underlying events

that generated them?



The breaks in the golden thread are the revenue leakage points. And revenue leakage in
an Al business is not a small problem. The typical Al company operating without
deliberate attention to the golden thread is leaking three to eight percent of its revenue.

At significant scale, that is the difference between profitability and its absence.

"The breaks in the golden thread are the revenue
leakage points. The typical AI company operating
without deliberate attention to the golden thread is

leaking three to eight percent of its revenue."

The Ten Stages

The concept-to-cash journey has ten stages, each of which represents a potential break
in the thread.

The first stage is idea and product definition. The commercial implication of a product
decision is made before any sales motion begins: what the product is, what value it
delivers, and what pricing model it will use. Products defined without explicit
commercial thinking — without a pricing model baked into the product's architecture,
without entitlement structures embedded in the product's functionality — require

commercial retrofitting that is always more expensive than getting it right at the start.

The second stage is offer design. The product must be packaged for sale — the pricing
tiers, the bundle components, the add-on options, the discount structure. Al products
require more sophisticated offer design than SaaS products because they combine
multiple pricing dimensions (subscription, consumption, outcome), multiple product
types (model access, agent workflow, outcome service), and multiple customer segments

with different value perceptions. Offer design decisions made casually — whatever the



sales team can sell most easily — create catalog complexity that makes accurate billing

nearly impossible.

The third stage is quoting. The translation of offer design into a specific commercial
proposal for a specific customer. AI quoting is complex because the quote must
accurately represent variable pricing components (consumption estimates, projected
outcomes) in a way that is both honest and commercially defensible. A quote that
understates the likely consumption for a high-usage customer creates a billing dispute
at the first invoice. A quote that overstates consumption to inflate the contract value

creates a disappointed customer who renews at a lower level.

The fourth stage is contracting. The translation of the quote into a binding commercial
agreement. As discussed in the deal desk chapter, Al contracts are complex — and the
commercial terms embedded in the contract flow downstream into every subsequent
stage. A contract with ambiguous outcome definitions creates billing disputes. A
contract without consumption overage provisions creates revenue leakage. A contract

without price adjustment mechanisms leaves value on the table.

The fifth stage is provisioning. The activation of the customer's entitlements in the
product and in the billing systems. This is where commercial decisions meet operational
reality. The entitlement that was designed in the product and negotiated in the contract
must be correctly implemented in the system that governs the customer's access and
consumption. Provisioning errors — an entitlement that was activated with the wrong
parameters, a token budget that was set incorrectly — are a common source of both

revenue leakage and customer billing disputes.

The sixth stage is metering. The measurement of the customer's consumption. As
emphasized throughout this series, metering is the foundation of all consumption-based
and outcome-based billing. Metering errors — events that were not logged, events that
were attributed to the wrong customer, events that were counted multiple times — are
the root cause of the most costly billing disputes and the most significant revenue

leakage.



The seventh stage is billing. The translation of metered consumption into invoices. Al
billing is more complex than SaaS billing because it aggregates events across multiple
pricing dimensions, applies tiered pricing rules, calculates consumption overages, and
generates the traceability documentation that makes each invoice defensible. Billing

systems designed for SaaS subscriptions are not adequate for AI consumption billing.

The eighth stage is collection. The receipt and application of payment. In high-volume
AT deployments with consumption billing, the collection process is more complex than
in SaaS — invoices vary month to month, disputes are more common, and the matching

of payments to specific invoices requires more sophisticated cash application logic.

The ninth stage is revenue recognition. The accounting treatment of collected revenue
under applicable standards. For AI products with variable consideration — particularly
outcome-based products where the ultimate revenue depends on performance —
revenue recognition requires careful policy design and consistent application. This is the
stage where the accounting sophistication of the commercial design is most directly

tested.

The tenth stage is renewal and expansion. The conversion of a current customer's
contract into its successor — at a price, on terms, and with a scope that reflects the value
the AI has delivered. The renewal is where the investment in measurement, outcome
reporting, and customer success pays off commercially. A customer who has been
shown, quarter by quarter, the specific value the AI has delivered and what that value

was worth is a customer who understands why paying more at renewal is reasonable.

Each of these ten stages is a chapter in the practitioner books of this series. For the
executive reader, the value of understanding the golden thread is the diagnostic lens it

provides. Trace the thread. Find the breaks. The breaks are the work.

The Golden Thread — Ten Stages and Their Commercial Risk

What it is Primary risk Cost of failure




1. Idea &
product
definition

2. Offer

design

3. Quoting

4.
Contracting

5.
Provisioning

6. Metering

7. Billing

8. Collection

9. Revenue
recognition

10. Renewal
& expansion

Al capability
translated to
commercial
product

Packaging for
sale: tiers,
bundles,
discounts

Customer-
specific
commercial
proposal

Binding
commercial
agreement

Activating
entitlements
in  product
and  billing
systems

Measuring
consumption
at event level

Events —
invoices

Payment
receipt and
application

GAAP/IFRS
accounting
treatment

Successor
contract
negotiation

No pricing model
in product
architecture

Over-simplified
catalog, missing
pricing
dimensions

Consumption
underestimate;
over-promising on
outcomes

Ambiguous terms:
outcome
definitions, SLA,
price adjustment

Wrong
parameters,
delayed activation

Lost events,
attribution errors,
duplicate records

Aggregation
€errors,
pricing
applied

wrong
rules

Unapplied cash,
payment-invoice
mismatches

Variable
consideration
estimate errors

No outcome
evidence to
support higher
price

Commerecial retrofitting costs 3—
5x getting it right upfront

Billing system cannot represent
actual product complexity

First invoice dispute; customer
trust damaged

Disputes with no contractual
resolution mechanism

Revenue missed; customer

service disruption

Revenue leakage; billing disputes
with no evidence

Overcharge — disputes;
undercharge — leakage
Working capital trapped;

revenue recognition delayed

Restatement risk; audit findings

Renewal at discount; expansion
requires new sales cycle
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» The golden thread is the unbroken data and process chain from product concept to recognized
revenue.

» Every break in the thread is a revenue leakage point. Three to eight percent of AI revenue is
typically leaking.

» Ten stages: product definition, offer design, quoting, contracting, provisioning, metering,
billing, collection, recognition, renewal.

» The most costly breaks: metering errors (lost events), billing errors (wrong rules), and
contracting gaps (no dispute mechanism).

» Trace your own golden thread. Identify the breaks. The breaks are the work.

PART THREE

The Revenue Engine

Post-sale revenue, the RevenueOS, human-AI commercial operations, billing as trust,
and leading the transformation.

CHAPTER TEN

Renewals, Expansions, and the Post-
Sale Revenue Engine

Post-sale is where Al revenue compounds. The operating model for managing
autonomous products after the initial sale.

Post-sale revenue — renewals, expansions, and the compound growth of an existing
customer base — is where AI companies build the durable commercial value that
justifies their valuations. It is also where the Al economy differs most sharply from the

SaaS model it is replacing.



In the SaaS model, the renewal was a relationship event. The CSM reviewed the account,
assessed health scores based on usage metrics, had a conversation about satisfaction and
upcoming needs, and brought a renewal proposal to the table. The expansion was a
commercial event: a new module, more seats, a higher tier. Both were driven by human

activity — the CSM's effort and the customer's articulation of new needs.

In the AI model, the renewal and expansion dynamics are fundamentally different. The
product is doing things. Autonomous things. It is resolving tickets, reviewing contracts,
generating analyses, writing code. Whether it is doing those things well — whether the
outcomes are good, whether the value is real — is determined not by how often users log
in but by what the AI actually accomplishes. And the expansion is not triggered by a
human identifying a new need. It is triggered by the AI proving its value in one domain

and the customer deciding to deploy it in another.

This requires a different operating model for customer success.

Redesigning Customer Success for Al Products

The traditional customer success function measured success by product adoption: were
users logging in? Were they using core features? Was the health score green? These
metrics made sense for a product that required human effort to generate value. If users

were not logging in, the product was not generating value.

Al products invert this logic. The Al logs in for you. The Al uses the features. An
enterprise that deployed an Al contract review system in January does not have its
lawyers logging in every day to review contracts. The Al reviews them. The lawyers
receive summaries. Whether the Al is doing a good job is not visible in login metrics. It
is visible in outcome metrics: are the reviews finding the issues that matter? Are they
turning around in time? Are lawyers spending less time on routine review and more time

on judgment-intensive work?

The customer success function for an Al product must be redesigned around outcome

measurement. This means instrumenting the product to track outcomes, not just usage.



It means establishing baseline metrics with customers at the start of the relationship so
that improvement is measurable. It means running regular business reviews that are
centered on outcomes delivered and value created, not feature utilization and support

ticket counts.

It also means recognizing that the Al product itself can participate in customer success.
An AI monitoring agent that tracks its own performance against SLA commitments,
flags developing issues before they become customer concerns, and surfaces expansion
opportunities based on usage pattern analysis is doing customer success work that a
human CSM cannot do at scale. The future of customer success for Al products is
human-AI collaboration: human judgment for the relationship and the strategic
conversation, Al capability for the continuous monitoring and pattern detection that

reveals what is actually happening in the deployment.

THE MEASUREMENT SHIFT

From login metrics to outcome metrics

In SaaS, customer health was proxy for product adoption: daily active users, feature utilization,
support ticket frequency. In Al, the product is active without user intervention. The relevant
health signal is not whether users are logging in — it is whether the AI is producing good
outcomes. Health scoring for Al products requires outcome metrics, SLA performance data, and
value delivery evidence. These must be built into the product.

The Al-Native Expansion Motion
The expansion motion for Al products is fundamentally different from SaaS expansion

in one important respect: the trigger.

SaaS expansion was triggered by the customer recognizing a new need. A company using
Salesforce for sales CRM decides it also needs Salesforce for customer service. A
company using Slack for messaging decides it also needs Slack for external
collaboration. The customer had a need; the vendor had a product; a commercial

conversation happened.



Al expansion is increasingly triggered by the Al itself. An Al that has proven its value on
contract review is creating evidence — in the data — that there are other legal workflows
it could improve. An Al that has demonstrated excellent performance on customer
service tickets in English is generating data that supports a conversation about
deploying it in French, German, and Japanese. An Al that has optimized a finance team's
reconciliation workflow is creating natural momentum toward optimization of related

workflows.

The CRO and CPO who understand this dynamic build it into the product and the
commercial process. The product generates the evidence. The commercial process acts
on it. The customer success conversation is structured around reviewing the evidence
and identifying the next deployment rather than arguing for an expansion the vendor

needs but has no evidence for.

This is a fundamentally more customer-centric expansion model than traditional upsell
— and it is also more commercially powerful. A customer who expands because their
own data shows the AI is delivering value is a customer who stays. A customer who
expands because the account executive pitched them a new module is a customer who

might not renew.

Expansion Mechanics: SaaS vs Al Products

Dimension SaaS expansion Al product expansion

Trigger Human identifies new need Al performance data identifies new
opportunity

Evidence Product feature availability Outcome delivery data from existing
deployment

Motion Sales pitches new module or seats CS reviews data; identifies adjacent use

case; presents evidence

Customer Vendor selling something Vendor  sharing  evidence  of
experience opportunity the customer owns
Commercial New order or amendment Expansion clause in original contract

instrument or structured renewal



Revenue Low — depends on sales effort Higher — data-driven pipeline of
predictability expansion opportunities
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» Post-sale is where Al revenue compounds. The renewal and expansion motion must be
redesigned for autonomous products.

» Customer success must move from adoption metrics (login rates) to outcome metrics (results
delivered, value created).

» Al expansion is triggered by performance data, not by human need identification — requiring
a fundamentally different CS motion.

» The AI product itself participates in customer success through continuous monitoring,
anomaly detection, and opportunity surfacing.

» Human judgment remains essential for the relationship conversation; AI handles the data
collection and pattern recognition.

CHAPTER ELEVEN

RevenueOS: The Vision for Al-Native
Commercial Operations

The integrated architecture that makes AI monetization strategy operationally real.

RevenueOS is the operational infrastructure through which AI monetization strategy
becomes commercial reality. It is the integrated set of systems, processes, data models,
and governance structures that takes a product from concept to cash — and does so with

the accuracy, traceability, and scalability that the AT economy demands.

The term is chosen deliberately. An operating system is not just a collection of software.
It is an architecture — a designed set of rules and interfaces that allows many different
components to work together reliably. A revenue operating system is the same thing

applied to the commercial function: not a single application but an architecture that



allows pricing strategy, product configuration, quoting, contracting, metering, billing,

recognition, and financial reporting to work together reliably.

Most companies do not have a RevenueOS. They have a revenue collection of systems —
a CRM here, a billing platform there, a spreadsheet-based CPQ process, a manual
revenue recognition exercise at quarter close. These systems were assembled over time,
each chosen for its specific capability, and connected through a combination of API

integrations and manual data entry that works until it does not.

The AI economy is the forcing function that makes this hodgepodge architecture
unacceptable. Consumption billing at the scale Al generates — millions of metering
events per day, complex pricing rules with multiple tiers and variable components,
invoices that must be traceable to specific events for dispute resolution — cannot be
managed with systems designed for SaaS subscriptions. The RevenueOS must be built,

or the commercial operation will not be able to support the business.

The Six Components of RevenueOS

The RevenueOS has six functional components, each of which must be designed with Al

commerce in mind.

The product and pricing catalog is where commercial intent is captured in data. It
contains the canonical definitions of products, prices, entitlements, and bundles — the
monetization objects that the rest of the system operates on. It must be able to
accommodate multiple pricing dimensions simultaneously, version pricing changes
without disrupting in-flight contracts, and make pricing data accessible to the systems

that need it in real time.

The CPQ (Configure, Price, Quote) system translates the catalog into customer-specific
proposals. AI CPQ must be able to handle consumption-based pricing components,
outcome-based pricing with variable consideration estimates, and hybrid structures that
combine multiple pricing dimensions. It must produce quotes that are internally

consistent — that can be converted to contracts and eventually to invoices without



manual translation — and that accurately represent the variable components of the deal

so customers are not surprised by their invoices.

The contract management system is the repository of commercial commitments. Every
entitlement, every pricing term, every SLA commitment, every price adjustment trigger
lives in the contract management system and must be accessible to downstream systems
— particularly the billing system — in structured data form. Contracts that exist only as
PDFs in a shared drive are not contract management. Contract management is the
discipline of capturing commercial terms in structured data that downstream systems

can consume.

The metering and events system is the real-time infrastructure that captures
consumption at the granularity required for Al billing. This is the component that most
companies are least prepared to build, because it operates at a scale — millions of events
per day — that requires engineering investment and architectural decisions that typical
SaaS billing does not demand. The metering system must be reliable (events that are lost
are revenue that is lost), precise (billing disputes will be resolved by comparing invoice
numbers to event-level data), and real-time (customers need to see their consumption

against their budgets before they exhaust them).

The billing engine translates event data into invoices. It aggregates events, applies
pricing rules, calculates overages, computes taxes, and generates the traceability
documentation that allows every invoice line to be traced to its source events. The billing
engine for an Al company is a data pipeline, not a form generator. Its performance

characteristics must be evaluated as data infrastructure, not as billing software.

The revenue recognition module translates invoiced amounts into recognized revenue
under applicable accounting standards. For AI products with variable consideration,
this module must apply the constraint analysis and variable consideration estimation
required by ASC 606. It must handle contract modifications, mid-term changes, and the
allocation of transaction price across multiple performance obligations. It must produce

the data required for audit and financial reporting. This is where the commercial



complexity of AI products is most visible to the finance function, and where the

investment in precise commercial design pays its most direct financial dividend.

RevenueOS — Six Components and Their Al-Specific Requirements

Core function

Al-specific requirements

Failure mode without Al design

Product &
pricing
catalog

CPQ

Contract
management

Metering &
events

Billing
engine

Revenue
recognition

Defines what is
sold and how it
is priced

Translates
catalog to
customer
proposal

Stores
commercial
commitments
in structured
data

Captures
consumption at
event level

Events —
invoices
Revenue —
GAAP
accounting

Build, Buy, or Compose

Multiple pricing
dimensions
simultaneously; version
management; real-time
availability

Consumption estimates
in  quotes; variable
consideration;  hybrid
pricing structures

Entitlements, SLAs, and
pricing rules accessible
to billing system in
structured form

Millions of events per

day; real-time;
deduplication;
attribution; 7-year
archival

Aggregation across
multiple pricing
dimensions; tiered

pricing; traceability to
events

Variable consideration;
performance obligation
allocation; contract
modifications

Catalog cannot represent Al product

complexity; billing system
compensates badly
Quotes that understate

consumption; first invoice surprises

Contract terms live in PDFs; billing
operates on different assumptions

Revenue leakage; billing disputes
with no evidence base

Invoices that cannot be explained or
defended

Audit findings; restatement risk;
quarter-close crises

The build-versus-buy decision for RevenueOS components is more nuanced for Al

companies than the conventional wisdom suggests.



The conventional wisdom says: buy standard software for standard functions, build only
where you have a genuine competitive advantage. For SaaS billing, this meant buying
Stripe, Zuora, or Recurly and not building a billing system. The standard products were
good enough, the cost of building was high, and billing was not where competitive

advantage lived.

For AI billing, the standard products are not yet good enough. The major billing
platforms were designed for SaaS subscription economics — recurring charges, seat
counts, annual contracts. They have added consumption billing capabilities, but the
granularity and real-time performance required for AI metering at enterprise scale is at
or beyond the edge of what they support reliably. The metering infrastructure, in
particular, is genuinely difficult to build on top of platforms designed for a different

paradigm.

This creates a genuine build-buy-compose decision for the CTO and CFO to make jointly.
The options are: build the metering infrastructure custom and buy the billing and
recognition layers; buy a platform and accept its limitations while working around them;
or compose a solution from purpose-built Al billing components that have emerged

specifically to address this gap.

Theright answer depends on the company's scale, engineering capacity, and commercial
complexity. The wrong answer is to decide that SaaS billing infrastructure is good
enough for AI billing without formally evaluating whether that is true. The cost of
discovering that it is not — through billing errors, revenue leakage, and audit failures —

is significantly higher than the cost of evaluating the options carefully upfront.

FOR THE CFO

The RevenueOS is not an IT project

The decision to build AI-grade commercial infrastructure is not a technology decision delegated
to the CTO. It is a financial risk decision that belongs on the CFO's desk. The cost of inadequate
revenue infrastructure — in leakage, in billing disputes, in audit findings, in revenue recognition
restatements — regularly exceeds the cost of building it correctly. The RevenueOS is how the

CFO ensures that the financial function can manage the AI business.
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» RevenueOS is the integrated commercial architecture that makes AI monetization strategy
operationally real.

» Six components: product catalog, CPQ, contract management, metering, billing engine,
revenue recognition.

» Each component has Al-specific requirements that standard SaaS infrastructure does not
meet.

» The metering and events layer is the most technically challenging and the most commonly
underinvested.

» Build-buy-compose decision must be made deliberately — SaaS billing infrastructure is not
adequate for AT at scale.

CHAPTER TWELVE

The Agent Huddle: How Humans and
Al Work Together

The operational pattern for high-quality commercial decisions at machine speed.

The Agent Huddle is one of the most important concepts for operational leaders
navigating the AI monetization transition — and one of the least intuitive, because it
describes a new kind of organizational structure for which there is no clean historical

analogy.

An Agent Huddle is a structured, time-bounded convening of human decision-makers
and Al agents around a shared commercial problem that neither can resolve optimally
alone. The humans bring judgment, context, and authority. The agents bring data
retrieval, pattern recognition, calculation precision, and workflow execution. Together,

they resolve the problem faster and better than either could independently.



The Agent Huddle is not a meeting. It is a designed interaction pattern — a repeatable,
governed process with defined participants, defined data inputs, defined resolution
criteria, and a defined audit trail. It is the operational answer to the question: how do
we make high-quality commercial decisions at a scale and speed that human-only

processes cannot achieve?

The Seven Huddle Types
There are seven types of Agent Huddle in the commercial context, and each solves a
specific class of problem that is otherwise handled badly by either pure human process

or pure Al automation.

The billing exception huddle addresses disputes, credits, and adjustments. A billing
dispute arrives. The billing agent retrieves the invoice, traces each disputed charge to its
underlying events, calculates whether the billing was mathematically correct, and
presents the evidence. The traceability agent confirms the chain from events through
aggregation to invoice. The human billing operations person reviews the evidence,
applies commercial judgment (should we issue a credit even if the billing was technically
correct?), and authorizes the resolution. The agent executes the approved action. The

entire process is documented in an audit log.

The deal approval huddle addresses non-standard commercial terms that require senior
authorization. A sales rep brings a deal with a custom discount, a non-standard SLA, or
a novel outcome definition. The pricing agent calculates the margin impact of the
proposed terms. The risk agent assesses the SLA commitments against the AI's historical
performance on similar use cases. The human deal desk lead reviews the analysis and
makes the approval decision. The process is faster and better informed than a traditional
deal review meeting because the agents have done the analytical work before the human

needs to engage.

The revenue leakage huddle addresses anomalies in the golden thread. The leakage

detection agent flags a pattern — events that were metered but not attributed to any



contract, entitlements that appear to have been consumed beyond their contractual
limits, invoices that are lower than expected for the observed consumption. The
traceability agent maps the anomaly back to its root cause. The human RevOps lead
determines whether the anomaly represents actual leakage, a system error, or a data
quality issue. The remediation agent executes the approved correction. This process

systematically surfaces and resolves leakage that would otherwise accumulate invisibly.

The close and reconciliation huddle addresses the month-end process — the alignment
between what the billing system believes happened and what the general ledger reflects.
The billing agent compiles the period's billing activity. The revenue recognition agent
applies the accounting rules and produces the rev rec entries. The human controller
reviews the entries for reasonableness and compliance with accounting policies. The
agents execute the approved postings. This process makes month-end faster and more
consistent — reducing the overtime and anxiety that accompanies traditional manual

close processes.

The Seven Agent Huddle Types — Executive Reference

Resolution
target

Human
contribution

Commercial
problem
addressed

Huddle type Agent

contribution

Billing Disputes, Commercial Event retrieval, 2—4 hours
exception credits, judgment, billing trace,
adjustments authorization calculation
Deal approval Non-standard Authority, risk  Margin 4—8 hours
terms, large  judgment calculation, SLA
discounts risk assessment
Revenue Golden thread Root cause  Anomaly 24 hours
leakage anomalies determination, detection,
remediation pattern analysis
direction
Contract Mid-term Commerecial Impact 24—-48
amendment changes and and legal  calculation, rev  hours
their judgment rec modeling
downstream

impact



Tax Multi- Tax counsel  Jurisdiction 1—4 hours

determination  jurisdiction, judgment on  lookup, rate
novel Al  novel cases application
products
Collections Delinquency Payment plan  Aging analysis, 48 hours
triage and action  negotiation, risk scoring,
write-off outreach draft
decision
Close &  Month-end Controller Billing Same day
reconciliation financial review and compilation, rev
alignment approval rec entries

The Leadership View

For a CEO or CRO thinking about the Agent Huddle, the most important insight is
organizational. The Huddle does not replace human judgment. It creates the conditions
under which human judgment can be applied most effectively — with complete
information, in a structured context, with agents available to execute the decisions

made.

This matters for how you think about AI's impact on the commercial function. The
question is not whether AI will replace your billing operations team, your deal desk, or
your RevOps analysts. The question is how to redesign those functions so that human
judgment is applied where it is genuinely irreplaceable, and Al capability handles the

analytical and execution work that does not require human judgment.

The companies that get this redesign right will have commercial functions that are
faster, more accurate, and more scalable than their competitors — without necessarily
being larger. The Agent Huddle is the design pattern for that redesign. It is how you
deploy Al in the commercial function without creating the accountability gaps that arise

when Al makes consequential decisions without human oversight.



"The Agent Huddle does not replace human judgment.
It creates the conditions under which human judgment
can be applied most effectively — with complete
information, in a structured context, with agents

available to execute the decisions made."
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» The Agent Huddle is a designed interaction pattern: human judgment + AI capability,
structured for commercial decisions.

» Seven types address the key commercial exception cases: billing, deal approval, leakage,
amendment, tax, collections, close.

» The Huddle does not automate decisions. It ensures humans make better decisions faster, with
Al doing the analytical work.

» For the CEO: the Huddle is the operating model for Al-native commercial functions, not a
technology feature.

» Companies that design their commercial functions around the Huddle pattern will have faster,
more accurate, more scalable operations.

CHAPTER THIRTEEN

Earning Trust One Invoice at a Time

Billing accuracy as a strategic relationship asset. The invoice as the brand's most
frequent enterprise touchpoint.

Trust is the rarest asset in AI commerce. It is also, increasingly, the most commercially

valuable.



As Al capabilities proliferate, the technological differentiation between competing
products compresses. Model capabilities converge. Application features converge.
Pricing structures converge. The companies that maintain pricing power, customer
loyalty, and the ability to expand within their customer base in this converging market

are the ones that have built something AI cannot easily replicate: a relationship of trust.

Trust in Al commerce has three components. The first is technical trust: confidence that
the AI works reliably and does what it claims to do. The second is operational trust:
confidence that the vendor is accountable, transparent, and honest in its commercial
dealings. The third is financial trust: confidence that the invoices are accurate, the

charges are fair, and disputes will be resolved honestly.

Of these three, financial trust is the one most directly in the control of the commercial

function — and the one most frequently neglected.

"Earning trust one invoice at a time is not a slogan. It
is an operating principle. Every invoice with an error
is a trust withdrawal. Every accurate, clear, traceable

itnvoice is a trust deposit."”

The Billing Health Index

The Billing Health Index (BHI) is a composite metric that captures billing quality in
terms that are meaningful to the CFO and the customer relationship team. Its five
components are: invoice accuracy rate (percentage of invoices issued without errors
requiring correction), dispute rate (percentage of invoices that generate formal
customer disputes), on-time delivery rate (percentage of invoices delivered within the

contracted delivery window), line-item clarity score (customer survey measure of how



understandable the invoice is), and resolution speed (average days to resolve billing

disputes when they occur).

Billing Health Index — Component Reference

Definition

Impact on trust

How to improve

Invoice
accuracy

Dispute rate

On-time
delivery

Line-item
clarity

Resolution
speed

% of invoices requiring

no correction after
issuance

% of invoices
generating formal

customer disputes

% of invoices delivered
within contracted
window

Customer survey score
on invoice
understandability

Average days to resolve
billing disputes

> 99.5%

< 0.5%

>99%

> 4.2/5

< 3days

Primary trust
signal — errors
suggest the vendor
cannot be trusted

High disputes
signal systematic
billing problems

invoices
customer

Late
disrupt
financial
operations

Confusing invoices
create latent
distrust even
without errors

Slow  resolution
damages

relationships more
than the original

error

Metering audit, pre-
issuance review, event
attribution validation

Root cause analysis of
all disputes; address
systemic causes

Billing run
automation; SLA
monitoring

Plain language
descriptions; event
summary links

Agent Huddle for
billing exceptions;
defined SLAs for

dispute response

Chapter Thirteen — The Essentials

» Trust is the rarest and most commercially valuable asset in AI commerce as technical
differentiation compresses.

» Financial trust — confidence in billing accuracy and commercial fairness — is the component
most in the commercial function's control.

» The Billing Health Index tracks five components: accuracy, dispute rate, on-time delivery, line-
item clarity, resolution speed.

» High BHI companies renew at higher rates, expand more easily, and generate more
referenceability from their customer base.



» Every invoice is a trust event. The cumulative balance of those events determines the character
of the customer relationship.

CHAPTER FOURTEEN

Leading the Monetization
Transformation

The organizational, cultural, and operational changes required to become AI-native in
how you commercialize.

The transition from SaaS-era commercial operations to AI-era commercial operations is
not primarily a technology problem. The technology exists — the billing platforms, the
metering infrastructure, the CPQ systems designed for consumption-based pricing. The
harder problem is the organizational and cultural transformation required to use that

technology effectively.

This chapter is about leading that transformation — not implementing it, which is
covered in the practitioner volumes of this series, but leading it. The decisions that must
be made at the CEO, CRO, and board level. The organizational changes that must be
made deliberately rather than by default. The cultural shifts that take longer than the

technology and matter more.

The Four-Step Sequencing Logic

The first and most important leadership decision is sequencing. The transformation
from SaaS commercial operations to Al-native commercial operations cannot happen
all at once. The systems are too interconnected, the customer relationships too fragile,
and the organizational change too significant. It must be sequenced, and the sequencing

decision is a strategic one.



The sequencing logic I recommend: start with the data model. Before changing any
process, before implementing any new system, define the commercial objects with the
precision that AI monetization requires. Products, prices, entitlements, meters, events,
invoices — get these definitions right in a shared document that the entire commercial
organization, finance, and engineering team can agree on. This is unglamorous work. It
produces no customer-visible outcome. But it is the foundation on which everything else

is built, and building on an imprecise foundation produces imprecision at scale.

The second step is measurement infrastructure. Before changing the pricing model,
build the instrumentation to support the pricing model you are moving toward. If the
destination is consumption-based billing, the metering infrastructure must exist before
you change the commercial terms. If the destination is outcome-based pricing, the
outcome measurement infrastructure must exist and have been validated before you
propose to charge for outcomes. Companies that change the commercial model before
the measurement infrastructure is ready generate billing disputes they cannot resolve

and outcome claims they cannot support.

The third step is the pilot. Introduce the new commercial model with a small number of
willing customers — typically new customers who have not yet established habits around
the old model, or existing customers who are strong advocates and have expressed
interest in value-based pricing. The pilot generates operational experience with the new
model, identifies the failure modes before they affect the entire customer base, and

produces the evidence required to build internal confidence in the model.

The fourth step is the migration. Move the existing customer base from the old model to
the new model in a structured sequence, starting with the customers where the new
model creates the most value and the least disruption, and ending with the customers
where the transition is most complex. Honor existing contracts for their remaining term.
Introduce the new model at renewal. Give customers sufficient notice and explanation
that the transition feels like a deliberate business decision rather than an arbitrary

change.



Transformation Sequencing — The Right Order of Operations

1. Data model

2.
Measurement

3. Pilot

4. Migration

Define all
monetization
objects with
precision

Build
instrumentation

for higher-rung
pricing

New pricing
model with 5-10
willing customers

Move installed
base from old to
new model

The Cultural Shifts

| Duration

4-8
weeks

3—6
months

3—6
months

12—24
months

Key deliverable

Canonical object
definitions agreed
by  commercial,
finance,
engineering

Event
live;
tracking
dashboards
showing
delivered

telemetry
outcome
active;

value

Operational
experience; failure
modes
documented;
internal
confidence built

Full migration
completed; old
model sunset

Success signal

No disagreement on what
a product, entitlement, or
event means

Can produce evidence of
outcome delivery for
customer conversations

Billing runs smoothly;
customer disputes
manageable;  economics
confirmed

NRR improves; dispute
rate declines; sales team
confident in value
conversation

The cultural shifts required for Al-native commercial operations are less visible than the

process changes but more consequential.

The shift from selling access to selling value requires the sales team to have a

fundamentally different conversation with customers. Instead of: here is what the

product does, here is the price, do you want it? The conversation becomes: here is what

outcome we will deliver for you, here is how we measure whether we delivered it, here is

what you will pay if we do, and here is our evidence that we can. This is a harder

conversation. It requires the sales team to understand the customer's business deeply

enough to define outcomes in their terms, to make commitments the vendor can fulfill,

and to discuss economic value in terms the customer's CFO will find credible.



Training a sales team to have this conversation is a multi-year process. It requires new
hiring criteria — salespeople who can think in business value terms, not just product
feature terms. It requires new sales tools — outcome calculators, ROI frameworks,
business case templates. It requires new compensation design — incentives that reward
deals structured for maximum value realization, not just maximum upfront
commitment. And it requires executive patience for the period — often twelve to
eighteen months — during which the new motion is being learned and before it is

producing results.

The shift from quarterly billing to continuous commercial operations requires the
finance and operations teams to think differently about revenue visibility. In a SaaS
model, next quarter's revenue is predictable to a high degree of precision — you know
your ARR, you can estimate churn and expansion within a range, and the rest is timing.
In an AI consumption model, the revenue in any given period depends on how much the
Al was used and what it accomplished, which depends on customer behavior and Al
performance, both of which are less predictable. This requires new forecasting models,
new risk frameworks, and a tolerance for variance that finance teams trained in SaaS
predictability often find uncomfortable. Building that tolerance — and the analytical
capabilities required to forecast consumption accurately — is a cultural shift that

requires investment and time.

FOR THE BOARD

Set the governance expectations early

Boards that establish clear expectations about AI monetization rigor — that ask, at every
investment review, how the commercial architecture will capture the value being built — create
a much higher probability that management will build that architecture proactively rather than
reactively. The board's job is not to design the pricing model. It is to ensure that the question is
being asked with the frequency and urgency it deserves.

Chapter Fourteen — The Essentials

> The transformation to Al-native commercial operations is primarily organizational and
cultural, not technical.




» Sequence: data model first, measurement infrastructure second, pilot third, migration fourth.

» Cultural shifts: selling value not access; tolerating revenue variance; aligning compensation
with commercial evolution.

» The transformation takes two to three years when done deliberately. It takes longer, and costs
more, when forced by competitive pressure.

» The CEO and board must set the governance expectations that make the transformation a
priority before the market makes it urgent.

CHAPTER FIFTEEN

The Al P&L: A New Financial
Language for Leaders

The management financial model that tells the truth about an AI business — beyond
what GAAP requires.

The AI P&L is the financial model that tells the truth about an AI business. Not the
income statement that meets GAAP requirements — that truth is well served by the
accounting standards already in place. The AI P&L is the internal management view that
answers the questions a CEO and board need to answer to evaluate whether the Al
business is creating value, capturing it efficiently, and positioned to sustain that

advantage.

The conventional financial metrics of SaaS — ARR, NRR, CAC, LTV, gross margin — are
necessary but not sufficient for managing an Al business. They are insufficient because
they were designed for a world where costs are relatively predictable (infrastructure cost
per seat is stable), value is relatively flat (the product delivers roughly the same value
per seat over time), and growth is primarily driven by new customer acquisition (existing

customers expand modestly). None of these assumptions hold in the AI economy.

This chapter is about building the financial vocabulary that a CEO and board need to

govern an Al business effectively. Not the accounting vocabulary — accountants have



standards to follow. The management vocabulary that reveals whether the business is

healthy.

The Four Dimensions of the Al P&L
The AI P&L has four dimensions that the conventional income statement does not

capture clearly.

The first dimension is token economics. What does it cost to serve each customer, in
token terms? What is the cost per token for the models the company is using? What is
the revenue per token from the pricing model? What is the margin between the two?
This arithmetic is not visible in a conventional P&L — it is buried in COGS without the
granularity needed to make decisions. A company that is running negative token
economics on its heaviest customers — spending more on model inference than it is
charging for it — will only see this in the aggregate margin compression on the income

statement, not in the customer-level arithmetic that reveals the problem.

The second dimension is outcome ROI. For companies with outcome-based components
in their commercial model, the AI P&L should show, for each major use case, the
economic value of outcomes delivered and the cost of delivering them. This is the metric
that tells you whether your Al is actually creating value at the rates you believe — and

whether you are capturing an adequate share of that value through your pricing.

The third dimension is customer economics. P&L by customer — revenue, COGS
(including all AI infrastructure costs attributed to serving that customer), and gross
profit by customer — is the management tool that reveals which customers are
economically viable and which are not. An AI business with strong aggregate gross
margins can be hiding a small number of customers who are deeply unprofitable.
Understanding customer economics is the prerequisite for pricing decisions that

improve the overall economics of the business.

The fourth dimension is the open-claw metric. What is the gap between the value the Al

is creating for customers and the revenue the company is capturing from it? This gap



can be estimated — it requires customer interviews, outcome data, and some
assumptions about how to value Al-generated results — but it is worth estimating. A
company that knows its open-claw gap is 40% — meaning it is capturing 60% of the
value it creates — has a specific, quantified improvement opportunity. A company that
does not know its gap is managing the most important commercial question of its

business without data.

Building these four dimensions of the AI P&L requires investment in financial
infrastructure that most AI companies have not yet made. It requires metering at the
customer level, not just in the aggregate. It requires outcome measurement data. It
requires cost attribution at the customer and workflow level. It requires the analytical
capability to synthesize these data sources into actionable management information.
But the investment pays for itself quickly — not in accounting accuracy, but in

commercial decisions that are grounded in evidence rather than intuition.

The Al P&L — Four Dimensions Beyond the Income Statement

Dimension What it measures income How to build it

Why the
statement doesn't show it

Token Cost per token COGS is aggregated —  Metering at customer level +
economics served vs revenue  customer-level token  cost attribution per model call
per token charged by  arithmetic invisible
customer
Outcome Economic value of Neither value nor Outcome measurement +
ROI outcomes delivered  outcome cost appears in ~ economic value estimation
vs cost of delivering  standard GAAP  methodology
them reporting
Customer Revenue, COGS,and  Income statement shows  Revenue and cost attribution at
P&L gross profit per  aggregate —unprofitable customer level in data
customer customers hidden warehouse
Open-claw Gap between AI  Not a GAAP concept —  Customer interviews + outcome
metric value created and  requires customer data + value estimation
revenue captured research and modeling framework



"A company that knows its open-claw gap is 40% —
that it is capturing 60% of the value it creates — has a
specific, quantified improvement opportunity. A
company that does not know its gap is managing the
most important commercial question of its business

without data.”

Chapter Fifteen — The Essentials

» Conventional SaaS financial metrics — ARR, NRR, gross margin — are necessary but

insufficient for managing an AI business.

» Four additional dimensions: token economics (customer-level cost vs revenue), outcome ROI,
customer P&L, and the open-claw metric.

» Building these requires investment in metering, outcome measurement, cost attribution, and
analytical infrastructure.

» The open-claw metric — the gap between value created and revenue captured — is the most
important number most AI companies don't know.

» The AI P&L is a management tool, not an accounting standard. Build it for decision-making,
not for reporting.

CLOSING

Close the Claw

The capability is there. Build the capture.

The AI economy is the most significant commercial transformation of our lifetimes. The

companies that navigate it well will not necessarily be the ones with the best technology.



They will be the ones that understand what their technology is worth and have built the

commercial architecture to capture that value.

The imperative is not gradual. Every quarter that passes with a pricing model misaligned
to value, with billing infrastructure inadequate for the commercial complexity being
generated, with a sales motion designed for last decade's product, is a quarter in which

the open-claw gap is widening. The capability is compounding. The capture is not.

The five components of commercial excellence in the AI economy are clear. Understand
what changed — not just in the technology, but in the commercial logic the technology
demands. Choose your layer in the five-level stack with deliberation, and design your
pricing for that layer's specific economics. Build the commercial machine — the
channels, the deal desk, the contracts, the billing infrastructure — with the rigor that Al
commerce requires. Manage the post-sale revenue engine with the discipline that
autonomous products demand. And lead the transformation with the patience for the

organizational and cultural changes that are harder than the technology.

These are not theoretical prescriptions. They are the practical lessons of companies that
have navigated this transition — some successfully, some not. The ones that succeeded
were not necessarily smarter or better funded. They were more deliberate. They made
the hard decisions about pricing and commercial architecture before they were forced to
by competitive pressure or financial reality. They built the measurement infrastructure
before they needed to charge for outcomes. They trained their sales teams to have value

conversations before the market demanded it.

The AI Revenue Imperative is not a technology challenge. It is a commercial challenge.
And commercial challenges, unlike technology challenges, are not solved by the best
algorithm. They are solved by the clearest thinking, the most disciplined execution, and

the willingness to make the hard decisions early.

Close the claw. The capability is there. Build the capture.



THE Al REVENUE IMPERATIVE - The Al Economy Monetization Series

"The AI Revenue Imperative is not a technology
challenge. It is a commercial challenge. And
commercial challenges are not solved by the best
algorithm. They are solved by the clearest thinking,
the most disciplined execution, and the willingness to

make the hard decisions early."

The Al Economy Monetization Series continues in Book Two-A:

The Data and Pricing Foundation

Book One - The Al Economy Monetization Series
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