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BOOK SIX · THE AI ECONOMY MONETIZATION SERIES 

When Software 

Is a Commodity 

How to Monetize and Win 

 

The moat is gone. Build a new one before the water drains. 

When AI can replicate your product in a weekend, your technical moat is gone. The question is 

what replaces it — and whether you built it before or after the collapse. 

 
 

Framework F20: The Commodity Escape Matrix 

 
 
 
 
PREFACE 

A Weekend and a Demo 

What happened in summer 2023 — and why the software industry has not yet fully absorbed 

what it means. 

In the summer of 2023, a startup founder demonstrated something that made venture 

capitalists uncomfortable. Using GPT-4 and a few hundred lines of Python, he rebuilt 

the core functionality of a $500M SaaS company in a weekend. Not a perfect replica. 

Not production-ready. But 80% of the features that 80% of customers used, functional, 

in 48 hours. 

He posted the demo online. The SaaS company's stock dropped 12% in three days. 
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The founder was not trying to start a competitive company. He was making a point about 

what AI had done to the economics of software development. A product that had taken 

fifty engineers four years to build could be approximated, badly but recognizably, by a 

single engineer with an AI coding assistant in two days. 

This is not an isolated anecdote. It is the leading edge of a structural transformation that 

is moving through the software industry with the speed of a technical disruption but the 

permanence of an economic one. AI has not just made software development faster. It 

has changed the relationship between development effort and competitive moat in a way 

that most software companies have not yet fully absorbed. 

The change is simple to state and profound in its implications. For the first fifty years of 

commercial software, a product's complexity was its protection. Building complex 

software required years of engineering effort, specialized domain knowledge, and 

accumulated debugging of edge cases. That effort created a moat: competitors who 

wanted to build a competing product had to make a comparable investment, which 

created time advantages and capital barriers that protected incumbents. 

AI eliminates the effort advantage. Not completely — truly complex, deeply integrated 

enterprise software still requires significant engineering investment. But for the broad 

middle market of business software — the tools that manage workflows, automate 

processes, and organize data — the effort required to build a functional competitor has 

fallen from years and millions of dollars to weeks and thousands of dollars. 

When the effort advantage disappears, what remains? That is the question this book 

answers. And the answer is not nothing — there are real, durable sources of competitive 

advantage in a world where AI can replicate your product in a weekend. But they are 

different from what software companies have historically relied upon. They require a 

different kind of investment, a different commercial model, and a different relationship 

with customers. 

This book is the survival guide for software companies navigating the commodity 

transition. It is not about whether your product will face replication pressure — it will. 
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It is about what you build before the pressure arrives that makes you immune to it, and 

what you do when it arrives if you have not built that yet. 

 
 
 
 

PART ONE 

The Collapse 

The replication problem. The three forces that made software expensive. Who is already 

in the trap. 

 
 
CHAPTER ONE 

The Replication Problem: When Anyone 
Can Build Your Product 

Zero marginal cost of software creation. The timeline. Who is already in the commodity trap. 

The replication problem sounds like an AI story. It is actually an economics story. 

The economic structure of software development has been defined by three costs: the 

cost of designing the product (understanding the problem, defining the solution, 

designing the interface), the cost of building it (writing the code, testing it, debugging 

it), and the cost of distributing it (getting it to customers, supporting them, iterating with 

feedback). All three costs were high for traditional software. All three are falling 

precipitously with AI. 

Design cost has fallen because AI systems can now synthesize domain knowledge 

quickly. A developer building a legal case management system no longer needs to spend 

six months interviewing lawyers to understand their workflow — they can use an AI to 

research the domain, identify the common patterns, and generate a workflow 
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specification in a few days. The AI has effectively commoditized the domain knowledge 

synthesis that used to be the most expensive part of product design. 

Development cost has fallen because AI coding assistants have dramatically accelerated 

code generation. GitHub Copilot, Cursor, Claude Code, and their successors can 

generate functional code for well-defined tasks at a speed that is genuinely 

transformational. A study by McKinsey found that AI coding tools reduced development 

time by 35–45% for complex software tasks and by more than 50% for routine software 

tasks. These numbers are improving quarterly. 

Distribution cost has fallen because AI-generated software can be trained on existing 

product patterns and distributed as open-source alternatives that eliminate the cost of 

discovering and evaluating alternatives. When an AI can generate a working 

implementation of a category-standard feature set in an afternoon, the friction of 

discovery and evaluation shifts from "can we find a product that does what we need?" to 

"why would we pay for one when we can generate one?" 

The convergence of these three cost reductions is what creates the replication problem. 

Not any one of them alone — it is the combination that eliminates the three-layer 

protection that development effort used to provide. 

The timeline of replication varies by product complexity and category standardization. 

For point solutions in standardized categories — time tracking tools, expense 

categorization tools, simple form builders, basic survey tools — the replication timeline 

is already measured in days. An engineer with Cursor and a clear requirements 

document can build a functional time tracking application in an afternoon. 

For workflow orchestration tools in moderately complex categories — project 

management, customer service platforms, basic CRM — the replication timeline is 

weeks. The core workflow logic is standard enough that AI can generate it; the edge cases 

and integrations add time but not insurmountable barriers. 

For deeply integrated enterprise platforms — ERP systems, complex analytics platforms, 

deeply customized vertical software — the replication timeline is still measured in 
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months or years. The complexity of these systems, the depth of their customer 

integrations, and the breadth of their feature sets create genuine barriers that AI tools 

significantly reduce but do not eliminate. 

Understanding where your product sits in this replication timeline is the first diagnostic 

for any software company assessing its commodity risk. 

 

Replication Timeline by Product Category 

Category Core functionality 

examples 
Current AI 

replication 

time 

Primary 

replication barrier 
Time until 

barrier falls 

Point 

solutions — 

horizontal 

Time tracking, form 

builders, basic surveys, 

document signing, 

meeting schedulers 

Days to weeks 

with current 

AI coding 

tools 

Brand 

recognition; some 

workflow 

integration 

Already 

negligible for 

sophisticated 

builders 

Workflow 

orchestration 

— horizontal 

Basic project 

management, simple 

CRM, customer 

communication 

platforms, light HR 

tools 

2–6 weeks for 

functional 

alternative 

Integration 

ecosystem; 

customer 

workflow 

embedding 

18–30 months 

at current AI 

development 

pace 

Platform 

orchestration 

— mid-

market 

Advanced CRM, mid-

market ERP, analytics 

platforms, content 

management 

3–9 months 

for core 

feature parity 

Data models; 

compliance 

requirements; 

integration depth 

3–5 years at 

current pace 

Deep 

enterprise 

platforms 

Full ERP, complex 

analytics, deeply 

integrated vertical 

software, regulated 

sector platforms 

12–36 

months for 

approximate 

parity 

Regulatory 

compliance; 

certification; 

ecosystem depth; 

institutional trust 

5–10 years; may 

require 

quantum-class 

AI advances 

Domain-

specific 

vertical 

software 

Healthcare EHR, 

aerospace MRO, legal 

matter management, 

pharma CLM 

Varies widely 

— regulatory 

complexity is 

the main 

variable 

Regulatory 

certification 

requirements; 

domain expertise 

depth 

Depends on 

regulatory 

velocity — 3–8 

years in most 

cases 
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"Replication timeline is not a fixed number. It is a 

function of AI tool capability, which is improving every 

quarter. The right question is not how long it takes today 

— but how long it will take in 18 months." 

 

Chapter One — The Essentials 

›  The replication problem is not hypothetical — functional replicas of point solution SaaS 

products are being built in days using current AI coding tools. 

›  Design cost, development cost, and distribution cost are all falling simultaneously, eliminating 

the three-layer protection that development effort used to provide. 

›  Replication timeline varies from days (point solutions) to years (deeply integrated enterprise 

platforms) — assess your category honestly. 

›  The timeline to replication is shortening as AI tools improve — today's 6-week replication 

challenge is next year's 2-week replication challenge. 

›  The company that completes this assessment and finds a comfortable number should 

immediately halve it to account for AI tool improvement. 

 
 
 
CHAPTER TWO 

The Three Forces That Made Software 
Expensive — and How AI Ended Them 

Design cost · development cost · distribution cost. All three approaching zero. 

The three forces that historically made software expensive are failing simultaneously. 

Understanding each one separately clarifies why their combined failure is more 

disruptive than any single disruption would be. 
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The design cost force: Professional software designers spent years learning domain-

specific knowledge — the workflow patterns of insurance underwriting, the edge cases 

in legal contract management, the specific needs of hospital pharmacy operations. This 

domain knowledge was hard to acquire, hard to replicate, and embedded in the product 

in ways that casual replication could not capture. The design cost created a knowledge 

moat: your product was better not just because you had built longer but because you 

understood the domain more deeply. 

AI has largely eliminated the timeline advantage of this moat, though not the depth 

advantage. An AI-powered competitor can now synthesize domain knowledge from 

public sources, customer reviews, user forums, and documentation to understand a 

domain's needs at a functional level within days. This is not as deep as years of customer 

interviews and usage observation — but it is deep enough to build a product that 

addresses the core 80% of the use case. 

The development cost force: The principal protection of traditional software companies 

was the accumulated complexity of their codebase. A product that had been developed 

over seven years by a hundred engineers contained seven years of bug fixes for edge 

cases that a new competitor would not encounter until they had similarly large 

deployments. This codebase complexity was not just a barrier to copying — it was 

genuine product quality that took years to develop. The development cost created a 

quality moat: your product was more reliable, more comprehensive, and more battle-

tested than any new entrant could quickly match. 

AI coding tools do not give a new competitor seven years of edge case knowledge — but 

they dramatically accelerate the development of the core functionality that represents 

the first two or three years of that complexity. By the time a new competitor has 

generated the core features, they are already competitive for the majority of customers 

whose use cases are less complex. 

The distribution cost force: Traditional software distribution was expensive in ways that 

protected incumbents. Building a sales organization, developing customer relationships, 

generating references, and achieving the vendor recognition that influenced enterprise 
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procurement decisions all required years of investment. This distribution moat was 

often the most durable of the three: even if a competitor could build comparable 

software, they could not quickly replicate the sales infrastructure required to reach 

enterprise customers. 

AI has begun eroding this moat through two mechanisms. First, AI-powered marketing 

and sales tools have significantly reduced the cost of outbound sales motions, making it 

cheaper for new entrants to build market awareness. Second, and more significantly, AI 

has created new distribution channels that bypass traditional sales entirely: PLG models 

where the product discovers customers, marketplace channels where customers find 

products through AI-powered search, and partner channels where AI products are 

embedded in existing workflows. 

The combined failure of all three protective forces creates the commoditization pressure 

that is the subject of this book. 

 

The Three Protective Forces — Before and After AI 

Force Traditional 

protection 

mechanism 

What AI does to 

it 
Residual 

protection (if 

any) 

What replaces 

it 

Design cost Domain 

knowledge 

synthesis 

required 

years of 

customer 

interviews, 

industry 

expertise, 

and iterative 

discovery — 

expensive to 

acquire and 

to replicate 

AI synthesizes 

domain 

knowledge from 

public 

documentation, 

customer 

reviews, and 

forums in days 

— good enough 

for 80% of use 

cases 

Deep tacit 

knowledge 

from direct 

customer 

relationships; 

edge-case 

understanding 

from years of 

production 

usage 

Data from 

actual 

customer 

behavior; 

relationships 

that generate 

insights 

competitors 

cannot access 

Development 

cost 
Complex 

codebases 

accumulated 

7+ years of 

AI coding tools 

generate core 

functionality at 

35–50% faster 

Architectural 

complexity 

that requires 

deep domain 

Continuous 

AI-enabled 

adaptation 

velocity that 
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bug fixes for 

edge cases 

encountered 

only at scale 

— expensive 

and time-

consuming to 

replicate 

rate; junior 

developers with 

AI tools 

produce output 

comparable to 

senior 

developers — 

compresses the 

timeline 

advantage 

expertise to 

understand; 

compliance 

requirements 

embedded in 

code; 

integration 

depth that 

generates 

coupling 

complexity 

stays ahead of 

any 

replication 

attempt 

Distribution 

cost 
Building 

sales 

organization, 

brand 

recognition, 

customer 

reference 

network, and 

enterprise 

procurement 

relationships 

required 

years and 

substantial 

capital 

AI-powered 

PLG models 

reduce CAC 

dramatically; 

AI-generated 

alternatives 

reach 

customers 

through 

existing search 

and 

marketplace 

channels; 

community-

sourced 

distribution 

bypasses 

traditional sales 

Installed base 

loyalty; 

executive 

relationships; 

procurement 

relationships 

in slow-

moving 

enterprise 

organizations 

Network 

effects that 

compound 

with 

participation; 

outcome 

accountability 

that creates 

customer 

advocacy 

 

STRATEGIC INSIGHT 

The three forces failed simultaneously — and that combination is more disruptive than 

any single failure would be 

Each of the three forces provided some protection against replication even when the other two 

were weakened. A competitor who could build quickly (low development cost advantage) still 

needed the domain knowledge (design cost) and the customer relationships (distribution). 

When all three fall at once, there is no remaining layer of protection from traditional sources. 

This is why the commodity transition feels sudden to companies experiencing it — the collapse 

of the third force eliminates what felt like adequate protection when only one or two forces had 

weakened. 

 

Chapter Two — The Essentials 
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›  Design cost protection: AI eliminates the timeline advantage of domain knowledge synthesis 

while leaving the depth advantage of direct customer relationships intact. 

›  Development cost protection: AI accelerates feature generation for everyone — the advantage 

shifts from who has the largest codebase to who has the fastest adaptation loop. 

›  Distribution cost protection: AI-powered PLG and marketplace discovery reduce the CAC 

advantage of incumbent sales organizations. 

›  All three forces failed simultaneously — no single remaining force provides adequate 

protection. 

›  The replacement protections are different in kind: customer data, adaptation velocity, network 

effects, and outcome accountability. 

 
 
 
CHAPTER THREE 

Diagnosing Your Commodity Risk: The 
Escape Matrix 

How to apply Framework F20. Case studies of companies in each quadrant. 

The commodity trap — the quadrant in the Commodity Escape Matrix where AI 

replication pressure is high and customer embedding is low — is not evenly distributed 

across the software industry. Understanding which companies are most exposed, and 

why, is the first step in an honest assessment of competitive position. 

Point solution providers in horizontal categories face the highest near-term commodity 

risk. A company that provides a standalone time tracking application, a standalone 

document signing tool, or a standalone employee survey platform is selling functionality 

that AI can replicate quickly, to customers who are not deeply embedded in the product 

and who face relatively low switching costs. The point solution provider's product may 

be excellent — but excellence in a category that AI can replicate quickly does not provide 

durable protection. 
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Specific recent examples of commodity pressure in point solution categories: Time 

tracking tools like Harvest and Toggl are facing competition from AI-generated 

alternatives that customers are building internally using AI coding assistants. Document 

templates and generation tools like PandaDoc face pressure from AI systems that can 

generate any template type on demand. Basic survey and form tools like SurveyMonkey 

face pressure from conversational AI interfaces that make traditional form design 

obsolete. 

The common characteristic of these exposed categories is that the core functionality is a 

standard, well-understood pattern that AI can generate from specification. The 

companies in these categories have built good products, but the product quality 

advantage is insufficient protection when the replication cost drops below the product's 

price. 

Workflow orchestration providers in mid-complexity horizontal categories face 

medium-term commodity risk. Companies providing project management (Asana, 

Monday.com, Basecamp), basic CRM (HubSpot, Pipedrive), and customer 

communication tools (Zendesk basic tier, Intercom basic tier) have more defensible 

positions than point solution providers, but are not immune. 

The commodity pressure in these categories is already visible. Numerous AI-powered 

startups have launched in 2023–2024 offering project management functionality built 

on LLMs, typically with lower prices and simpler interfaces than established players. 

Most have not yet reached the integration depth or reliability of the established players 

— but the trajectory is clear, and the established players are aware of the threat. 

Deep platform providers with extensive customer integration have the lowest immediate 

commodity risk. Companies like Salesforce (with its deep CRM ecosystem), Workday 

(with its HR data integration), and ServiceNow (with its enterprise workflow 

automation) have built products whose value lies substantially in the depth of their 

customer integration, the breadth of their partner ecosystem, and the accumulated data 

from years of customer usage. These are not immune to commoditization — the 
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Commodity Escape Matrix analysis in the next chapter will show specific vulnerabilities 

even for these platforms — but the timeline to meaningful competitive threat is longer. 

 
 

The Commodity Escape Matrix — Framework F20 

The Commodity Escape Matrix (Framework F20) is the diagnostic instrument for 

assessing commodity risk and identifying the available escape routes. Its two 

dimensions capture the essential trade-off in the commodity question: how easily can 

AI replicate your core functionality (the threat dimension), and how deeply are you 

embedded in your customers' operations (the defense dimension)? 

The threat axis measures AI replication pressure across five factors: the standardization 

of the category (is the functionality well-defined and widely understood?), the 

availability of training data (is there abundant public documentation of how the product 

works?), the technical complexity of the core features (are the core features 

algorithmically simple or genuinely complex?), the regulatory complexity of the domain 

(are there compliance requirements that increase the difficulty of replication?), and the 

integration complexity of the product (does the product's value require deep 

connections to other systems that are difficult to replicate?). 

The defense axis measures customer embedding depth across four factors: data lock-in 

(how much of the customer's valuable data lives inside the product?), process 

integration (how deeply embedded is the product in the customer's operational 

workflows?), network effects (does the product become more valuable as more people 

within the organization use it, or as the customer's partners use it?), and switching cost 

(what is the realistic cost and disruption of replacing the product?). 

Companies in the bottom-right quadrant — high replication pressure, low embedding 

depth — are in the Commodity Trap. Their products can be replicated quickly and their 

customers can leave relatively easily. This is the most precarious position, and the one 

requiring the most urgent action. 
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Companies in the top-right quadrant — low replication pressure, low embedding depth 

— are in a transitional position that the book calls the Value Architect. These companies 

have technically complex products that AI cannot yet replicate quickly, but they have not 

yet built deep customer embedding. They have time — but not unlimited time — to build 

the embedding before replication pressure reaches their product category. 

Companies in the bottom-left quadrant — high replication pressure, high embedding 

depth — are in the Data Fortress. Their products face significant replication pressure, 

but deep customer data ownership and workflow integration create switching costs that 

protect them despite the replication threat. This is a defensible position, but it requires 

active investment in maintaining and deepening the embedding. 

Companies in the top-left quadrant — low replication pressure, high embedding depth 

— are in the Workflow Lock position. They have both technical complexity that limits 

replication and deep customer embedding that creates switching costs. This is the most 

defensible position in the matrix. 

Most software companies, when they honestly complete this assessment, discover that 

they are further toward the Commodity Trap than their current competitive confidence 

suggests. The threat axis is often more severe than it appears from inside the company 

— replication pressure tends to be underestimated because the replication timeline for 

the current state of AI tools is longer than for the AI tools of twelve months from now. 

 

Framework F20 — The Commodity Escape Matrix 

Quadrant AI replication 

pressure 
Customer 

embedding 

depth 

Strategic position Time to act Primary risk 

Commodity 

Trap 
HIGH — 

features well-

understood, 

AI-replicable 

in days to 

weeks 

LOW — product 

used as 

standalone tool, 

low switching 

cost 

Most precarious 

position — 

commodity 

pressure with no 

natural defense 

Immediate 

— 18–36 

months 

before 

pricing 

power 

materially 

degrades 

Rapid revenue 

erosion from 

lower-cost AI 

alternatives; 

margin 

compression; 

churn to 

alternatives 
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Data Fortress HIGH — 

features face 

replication 

pressure 

HIGH — 

proprietary 

data, deep 

workflow 

integration, 

significant 

switching cost 

Defensible but 

requires investment 

to maintain — data 

moat must be 

actively deepened 

Medium 

urgency — 

data moat 

buys time; 

must be 

converted 

to AI 

capability 

advantage 

Gradual erosion if 

data moat is not 

actively leveraged 

through AI 

product features 

Value 

Architect 
LOW — 

technical 

complexity 

resists quick 

replication 

LOW — product 

is used as a 

capable tool but 

not yet deeply 

embedded 

Transitional — 

technical 

complexity window 

must be used to 

build embedding 

Medium 

urgency — 

technical 

window is 

closing; 3–

5 years to 

build 

embedding 

before 

complexity 

is 

replicated 

Fails to use the 

complexity 

window; enters 

Commodity Trap 

when technical 

barrier falls 

Workflow 

Lock 
LOW — 

technical 

complexity 

limits 

replication 

HIGH — deeply 

embedded in 

operations, 

substantial 

switching cost 

Most defensible 

position — both 

technical 

complexity and 

embedding 

Lower 

urgency — 

but 

continuous 

investment 

required to 

maintain 

both 

dimensions 

Complacency — 

allows either 

technical gap or 

embedding depth 

to erode without 

noticing 

 

Replication Pressure Assessment — Five Factors 

Factor Low pressure (score 

1) 
Medium pressure 

(score 3) 
High pressure (score 

5) 
Your 

score 

Category 

standardization 
Novel category; 

problem definition 

not publicly 

documented 

Established 

category; 

functionality 

partially 

documented in 

specs and reviews 

Well-understood 

category; complete 

feature lists 

available in analyst 

reports and review 

sites 

 

Training data 

availability 
No public 

documentation of 

how the product 

Some public 

documentation; 

user guides and API 

docs available 

Comprehensive 

public 

documentation; 

YouTube tutorials; 
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works; proprietary 

methodology 
developer forums; 

GitHub 

implementations 

Technical 

complexity 
Core algorithm 

requires genuine 

research-level 

insight or patented 

methodology 

Core functionality 

technically complex 

but based on known 

approaches 

Core functionality is 

standard software 

patterns (CRUD, 

workflow, forms, 

basic analytics) 

 

Regulatory 

complexity 
Domain-specific 

certification 

required (FDA, 

FedRAMP, HIPAA 

Tech Safe Harbor) 

Compliance 

requirements 

influence design but 

do not require 

formal certification 

Limited regulatory 

requirements; 

standard data 

handling and 

security 

 

Integration 

complexity 
Product value 

requires deep, 

bidirectional 

integration with 10+ 

external systems 

Moderate 

integration 

requirements; API 

connections to 

major platforms 

Standalone or single 

integration; core 

value does not 

require external 

connections 

 

 

Customer Embedding Depth Assessment — Four Factors 

Factor Low embedding 

(score 1) 
Medium embedding 

(score 3) 
High embedding 

(score 5) 
Your 

score 

Data lock-in Customer data could 

be exported and 

used in an 

alternative without 

significant loss 

Customer data 

would require 

transformation to 

use elsewhere; some 

proprietary 

enrichment 

Customer's most 

valuable operational 

data exists only 

inside the product, 

enriched with 

network data 

 

Process 

integration 
Product used 

standalone; core 

workflows could 

easily use an 

alternative 

Product connected 

to 2–5 key systems; 

workflows rebuilt 

with moderate effort 

Product is the 

operational system 

of record for 

multiple core 

processes; switching 

requires workflow 

redesign 

 

Network effects No network 

dimension; same 

value for single user 

as for entire 

organization 

Some collaboration 

value; network 

benefits exist but are 

not core to value 

proposition 

Core value depends 

on multi-party 

participation; 

product becomes 

significantly more 

valuable with each 
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additional user or 

partner 

Switching cost Technical switching 

cost < 2 weeks; data 

exportable; training 

effort minimal 

Technical switching 

cost 1–3 months; 

some workflow 

redesign; moderate 

training 

Technical switching 

cost > 6 months; 

fundamental 

workflow redesign; 

multiple system 

reconnections; 

significant 

institutional 

knowledge re-

created 

 

 

HOW TO USE THE ASSESSMENT 

Sum your scores, map your position, choose your escape route 

Replication pressure score: sum the five factor scores (range 5–25). Customer embedding score: 

sum the four factor scores (range 4–20). Map to the matrix: Replication ≥ 18 = High; ≤ 12 = 

Low. Embedding ≥ 14 = High; ≤ 8 = Low. Mid-scores are transitional — trending toward which 

quadrant matters as much as current position. The most important insight is not your current 

quadrant but your trajectory: are you moving toward Workflow Lock (increasing embedding 

while managing replication pressure) or toward the Commodity Trap (embedding eroding while 

replication pressure increases)? 

 

Chapter Three — The Essentials 

›  The Commodity Escape Matrix maps software competitive positions on two dimensions: AI 

replication pressure and customer embedding depth. 

›  Four quadrants require distinct strategic responses: Commodity Trap (urgent action), Data 

Fortress (deepen moat), Value Architect (use the window), Workflow Lock (maintain both 

dimensions). 

›  The replication pressure and embedding depth assessments are five-factor and four-factor 

scorecards — complete them honestly for each major product. 

›  Most companies who complete this assessment find themselves closer to the Commodity Trap 

than their current market position suggests. 

›  The trajectory matters as much as the current position — act while you are still in a position to 

choose your escape route. 
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PART TWO 

The Four Escape Routes 

Data Fortress · Workflow Lock · Outcome Ownership · Platform Network Effects — in 

depth. 

 
 
CHAPTER FOUR 

Escape Route 1 — The Data Fortress 

Your data is the product, not your code. How to build, price, and defend a data moat. 

The Data Fortress escape route is the most commonly discussed and the most frequently 

misunderstood. The common misunderstanding is that any product that stores 

customer data has a data moat. This is wrong. Data creates a moat only when it is 

proprietary, when it is network-enhanced, and when the customer cannot replicate it or 

take it elsewhere without significant cost. 

The three characteristics of data that creates a genuine fortress: 

Proprietary data is data that exists only inside the product — either because it was 

created through the product's usage or because the product has accumulated it from 

sources that are not publicly available. Customer relationship data accumulated through 

years of CRM usage (interaction histories, relationship patterns, behavioral signals) is 

proprietary to the CRM. Sales forecasting data that incorporates historical deal patterns, 

win/loss data, and customer behavior signals is proprietary to the CRM. A new entrant 

building a competing CRM cannot replicate this data without years of customer usage. 

Network-enhanced data is data that becomes more valuable as more of the customer's 

ecosystem contributes to it. Salesforce's data on B2B buying patterns is network-

enhanced: as more companies use Salesforce to record their commercial interactions, 
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the aggregate data becomes more representative and more predictive. Benchmarking 

data (how does this customer's sales cycle compare to industry peers?) is a network 

effect that compounds with participation. A new entrant has no comparable data until 

they have comparable scale. 

Embedded data is data so deeply integrated into customer workflows that removing it 

would be operationally disruptive. A project management tool that has five years of 

project history, resource allocation patterns, and retrospective data is not just a record 

of the past — it is the institutional memory that teams rely on for planning. Deleting it 

and starting fresh is not just technically feasible; it is organizationally painful in ways 

that make the switching cost real even if the technical switching cost is low. 

Three companies have built genuine Data Fortress positions that illustrate the 

characteristics: 

Veeva Systems in pharmaceutical CRM is a textbook Data Fortress. Veeva's customer 

data is highly proprietary (pharmaceutical commercial relationships and compliance 

data are not fungible with generic CRM data), deeply regulatory (life sciences 

compliance requirements create specific data management needs that generic CRM 

cannot satisfy), and deeply embedded (the data architecture required for 

pharmaceutical commercial operations is sufficiently specific that migrating to a new 

system requires rebuilding years of compliance-relevant history). Despite competition 

from Salesforce and Oracle in adjacent spaces, Veeva has maintained its position 

because its data moat is genuine. 

Palantir in government and defense analytics has built a Data Fortress through a 

different mechanism: proprietary data integration pipelines. Palantir's product is not 

primarily the software; it is the integrated view of data from dozens of government and 

military systems that Palantir has connected, cleaned, and made queryable. The moat is 

not the data itself (which belongs to the government) but the integration work that 

created the unified view. A new entrant cannot quickly replicate ten years of integration 

work, even with AI tools. 
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Shopify in e-commerce infrastructure has built its Data Fortress through the merchant 

data network. Shopify's Insights product provides merchants with benchmarking data 

— how does their conversion rate compare to similar merchants? What products are 

selling well in their category? — that is derived from the aggregate transaction data of 

the entire Shopify merchant network. This benchmarking data is genuinely valuable to 

merchants and is available nowhere else. A merchant who leaves Shopify loses access to 

this benchmarking, which is a real and growing switching cost. 

The Data Fortress escape route requires investment in three specific capabilities: data 

architecture that ensures customer data is stored in proprietary formats or enriched with 

network data that cannot be replicated, data analytics that surface the value of the 

accumulated data to customers in ways they can see and measure, and data portability 

policies that are honest about what customers can export (they should be able to export 

their raw data — preventing export creates adversarial relationships) while making clear 

what value they would lose by doing so. 

 

ESCAPE ROUTE 1: THE DATA FORTRESS 
When AI can replicate your code, your data becomes your competitive advantage — if it is 

proprietary, network-enhanced, and irreplaceable. 

Core thesis AI can replicate software features. AI cannot replicate data that only exists 

inside your product. The Data Fortress moat is the accumulated proprietary 

data that makes your product more accurate, more intelligent, and more 

valuable than any replica. 

Three data types 

that create genuine 

moats 

Proprietary: data created through usage that is not publicly available 

(interaction histories, behavioral patterns, custom configurations). Network-

enhanced: data that becomes more valuable as more participants contribute 

(benchmarks, comparisons, aggregate patterns). Embedded: data so 

integrated into customer operations that removing it would be operationally 

disruptive. 

Build strategy Map every data asset: what data lives in your product that does not exist 

elsewhere? Invest in network data: what aggregate insights can you surface 

that require the participation of multiple customers to generate? Build AI on 

your data: train models on your proprietary data to create capabilities that 

competitors cannot replicate. 

Price strategy Price should reflect the network data value, not just the software features. 

Customers paying for Shopify Insights are paying for the benchmarking 
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intelligence derived from the merchant network — price it accordingly. The 

data-derived features command a premium that commodity software cannot 

approach. 

Defense strategy Data moats erode if not actively maintained. Continuous investment in new 

data capture (what new signals can we add?), new data enrichment (how can 

we make our data more valuable?), and new AI features trained on 

proprietary data (how do we surface the moat's value to customers?). 

When it fails Data moats fail when the data becomes less unique (competitor builds 

comparable dataset), when the network effect stalls (not enough participants 

to generate meaningful benchmarks), or when data portability regulations 

require allowing customers to take their data to alternatives. 

 

CASE STUDY: VEEVA SYSTEMS 
Pharmaceutical CRM — The Regulatory Data Fortress 

The threat Salesforce and Oracle both offer CRM products that could, in principle, replace 

Veeva for pharmaceutical commercial operations. Both have far more 

engineering resources, larger customer bases, and broader feature sets than 

Veeva. 

The Data 

Fortress 
Veeva's data is built specifically for pharmaceutical compliance: HCP (healthcare 

professional) interaction tracking, sample management compliance, regulatory 

submission workflows, and clinical trial data management. This data has specific 

schema requirements, audit trail requirements, and regulatory reporting 

requirements that differ fundamentally from generic CRM data. A 

pharmaceutical company's Veeva data is not just a record of sales activities — it 

is a compliance asset. 

Why it holds The regulatory specificity creates a data fortress with two reinforcing walls: the 

data format itself (pharmaceutical companies' regulatory submissions depend on 

Veeva-format records that would require transformation to work in generic 

CRM) and the audit trail (Veeva's data includes the regulatory-required 

interaction documentation that forms part of the pharmaceutical company's 

compliance record). Migrating away from Veeva requires either rebuilding years 

of regulatory audit trail in a new system or accepting a compliance gap that 

regulators will eventually find. 

Commercial 

result 
Veeva maintains 80%+ gross margins in a market where Salesforce and Oracle 

are active competitors. The pricing power derives from the regulatory data moat, 

not from feature superiority. Enterprise customers pay a premium for a vendor 

whose data model was built for their compliance requirements. 

The AI 

amplification 
Veeva's Vault Intelligence uses the regulatory data accumulated from thousands 

of pharmaceutical company deployments to power AI features that recommend 

compliance actions, flag regulatory risks, and predict audit findings — 
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capabilities that require the aggregate regulatory intelligence that Veeva alone 

possesses. 

 

CASE STUDY: PALANTIR TECHNOLOGIES 
Government Analytics — The Integration Pipeline Fortress 

The threat Palantir operates in a category where the core software — data analytics and 

visualization — is massively commoditized. Tableau, Power BI, Looker, and 

dozens of other analytics platforms offer comparable analytical capabilities, often 

at substantially lower cost. 

The Data 

Fortress 
Palantir's moat is not its analytics software. It is the integration pipelines that 

connect dozens of government and military data sources — systems that have 

never been connected before, in data formats that required years of schema 

mapping, with security clearances and data handling protocols that represent 

institutional investment as much as technical investment. Palantir has built, over 

fifteen years, the integrations that turn disconnected government databases into 

a unified analytical view. 

Why it holds The moat is the integration work, not the data itself (which belongs to the 

government). A competitor who wanted to replicate Palantir's position would 

need to re-do fifteen years of schema mapping, security clearance processes, and 

institutional trust-building with government agencies. AI coding tools can 

generate analytics software in weeks; they cannot generate the government 

relationships and security certifications that give access to the data. 

Commercial 

result 
Palantir charges premium prices ($100M+ annual contracts with major 

government agencies) for capabilities that cheaper analytics alternatives cannot 

match — not because the analytics are better but because the data integration is 

irreplaceable. 

The AI 

amplification 
Palantir's AIP (Artificial Intelligence Platform) deploys AI on top of its 

government data integration work, creating AI-assisted analysis that is trained 

on the integrated data sets. The competitive advantage compounds: better data 

→ better AI → better analysis → stronger customer relationships → more data. 

 

CASE STUDY: SHOPIFY 
E-Commerce — The Merchant Network Intelligence Fortress 

The threat Open-source e-commerce platforms (WooCommerce, Magento) offer 

comparable core functionality for free. Shopify's core features — product listings, 

checkout, order management — have been replicated in open source and in low-

cost alternatives. 

The Data 

Fortress 
Shopify's merchant network generates transaction intelligence that no 

alternative can replicate: conversion benchmarks by product category and 



WHEN SOFTWARE IS A COMMODITY  ·  The AI Economy Monetization Series 

Book Six  ·  The AI Economy Monetization Series 

geography, seasonal demand patterns by merchant type, payment success rates 

by payment method and country, and fraud patterns across the merchant 

network. A merchant who uses Shopify for business decisions is not just using 

checkout software — they are accessing intelligence derived from the purchase 

behavior of hundreds of millions of shoppers across millions of merchants. 

The network 

data asset 
Shopify's Balance product gives merchants cash flow predictions based on 

historical revenue patterns and seasonal trends — not just for their store but 

calibrated against similar merchants on the platform. Shopify's Audiences 

product helps merchants find new customers on social platforms using lookalike 

modeling based on Shopify's purchase data. Neither of these capabilities is 

available to a merchant who processes payments through a standalone payment 

gateway without Shopify's network intelligence. 

Commercial 

result 
Despite WooCommerce being free and functionally comparable for basic e-

commerce, Shopify continues to add merchants at premium prices. The 

merchant network intelligence creates differentiated value that open-source 

alternatives cannot match. 

The AI 

amplification 
Shopify Sidekick (AI shopping assistant) and Shopify Magic (AI-generated 

product descriptions, email campaigns) are trained on merchant behavior data 

from the entire Shopify ecosystem. The quality of these AI features depends on 

the scale of the merchant network — a moat that compounds with each additional 

merchant. 

 

Chapter Four — The Essentials 

›  Data creates a moat only when it is proprietary (not available elsewhere), network-enhanced 

(improves with participation), and embedded (disruptive to remove). 

›  Veeva's pharmaceutical data fortress is maintained by regulatory specificity — the data's 

format and audit trail requirements create compliance switching costs. 

›  Palantir's moat is integration pipelines, not analytics software — fifteen years of schema 

mapping and security clearances cannot be replicated by AI tools. 

›  Shopify's merchant network creates data benchmarking and intelligence that individual 

merchants cannot access elsewhere — a genuine network data effect. 

›  All three Data Fortresses are actively deepened through AI features trained on the proprietary 

data — the moat compounds when it is turned into capability. 

 
 
 
CHAPTER FIVE 
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Escape Route 2 — Workflow Lock 

Embed so deeply in customer operations that switching requires re-engineering the business. 

Workflow Lock is the escape route that is most durable when done correctly and most 

dangerous when done cynically. The distinction matters: building genuine workflow 

integration that makes the product more valuable to customers is competitive strategy. 

Building artificial lock-in that makes the product more expensive to leave without 

making it more valuable is rent extraction — and customers will eventually escape it, 

usually to a competitor who promises them an easier path out. 

Genuine Workflow Lock has two components: process integration and data integration. 

Process integration means the product is woven into the way work actually gets done — 

not as a standalone tool that people switch to when they need it, but as a component of 

the moment-to-moment operational workflow that people use continuously. Data 

integration means the product is connected to the other systems the customer uses, 

exchanging data bidirectionally so that the product's data is the authoritative source for 

information that flows into and out of multiple systems. 

The companies that have built the most durable Workflow Lock positions have done it 

by identifying the specific operational decision where their product is used and 

embedding deeply into that decision process, rather than trying to be present across 

many processes superficially. 

ServiceNow is the defining Workflow Lock success story of the last decade. ServiceNow's 

product began as an IT service management tool — a system for managing IT support 

tickets. It could easily have remained a point solution in a category that AI now replicates 

trivially. Instead, ServiceNow systematically expanded the scope of workflows it 

managed: HR service delivery, facilities management, legal operations, procurement 

approvals. At each expansion, ServiceNow connected its workflow to the adjacent 

systems — HR information systems, ERP systems, legal matter management systems — 
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creating data integration that made ServiceNow the workflow orchestration layer for 

enterprise operations. 

Today, ServiceNow is not an IT ticketing tool that AI can replicate in a weekend. It is the 

operational process fabric of large enterprises — the system through which dozens of 

business processes are managed, hundreds of integrations are connected, and years of 

institutional process knowledge are encoded. A company that wants to replace 

ServiceNow is not replacing a software tool; it is replacing the operating system of their 

administrative workflows. The switching cost is genuinely enormous. 

The AI-era amplification of ServiceNow's strategy is its Now Platform AI capabilities: 

AI-assisted workflow creation, AI-powered process recommendations, and AI agents 

that execute workflow steps autonomously. By adding AI capabilities to an already 

deeply embedded workflow platform, ServiceNow makes the platform more valuable 

(more can be automated, more can be analyzed) while deepening the embedding (AI 

capabilities that are trained on customer-specific workflow data become customer-

specific assets). 

Workday has built a similar Workflow Lock position in human capital management. The 

depth of Workday's integration into the employee lifecycle — from recruitment through 

performance management, compensation, and offboarding — creates a data architecture 

that is embedded in every people-related process. Adding an AI layer to this embedded 

architecture (AI-powered performance predictions, AI-assisted succession planning, AI-

generated compensation benchmarks) deepens the lock while demonstrating that the 

platform can evolve with customer needs. 

The escape route design for companies attempting Workflow Lock requires answering 

three questions with precision: 

Which operational decisions do my customers make repeatedly, where my product's 

data and workflow could become the system of record for that decision? This identifies 

the integration targets. 
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What are the adjacent data sources that, if connected to my product, would make my 

product's data more valuable for that decision? This identifies the integration 

investments. 

What AI capabilities, trained on the integrated data, would make the integrated product 

dramatically more useful than the standalone components? This identifies the AI 

investment that compounds the lock. 

Companies that cannot answer these three questions precisely are not building 

Workflow Lock — they are building a feature list. 

 

ESCAPE ROUTE 2: WORKFLOW LOCK 
The deepest moat is not the data you own — it is the operational processes that cannot run 

without you. 

Core thesis When your product becomes the operational system of record for a customer's 

core processes — not a tool they use to work, but the system through which 

work is defined, routed, approved, and completed — switching from your 

product is no longer a technology decision. It is an operational redesign. 

Process 

integration depth 
Shallow: product is used to complete tasks (switch to alternative by changing 

tools). Medium: product manages workflows between teams (switch requires 

workflow redesign). Deep: product is the authoritative source for business 

process state (switch requires rebuilding institutional workflow memory). 

Data integration 

breadth 
Shallow: product stores its own data. Medium: product exchanges data with a 

few external systems. Deep: product is the integration hub connecting multiple 

external systems, with bidirectional data flows that other systems depend on. 

Build strategy Identify the specific operational decisions where your product's data and 

workflow should become the system of record. Build the integrations that make 

your product the authoritative source. Add AI capabilities trained on the 

integrated data that make the integrated product dramatically more useful 

than standalone components. 

The genuine vs 

cynical distinction 
Genuine Workflow Lock creates real value: the product is more useful deeply 

embedded than used standalone, and customers recognize this. Cynical lock-

in creates artificial friction: the product is not more useful, but migration is 

made expensive through data formats or API restrictions. Cynical lock-in is 

temporary — customers escape it when they discover the alternative. Genuine 

Workflow Lock is permanent because removing it disrupts real operations. 
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Warning Building Workflow Lock through data hostage-taking — making it technically 

difficult to export customer data — is not a moat. It is a liability. Customers 

who feel their data is held hostage become vocal critics and eventual churners. 

 

CASE STUDY: SERVICENOW 
Enterprise Workflow — From IT Ticketing to Operational Fabric 

The starting 

point 
ServiceNow began as an IT service management tool — a ticket tracking system 

for IT help desk requests. This was a point solution in a category that AI now 

replicates trivially. 

The workflow 

expansion 

strategy 

ServiceNow systematically expanded the scope of workflows it managed: IT 

service management → HR service delivery → facilities management → legal 

operations → procurement approvals → finance operations. At each expansion, 

ServiceNow built integrations to the adjacent systems: HR information systems 

for HR workflows, ERP systems for procurement workflows, contract 

management systems for legal workflows. 

The current 

position 
ServiceNow is not an IT ticketing tool that faces commodity pressure. It is the 

operational process fabric of large enterprises — the system through which 

dozens of business processes are managed, hundreds of integrations are 

connected, and years of institutional process knowledge are encoded. The Now 

Platform has over 1,000 pre-built application integrations. Approximately 85% 

of Fortune 500 companies are ServiceNow customers. Switching from 

ServiceNow is an organizational change management project that takes 18–36 

months — not a software selection decision. 

The AI 

amplification 
ServiceNow's Now Intelligence and AI products (Vancouver release onward) use 

the workflow data accumulated from thousands of enterprise deployments to 

power AI-assisted workflow creation, intelligent automation recommendations, 

and predictive process analytics. The AI is trained on the most comprehensive 

workflow dataset in enterprise software — a dataset that ServiceNow has 

accumulated over twenty years of deep process integration. 

Commercial 

result 
ServiceNow commands $100,000–$5M+ annual contracts with enterprise 

customers and grows consistently above 20% annually. Gross margins exceed 

75%. Net Revenue Retention above 120%. In a market where cheaper workflow 

tools abound, ServiceNow's pricing power is sustained by the operational 

embedding that makes the product irreplaceable without a major transformation 

project. 

 

CASE STUDY: WORKDAY 
Human Capital Management — The Employee Lifecycle Lock 

The threat HR software is a category facing intense commodity pressure. BambooHR offers 

core HR functionality for small businesses at a fraction of Workday's cost. Dozens 
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of AI-powered HR tools offer specific features at competitive prices. The core 

HRIS functionality — employee records, time tracking, benefits administration 

— is increasingly commoditized. 

The Workflow 

Lock 
Workday's lock comes from its integration across the entire employee lifecycle: 

recruitment (Workday Recruiting), onboarding, performance management, 

learning and development, compensation planning, succession planning, and 

offboarding. Each module connects to the others and to external systems (payroll 

providers, benefits platforms, equity management systems). The sum of these 

connections makes Workday the authoritative data source for every people-

related decision in an organization. 

The financial 

integration 

depth 

Workday Financial Management creates a second lock alongside the HR lock: 

when the HR data and the financial data are in the same system, the integrations 

between headcount planning and financial planning, between compensation data 

and budget models, and between workforce analytics and business performance 

analytics create value that is genuinely difficult to replicate with separate HR and 

finance systems. 

The Workday AI 

advantage 
Workday's AI features (Skills Cloud, People Analytics, Talent Marketplace) are 

trained on anonymized workforce data from thousands of enterprise customers. 

The Skills Cloud's ability to map employee skills to organizational needs is more 

accurate for large organizations because it is trained on the skills data from 

comparable organizations — a network data effect that smaller HR software 

cannot replicate. 

Commercial 

result 
Workday's average contract value exceeds $1.5M annually for large enterprise 

customers. Despite commodity pressure in individual HR feature categories, 

Workday's integrated platform position sustains premium pricing and industry-

leading retention rates. 

 

Chapter Five — The Essentials 

›  Genuine Workflow Lock creates real operational value — the product is more useful deeply 

embedded than standalone, and customers choose to stay because switching would disrupt real 

operations. 

›  ServiceNow's journey from IT ticketing to enterprise operational fabric is the definitive 

Workflow Lock playbook: systematic expansion of workflow scope, continuous deepening of 

integration breadth. 

›  Workday's dual HR + Finance integration creates a lock that is stronger than either dimension 

alone — the combined data creates cross-functional insights that disconnected systems cannot 

provide. 
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›  The AI amplification of Workflow Lock is critical: AI features trained on the integrated data 

create capabilities that reward the embedded position and make the lock even stronger. 

›  The genuine vs cynical distinction determines durability — build lock through value creation, 

not data hostage-taking. 

 
 
 
CHAPTER SIX 

Escape Route 3 — Outcome Ownership 

Own the outcome, not the tool. When you are accountable for results, you are not a 

commodity. 

Outcome Ownership is the escape route that most directly addresses the 

commoditization threat by changing the fundamental nature of what is sold. Instead of 

selling access to a tool (which can be replicated) or embedding deeply in a workflow 

(which requires time), Outcome Ownership involves taking commercial accountability 

for specific business results. A vendor who is accountable for outcomes is not a 

commodity — commodities are interchangeable; accountability is not. 

The commercial logic is straightforward but the implementation is demanding. When a 

software vendor commits to a specific outcome — not "our software will help you achieve 

better sales results" but "your win rate will increase by 15% within 12 months or you 

receive a partial refund" — the vendor has created a commercial relationship that no AI-

generated competitor can easily replicate. The competitor can replicate the software 

features. They cannot replicate the accountability commitment without having the 

confidence and the measurement infrastructure to support it. 

Gong.io, the revenue intelligence platform, has moved toward Outcome Ownership in 

its enterprise segment. Rather than selling access to conversation analytics software, 

Gong offers enterprise customers outcome-based terms that guarantee specific 

improvements in sales team performance metrics — forecast accuracy, coaching 

effectiveness, rep ramp time. The guarantee is limited in scope (specific metrics, specific 
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thresholds, specific timeframes) and accompanied by requirements for customer 

participation (the customer must implement recommended coaching behaviors, must 

provide the call data, must use the platform for a minimum period). But the commercial 

structure itself — "here is what we commit to deliver, and here is the financial 

consequence if we do not" — differentiates Gong from any competitor who is still selling 

access to analytics features. 

Verint Systems in workforce engagement management has gone further, offering 

complete outcome management packages where Verint commits to specific workforce 

efficiency metrics and quality improvement targets. The customer pays based on the 

outcomes achieved, not on the seat count or the features deployed. This is a full 

expression of the Outcome Ownership escape route: the vendor has accepted 

accountability for the business result, which makes the vendor's value proposition about 

something that cannot be commoditized. 

The three requirements for credible Outcome Ownership: 

Measurement infrastructure: You cannot credibly commit to outcomes you cannot 

measure. The vendor must have, or develop, the ability to measure the specific business 

metrics they are committing to with sufficient precision and reliability to be defensible 

in a commercial dispute. This infrastructure investment typically precedes the 

commercial commitment by 12–18 months — the vendor builds the measurement 

capability, uses it to establish their own confidence in the outcome delivery rate, and 

then translates that confidence into a commercial commitment. 

Attribution methodology: Outcome improvements have multiple potential causes. Sales 

win rates improve because market conditions improve, because the customer hired 

better salespeople, because a competitor failed, and because the software helped. The 

outcome commitment must specify how the software's contribution will be attributed — 

typically through a statistical comparison of performance before and after deployment, 

with specified controls for other factors. 
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Accountability governance: When the outcome is not achieved, there must be a clear, 

pre-agreed process for assessing whether the shortfall is attributable to the vendor's 

software (triggering the remedy) or to customer factors outside the vendor's control (not 

triggering the remedy). This governance mechanism is often the most commercially 

contentious element of the outcome commitment — designing it carefully and agreeing 

on it in advance prevents the disputes that would otherwise make the outcome model 

commercially unworkable. 

The commercial prize for companies that successfully implement Outcome Ownership 

is substantial: pricing power independent of commodity pressure. When a customer is 

paying for a commitment to specific outcomes, the price negotiation is about the value 

of the outcome, not about the feature comparison to alternatives. A competitor who 

cannot match the outcome commitment cannot compete on price alone — because the 

customer would be comparing a known outcome price to an unknown outcome from an 

alternative that has made no comparable commitment. 

 

ESCAPE ROUTE 3: OUTCOME OWNERSHIP 
Accountability is the one thing AI cannot replicate. When you commit to specific business 

results, you change the conversation from feature comparison to value comparison. 

Core thesis Commodities are interchangeable. Accountabilities are not. When a 

software vendor commits to specific business outcomes — with financial 

consequences for missing them — they have created a commercial 

relationship that no AI-generated alternative can replicate without 

making comparable commitments backed by comparable evidence. 

Three prerequisites (1) Measurement infrastructure: you must be able to measure the specific 

outcomes with sufficient precision and reliability. (2) Attribution 

methodology: you must be able to attribute the improvement to your 

product, not to other factors. (3) Accountability governance: you must 

have pre-agreed mechanisms for resolving disputes about whether the 

outcome was delivered and by whom. 

Commercial advantage Outcome commitments change the price comparison. A customer 

evaluating a $200K outcome-committed vendor against a $80K feature-

comparable alternative is not comparing prices — they are comparing the 

certain outcome value of the $200K vendor to the uncertain outcome 

value of the $80K alternative. If the outcome commitment is credible, the 

$200K is often the better commercial decision. 
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Implementation 

sequence 
Build measurement infrastructure first (6–12 months before commercial 

commitment). Use the data to establish your own confidence in outcome 

delivery rate. Begin with outcome-adjacent terms (performance reports, 

ROI dashboards). Escalate to limited outcome commitments (specific 

metrics, specific thresholds). Expand to full outcome commitments as the 

measurement infrastructure matures. 

Pricing implication Outcome-committed pricing anchors price to customer value, not to 

feature comparison. When price is anchored to the $2M in annual 

productivity improvement your product creates, a $300K contract price 

is a 15% value share — a reasonable proportion that commoditized 

alternatives cannot undercut because they have not established the value 

baseline. 

The confidence signal Proposing outcome commitments is one of the most powerful 

commercial statements available to a software vendor: 'We are confident 

enough in our product's impact to put our revenue at risk on it.' This 

statement is more persuasive than any feature demonstration. 

 

CASE STUDY: GONG.IO 
Revenue Intelligence — The Sales Outcome Commitment 

The commodity 

threat 
Revenue intelligence software — tools that record, transcribe, and analyze sales 

calls — faces extreme commodity pressure. The core features (call recording, 

transcription, sentiment analysis) are AI-replicable in weeks. Multiple lower-cost 

competitors offer comparable core features. 

The outcome 

shift 
Gong has moved progressively toward outcome-based commercial terms in its 

enterprise segment. The shift began with outcome reporting (showing customers 

their win rate improvement after Gong deployment), evolved to outcome 

guarantees for specific metrics (committing to forecast accuracy improvement 

above a baseline), and for some enterprise customers includes gain-share 

structures where Gong's pricing adjusts based on the measured improvement in 

pipeline conversion. 

The 

measurement 

infrastructure 

Gong's ability to make outcome commitments is built on its measurement 

infrastructure: call analytics that connects sales conversation patterns to deal 

outcomes, CRM integration that allows tracking of opportunities from first call 

to close, and performance analytics that can compare individual and team 

performance before and after specific coaching interventions. This measurement 

infrastructure took three years to build. It is the foundation of the outcome 

commitment commercial model. 

Commercial 

defense 
When a customer evaluates Gong against a $60/user/month competitor with 

comparable feature lists, the conversation shifts immediately: 'We commit to a 

15% improvement in your team's win rate within 12 months. What does 15% win 

rate improvement mean for your pipeline? At $2M average deal value and 200 
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qualified opportunities per year, 15% win rate improvement generates $60M in 

additional revenue annually. Our annual contract is $400K. That is a 150× ROI.' 

This conversation cannot be replicated by a competitor who has not built the 

measurement infrastructure and the customer base evidence to make the 

commitment credibly. 

The AI 

amplification 
Gong's AI features (deal intelligence, coaching recommendations, forecasting) 

are trained on the aggregate sales conversation and outcome data from 

thousands of customers. The AI's predictive accuracy depends on the scale and 

diversity of the training data — a network data effect that amplifies the outcome 

commitment's credibility. 

 

CASE STUDY: VERINT SYSTEMS 
Workforce Engagement — Total Outcome Management 

The commodity 

threat 
Contact center software — workforce management, quality management, 

interaction analytics — is a mature category facing commodity pressure from 

cloud-native alternatives and AI-powered point solutions. 

The outcome 

ownership 

strategy 

Verint has gone further than most software companies in implementing outcome 

ownership, offering what they call 'Total Workforce Engagement' packages where 

Verint commits to specific workforce efficiency and quality improvement targets. 

The customer pays based on outcomes achieved. This is a complete commercial 

model transformation: from selling software access to selling a managed 

improvement program with financial accountability. 

The 

measurement 

infrastructure 

investment 

Verint spent several years building the measurement infrastructure required to 

support outcome commitments: workforce efficiency baselines established 

before contract signing, quality measurement frameworks that isolate the 

contribution of Verint's tools from other factors, and ongoing measurement 

reporting that both parties can access and audit. This infrastructure investment 

was substantial — but it created the foundation for a commercial model that 

competitors cannot easily replicate. 

The competitive 

defense 
When Verint competes against lower-cost contact center software, the outcome 

commitment changes the evaluation criteria: the customer is no longer asking 

'which product has better features at what price?' They are asking 'which vendor 

is confident enough to commit to specific improvements and accept financial 

consequences for missing them?' Verint's willingness to make this commitment, 

backed by documented case studies of outcome delivery, commands a premium 

that feature-comparable alternatives cannot match. 

The broader 

implication 
Verint's Total Workforce Engagement model represents the most complete 

implementation of Outcome Ownership currently deployed at scale in enterprise 

software. Its commercial success demonstrates that enterprise customers will 

pay a substantial premium for accountability — and that the accountability 
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premium is durable against commodity pressure because accountability itself 

cannot be commoditized. 

 

Chapter Six — The Essentials 

›  Outcome Ownership requires three prerequisites: measurement infrastructure, attribution 

methodology, and accountability governance. 

›  Build measurement infrastructure 12–18 months before commercial commitments — 

confidence in outcome delivery rate must precede the commercial promise. 

›  Gong's outcome commitment model demonstrates the pricing power: when price is anchored 

to $60M in additional revenue, $400K is a 150× ROI conversation, not a feature comparison. 

›  Verint's Total Workforce Engagement is the most complete outcome ownership model 

currently deployed — a template for the commercial transformation that outcome accountability 

enables. 

›  The confidence signal is commercially powerful: proposing outcome commitments is more 

persuasive than any feature demonstration because it puts the vendor's revenue at risk. 

 
 
 
CHAPTER SEVEN 

Escape Route 4 — Platform Network 
Effects 

Build a marketplace or ecosystem that compounds as more participants join. 

Platform Network Effects is the escape route that is simultaneously the most powerful 

and the most difficult to build deliberately. Network effects — the property of a product 

that makes it more valuable as more people use it — create the most durable competitive 

moats in technology. But genuine network effects are rare, and the attempt to create 

artificial network effects (features designed to create switching costs without genuinely 

creating value for network participants) typically fails. 

Two types of network effects are relevant for AI-era software commoditization defense: 

direct network effects (the product becomes more valuable for each user as more users 
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join the same network) and data network effects (the product becomes more valuable 

for each user as more users contribute data to the shared pool that improves the product 

for everyone). 

Direct network effects are found in a relatively small number of product categories: 

communication platforms (Slack, Teams), collaboration tools (Figma, Notion), 

marketplace platforms (Airbnb for hosts and guests, Upwork for freelancers and 

clients), and review platforms (Glassdoor, G2). In these categories, the value of the 

product is fundamentally about connecting participants, and the connection value grows 

with participation. AI tools can replicate the software features of a Slack competitor; 

they cannot replicate Slack's network of 600,000 organizations whose teams are already 

connected on the platform. 

Data network effects are more broadly applicable and more relevant to the Software Is 

a Commodity problem. A data network effect exists when each additional customer's 

usage of the product contributes data that improves the product for all other customers. 

This can create a compounding advantage: as the platform accumulates more customer 

data, it can train better AI models, surface better benchmarks, generate better 

recommendations, and provide better analytics — all of which make the platform more 

valuable, which attracts more customers, which contributes more data. 

Figma provides a textbook example of combined direct and data network effects in 

action during the AI era. Figma's direct network effect is obvious: designers need to 

share files with developers, developers need to implement designs, and stakeholders 

need to review work — the platform's value is in the collaboration, which requires that 

all participants use the same platform. No AI tool can replicate this without also 

replicating the network. 

Figma's data network effect is less obvious but equally important: Figma's AI features 

(layout suggestions, component recommendations, accessibility improvements) are 

trained on patterns from the millions of design files on the platform. A designer using 

Figma's AI-powered design assistance is benefiting from the design patterns of every 

other Figma user. An AI-generated Figma competitor starts with none of this training 
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data — its AI capabilities would be generic, not informed by the specific patterns of 

professional design practice that Figma's data contains. 

Rippling, the HR and IT management platform, has built a data network effect through 

its Cross-Company Intelligence features. Rippling's policy benchmarking — showing HR 

teams how their compensation, benefits, and policies compare to companies in their 

industry, size, and geography — is only possible because of the scale of Rippling's 

customer base. A new entrant in the HR platform space cannot offer comparable 

benchmarking without comparable customer scale. The benchmarking capability is a 

genuine data network effect: each additional customer strengthens the benchmark for 

all customers. 

The platform network effect strategy requires a specific investment in what the platform 

economist calls "network architecture": the design of the product to maximize the value 

that flows between participants. This means building explicit features that surface 

network-derived value (benchmarks, recommendations, community knowledge), 

investing in data aggregation and anonymization infrastructure that makes customer 

data shareable without compromising privacy, and designing the business model to 

encourage network participation (not restricting data access in ways that reduce the 

incentive to share). 

One warning about the platform network effect strategy: it is not available to every 

software company. Network effects require that the product genuinely has something 

valuable to offer participants as the network grows. A time tracking tool cannot create a 

meaningful network effect around time tracking data — there is no compelling reason 

for one user's time tracking behavior to make another user's time tracking more 

valuable. Before investing in platform network effect strategy, the honest question is: 

what would each additional customer's participation genuinely add to the value received 

by all other customers? 

 

ESCAPE ROUTE 4: PLATFORM NETWORK EFFECTS 
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When each additional participant makes the product more valuable for all other participants, 

AI cannot replicate the network without replicating the network. 

Direct network effects The product becomes more valuable for each user as more users participate 

in the same network. Communication platforms (Slack), design 

collaboration (Figma), and marketplace platforms (Airbnb) exhibit direct 

network effects. Replication requires not just copying the software but also 

replicating the network. 

Data network effects The product becomes more valuable for each user as more users contribute 

data to the shared pool. Each additional customer improves the AI models, 

benchmarks, and recommendations available to all customers. Replication 

requires not just the software but also years of network data contributions. 

The honest test Network effects only exist when the product genuinely delivers more value 

as participation grows. The question is not 'can we design features that 

create lock-in?' but 'does each additional participant genuinely add value 

for existing participants?' Artificial network features (features designed to 

create switching costs without creating genuine network value) are not a 

moat — they are temporary friction that motivated customers will 

overcome. 

Build strategy Identify the specific value that each additional participant creates for 

existing participants. Design features that surface this value explicitly. 

Invest in network architecture that maximizes the value flow between 

participants. Price to encourage participation at scale rather than 

maximizing per-user revenue at the expense of network growth. 

When it applies Not every product can build genuine network effects. A time tracking tool 

cannot create meaningful network value from one user's time tracking data. 

A design collaboration platform can. Honest assessment of whether 

genuine network value exists is required before investing in platform 

network effect strategy. 

AI amplification AI compounds platform network effects: each additional participant 

contributes data that trains better AI models, which create better features, 

which attract more participants. The AI flywheel amplifies the network 

effect flywheel. 

 

CASE STUDY: FIGMA 
Design Collaboration — Direct and Data Network Effects Combined 

The threat Design software faces commodity pressure from AI. Adobe Firefly, Canva's AI 

features, and AI-generated design tools can create visual assets faster than 

traditional design tools. The core functionality of Figma — vector drawing, 

component management, prototyping — is technically replicable. 
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The direct 

network effect 
Figma's primary moat is the collaboration network: designers share files with 

developers, developers inspect designs in Figma, stakeholders review prototypes 

in Figma, and product managers comment on designs in Figma. The value of 

Figma is not the drawing tool — it is the design collaboration hub. When the 

entire team is already in Figma, a designer who switches to a different design tool 

creates collaboration friction for everyone. The individual designer's tool 

preference is subordinated to the team's collaboration requirement. 

The data 

network effect 
Figma's AI features (ML-generated layout suggestions, component matching, 

accessibility recommendations) are trained on design patterns from millions of 

design files on the platform. A designer using Figma's AI assistance benefits from 

the design intelligence of the entire Figma user community — intelligence that a 

design tool with fewer users cannot replicate. The more designers use Figma, the 

better Figma's AI features become, which attracts more designers. 

The enterprise 

amplification 
Enterprise design organizations have amplified both network effects: the 

collaboration network extends to external agencies, freelance designers, and 

client stakeholders who are all expected to participate in Figma files (direct 

network effect at the ecosystem level), and the enterprise Figma Analytics 

product gives design organizations insights into how their design assets are 

actually being used by the product and development teams — a data product 

available only because of the scale of Figma's enterprise deployments. 

Commercial 

result 
Figma's $12/editor/month pricing (with unlimited viewers free) is a deliberate 

network seeding strategy: make viewing free to maximize the collaboration 

network, charge only for the editors who create value. This pricing was 

instrumental in establishing the design collaboration network before Adobe or 

Sketch could respond. The attempted Adobe acquisition at $20B was itself 

evidence of the network moat's value. 

 

CASE STUDY: RIPPLING 
HR and IT Platform — The Cross-Company Intelligence Network 

The context Rippling launched in 2017 as a unified HR and IT management platform — 

managing employee onboarding, payroll, benefits, device management, and app 

access from a single platform. The category (HRIS + IT management) faces 

significant commodity pressure from point solutions in each dimension. 

The network 

effect strategy 
Rippling's network effect strategy centers on what they call Cross-Company 

Intelligence: using the aggregate data from all Rippling customers to provide 

each customer with benchmarking, peer comparisons, and trend analysis that no 

single company's HR data could support. Compensation benchmarks by role, 

geography, company size, and industry. Benefits adoption comparisons. Time-

to-hire benchmarks by function. These benchmarks are only valuable because 

Rippling has the data from thousands of companies. 
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The IT-HR 

integration 

network effect 

Rippling's unique market position comes from the combination of HR and IT 

management in a single platform. When a new employee is onboarded in 

Rippling's HR module, their device is automatically provisioned and their app 

access is automatically configured in Rippling's IT module. This automated IT-

HR workflow creates a network effect within the enterprise: the more the 

company's systems (SSO, MDM, applications) are connected to Rippling, the 

more valuable the onboarding and offboarding automation becomes. Each new 

system connected to Rippling increases the automation value for the entire 

company. 

The data 

flywheel 
Rippling's AI features use the Cross-Company Intelligence data to power 

predictive analytics: predicting which employees are flight risks based on 

patterns from comparable companies, suggesting compensation adjustments to 

retain at-risk employees, and identifying organizational design improvements 

based on what has worked at similar companies. These AI features improve with 

each additional company that joins the Rippling network — a data network effect 

that compounds with scale. 

Commercial 

result 
Rippling has grown to $350M+ ARR with strong retention and NRR metrics. In 

a category where point solutions abound, Rippling's platform position and 

network intelligence create pricing power that individual HR or IT tools cannot 

match. 

 

Chapter Seven — The Essentials 

›  Two types of network effects matter: direct (product more valuable with more participants) 

and data (product improves with each additional data contributor). 

›  Figma's dual network effect — collaboration network (direct) plus AI training data (data) — 

creates a moat that neither dimension alone would provide. 

›  Rippling's Cross-Company Intelligence demonstrates that HR software can build genuine data 

network effects through aggregate benchmarking. 

›  The honest test: does each additional participant genuinely add value for existing participants? 

If yes, invest in network architecture. If no, artificial network features will not create a durable 

moat. 

›  AI compounds platform network effects: better data → better AI models → better features → 

more participants → better data. 

 
 
 
 

PART THREE 
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Pricing in a Commoditised Market 

Value-based anchoring. Freemium as strategy. Open source as moat. 

 
 
CHAPTER EIGHT 

Pricing Strategy When Your Product 
Can Be Replicated 

Value-based pricing when cost is near zero. How to anchor price to outcomes, not features. 

Pricing when your product can be replicated is an exercise in anchoring value to 

something that cannot be replicated. This sounds obvious, but the operational 

implementation is genuinely difficult because the natural instinct — to justify price by 

pointing to features — is exactly the wrong approach when AI can replicate those 

features. 

The fundamental shift required in pricing strategy for commoditized software markets 

is from feature-based justification to value-based anchoring. Feature-based justification 

says: here is what our product does, and here is why these features are worth the price 

we charge. Value-based anchoring says: here is the business outcome our product 

creates, and here is what that outcome is worth to you, and our price is a reasonable 

fraction of that value. 

The shift sounds easy. The execution requires rebuilding the commercial conversation 

from the ground up. 

Feature-based pricing fails in commoditized markets for a simple reason: if AI can 

replicate the features, the customer has a new option that undermines the feature-based 

price anchor. "Why are you paying $200 per seat when you can get comparable features 

from an AI-generated alternative at $20 per seat?" is a devastating question in a feature-

based pricing conversation. It is a much less relevant question in a value-based 
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conversation: "Our product creates an average of $340,000 in annual productivity 

improvement for mid-market sales organizations — we charge $80,000, which is 23% 

of the value created. The $20-per-seat alternative has not demonstrated comparable 

productivity improvement because it has not been deployed at meaningful scale with 

measurement methodology." The AI-generated alternative might be cheaper. But the 

value-based conversation shifts the question from "what features do you get?" to "what 

value do you receive?" 

This pricing strategy requires three enablers. First, the vendor must actually measure 

the business outcomes their product creates. Not estimates, not case studies from 

exceptional customers — systematic measurement of the average improvement across 

the installed base. This is the foundation of the value-based price anchor. Second, the 

vendor must build the commercial capability to have value conversations with customer 

CFOs and economic buyers, not just product conversations with operational users. The 

value conversation requires economic credibility — the ability to present a business case, 

defend the methodology, and respond to challenges about attribution. Third, the vendor 

must structure the pricing itself to reflect value creation: per-seat pricing anchors price 

to headcount (which is a feature proxy, not a value measure), while outcome-based 

pricing, consumption-based pricing, or gain-share pricing anchors price to value 

created. 

Companies that have made this shift successfully demonstrate the protection it provides 

in commoditized markets. 

Medallia, the experience management platform, operates in a market where survey tools 

and feedback collection software are being rapidly commoditized by AI. Medallia's 

response has been aggressive value-based anchoring: their enterprise conversations are 

centered on customer experience ROI — specific improvements in NPS-correlated 

revenue metrics (customer lifetime value, churn reduction, cross-sell rates) attributable 

to Medallia's customer feedback programs. Medallia can defend a $1M+ annual contract 

because the documented economic value of the improved customer metrics exceeds 
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$10M for their typical enterprise customer. The AI-generated survey alternative cannot 

make this economic case because it has not generated this measurement data. 

Qualtrics in experience management has made a comparable shift. Under SAP 

ownership and then as an independent company again, Qualtrics has invested in what 

they call "program management" — the combination of survey tools, analytics, and 

consulting services that connects feedback data to operational improvement. The price 

Qualtrics charges is not for the survey software (which is increasingly commoditized) 

but for the program that turns survey data into business improvement. The program 

accountability differentiates Qualtrics from any commodity survey tool. 

 

Pricing Anchors — Feature-Based vs Value-Based 

Pricing 

anchor 
What it 

references 
Effective when Fails when Commodity resistance 

Feature-

based 
Capabilities list 

compared to 

alternatives; 

per-seat or per-

module price 

Features are 

genuinely 

differentiated 

and costly to 

replicate 

AI can replicate 

features; 

competitor offers 

comparable 

features at lower 

price 

None — feature parity 

destroys the anchor 

Usage-

based 
Volume of 

consumption 

(seats, API calls, 

tokens, data 

volume) 

Usage 

correlates with 

value; price 

scales naturally 

with customer 

growth 

AI efficiency 

improvements 

reduce usage per 

unit of value; 

customer 

downgrades 

Low — efficiency gains 

erode the usage 

anchor 

Outcome-

based 
Specific 

business results 

delivered; 

percentage of 

value created 

Outcomes are 

measurable and 

attributable; 

vendor has 

evidence base 

Outcomes are not 

measurable or 

attributable; 

vendor lacks 

confidence in 

delivery 

High — accountability 

cannot be replicated; 

price anchored to 

value, not cost 

Benchmark-

based 
Performance 

relative to peer 

companies; 

improvement 

over baseline 

Network data 

exists for 

benchmarking; 

customer cares 

about relative 

performance 

Benchmarks are 

generic and not 

derived from 

proprietary data; 

competitor can 

access same 

benchmarks 

Medium-high — 

proprietary 

benchmark data is a 

moat; generic 

benchmarks are not 
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Ecosystem-

based 
Network value 

from 

participation; 

platform 

effects; 

integration 

benefits 

Genuine 

network value 

exists; 

switching 

removes 

network 

participation 

Network is not 

genuinely 

valuable; 

switching cost is 

artificial friction 

High — network value 

compounds; 

competitors starting 

the network from zero 

cannot quickly 

replicate 

 

CASE STUDY: MEDALLIA 
Experience Management — Anchoring to Customer Lifetime Value 

The commodity 

threat 
Survey and feedback tools are among the most commoditized categories in 

enterprise software. SurveyMonkey Pro, Typeform, and dozens of AI-powered 

survey tools offer core functionality at a fraction of Medallia's enterprise pricing. 

The value-based 

anchor 
Medallia has built its enterprise commercial model on a specific value anchor: 

the correlation between customer experience improvements and revenue impact. 

Medallia's research (conducted across thousands of enterprise deployments) 

quantifies the relationship between NPS improvement and customer lifetime 

value growth, between complaint resolution rate and churn reduction, and 

between employee engagement improvement and customer satisfaction 

outcomes. This evidence base allows Medallia to anchor its price to specific 

revenue impact, not to survey feature counts. 

The enterprise 

conversation 
A Medallia enterprise sale is not a software selection conversation. It is a business 

case conversation: 'Based on your current NPS of 31 and our analysis of 

comparable companies, improving to 42 — a realistic target within 18 months — 

would reduce churn by 8% and increase cross-sell revenue by 12%. At your 

current revenue, that is $8.5M in additional annual revenue from retention 

alone. Our program fee is $900K annually, which is a 9.4× ROI on the retention 

improvement alone — not counting the cross-sell benefit.' No commodity survey 

tool can have this conversation because they have not built the evidence base. 

The moat The evidence base itself is Medallia's moat — a proprietary dataset connecting 

experience metrics to financial outcomes across thousands of enterprise 

deployments in dozens of industries. This dataset is a Data Fortress: it exists 

because Medallia has been deployed at scale for years, and it is what makes the 

value-based pricing anchor credible. A competitor cannot quickly build a 

comparable evidence base. 

 

Chapter Eight — The Essentials 

›  Feature-based pricing has zero commodity resistance — when AI can replicate features, feature 

parity destroys the price anchor. 
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›  Outcome-based pricing has high commodity resistance — accountability cannot be 

commoditized; price anchored to value, not cost. 

›  Medallia's enterprise pricing is grounded in a proprietary evidence base connecting experience 

metrics to financial outcomes — a Data Fortress that enables the value-based anchor. 

›  The value-based pricing transition requires rebuilding the commercial conversation: from 

feature comparison to business case, from technical evaluation to economic evaluation. 

›  The evidence base required for value-based pricing is itself a competitive moat — build it from 

your own customer data, not from generic research. 

 
 
 
CHAPTER NINE 

Freemium at Scale: Using Free to Build 
the Moat 

Free as metering data. Free as switching cost. Free as network effect accelerator. 

Free as a strategy in commoditized AI markets operates on completely different 

economics than traditional freemium. The traditional freemium logic was: acquire users 

for free, convert them to paid when they hit limits or need enterprise features, and 

generate revenue from the converted minority. This logic assumed that the free tier had 

real cost (infrastructure, support) that was offset by the conversion economics. 

In AI-era commoditized markets, free serves three strategic purposes that are more 

important than conversion: metering, switching cost, and network effect acceleration. 

Free as metering data is the most strategically underappreciated purpose. Every 

interaction a free user has with an AI-powered product generates data: what features 

they use, how they use them, what outputs they find valuable, what causes them to 

disengage. This data is extraordinarily valuable for training better AI models and 

building a more comprehensive understanding of the use case than any amount of 

market research can provide. Linear, the project management tool with strong AI 

features, offers a free tier specifically to generate the usage data that trains its AI 
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assistance features. The free tier's cost is justified not by the conversion economics but 

by the data economics. 

Free as switching cost uses the free tier to embed the product in workflows before any 

commercial commitment is required. When users build their workflows, their templates, 

their integrations, and their team habits around a free product, the switching cost grows 

every week they use it. By the time a commercial decision is required (at the team or 

enterprise level), the users who would be affected have already made their emotional 

and operational commitment to the product. Airtable's free tier is a masterclass in this: 

individuals and small teams build sophisticated workflow automations on the free tier, 

creating tool-specific knowledge and workflow dependencies that make migration to a 

lower-cost alternative genuinely disruptive. 

Free as network effect accelerator uses broad free distribution to seed a network that the 

paid product benefits from. Figma's free tier was instrumental in seeding the designer 

network that became the platform's primary moat. By making Figma accessible to 

individual designers, students, and small studios who could not afford a paid 

subscription, Figma built the designer network quickly — which made Figma the de facto 

standard for design collaboration in the industry, which made Figma the product that 

developers expected designers to use, which made Figma the platform that enterprise 

design organizations chose (to be compatible with their freelance designers and recent 

graduates). The free tier did not just generate leads for the paid tier. It built the network 

that made the paid tier dominant. 

The operational design of free-tier AI products for commoditized markets requires 

deliberate engineering of these three strategic purposes. Which free-tier features 

generate the most valuable metering data? Where is the right limit that maximizes 

embedding before commercial commitment is required? What features, if made free, 

would seed the network effects that strengthen the paid product? 

The monetization of the free tier in this framework is not primarily through conversion 

(though conversion matters). It is through the data advantage, the embedding 

advantage, and the network advantage that the free tier creates — advantages that 
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translate into pricing power, retention, and expansion in the paid tier that would not 

exist without the strategic free distribution. 

 

Freemium Strategic Purposes — Three Functions 

Purpose Mechanism Moat it builds Design requirement Companies 

doing this well 

Free as 

metering 

data 

Free tier usage 

generates 

behavioral data 

about what 

customers value, 

how they use the 

product, and what 

causes them to 

engage or 

disengage — data 

that trains better 

AI and surfaces 

product 

improvement 

opportunities 

Data Fortress: free 

usage data trains 

AI features that 

paid users access; 

behavioral 

patterns from free 

users inform 

product decisions 

Instrument the free 

tier extensively; 

ensure behavioral 

data is captured with 

sufficient 

granularity to train 

AI models 

Linear, Cursor, 

Notion — free 

tier generates 

training data 

for AI 

assistance 

features 

Free as 

switching 

cost 

Free tier embeds 

product in user 

workflows, creates 

data and 

configuration in 

the product, and 

builds user habit 

— all before any 

commercial 

decision is 

required 

Workflow Lock: 

by the time a 

commercial 

decision is 

required, the user 

and team have 

built workflows 

around the 

product that 

would be 

disrupted by 

switching 

Design free tier to 

maximize 

embedding: 

persistence of data, 

workflow 

complexity, team 

collaboration 

features, integration 

connections 

Airtable, 

Notion, Figma 

— free tier 

creates 

operational 

workflows 

before 

commercial 

commitment 

Free as 

network 

effect 

accelerator 

Free distribution 

seeds the user 

network that 

makes paid 

features more 

valuable; free 

participation 

builds the data 

pool that improves 

Platform Network 

Effects: free 

seeding builds the 

network faster 

than paid 

acquisition, which 

compounds the 

network effect and 

creates a 

participation moat 

Design free tier to 

maximize network 

participation: make 

viewing, 

collaboration, and 

consuming free; 

charge only for 

creating and 

contributing 

Figma, Miro, 

Canva — free 

participation 

builds the 

design and 

collaboration 

network that 

makes 

enterprise 
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network-derived 

AI features 
pricing 

defensible 

 

CASE STUDY: AIRTABLE 
No-Code Database — Switching Cost Through Workflow Complexity 

The commodity 

threat 
Airtable's core functionality — a flexible database/spreadsheet hybrid — is 

technically replicated by several competitors (Notion, Coda, Google Sheets with 

Apps Script). AI tools can generate comparable data management interfaces in 

weeks. 

The free tier 

strategy 
Airtable's free tier is exceptionally generous: unlimited bases, unlimited records 

up to a limit, and — critically — access to the automation and app building 

features that create the most powerful workflow embedding. The generosity is 

deliberate: Airtable wants individual users and small teams to build sophisticated 

workflows on the free tier, creating the operational complexity that makes 

migration disruptive. 

The embedding 

mechanism 
An Airtable user who has built a sales pipeline tracker with custom formulas, a 

marketing campaign manager with linked tables and automation, and a project 

management system with custom views and form submissions has built 

something that represents weeks of setup time. More importantly, they have built 

something that their team uses daily, that is embedded in their operational 

workflows, and that would require rebuilding from scratch in any alternative. The 

switching cost is not the Airtable price — it is the workflow reconstruction cost. 

The upgrade 

conversion 
Airtable's free-to-paid conversion is not primarily driven by feature gates. It is 

driven by organizational expansion: when individual users' Airtable workflows 

become team-wide operational tools, the organization upgrades to Team or 

Business tier not for the features but for the governance, audit, and 

administration capabilities that enterprise deployments require. The individual 

user's workflow complexity converts the organization to paid. 

The commodity 

defense 
Despite continuous competition from lower-cost and AI-powered alternatives, 

Airtable's per-creator pricing (not per-user) and its free tier for consumers 

maintain a large user base that is deeply embedded in operational workflows. The 

operational embedding created by the free tier's generosity makes switching 

disruption real — which is why Airtable can command $20–45/creator/month 

despite commodity competition. 

 

Chapter Nine — The Essentials 

›  Free serves three moat-building purposes: metering data (trains AI), switching cost (embeds 

before commercial commitment), network effect accelerator (seeds the network). 
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›  The most effective free tiers serve all three purposes simultaneously — instrument for data, 

design for embedding, price to maximize network participation. 

›  Airtable's free tier strategy is designed primarily for switching cost: maximum workflow 

embedding before any commercial decision is required. 

›  Figma's free viewer tier serves primarily the network effect acceleration: free participation 

seeds the design collaboration network that makes enterprise pricing defensible. 

›  The conversion economics of strategic free are different from traditional freemium: the moat 

built by free usage is often more valuable than the conversion rate. 

 
 
 
CHAPTER TEN 

Open Source and Monetization: Giving 
Away the Code, Keeping the Value 

How to build a business when your core product is public. The services, data, and ecosystem 

model. 

Open source as a monetization strategy in the AI era is not a new concept, but the 

commodity pressure from AI replication has made it more urgent and the economic 

models have matured considerably. The core proposition of open-source-with-

commercial-services has existed for decades (Red Hat's model, dating to the 1990s). 

What is new is the combination of AI replication pressure that makes open sourcing 

strategically necessary and the AI capabilities that make the commercial layer on top of 

open source more valuable than ever. 

Three open source monetization models are most relevant to the AI commoditization 

context: 

Open Core: the core product is open source, free to use, and available to all. Commercial 

versions add enterprise features (security, compliance, administration, advanced 

analytics) that are licensed commercially. The open core model uses open source to build 

community, create broad adoption, and generate the network effects and training data 
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that make the commercial version more valuable. HashiCorp (infrastructure 

automation), Elastic (search and observability), and MongoDB (database) are canonical 

examples. 

The AI era has strengthened the open core model in one specific way: open source 

adoption generates the usage data that trains the AI features in the commercial version. 

When thousands of companies use the open source product, the commercial company 

accumulates usage patterns, common configurations, failure modes, and performance 

data that inform the AI-assisted features available only in the commercial tier. The open 

source users are inadvertently contributing to the improvement of the commercial 

product they might eventually purchase. 

Open Source with Managed Service: the product is open source, but running it at 

enterprise scale requires operational expertise, infrastructure, and reliability guarantees 

that the vendor provides as a managed service. Confluent with Kafka, Databricks with 

Apache Spark, and Elastic with Elasticsearch all use variants of this model. The AI era 

amplification: the managed service now includes AI capabilities that are trained on the 

cloud operator's visibility into aggregate usage patterns — capabilities that a self-hosted 

operator cannot access. 

Open Source as Distribution: the product is open source primarily to build distribution 

— to get into the hands of developers who will become advocates, to bypass traditional 

enterprise sales by getting technical users to deploy the product before the procurement 

decision is made, and to build a community that generates marketing, support, and 

integrations that reduce the vendor's costs. The commercial product is not dramatically 

different from the open source product; the commercial relationship is based on 

support, indemnification, and the enterprise relationship. 

Hugging Face has used open source as distribution with striking effectiveness in the AI 

era. By making pre-trained models, datasets, and evaluation tools freely available on its 

platform, Hugging Face became the destination for the AI/ML practitioner community. 

This distribution advantage — tens of thousands of developers using Hugging Face tools 

daily — positions Hugging Face's commercial offerings (cloud hosting of models, private 
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model repositories, enterprise team features) to an audience that already trusts and 

depends on the platform. The open source strategy did not eliminate the commercial 

opportunity; it created the distribution platform from which the commercial 

opportunity could be extracted. 

The practical implications for software companies considering open source as an escape 

route from commodity pressure: open sourcing your product is not a surrender. It is a 

strategic redirection of your moat from features (which AI can replicate) to community, 

data, and services (which AI cannot). The decision requires assessing whether your 

product can attract sufficient community engagement to generate the value that justifies 

the open source investment — a community of dozens of contributors does not create a 

moat; a community of thousands does. 

 

Open Source Monetization Models — Three Variants 

Model What is free What is commercial Moat created Representative 

companies 

Open Core Core product 

functionality — 

open source, free to 

use, community-

maintained 

Enterprise features: 

SSO, compliance, 

advanced security, 

administration, 

analytics; SaaS-

hosted version 

Community 

distribution 

creates 

installation base; 

commercial layer 

adds governance 

and AI features 

that the open 

source version 

lacks 

HashiCorp 

(Terraform), 

Elastic (ELK 

stack), 

MongoDB, 

GitLab 

Managed 

Service 
The software itself 

— identical 

capability to self-

hosted 

The operational 

service: managed 

hosting, automatic 

upgrades, 

enterprise SLAs, 

support, security 

compliance 

Operational 

expertise is the 

moat: self-hosting 

complex 

distributed 

systems is 

genuinely hard; 

compliance 

certifications are 

expensive to 

maintain 

Confluent 

(Kafka), 

Databricks 

(Spark), 

Elastic Cloud, 

MongoDB 

Atlas 
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Open 

Source as 

Distribution 

Core product — 

open source 

primarily for 

distribution reach 

and community 

building 

Enterprise 

relationships, 

support contracts, 

professional 

services, and 

commercial AI 

features trained on 

deployment data 

Distribution and 

trust: open source 

establishes the 

product as the 

category standard 

before 

commercial 

competition can 

match the install 

base 

Hugging Face, 

Grafana, 

Prometheus 

ecosystem, 

PostHog 

 

CASE STUDY: HUGGING FACE 
AI/ML Infrastructure — Open Source as Platform Distribution 

The context Hugging Face provides a platform for hosting, sharing, and deploying AI models, 

datasets, and machine learning tools. The core infrastructure — model hosting, 

dataset storage, inference APIs — could in principle be replicated by cloud 

providers or AI companies with larger resources. 

The open 

source strategy 
Hugging Face has made the strategic choice to be the most open platform in AI: 

models, datasets, evaluation tools, and training frameworks are freely available. 

The Transformers library (open source) is used by every major AI research 

organization. Hundreds of thousands of models are publicly available on 

Hugging Face. This openness is not a commercial sacrifice — it is a distribution 

strategy. 

The distribution 

moat 
By being the most comprehensive and accessible platform for AI/ML 

practitioners, Hugging Face has established itself as the default destination for 

the AI research and development community. When a practitioner wants to find 

a pre-trained model, evaluate alternatives, or share their own work, they go to 

Hugging Face. This community position is the distribution moat: the commercial 

products (Hugging Face Hub Pro, Inference Endpoints, AutoTrain) are 

positioned to a community that already depends on the free platform. 

The data 

advantage 
Hugging Face's model evaluation datasets and benchmarks, used by thousands 

of researchers to evaluate model performance, give Hugging Face visibility into 

AI capability trajectories that commercial companies pay for. This intelligence 

advantage, combined with the practitioner community trust, positions Hugging 

Face as an infrastructure provider with genuine network effects — the models on 

the platform improve as the community contributes, which attracts more 

practitioners, which contributes more models. 

The enterprise 

commercial 

layer 

Hugging Face's enterprise products — private model repositories, dedicated 

inference endpoints, compliance features — are sold to the organizations whose 

developers are already using the free platform. The conversion from community 

user to enterprise customer is high because the enterprise is buying support for 

tools their teams are already dependent on, not evaluating a new product. 
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CASE STUDY: HASHICORP 
Infrastructure Automation — Open Core with Commercial AI Layer 

The context HashiCorp's Terraform is the dominant infrastructure-as-code tool, with 

millions of deployments globally. The open source version is free. HashiCorp 

Enterprise and HashiCorp Cloud Platform are the commercial products. The 

commodity threat: OpenTofu (a community fork of Terraform) offers identical 

core functionality for free after HashiCorp changed Terraform's license in 2023. 

The open core 

challenge 
HashiCorp's license change — from MPL 2.0 to BSL 1.1 — illustrated the tension 

in open core strategy: the license change created the OpenTofu fork that provides 

the open core functionality without the commercial constraint. For users who 

only need the open source core, OpenTofu is an increasingly viable alternative. 

The commercial 

layer response 
HashiCorp's response to the OpenTofu competition has been to invest heavily in 

the commercial features that OpenTofu cannot replicate: HashiCorp Cloud 

Platform's Terraform Cloud, Vault (secrets management), and Consul (service 

mesh) are increasingly integrated with AI-powered infrastructure intelligence — 

anomaly detection, cost optimization recommendations, compliance violation 

prediction — that requires the usage data from thousands of commercial 

deployments. 

The IBM 

acquisition 

context 

IBM's acquisition of HashiCorp in 2024 for $6.4B reflected IBM's assessment 

that the commercial layer on top of the open source infrastructure tools — 

specifically the AI-powered infrastructure intelligence — was worth the 

premium. IBM's Red Hat acquisition provided the playbook: open source 

distribution creates the install base; the commercial AI and enterprise layer 

captures the value. 

The lesson HashiCorp's trajectory illustrates both the opportunity and the risk of open core: 

the open source distribution creates an enormous install base, but the 

commercial moat must continuously move ahead of what the open source 

community replicates. The AI-powered commercial features represent 

HashiCorp's bet that the intelligence layer on top of infrastructure automation is 

where the moat will be sustained. 

 

Chapter Ten — The Essentials 

›  Open source is a distribution strategy and a moat-building mechanism — it creates community, 

establishes category standards, and generates usage data. 

›  The Open Core model works when the commercial layer provides genuine enterprise value 

(governance, AI features, compliance) that the open source community cannot or will not 

replicate. 
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›  Hugging Face uses open source as distribution to build the AI practitioner community that 

makes its commercial products natural upgrades rather than new evaluations. 

›  HashiCorp's license change controversy illustrates the tension: commercial moat must 

continuously move ahead of what the open source community replicates. 

›  The AI amplification of open source models: usage data from open source deployments trains 

AI features available only in commercial tiers — a data flywheel that compounds the open source 

distribution advantage. 

 
 
 
 

PART FOUR 

Winning the Commodity War 

Speed as moat. Trust as moat. Consolidation as escape. 

 
 
CHAPTER ELEVEN 

Speed as a Moat: Shipping Faster Than 
AI Can Copy 

When your advantage is continuous adaptation velocity — not the current feature set. 

Speed as a moat in the AI era is different from the innovation velocity moat that software 

companies have historically pursued. The traditional speed moat was about features: if 

you can ship new features faster than competitors, you maintain a feature lead that is 

difficult for others to match. This moat is substantially weakened by AI, because AI tools 

accelerate feature development for everyone — your competitors are shipping new 

features faster too. 

The AI-era speed moat is about adaptation velocity: the ability to understand what 

customers need, to reconfigure the product's AI capabilities to meet those needs, and to 

demonstrate the results of that reconfiguration faster than competitors. It is not about 
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who ships the most features — it is about who learns fastest from deployment and 

translates that learning into product improvement. 

Cursor, the AI coding environment, exemplifies adaptation velocity as a moat in a 

category that is extremely vulnerable to AI commoditization. Cursor's product is an AI 

coding assistant — a category where the underlying model capabilities are available to 

any competitor through OpenAI and Anthropic APIs. The features that Cursor provides 

(codebase-aware completions, AI-powered refactoring, natural language code 

generation) are, in principle, replicable by any well-funded competitor. 

What Cursor has built that is harder to replicate is the adaptation loop: a feedback 

mechanism that collects developer behavior data (which completions are accepted, 

which are rejected, which generate follow-up queries), uses that data to improve the 

model's understanding of what developers actually need, and deploys improvements at 

a pace that reflects the startup's engineering velocity. The result is a product that is 

improving faster than larger competitors with more resources but slower adaptation 

loops. 

The adaptation velocity moat compounds over time in a way that traditional feature 

moats do not. A feature moat is eroded as competitors add the same features. An 

adaptation velocity moat is reinforced as the product accumulates more learning data 

and the team develops more sophisticated mechanisms for translating that data into 

product improvement. The longer the lead, the wider the gap. 

The operational requirements for adaptation velocity as a moat are specific: 

instrumentation (the product must capture the right behavioral data to generate useful 

learning), feedback processing capability (the engineering team must be able to analyze 

behavioral data and generate product improvement hypotheses quickly), and 

deployment velocity (the team must be able to test, validate, and ship improvements 

faster than the competition). Companies that have invested in all three capabilities have 

a moat that AI does not erode — because AI tools are improving everyone's feature 

shipping speed, but the adaptation loop's effectiveness depends on organizational 

capability that AI tools do not accelerate proportionally. 
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Linear, the project management and issue tracking tool, has built adaptation velocity 

into its organizational culture in ways that produce a distinctive competitive position. 

Linear ships product updates every week. Its changelog reads like a responsive feedback 

loop: features requested by the community that appear in the product within days, 

patterns identified in usage data that translate to UX improvements within weeks, and 

community feedback that shapes the product roadmap in ways that are visible and 

verifiable. 

The commercial implication of adaptation velocity is not just competitive — it is 

retention. Customers who see their feedback reflected in the product quickly develop a 

sense of co-ownership that is commercially powerful. The product becomes theirs, not 

just a tool they use. This emotional investment in the product's development trajectory 

is a retention factor that no AI-generated alternative can quickly replicate. 

 

CASE STUDY: CURSOR 
AI Code Editor — Adaptation Velocity as the Primary Moat 

The threat Cursor's product is an AI coding assistant — a category where the underlying 

model capabilities are available to any competitor through OpenAI and 

Anthropic APIs. GitHub Copilot (Microsoft), Replit AI, and Sourcegraph Cody all 

offer similar AI coding assistance. 

The adaptation 

velocity moat 
Cursor's competitive advantage is not the model — it is the feedback loop. Cursor 

instruments every code completion interaction: which completions are accepted, 

which are rejected, which generate follow-up queries, which cause the developer 

to stop and retype. This behavioral data trains Cursor's proprietary fine-tuning 

layer and informs the product team's prioritization of improvements. 

The shipping 

velocity 

evidence 

Cursor shipped 47 product updates in a six-month period in 2024 — roughly two 

updates per week. Each update reflected specific patterns in the behavioral data: 

common rejection reasons addressed by improved completion models, 

frequently requested features built based on usage patterns, and UX 

improvements derived from session abandonment analysis. This update velocity 

is not a vanity metric — it is the evidence that the adaptation loop is functioning. 

The 

compounding 

effect 

Cursor's adaptation velocity moat compounds over time. Each week of 

deployment generates more behavioral data. Each week of deployment trains 

more specific fine-tuning that competitors without Cursor's user base cannot 

replicate. The model that powers Cursor's completions in month 24 of 

deployment is significantly better calibrated to developer behavior than any 
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competitor starting from the same base model in month 1 — because Cursor has 

24 months of behavioral training data that the competitor does not. 

The commercial 

position 
Cursor's pricing ($20/month Pro, $40/month Business) is a premium to GitHub 

Copilot ($19/month) and significantly above open source alternatives. The 

premium is sustained by the adaptation velocity moat: developers who use 

Cursor report that the completions become noticeably more useful over time as 

the model learns their codebase and coding style, a personalization benefit that 

competitors without the behavioral training infrastructure cannot replicate. 

 

CASE STUDY: LINEAR 
Project Management — Shipping Culture as Competitive Strategy 

The context Linear competes in project management — one of the most competitive and AI-

threatened categories in enterprise software. Asana, Monday.com, Jira, Notion, 

and dozens of AI-powered alternatives all offer overlapping functionality. 

The shipping 

velocity culture 
Linear ships product updates every week, published in a public changelog that 

reads as a responsive dialogue with the user community. Features requested by 

the community appear in the product within days. UX improvements identified 

in session data appear within weeks. The product roadmap is publicly visible and 

reflects community priorities. 

The community 

trust effect 
Linear's shipping velocity has created a community trust dynamic that is 

commercially valuable: developers and technical teams who use Linear have a 

sense of co-ownership in the product's development. They recommend Linear 

not just because it works well currently but because they trust it will continue to 

improve in response to their needs. This trust is a retention and referral asset that 

slower-shipping competitors cannot easily replicate. 

The AI-native 

foundation 
Linear's AI features (AI-generated issue summaries, AI-assisted project status, 

AI-powered duplicate detection) were built with the same adaptation velocity: 

rapid deployment, behavioral measurement, and iterative improvement. Linear's 

AI features are visibly improving with each release — which reinforces the 

community trust that drives the shipping velocity moat. 

The moat in 

context 
Linear's shipping velocity moat is not sufficient by itself to resist AI replication of 

project management features indefinitely. But it buys time for Linear to build the 

Workflow Lock (deep integrations with GitHub, Figma, Slack, and other 

developer tools) and Data Fortress (cycle time data and team performance 

patterns from years of Linear usage) that will provide durable protection. Speed 

is the transitional moat that buys time to build the permanent moats. 

 

Chapter Eleven — The Essentials 
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›  Adaptation velocity — the ability to understand what customers need and ship improvements 

faster than competitors — is a moat that AI tools do not eliminate. 

›  Cursor's 47 product updates in 6 months is the evidence of adaptation velocity: behavioral data 

from user interactions drives weekly improvements that competitors without the user base 

cannot match. 

›  Linear's shipping culture creates community trust that translates to retention and referral — 

a commercial asset that slower competitors cannot quickly build. 

›  Speed is a transitional moat that buys time to build permanent moats (Data Fortress, Workflow 

Lock) — not a permanent solution by itself. 

›  The adaptation loop requires three elements: instrumentation (capture behavioral data), 

feedback processing (generate improvement hypotheses), and deployment velocity (ship 

improvements faster than competitors). 

 
 
 
CHAPTER TWELVE 

Trust as a Moat: Enterprise Compliance, 
Security, and Accountability 

The enterprise buyer's willingness to pay a premium for trust and accountability. 

Trust as a competitive moat in the AI era is the most underappreciated source of pricing 

power in the software industry. The enterprise buyer's willingness to pay a premium for 

a vendor they trust — trust in security, trust in reliability, trust in accountability, trust 

in the vendor's commitment to the customer's success — has always been a factor in 

enterprise software markets. AI makes it more important, not less. 

The paradox is that AI, which appears to erode software moats, simultaneously 

strengthens the trust moat. As AI makes it easier to build software quickly, enterprise 

buyers are more uncertain about the reliability, security, and long-term viability of new 

entrants. A market flooded with AI-generated alternatives creates vendor selection 

anxiety: how do I know this product will be maintained? Will this startup exist in three 

years? What happens to my data if this company fails? 
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Established, trusted vendors benefit from this uncertainty in two ways. First, the 

certainty premium: enterprise buyers will pay a meaningful premium for a vendor with 

a proven track record of reliability, security, and longevity, because the cost of vendor 

failure (migrating data, retraining users, rebuilding integrations) is high. Second, the 

accountability premium: established vendors have governance structures, compliance 

certifications, and accountability relationships that AI-generated competitors cannot 

quickly replicate. A vendor with SOC 2 Type II certification, HIPAA compliance, and a 

published data breach response process has demonstrated trust infrastructure that takes 

years to build. 

ServiceNow's trust moat is perhaps the clearest example of enterprise trust as pricing 

power. ServiceNow is not the cheapest workflow automation platform — by a wide 

margin. It is significantly more expensive than most alternatives. The reason enterprises 

pay the ServiceNow premium is not just the product's capabilities; it is the trust that 

ServiceNow has built through decades of reliable enterprise operation, SOC 2 

compliance, enterprise-grade security architecture, and a track record of managing 

sensitive workflow data without breach. When an enterprise CISO evaluates ServiceNow 

against a lower-cost alternative that uses similar AI capabilities, the trust differential is 

a genuine factor in the procurement decision. 

The specific dimensions of trust that generate pricing power in AI-era software markets: 

Security certification and compliance. SOC 2 Type II, ISO 27001, and sector-specific 

certifications (HIPAA, FedRAMP, PCI-DSS) are not just compliance checkboxes — they 

are trust signals that reduce the risk perception of working with a vendor. The 

certification investment is real, but so is the premium it supports. A study of enterprise 

software procurement decisions found that the presence of relevant compliance 

certifications is one of the top three factors in vendor selection, alongside price and 

functionality. 

Data handling transparency. Enterprise customers are increasingly demanding clarity 

about what the vendor does with their data — particularly in the context of AI. Does the 

vendor use customer data to train AI models? If so, can the customer opt out? What are 
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the data retention policies? What happens to customer data if the vendor is acquired? 

Vendors who provide clear, auditable answers to these questions — and who have built 

systems to enforce the policies they claim — are building trust infrastructure that 

matters commercially. 

Long-term commitment signals. Enterprise buyers evaluate vendor viability as part of 

their procurement decision. Revenue scale, investor quality, and management 

continuity are all signals that the vendor will be a viable partner over the multi-year 

contract term. In a market where AI is enabling many small entrants, the signal value of 

established, funded, well-governed vendors increases. This creates a specific 

commercial opportunity for software companies that have built trust: the trust premium 

increases as the market becomes more crowded with less-trusted alternatives. 

Accountability structures. Trust is ultimately about accountability: does the vendor have 

the organizational and contractual structures to be held accountable for their 

commitments? SLAs with real teeth (not just uptime guarantees but data handling 

commitments, security response commitments, and service quality commitments), 

executive relationships (the customer's VP or C-level knows their counterpart at the 

vendor), and reference networks (the customer can speak to peers who have worked with 

the vendor through difficult situations) are all accountability signals that support the 

trust premium. 

 

Trust Premium Dimensions — Evidence and Pricing Impact 

Trust 

dimension 
What it signals Evidence required Pricing impact How AI era amplifies 

it 

Security 

certification 

(SOC 2 Type 

II, ISO 27001) 

Independent 

verification that 

security controls 

are in place and 

operating 

effectively — not 

just claimed 

Annual audit by 

accredited third 

party; SOC 2 

report available 

under NDA to 

enterprise 

prospects 

10–20% 

premium in 

competitive 

evaluations 

against non-

certified 

alternatives 

AI-generated 

alternatives are 

unlikely to invest in 

certification early; 

trust signal gap 

between established 

vendors and new 

entrants widens 

Sector 

compliance 

Product meets the 

specific security 

Formal 

certification 

30–50% 

premium in 

Compliance 

requirements are 
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(HIPAA, 

FedRAMP, 

PCI-DSS) 

and data handling 

requirements of 

the customer's 

regulatory 

environment 

(FedRAMP ATO), 

third-party audit 

(HIPAA), or self-

assessment with 

documentation 

(PCI SAQ) 

regulated 

sectors; deal-

qualifying 

criterion in 

federal, 

healthcare, 

and financial 

services 

not shortened by AI 

tools — compliance 

moat is durable 

even as feature 

moat erodes 

Data handling 

transparency 
Clear, auditable 

policies about 

what the vendor 

does with 

customer data — 

especially in AI 

context 

Published data 

handling policy; 

opt-out 

mechanisms for 

AI training; 

deletion 

verification; audit 

log access 

5–15% 

premium in 

enterprise 

segment; 

increasingly a 

qualifying 

criterion 

Specifically relevant 

to AI services — 

enterprises are 

increasingly 

demanding clear 

policies about AI 

training data usage 

Vendor 

longevity 

signals 

Confidence that 

the vendor will 

exist and maintain 

the product over 

the multi-year 

contract term 

Revenue scale, 

investor quality, 

management 

team stability, 

customer base 

size, analyst 

recognition 

Implicit 

premium — 

enterprise 

buyers choose 

established 

vendors over 

comparable 

functionality 

from 

uncertain 

entrants 

AI-enabled market 

entry reduces 

barriers but also 

increases vendor 

uncertainty; 

longevity premium 

grows with market 

crowding 

Accountability 

structures 

(SLAs, 

executive 

relationships, 

reference 

networks) 

Mechanisms by 

which the vendor 

can be held 

accountable for 

commitments 

SLAs with 

measurable terms 

and defined 

remedies; named 

executive 

relationships; 

peer references 

who have worked 

through difficult 

situations 

10–25% 

premium 

from buyers 

who value 

relationship 

accountability 

over feature 

richness 

Trust-based 

relationships are 

not automatable; 

human 

accountability 

relationships 

remain valuable as 

AI handles more 

product 

functionality 

 

CASE STUDY: SERVICENOW 
Enterprise Trust at Scale 

The pricing 

premium 
ServiceNow is not the cheapest enterprise workflow automation platform. It is 

significantly more expensive than functionally comparable alternatives. The 

premium is sustained by trust, not by feature superiority. 
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The trust 

infrastructure 
SOC 2 Type II, ISO 27001, ISO 27018, FedRAMP High authorization, HIPAA 

compliance, PCI-DSS compliance, and sector-specific compliance for healthcare, 

financial services, and government. This compliance portfolio represents years of 

audit investment that competitors entering the market cannot quickly replicate. 

The enterprise 

relationships 
ServiceNow has C-suite relationships at approximately 85% of Fortune 500 

companies. The CIO, CISO, and COO at large enterprises have multi-year 

relationships with ServiceNow account teams. These relationships are not just 

sales relationships — they are governance relationships, where ServiceNow is 

involved in the enterprise's digital transformation planning, security architecture 

reviews, and vendor risk assessments. 

The 

accountability 

evidence 

ServiceNow's customer reference network includes peer-to-peer connections 

that allow enterprise prospects to speak with companies who have worked 

through difficult situations with ServiceNow — data breaches, major service 

outages, significant product failures, and contractual disputes. The ability to 

provide credible references for difficult situations (not just success stories) is a 

trust signal that new entrants cannot provide because they have not had time to 

demonstrate accountability in adversity. 

The AI era 

amplification 
As AI products flood the enterprise software market, the trust premium 

ServiceNow commands is increasing, not decreasing. Enterprise CISOs 

evaluating AI coding tools, AI analytics platforms, and AI workflow automation 

products are applying the same trust criteria they apply to ServiceNow — and 

finding that many AI-era entrants cannot meet the bar. ServiceNow's position as 

the trusted enterprise workflow platform is strengthened by the contrast with 

less-trusted alternatives. 

 

Chapter Twelve — The Essentials 

›  Trust is a competitive moat that AI tools do not accelerate — security audits, compliance 

certifications, and executive relationships take time to build regardless of AI tool capability. 

›  The five trust dimensions: security certification, sector compliance, data handling 

transparency, vendor longevity signals, and accountability structures. 

›  In the AI era, the trust premium grows as markets are flooded with AI-generated and AI-

powered alternatives of uncertain reliability, security, and longevity. 

›  ServiceNow's trust infrastructure — 85% Fortune 500 penetration, multi-framework 

compliance, executive C-suite relationships — sustains premium pricing that commodity 

alternatives cannot match. 

›  Data handling transparency is the trust dimension most specific to the AI era: enterprises are 

demanding clarity about AI training data usage that established vendors must proactively 

address. 
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CHAPTER THIRTEEN 

The Consolidation Play: Acquiring Your 
Way Out of Commodity 

When organic escape routes are closed, the M&A playbook for commodity software markets. 

The consolidation escape route — acquiring your way out of commodity pressure — is 

the strategic response for companies where the organic escape routes are insufficient, 

the timeline is short, and the capital is available. It is not a first option, but for companies 

in the Commodity Trap with limited time, it is a real option. 

The M&A playbook for commodity software markets has three variants: 

Acquire the data moat. If you cannot build a Data Fortress organically because you lack 

the proprietary data that would create one, acquire a company that has it. Salesforce's 

acquisition of Datorama (marketing intelligence data), Tableau (data visualization and 

analytics), and Mulesoft (integration data visibility) were all data moat acquisitions: 

each brought data capabilities that strengthened Salesforce's position against 

commoditization of core CRM features. The acquired data — Tableau's analytics data, 

Mulesoft's API usage patterns — creates value for Salesforce customers that cannot be 

easily replicated. 

Acquire the workflow integration. If a competitor has achieved deeper workflow 

integration than you have in a specific customer segment, acquiring that competitor is 

faster than building comparable integration organically. Zendesk's acquisition of 

multiple customer data platform and workforce management companies was partly 

about acquiring the workflow integrations those companies had built — integrations that 

deepened Zendesk's embedding in customer service operations. 

Acquire the vertical expertise. If your product is in a horizontal category facing 

commodity pressure, acquiring a vertical software company in a high-value sector gives 
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you the domain depth and regulatory complexity that create genuine commodity 

resistance. A generic workflow tool acquiring a specialized healthcare workflow 

company gets both the regulatory complexity (healthcare workflow is complex and 

compliance-sensitive) and the customer relationships (healthcare institutions are sticky 

customers with long procurement cycles) that create protection against commodity 

pressure. 

Figma's acquisition strategy (before the Adobe merger blocked by regulators) illustrates 

the consolidation logic: by acquiring companies with complementary workflow 

integrations and data capabilities, Figma was strengthening its Workflow Lock position 

against commodity pressure. Each acquisition added integration depth that would have 

taken years to build organically. 

The consolidation strategy requires honest assessment of three conditions. First, is the 

company being acquired actually building a genuine moat, or is it facing the same 

commodity pressure you face? Acquiring a company in the Commodity Trap to escape 

your own commodity trap is not a solution. Second, can you integrate the acquired 

company's assets quickly enough to benefit before commodity pressure becomes 

existential? Slow integration is a common M&A failure mode — the acquired capabilities 

degrade during a lengthy integration process that delays their competitive benefit. 

Third, does the capital required for the acquisition leave the combined company strong 

enough to execute the escape route? Over-levered acquisitions that create financial 

fragility are a specific risk in a market where commodity pressure is eroding pricing 

power. 

 

M&A Escape Route — Three Variants 

Variant What you acquire Moat it creates Key success 

condition 
Risk 

Acquire the 

data moat 
A company with 

proprietary data 

assets in a domain 

where your product 

lacks data depth 

Data Fortress: 

the acquired 

data enriches 

your product 

with 

The acquired data 

genuinely 

enriches your 

product for your 

existing customers 

Integration 

speed: data 

assets 

depreciate if 

integration 
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intelligence 

competitors 

cannot quickly 

replicate 

— not just a 

financial asset 
takes longer 

than 12 months 

Acquire the 

workflow 

integration 

A competitor or 

complementary 

product that has 

achieved deeper 

workflow integration 

than you have in a 

specific customer 

segment 

Workflow Lock: 

the acquired 

integration 

depth extends 

your embedding 

across a broader 

set of customer 

workflows 

The acquired 

customer base 

values the 

combined product 

more than either 

product 

standalone 

Customer 

retention 

during 

integration: 

acquired 

customers must 

be retained 

through the 

integration 

period or the 

moat is never 

realized 

Acquire the 

vertical 

expertise 

A specialist vertical 

software company in 

a high-value sector 

where domain depth 

creates regulatory 

and switching cost 

protection 

Domain 

expertise: the 

regulatory 

compliance, 

industry 

relationships, 

and domain-

specific features 

create 

commodity 

resistance in a 

protected sector 

The vertical 

expertise is 

genuine — 

regulatory 

requirements and 

industry 

relationships that 

competitors 

cannot quickly 

build 

Overpaying for 

complexity: 

vertical 

specialization 

can reflect 

genuine moat 

or can reflect 

poor scalable 

architecture 

that makes 

expansion 

expensive 

 

CASE STUDY: SALESFORCE ACQUISITIONS 
Building a Data Fortress Through M&A 

The strategy Salesforce has been the most acquisitive major software company of the past 

decade, with over 60 acquisitions totaling more than $30B. The acquisition 

strategy has been primarily about data assets and ecosystem extension rather 

than feature acquisition. 

Key data moat 

acquisitions 
Tableau ($15.7B, 2019): adds data visualization and analytics capabilities that 

turn Salesforce's CRM data into visual intelligence — the combined Salesforce + 

Tableau is more valuable than either standalone because the CRM data feeds the 

analytics and the analytics inform the CRM strategy. Mulesoft ($6.5B, 2018): 

integration platform that makes Salesforce the integration hub for enterprise 

data flows — as more systems are connected through Mulesoft, Salesforce 

becomes more deeply embedded in enterprise data infrastructure. Datorama 
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(2018): marketing intelligence and analytics that enriches Salesforce's marketing 

cloud with data aggregation capabilities that standalone CRM lacks. 

The combined 

moat 
The aggregate effect of Salesforce's acquisition strategy has been to move from a 

CRM product (high replication pressure, medium embedding) toward an 

enterprise data and workflow platform (lower replication pressure, higher 

embedding). The acquisitions have not just added features — they have added 

data assets, integration depth, and ecosystem connections that compound the 

moat. 

The AI 

amplification 
Salesforce Einstein GPT and the broader AI cloud are built on the data assets 

accumulated through organic growth and acquisition. The AI features are more 

capable because they have access to CRM data, analytics data, integration data, 

and marketing data — a combination that no competitor without Salesforce's 

acquisition history can quickly replicate. 

The lesson Salesforce's M&A strategy illustrates that the right acquisitions are not about 

buying revenue — they are about buying moat components. Each acquisition 

should be evaluated for whether it adds a Data Fortress, deepens Workflow Lock, 

or strengthens Platform Network Effects in ways that the acquiring company 

cannot build organically in time. 

 

⚠  The Consolidation Play Is Not a Shortcut — It Is an Escape Route for When Organic 

Options Are Insufficient 

M&A as a commodity escape route requires three conditions to succeed: the target company has 

a genuine moat (not just a different commodity product), the integration can be completed in 

under 12 months (moat assets depreciate during slow integration), and the combined company 

has sufficient financial strength to execute the integration while managing organic commodity 

pressure. Over-levered acquisitions that create financial fragility in a commoditizing market are 

a specific failure pattern: the acquisition accelerates the commodity trap by reducing the capital 

available for organic moat building. 

 

Chapter Thirteen — The Essentials 

›  Three M&A escape routes: acquire the data moat, acquire the workflow integration, acquire 

the vertical expertise. 

›  Salesforce's $30B+ acquisition program is the most comprehensive example of M&A as a 

commodity escape route — each acquisition added a moat component. 

›  Integration speed is the critical success condition: data and workflow moat assets depreciate 

if integration takes longer than 12 months. 
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›  Evaluate acquisitions for moat contribution, not just revenue: the right question is 'what moat 

does this add?' not 'what revenue does this bring?' 

›  M&A is the escape route for when organic options are insufficient — not a substitute for 

building moats organically when time permits. 

 
 
 
 

EXTENDED CASE STUDIES 

Three Companies in the Commodity War 

Monday.com · Zendesk · Datadog — three very different trajectories. 

 
 
CASE STUDY A 

Monday.com: Three Simultaneous 
Escape Routes 

How a project management tool is attempting to escape its commodity category by building 

platform, workflow, and outcome positions simultaneously. 

Monday.com provides one of the most instructive case studies in the software industry's 

navigation of commodity pressure, because the company is simultaneously facing 

commodity pressure (project management tools are among the most replicated 

categories in AI-powered alternatives) and executing multiple escape routes 

simultaneously. 

The commodity pressure on Monday.com is real and documented. The project 

management category has been flooded with AI-generated and AI-powered alternatives: 

ClickUp, Linear, Notion, Asana, and dozens of smaller players all offer overlapping 

functionality at various price points. More significantly, several of these competitors 

have deployed AI capabilities that generate project management structures, automate 
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workflow creation, and surface predictive analytics — capabilities that Monday.com 

must match to maintain competitive parity. 

Monday.com's response has been to execute three escape routes simultaneously: 

platform network effects through Monday Work OS (the platform framework that allows 

third-party application development and creates a developer network), workflow lock 

through deep integration with enterprise communication and productivity systems 

(Slack, Teams, Gmail, Google Calendar, Outlook, Jira, GitHub), and outcome ownership 

beginning with Monday.com's shift toward vertical-specific ROI guarantees for 

enterprise customers. 

The Monday Work OS strategy — positioning Monday.com as the operational system of 

record for non-technical business processes — is the most ambitious escape route. By 

opening the platform to third-party developers and encouraging the creation of 

industry-specific applications, Monday.com is attempting to create a platform network 

effect: as more developers build on Monday Work OS, more specialized applications 

become available, which attracts more enterprise customers, which attracts more 

developers. If successful, this creates a moat that AI-powered project management 

alternatives cannot easily replicate — because the moat is not the project management 

features but the ecosystem of specialized applications built on the platform. 

The outcome is uncertain — platform strategies are notoriously difficult to execute — 

but Monday.com's attempt illustrates the correct strategic response to commodity 

pressure: do not compete on features that AI can replicate; compete on network effects, 

workflow integration, and outcome accountability that AI cannot easily replicate. 

 

CASE STUDY: MONDAY.COM 
Project Management Platform — Multi-Vector Escape Strategy 

The threat Project management is the quintessential commodity trap: features are well-

understood, training data is abundant, AI can replicate core functionality in 

weeks. ClickUp, Linear, Asana, Notion, and AI-powered alternatives all offer 

comparable core features at competitive prices. 
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Escape Route 1: 

Platform 

network effects 

(Monday Work 

OS) 

Monday Work OS positions Monday.com as the operational system of record for 

non-technical business processes — a platform on which vertical-specific 

applications are built. Monday has over 200 apps in its marketplace, built by 

third-party developers. As more specialized apps are built on Monday Work OS, 

the platform becomes more valuable for enterprise buyers who need both general 

workflow management and specific functional tools. The developer ecosystem 

creates a compounding advantage that point-solution competitors cannot quickly 

replicate. 

Escape Route 2: 

Workflow Lock 

(integration 

depth) 

Monday.com has built over 200 pre-built integrations — Slack, Teams, Gmail, 

Jira, GitHub, Salesforce, HubSpot, and dozens of domain-specific tools. The 

integration depth means that Monday.com is not a standalone project tracker but 

a workflow orchestration layer that connects the customer's operational tools. As 

more integrations are added and more workflows are routed through Monday, 

the switching cost of replacing Monday increases. 

Escape Route 3: 

Outcome 

ownership 

(enterprise ROI 

focus) 

Monday.com's enterprise sales motion increasingly centers on ROI 

measurement: quantified productivity improvements, measurable workflow 

acceleration, and specific business outcome improvements from Monday 

deployments. The enterprise team has invested in ROI calculators, customer 

success case studies, and outcome benchmarks that anchor the enterprise price 

to business value rather than feature comparison. 

Current position 

and trajectory 
Monday.com has grown to $900M+ ARR with strong NRR (110%+). The 

platform strategy is early — the Work OS ecosystem is not yet as compelling as 

mature platforms like Salesforce or ServiceNow. But Monday.com's 

simultaneous investment in all three escape routes positions it better than 

competitors who are relying on feature parity alone. The race is whether Monday 

can build sufficient platform depth, workflow integration, and outcome 

accountability before commodity pressure materially erodes its pricing power. 

The lesson Monday.com's multi-vector approach is strategically correct: no single escape 

route is sufficient in a high-replication-pressure category; multiple simultaneous 

escape routes compound each other. The risk is execution — multi-vector 

strategies are organizationally demanding. 

 
 
 
CASE STUDY B 

Zendesk: A Cautionary Tale of 
Insufficient Embedding 

What happens when a good product with moderate Workflow Lock fails to build Data 

Fortress or Outcome Ownership before commodity pressure intensifies. 
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Zendesk's trajectory provides a cautionary tale about the consequences of failing to 

escape the commodity trap before it closes. 

Zendesk was the category-defining customer service software company for over a 

decade. Its product was excellent, its brand was strong, and its customer base was large. 

But by 2022, the customer service software category had become one of the most 

competitive and rapidly commoditizing segments of enterprise software. AI-powered 

competitors (Intercom, Freshdesk, Help Scout) were offering comparable core 

functionality at lower prices. AI models were enabling new entrants to build functional 

customer service platforms in months rather than years. 

Zendesk's response was initially to add AI features to the existing product — chatbots, 

automated response suggestions, ticket classification. These features added value but 

did not fundamentally differentiate Zendesk from competitors who were adding the 

same AI features. The product was improving, but the competitive moat was not 

deepening. 

The deeper strategic problem was that Zendesk had built primarily a Workflow Lock 

position — customer service workflows were built around Zendesk, and switching was 

operationally disruptive. But the Workflow Lock was not deep enough to command the 

premium pricing that Zendesk required to justify its costs and satisfy investors. The lock 

prevented catastrophic churn but did not create the pricing power that a Data Fortress 

or Outcome Ownership position would have generated. 

Zendesk was taken private in 2022 by a private equity consortium for $10.2 billion — a 

significant premium to the market price but a recognition that the company needed 

restructuring that public markets would not patiently support. The private equity 

owners have been executing a more aggressive escape route: building out Zendesk's AI 

capabilities (the Zendesk AI suite), moving toward outcome-based pricing for enterprise 

customers, and deepening workflow integration. 

The lesson from Zendesk: a good Workflow Lock position in a category with significant 

commodity pressure requires continuous investment to maintain and deepen. A 
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Workflow Lock that was adequate five years ago may be insufficient today as AI tools 

make the competition's lock-building easier and faster. 

 

CASE STUDY: ZENDESK 
Customer Service Platform — The Limits of Workflow Lock Alone 

The trajectory Zendesk was the category-defining customer service software company for over 

a decade: 100,000+ customers, $1.7B ARR at time of privatization, and a product 

that genuinely changed how companies manage customer support. 

The competitive 

position at 

privatization 

Zendesk's primary moat was Workflow Lock: customer service workflows were 

built around Zendesk, with custom ticket views, automated routing rules, SLA 

configurations, and reporting dashboards that represented months of setup 

investment. The switching cost was real — migrating a mature Zendesk 

deployment to a new platform typically required 3–6 months of professional 

services and operational disruption. 

Why the 

Workflow Lock 

was insufficient 

Zendesk's Workflow Lock was medium-depth, not high-depth. The switching 

cost was real but manageable — particularly for customers who were newly 

implementing (no existing workflows to migrate) or who were motivated to 

switch by Zendesk's pricing. The absence of a Data Fortress (Zendesk's customer 

data was not significantly enriched with network intelligence) and the absence of 

Outcome Ownership (Zendesk had not built the measurement infrastructure to 

commit to support performance outcomes) left the company with a defensible 

but not durable competitive position. 

The commodity 

pressure 

trajectory 

Between 2020 and 2022, Zendesk faced increasing commodity pressure from AI-

powered alternatives (Intercom's AI-first relaunch, Freshdesk's AI features) and 

from lower-cost alternatives (Help Scout, Groove) that offered sufficient features 

for less complex support operations. Zendesk's average revenue per customer 

was declining as existing customers downsized and new customers chose 

alternatives. 

The 

privatization 

and 

restructuring 

The $10.2B privatization by Hellman & Friedman and Permira in 2022 was a 

recognition that Zendesk needed to execute a strategic transformation that public 

market quarterly reporting would not support. The PE owners have been 

executing an aggressive AI strategy — Zendesk AI, Zendesk AI for Voice, and AI-

powered outcome reporting — and a move toward outcome-based pricing for 

enterprise customers. 

The current 

repositioning 
Under private ownership, Zendesk is attempting to build the Data Fortress and 

Outcome Ownership positions that were absent from its public market strategy. 

The outcome: whether Zendesk can execute this transition fast enough to offset 

continuing commodity pressure on its core product is the defining strategic 

question of its next chapter. 
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CASE STUDY C 

Datadog: The Commodity Trap Escaped 
at Scale 

How Datadog built Data Fortress, Platform Network Effects, and Workflow Lock 

simultaneously — and why the combination is more valuable than any single moat. 

Datadog is one of the clearest current examples of a software company that has 

navigated commodity pressure successfully through multiple simultaneous escape 

routes — and whose example provides a practical template for other infrastructure and 

observability companies facing similar pressures. 

The commodity pressure on observability software is extreme. The core functionality — 

collecting logs, metrics, and traces from distributed systems — is technically well-

understood, well-documented in open standards (OpenTelemetry, Prometheus), and 

well-replicated by open source tools (Grafana, Prometheus, Jaeger). A competent 

engineering team can build a functional observability stack using open source tools in 

weeks. Many large enterprises have done exactly this, particularly as Datadog's pricing 

(which scales with data volume) can be very expensive at enterprise scale. 

Datadog's escape from this commodity pressure has come through three reinforcing 

escape routes: 

The Data Fortress: Datadog has accumulated observability data from thousands of 

enterprise deployments that creates genuine intelligence capabilities unavailable 

elsewhere. Datadog's Security Monitoring and Application Performance Monitoring 

products use patterns identified across the aggregate customer base to detect anomalies 

that would not be visible from a single customer's data. When Datadog's AI-powered 

monitors identify a novel attack pattern or performance degradation pattern, they are 

drawing on cross-customer data that no open source alternative or new commercial 

entrant can match. 
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The Platform Network Effect: Datadog has built an integrations ecosystem of over 650 

technology integrations — pre-built connectors to cloud services, frameworks, 

databases, and development tools. This integration ecosystem is a platform network 

effect: each new integration attracts the customers who use that technology, who in turn 

contribute usage data that improves the integrations and creates the behavioral patterns 

that improve Datadog's AI features. A competitor starting today would need years to 

build a comparable integration ecosystem. 

The Workflow Lock: Datadog's dashboards, alerts, and incident response workflows 

become deeply embedded in engineering team operations. Engineers who have built 

their on-call runbooks, alert configurations, and SLA dashboards in Datadog have made 

operational investments that are genuinely costly to replicate in an alternative. The 

switching cost is not primarily the data migration; it is the operational workflow 

reconstruction. 

The commercial result: Datadog commands premium pricing ($15–30 per host per 

month for core monitoring) that is significantly higher than open source alternatives 

(effectively free) and competitive alternatives. The premium is not based on feature 

superiority alone — it is based on the combination of the data moat, the integration 

ecosystem, and the operational embedding that makes Datadog the lowest-risk choice 

for engineering organizations that depend on their observability infrastructure. 

 

CASE STUDY: DATADOG 
Observability Platform — Triple Moat Construction 

The threat Observability software faces extreme commodity pressure: open standards 

(OpenTelemetry, Prometheus), open source tools (Grafana, Jaeger, 

Prometheus), and AI-powered analysis capabilities that any competitor can 

deploy on commodity infrastructure. A sophisticated engineering team can build 

a functional observability stack in weeks. 

Moat 1: Data 

Fortress (cross-

customer 

intelligence) 

Datadog has accumulated observability data from thousands of enterprise 

deployments. Its AI-powered anomaly detection, performance regression 

identification, and security threat detection work because they are trained on 

cross-customer patterns — a failed deployment pattern that appears in one 

customer's data informs anomaly detection for all customers. This cross-
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customer intelligence is a genuine Data Fortress: an open source alternative 

running on a single company's data cannot generate comparable pattern 

recognition. 

Moat 2: Platform 

Network Effects 

(integration 

ecosystem) 

Datadog has built 650+ pre-built integrations — more than any competitor. Each 

integration attracts the companies using that specific technology, who in turn 

contribute usage data that improves the integration. The integration ecosystem 

is a platform network effect: each additional integration makes Datadog more 

attractive to companies using that technology, which increases adoption, which 

funds more integrations. 

Moat 3: 

Workflow Lock 

(operational 

embedding) 

Engineering teams build their on-call runbooks, alert configurations, SLA 

dashboards, and incident response workflows in Datadog. The operational 

investment in setting up meaningful alerts, building useful dashboards, and 

training teams on the interface is substantial. A company running Datadog for 5 

years has built operational workflows that are genuinely embedded — not in the 

abstract but in the specific configurations, dashboard designs, and runbook 

procedures that the on-call team uses at 2am. 

The AI 

amplification of 

all three moats 

Datadog's AI features (Watchdog, AI Ops, Security Insights) compound all three 

moats simultaneously: the AI is trained on the cross-customer data (amplifies 

Data Fortress), benefits from the integration ecosystem's telemetry diversity 

(amplifies Platform Network Effects), and makes the operational workflows more 

powerful (deepens Workflow Lock). The AI investment is not separate from the 

moat strategy — it is the expression of all three moats simultaneously. 

Commercial 

result 
Datadog commands $15–30/host/month premium pricing in a market where 

open source alternatives are effectively free. NRR exceeds 120%, gross margins 

exceed 75%, and the company has grown from $200M ARR in 2019 to $2.1B ARR 

in 2023. The triple moat construction is the explanation for this performance in 

a category with extreme commodity pressure. 

The lesson Datadog demonstrates that escaping the commodity trap is possible even in 

categories facing significant AI replication pressure — but it requires 

simultaneous investment in multiple escape routes. The Data Fortress, Platform 

Network Effects, and Workflow Lock work together: each amplifies the others in 

ways that make the combined moat more durable than any single moat would be. 

 
 
 
CLOSING 

The Moat Is Gone — Build a New One 

What the commodity war requires. Who will win it. Why it matters. 
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Framework F20 — The Commodity Escape Matrix 

Framework F20 — The Commodity Escape Matrix — maps software company 

competitive position on two dimensions and identifies four quadrants with distinct 

strategic implications. 

Axis 1 (Horizontal): AI Replication Pressure — how quickly and effectively can AI tools 

replicate the core functionality of the product? Low replication pressure means the 

product has genuine technical complexity, regulatory requirements, or unique 

algorithms that resist quick replication. High replication pressure means the product's 

core features are well-understood, well-documented patterns that AI tools can generate 

from specification within days or weeks. 

Axis 2 (Vertical): Customer Embedding Depth — how deeply is the product embedded 

in the customer's operations? Low embedding means the customer uses the product as 

a standalone tool with relatively low switching costs. High embedding means the 

customer's data, workflows, and operational processes are deeply integrated with the 

product, creating substantial switching costs. 

The four quadrants define the available strategic options: 

Commodity Trap (high replication pressure, low embedding): products face immediate 

commodity pressure with limited natural protection. The available escape routes are 

building workflow integration (increasing embedding), building a data moat (increasing 

the proprietariness of the data), moving toward outcome accountability (changing the 

basis of competitive differentiation), or platform strategy (attempting to build network 

effects before the commodity pressure makes the product unviable). The timeline for 

action is 18–36 months before commodity pressure materially affects pricing power. 

Data Fortress (high replication pressure, high embedding): products face commodity 

pressure on features but have deep customer data ownership that creates switching 

costs. The strategic focus is on maintaining and deepening the data moat — investing in 

AI capabilities that leverage the proprietary data to create value competitors cannot 
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replicate — while using the pricing power the data moat provides to fund the transition 

to outcome accountability. 

Value Architect (low replication pressure, low embedding): products have technical 

complexity that slows replication but have not built deep customer embedding. The 

strategic window is the time between now and when AI tools develop sufficient 

capability to replicate the technical complexity. This window should be used aggressively 

to build embedding — workflow integration, data ownership, and network effects — 

before the product enters the Commodity Trap. 

Workflow Lock (low replication pressure, high embedding): the most defensible 

quadrant. Products here have both technical complexity and deep customer embedding. 

The strategic focus is on maintaining the technical complexity (continuously pushing 

the capability ceiling to stay ahead of replication) while deepening the embedding 

(adding AI capabilities that leverage the embedded data and workflow position). 

 

Framework F20 — Summary Reference 

Quadrant Replication 

pressure 
Embedding 

depth 
Strategic priority Time horizon Escape routes 

Commodity 

Trap 
High Low Urgent escape — 

choose and 

execute an escape 

route 

immediately 

18–36 

months 
Data Fortress (fastest); 

Workflow Lock (most 

durable); Outcome 

Ownership (most 

differentiated); Platform 

Network (most powerful 

if available) 

Data Fortress High High Deepen and 

leverage the data 

moat through AI 

capabilities 

Medium 

urgency — 

data moat 

buys time 

Invest in AI features 

trained on proprietary 

data; add network 

intelligence; protect 

against portability 

regulations 

Value 

Architect 
Low Low Use the technical 

complexity 

window to build 

embedding 

3–5 years Build Workflow Lock 

aggressively (most 

urgent); begin building 

data assets; evaluate 
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before replication 

arrives 
platform network effect 

potential 

Workflow 

Lock 
Low High Maintain both 

dimensions; 

invest in AI that 

amplifies the 

embedded 

position 

Lower 

urgency — 

but 

complacency 

is the risk 

Continuous AI 

investment that deepens 

embedding; push 

technical capability 

ceiling to extend 

replication timeline 

 
 
The title of this book — When Software Is a Commodity — is not a warning about an 

uncertain future. It is a description of the present. For a significant and growing portion 

of the software market, the commodity transition is not approaching; it has arrived. 

The time tracking tool that your team uses is already commoditized. The survey tool that 

your marketing team relies on is already commoditized. The basic CRM functionality 

that smaller companies depend on is already commoditized. For these categories, the 

escape routes described in this book are not optional — they are survival requirements. 

For the mid-market categories — the project management platforms, the customer 

service platforms, the HR tools — the commodity transition is underway. The window 

for executing the escape routes is measured in years, not decades. Companies in these 

categories that are not actively investing in data moats, workflow integration, outcome 

accountability, or platform network effects today are allowing the window to close. 

For the deep enterprise platforms — the ERPs, the complex analytics platforms, the 

deeply integrated vertical software — the commodity transition is on the horizon. The 

technical complexity that currently resists replication will not resist it indefinitely. The 

companies in these categories have the most time, but they also have the most to lose if 

they mistake the length of their window for the permanence of their protection. 

The Commodity Escape Matrix is not a guarantee. Moving from the Commodity Trap to 

the Data Fortress or Workflow Lock quadrant requires significant investment, 

organizational commitment, and often willingness to cannibalize existing revenue 

streams in pursuit of more defensible ones. Many companies will not make these moves 

successfully. Some will make them but not quickly enough. A few will execute them with 
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the urgency and precision required to emerge from the commodity transition stronger 

than they entered it. 

The companies that win the commodity war will not win it by being the best at what they 

currently do. They will win it by being the best at building what AI cannot replicate: 

proprietary data, deep workflow integration, genuine outcome accountability, and 

network effects that compound with participation. 

The moat is gone. Build a new one before the water drains. 

 

"The moat is gone. Build a new one before the water 

drains." 

 

 

The AI Economy Monetization Series continues in Book Seven: 

Monetizing When AI Can Code and Release Software 
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