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BOOK SEVEN · THE AI ECONOMY MONETIZATION SERIES 

Monetizing When 

AI Can Code 

and Release Software 

Zero marginal cost of software creation. Every enterprise becomes a developer. 

 

When anyone can write software, the question is no longer who can build 

it. The question is what it is worth. 

The marginal cost of producing software is approaching zero. This is not a feature — it is an 

existential restructuring of the software industry's economic foundation. Companies that price to cost 

will be competed to zero. Companies that price to value will compound. 

 
 

Framework F21: The Zero-Cost Software Economics Model 

 
 
 
 
PREFACE 

The Chicago CFO's Question 

A financial services company saves $172,000–$332,000 annually. The software market loses 

a customer who will never return. 

In March 2024, a small financial services company in Chicago decided to stop shopping 

for a revenue forecasting tool. 

They had evaluated six software vendors over three months. The quotes ranged from 

$180,000 to $340,000 annually. None of the products did exactly what they needed — 
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each required workflow compromises, custom integrations, or manual workarounds for 

their specific data structures and reporting requirements. 

Their CTO had been watching the AI coding developments. He assigned one engineer 

two weeks with Claude Code and a stack of internal data engineering specs. At the end 

of two weeks, they had a working revenue forecasting system — not a compromised 

approximation of what they needed, but a system designed precisely for their data, their 

workflow, and their reporting requirements. The engineering cost was approximately 

$8,000 in labor plus $200 in model API costs. They owned the code outright. It ran on 

their existing infrastructure. And when they needed a new feature, they added it 

themselves in an afternoon. 

They saved between $172,000 and $332,000 annually. The software market lost a 

customer who will never return. 

This story is becoming common. Not universal — most enterprises still buy software and 

will continue to do so for most of their needs. But the category of software that 

enterprises will buy is contracting, and the category of software they will build internally 

using AI coding tools is expanding. The economics of the transition are irreversible: as 

AI coding tools improve, the internal build option gets better and cheaper every quarter. 

The software vendor who cannot demonstrate value that justifies the price differential 

over internal build will eventually lose to that differential. 

This is not the only disruption that zero-cost software creation creates. When every 

developer is ten times more productive, the software industry's development cost 

structure changes at the foundation. When AI agents can write, test, and deploy code 

autonomously, the ISV model — build once, sell many — faces new competitive 

dynamics from enterprise customization. When foundation model capability is available 

to every builder, the model quality advantage that large companies had over small ones 

compresses. 

This book is about all of these changes and what they mean for the companies whose 

businesses are built on software. It is not a crisis manual — some of the changes create 
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extraordinary opportunities for well-positioned companies. But it requires a clear-eyed 

assessment of which side of the value divide you are on: the side that provides value so 

specific, so integrated, and so accountable that internal build cannot match it — or the 

side that provides generic functionality at a price premium that the internal build option 

increasingly cannot justify. 

The zero marginal cost of software creation does not destroy the software industry. It 

restructures it around a new axis: not who can build software, but what the software is 

worth after everyone can build it. 

 
 
 
 

PART ONE 

The Zero-Cost World 

Three waves. What zero marginal cost does to software economics. The vendor-customer 

inversion. 

 
 
CHAPTER ONE 

When the Cost of Making Software Hit 
Zero 

The historical moment. Copilot → Cursor → Devin → autonomous engineering. What the 

timeline looks like from here. 

The cost of making software did not fall to zero in a single day. It fell in three waves, each 

building on the previous, each moving faster than the last. 

The first wave was the open source revolution of the 1990s and 2000s. Linux, Apache, 

MySQL, PHP — the LAMP stack — gave developers free infrastructure that had 

previously cost tens of thousands of dollars. Companies that had charged for database 

software faced free alternatives of comparable capability. Companies that had charged 
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for operating systems faced free alternatives that ran on commodity hardware. The 

development cost for applications built on this free infrastructure fell dramatically. But 

you still needed skilled engineers to build the application layer, and skilled engineers 

were expensive. 

The second wave was cloud infrastructure. AWS, launched in 2006, followed by Azure 

and GCP, converted the capital cost of infrastructure (buying and operating servers) into 

a variable cost (paying for what you use). This eliminated the capital barrier to software 

deployment — a startup could now deploy a product without buying a single server. But 

you still needed engineers to build the application, and engineers were still the limiting 

factor. 

The third wave is AI coding. This wave is different from the previous two in a specific 

way: it reduces the cost of the application itself — the specific logic, the custom features, 

the domain-specific behavior that was previously the exclusive domain of expensive 

software engineers. GitHub Copilot (2021), ChatGPT with code generation (late 2022), 

Claude Code (2024), Cursor (2023), Devin and SWE-agent (2024) — each step in this 

progression has reduced the time and cost required to produce working software code. 

The specific capabilities that define the current state: 

Code generation from natural language: A non-expert can describe what they want in 

plain English and receive working code. The quality of this code varies — for well-defined 

tasks, it is production-ready; for complex architectural decisions, it requires expert 

review — but the baseline has crossed the threshold of utility for the vast majority of 

application development tasks. 

Codebase understanding and modification: AI systems can now read an existing 

codebase, understand its structure and purpose, and modify it in specific ways without 

introducing regressions. This was the capability that previously required months of 

onboarding for new engineers — reading code, understanding how it works, making 

changes confidently. AI coding tools compress this from months to minutes for well-

documented codebases. 
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Testing and debugging: AI can generate test suites, identify edge cases, and diagnose 

bugs from error messages and logs. These were historically some of the most time-

consuming tasks in software development — tasks that consumed 30–40% of 

engineering time. AI-assisted testing and debugging has reduced this time by half in 

typical deployments. 

Autonomous software engineering: Devin, SWE-agent, Claude Code in agentic mode, 

and similar systems can take a high-level task specification and execute the complete 

engineering workflow — design, implementation, testing, debugging, and deployment 

— with minimal human involvement for well-defined tasks. This is not perfect — 

complex architectural decisions, integration with undocumented legacy systems, and 

novel algorithmic challenges still require human expertise. But it represents a 

qualitative leap from assistance to autonomy for a growing proportion of software 

development work. 

The consequence of these capabilities for software economics is straightforward: the 

labor component of software development — which was 60–80% of total software 

development cost — is falling rapidly. The cost of producing software is approaching the 

cost of the model inference required to generate it, which is very small. 

 

AI Coding Capability Evolution — The Three Waves 

Wave Period What changed Cost impact Representative tools 

Wave 1: Open 

source 

infrastructure 

1991–

2010 
Linux, Apache, 

MySQL, LAMP stack 

— free infrastructure 

replacing $10K–

$100K proprietary 

alternatives 

Development 

infrastructure 

cost: $100K → 

near $0 

Linux (1991), Apache 

(1995), MySQL 

(1995), WordPress 

(2003) 

Wave 2: 

Cloud 

deployment 

2006–

2020 
AWS, Azure, GCP — 

variable cost 

infrastructure 

replacing capital 

investment 

Infrastructure 

capex: $500K–

$5M → variable 

opex at commodity 

rates 

AWS EC2 (2006), S3 

(2006), RDS (2009), 

Lambda (2014) 
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Wave 3: AI 

code 

generation 

2021–

present 
AI coding assistants, 

codebase 

understanding, testing 

automation, 

autonomous 

engineering agents 

Engineering labor 

(60–80% of dev 

cost): declining 

35–50%+ per task; 

approaching 

further as 

autonomy 

improves 

GitHub Copilot 

(2021), ChatGPT 

code (2022), Cursor 

(2023), Claude Code 

/ Devin (2024) 

Current 

frontier: 

Autonomous 

engineering 

2024– AI agents that execute 

complete engineering 

workflows (spec → 

code → test → deploy) 

for well-defined tasks 

Defined task 

execution cost: 

approaching 

model inference 

cost (~$1–10) 

from prior human 

cost ($500–

2,000) 

Devin (Cognition), 

SWE-agent, Claude 

Code agentic, GitHub 

Copilot Workspace 

 

THE KEY DISTINCTION 

AI reduces the cost of producing code — not the cost of operating software 

Zero-cost software production means zero cost to generate the code. It does not mean zero cost 

to deploy, secure, maintain, integrate, scale, and make reliable the software that the code 

describes. This distinction is commercially critical: vendors who provide deployed, integrated, 

maintained, secure, reliable software at scale retain real value. Vendors who only provide code 

— or who provide generic software that customers can match with AI-generated internal 

alternatives — face the full force of the zero-cost competition. The software industry is not being 

destroyed. It is being sorted into what is worth paying for and what is not. 

 

Chapter One — The Essentials 

›  Three waves reduced software production cost: open source (infrastructure), cloud 

(deployment), AI coding (the code itself). 

›  Current AI tools have reduced engineering labor cost by 35–50% for typical tasks; autonomous 

agents are beginning to execute complete engineering workflows. 

›  The critical distinction: zero cost to produce code vs real cost to deploy, maintain, secure, and 

make reliable the resulting software. 

›  The technology timeline: code generation is mature; codebase modification is maturing; full 

autonomous engineering is emerging for well-defined tasks. 

›  The zero-cost production trend is accelerating — today's 35% productivity improvement is next 

year's 50% and the year after's 70%. 
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CHAPTER TWO 

What Zero Marginal Cost Does to 
Software Economics 

The microeconomics. Commoditisation dynamics. Who wins, who loses, and how fast. 

Zero marginal cost of production has predictable economic consequences that 

economists understand well from other industries. Software is now entering the 

economic territory that digital music, digital video, and digital publishing entered before 

it — with the specific dynamics of those transitions offering useful but imperfect 

parallels. 

The economics of zero marginal cost production: 

When the cost of producing an additional unit approaches zero, price competition 

pushes the market price toward zero unless producers can anchor their prices to 

something other than cost. This is the fundamental challenge. In digital music, this 

produced streaming services where the price per song fell to fractions of a cent, and the 

business model shifted from selling recordings to selling access to a catalog. In digital 

video, it produced streaming subscriptions where the price per view fell to near zero and 

the business model shifted from selling copies to selling streaming rights. In digital 

publishing, it produced attention-based revenue (advertising) and access-based revenue 

(subscriptions) as the dominant models. 

For software, the zero marginal cost dynamic plays out differently because software is 

not consumed in the way that music, video, and text are consumed — it is operated. A 

zero-cost music file is useless without a player, but the player is cheap. Zero-cost 

software is more complex: it requires deployment, integration, maintenance, security, 

and support infrastructure that are not free. The software itself may be freely producible; 

the software-in-operation is not free. 



MONETIZING WHEN AI CAN CODE AND RELEASE SOFTWARE  ·  The AI Economy Monetization Series  

Book Seven  ·  The AI Economy Monetization Series 

This distinction creates the economic opening for software businesses in the zero-cost 

era: the value is not in the code but in the code deployed, integrated, maintained, 

secured, and made reliable. Companies that sell deployed, integrated, maintained, 

secure, reliable software retain real value. Companies that sell code that customers must 

deploy, integrate, maintain, secure, and make reliable themselves face the full force of 

the zero-cost competition. 

The microeconomics of value anchoring in zero-cost software markets: 

Traditional software pricing anchored to cost: you build something expensive, you price 

it to recover that cost plus a margin. When cost approaches zero, this anchor fails — the 

product that cost you $5M to build is now comparable to a product a competitor built in 

a weekend. The cost anchor is gone. 

Price must therefore be anchored to value delivered: the specific business outcomes the 

software creates, the specific risks it eliminates, the specific time it saves, the specific 

compliance it enables. These value anchors do not disappear because the production 

cost fell. They may actually increase as AI makes it possible to deliver more value per 

dollar of development cost than was previously possible. 

This is the central commercial insight of zero-cost software: your price cannot be 

justified by your cost. It must be justified by your value. Companies that have built their 

commercial models on cost-plus pricing are exposed. Companies that have built their 

commercial models on value-based pricing are positioned to thrive. 

 

"When the cost of production falls to zero, price cannot 

be anchored to cost. It must be anchored to value. This is 

not a preference — it is a mathematical requirement." 

 

Software Value Categories — Commodity vs Non-Commodity 
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Category Commodity 

pressure 
Why Viable pricing 

model 
Examples 

Generic point 

solutions 
Extreme — 

already 

commoditised in 

many cases 

Well-understood 

patterns AI 

generates in days; 

no network 

effects; low 

customer 

embedding 

Ecosystem 

access; 

outcome 

accountability; 

otherwise: 

compete on 

price toward 

zero 

Time tracking 

tools, basic form 

builders, simple 

survey tools, 

document 

templates 

Workflow 

orchestration 

— general 

High — medium-

term 

commoditisation 

Feature sets well-

documented; AI 

generates core 

functionality in 

weeks; embedding 

depth moderate 

Workflow lock 

investment + 

ecosystem + 

outcome 

reporting 

General project 

management, basic 

CRM, simple 

customer service 

tools 

Network-

effect 

platforms 

Low to medium 

— network is the 

moat 

Each user adds 

value for other 

users; AI can 

replicate features 

but not networks 

Ecosystem 

participation 

pricing; 

network access 

pricing 

Slack, Figma, 

GitHub, Shopify 

Proprietary 

data platforms 
Low to medium 

— data is the 

moat 

Proprietary data 

from years of 

deployment 

cannot be quickly 

replicated 

Value-based 

pricing 

anchored to 

data-derived 

intelligence 

Veeva, Salesforce 

(with data moat), 

Datadog, Palantir 

Domain-

specific 

vertical 

platforms 

Low — 

regulatory and 

domain 

complexity resist 

quick replication 

Compliance 

requirements; 

domain expertise 

depth; integration 

with sector-

specific systems 

Customisation 

premium; trust 

and 

accountability 

pricing; 

outcome 

accountability 

Healthcare EHR, 

pharma CLM, 

aerospace MRO, 

legal matter 

management 

Accountability 

and 

governance 

platforms 

Very low — 

accountability is 

not replicable by 

internal build 

Commercial 

vendors accept 

liability that 

internal teams 

cannot; 

certifications take 

years to build 

Trust premium 

+ 

accountability 

pricing; 

outcome-based 

for measurable 

outcomes 

Enterprise ERP, 

government IT 

systems, regulated 

sector platforms 

 

Chapter Two — The Essentials 
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›  Zero-cost production creates two categories: software worth paying for (network effects, 

proprietary data, domain expertise, accountability) and software that faces price competition 

toward zero (generic feature sets with no defensible moat). 

›  The economic principle: price must anchor to value (outcomes, network access, accountability, 

domain expertise), not to production cost. 

›  Companies that price to cost in zero-cost markets will be competed to zero — this is a 

mathematical certainty, not a competitive contingency. 

›  The microeconomics favor outcome-based pricing: the value delivered by software does not 

decrease when production cost decreases. 

›  Enterprise internal build option creates a floor on commercial pricing — vendors must provide 

value above that floor to justify commercial relationships. 

 
 
 
CHAPTER THREE 

The Vendor-Customer Inversion: When 
Your Buyer Can Build Your Product 

Every enterprise with an AI coding agent is now a potential software company. The 

implications for ISVs. 

The most significant commercial consequence of zero-cost software creation is not that 

software vendors face more competition from each other. It is that they face competition 

from a new category of competitor: their own customers. 

The vendor-customer inversion describes the dynamic where customers who were 

previously buyers of software become, for some of their needs, builders of software. This 

inversion is already occurring, and it is accelerating. 

The financial services company in Chicago is not an isolated example. Enterprise 

technology organizations across industries have begun what many are calling "internal 

software factories" — dedicated engineering teams equipped with AI coding tools that 

build custom software for specific organizational needs rather than buying commercial 

alternatives. 
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JPMorgan Chase has deployed AI coding tools across its technology organization and is 

using them to build proprietary trading analytics, risk management tools, and regulatory 

reporting systems that it previously would have bought or contracted from software 

vendors. The bank has publicly discussed the productivity improvements and the shift 

in the build-vs-buy calculation that AI coding tools have created. 

Klarna, the Swedish fintech, famously replaced dozens of external software vendor 

relationships with internal AI-built alternatives, citing the combination of better fit to 

their specific requirements and dramatically lower cost. Klarna's public reporting on AI-

driven cost reduction included vendor consolidation as a significant component. 

The corporate treasury technology team at a Fortune 100 manufacturing company has 

built a custom cash positioning and forecasting system using Claude Code that is 

specifically designed for its multi-currency, multi-entity treasury operations. The 

commercial treasury software market offers generic tools; the AI-built custom system 

handles the specific complexity of their operation at a fraction of the cost of the 

commercial alternatives they evaluated. 

These examples share a pattern: the software being built internally is not general-

purpose productivity software (Microsoft Office, Slack, email) where network effects and 

scale make vendor products irreplaceable. It is specific-purpose operational software — 

tools that do a defined job for a specific organizational context. This is precisely the 

category most exposed to the internal build option: specific enough that vendors cannot 

perfectly fit the requirement, simple enough that AI can generate working code from a 

detailed specification. 

The vendor-customer inversion has specific implications for software company 

commercial strategy: 

The internal build threat must be explicitly addressed in the commercial proposition. 

Vendors who ignore the build option or who cannot articulate why their product is 

superior to an AI-built custom alternative will lose deals to the build option at an 

increasing rate. The commercial conversation must include: here is what you would need 
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to build to replace us, here is how long it would take, here is what you would not get from 

the build option that we provide. 

The build option creates a floor on software pricing. If the build option costs $300K 

(internal engineering time, model costs, deployment infrastructure, ongoing 

maintenance), the vendor's product must justify a price above that floor by providing 

value the build option does not. The floor is not static — as AI tools improve, the build 

option gets cheaper, which lowers the floor that vendor pricing must exceed. 

The most defensible vendors are those whose products provide value that the build 

option structurally cannot: network effects (the build option cannot replicate a network 

of a million users), proprietary data (the build option cannot replicate ten years of 

accumulated customer behavior data), and ecosystem integration (the build option 

cannot replicate hundreds of pre-built integrations maintained by a dedicated team). 

 

The Vendor-Customer Inversion — Affected Software Categories 

Software 

category 
Current build 

option feasibility 
Internal build 

cost estimate 
Commercial 

vendor annual 

cost (typical) 

Commercial 

viability 

threshold 

Action required 

Specific-

purpose 

operational 

tools (custom 

reporting, 

workflow 

automation, 

data 

pipelines) 

High — AI can 

generate 

working 

implementations 

from detailed 

specs in days to 

weeks 

$20K–

$100K (2–10 

engineer-

weeks at AI-

assisted 

productivity) 

$50K–$300K Vendor must 

provide value 

> $50K above 

internal build 

cost 

Immediate: build value 

justification or face build-option 

competition 

Industry-

specific 

workflow 

tools (not 

deeply 

regulated) 

Medium — 

domain 

knowledge 

synthesis takes 

time but AI 

accelerates it 

$100K–

$500K (1–5 

months of 

engineering 

with AI 

tools) 

$200K–$1M Vendor must 

provide value 

> $100K 

above 

internal build 

cost 

Medium-term: deepen regulatory 

and domain moat before build 

option matures 

General-

purpose SaaS 

with specific 

configuration 

High — AI 

generates core 

functionality; 

configuration 

$30K–

$150K (3–6 

weeks) 

$100K–$500K Vendor must 

provide 

network 

effects, 

Immediate: pivot commercial 

model to 

network/ecosystem/accountability 

framing 



MONETIZING WHEN AI CAN CODE AND RELEASE SOFTWARE  ·  The AI Economy Monetization Series  

Book Seven  ·  The AI Economy Monetization Series 

can be 

automated 
ecosystem, or 

accountability 

value 

Compliance-

certified 

enterprise 

platforms 

Low — 

certification 

alone is 18+ 

months; 

regulatory 

expertise is hard 

to build 

$2M–$10M 

(18–36 

months 

including 

certification) 

$1M–$10M Build option 

is not 

competitive; 

vendor's 

certification 

moat is strong 

Long-term: maintain certification 

leadership; invest in AI capabilities 

that leverage certified platform 

Network-

effect 

platforms 

Very low — 

network cannot 

be built by 

internal team 

Not 

applicable — 

you cannot 

build a 

network of a 

million users 

internally 

$200–

$2,000/user/year 
Build option 

is structurally 

inapplicable; 

network value 

is the moat 

Long-term: maintain and deepen 

network effects; resist artificial 

lock-in that creates adversarial 

dynamics 

 

CASE STUDY: KLARNA 
The Vendor-Customer Inversion at Scale — $40M Saved 

The decision In 2024, Klarna reported that its AI assistant was handling 2.3 million customer 

service conversations per month — equivalent to the work of 700 full-time 

agents. Klarna built this system internally using OpenAI's technology rather than 

purchasing commercial customer service software. 

What Klarna 

built 
An AI customer service system specifically designed for Klarna's workflows, data 

structures, and customer profile — handling Swedish and English languages, 

Klarna's specific product categories (BNPL, Klarna Card, Klarna Pay Later), and 

Klarna's specific resolution workflows. Commercial customer service tools 

offered generic capabilities that did not fit Klarna's specific requirements. 

What Klarna 

displaced 
Commercial customer service ticketing software, knowledge base management 

tools, quality assurance monitoring software — approximately $40M in annual 

vendor spend replaced by the internal build. Klarna's engineering team built the 

application layer using AI coding tools; the infrastructure (model APIs, cloud 

compute) continued as vendor relationships. 

Why the build 

option won 
Generic commercial tools did not fit Klarna's specific requirements. The 

commercial alternatives required workflow compromises that reduced the AI 

system's effectiveness for Klarna's specific customer base. Internal build with AI 

coding tools produced a better-fit system at lower ongoing cost. 

What the 

software 

The vendors Klarna displaced were selling generic customer service software 

features. The vendors that survived (infrastructure providers — OpenAI, AWS) 

were selling network effects, compliance, and scale economics that Klarna could 
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vendors should 

have done 
not replicate internally. The lesson: generic feature sets without structural 

defensibility are displaced by the internal build option. Network effects, 

compliance certification, and scale economics are not. 

The systemic 

implication 
Klarna is not unique. Enterprise technology organizations globally are making 

the same build-vs-buy decisions that Klarna made — and the build option is 

winning more often than software vendors want to acknowledge. The vendors 

who survive are the ones whose commercial propositions explicitly address why 

the internal build option cannot provide comparable value. 

 

Chapter Three — The Essentials 

›  The vendor-customer inversion: customers who were exclusively buyers of software become 

builders of software for specific-purpose operational needs. 

›  Klarna's $40M vendor displacement is the leading indicator of a pattern that is spreading 

across enterprise technology organizations globally. 

›  The internal build option wins when: requirements are specific, commercial alternatives are 

generic, and the build cost is below the commercial alternative cost. 

›  The internal build option loses when: network effects, compliance certification, proprietary 

data, or scale economics create structural advantages the build option cannot replicate. 

›  Software vendors must explicitly address the build option in their commercial propositions — 

ignoring it does not make it go away. 

 
 
 
 

PART TWO 

New Pricing Models for Zero-Cost Software 

Six strategies viable when production cost approaches zero. 

 
 
CHAPTER FOUR 

Value Anchoring: Pricing to Outcome 
When Cost Is Irrelevant 
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When you cannot anchor to cost, you must anchor to value. The mechanics of value-based 

pricing at scale. 

Value anchoring is the practice of constructing the price negotiation around a specific, 

quantified business value that the software creates — rather than around the software's 

features, its development cost, or a comparison to competitive alternatives. It is not a 

new concept in enterprise software sales, but zero-cost software creation makes it 

mandatory rather than optional. 

The mechanism of value anchoring: 

A value anchor is a specific claim, supported by evidence, about the business outcome 

the software creates. It takes the form: "Our customers achieve [specific, measurable 

result] within [time period]. The economic value of that result for a company of your size 

is [calculated amount]. Our price is [price], which is [percentage] of the value created." 

The anchor establishes a reference point for the price negotiation that is independent of 

the product's cost, the competitor's price, or the internal build cost. If the anchor is 

credible — if the customer believes the claimed outcome is achievable — the negotiation 

is about the percentage of value share, not about absolute price. 

When the anchor is credible, pricing power is dramatically greater than in a feature-

comparison negotiation. A product that costs $100K annually and creates $2M in 

documented value is not in the same negotiation as a product that costs $100K annually 

and is being compared to a $60K competitor with similar features. In the first 

negotiation, the customer is asking whether 5% value share is reasonable. In the second, 

they are asking whether $40K in price difference is justified by feature differences. 

Specific value anchoring examples from current AI era software deployments: 

Glean, the enterprise AI knowledge management platform, anchors its enterprise 

pricing to quantified time savings: the average information worker at a Glean-deployed 

enterprise spends 30% less time searching for information and preparing documents, 

based on Glean's analysis of pre- and post-deployment productivity metrics. For an 
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enterprise with 1,000 knowledge workers at a fully-loaded cost of $150,000 per worker, 

30% time savings on 20% of their work (search and document preparation) is $9,000 

per worker per year, or $9M annually for the enterprise. Glean's enterprise pricing 

($100–200 per user per year) is 1–2% of the calculated value — a compelling anchor 

that changes the negotiation from "is $150K reasonable for search software?" to "is 1.5% 

a fair share of $9M in productivity value?" 

Writer, the enterprise AI writing and content platform, anchors to content production 

cost reduction. An enterprise marketing team that produces 500 pieces of content per 

month at an average cost of $800 per piece (internal writer time plus review cycles) 

spends $400K per month on content production. Writer's AI reduces the average 

content production cost to $200 per piece (faster drafting, faster review) — a $300K 

monthly saving, or $3.6M annually. Writer's enterprise pricing is a fraction of this 

saving, creating a clear value-based anchor that justifies the purchase decision against 

both competitive alternatives and internal build options. 

Ironclad, the contract lifecycle management AI platform, anchors to legal cost reduction 

and contract cycle time. A mid-market company with $50M in annual contract value 

that reduces its average contract cycle time from 21 days to 9 days with Ironclad's AI-

assisted negotiation reduces its revenue recognition risk exposure and accelerates cash 

collection by an average of 12 days per contract. At a volume of 500 contracts per year 

and $100,000 average contract value, 12-day cycle time reduction represents 

approximately $1.6M in faster cash collection and $400K in avoided legal overhead per 

year. Ironclad's $150K annual contract is 7.5% of the combined value — a defensible 

value share. 

The value anchoring playbook requires four investments: 

Measurement infrastructure: the vendor must measure their customers' outcomes 

systematically — not anecdotally, but with statistical rigor across the installed base. One 

customer's exceptional result is a case study; systematic measurement across 200 

customers is a value anchor. 
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Attribution methodology: the vendor must be able to attribute the measured 

improvements to their product rather than to other factors (market conditions, 

organizational changes, other technology investments). This requires baseline 

measurement, controlled comparisons, and statistical analysis that separates the 

software's contribution from the noise. 

Customer-specific modeling: the value anchor must be calculated for the specific 

prospect, using their specific economics, their specific workflows, and their specific cost 

structure. A generic "30% productivity improvement" is less compelling than "for your 

team of 85 knowledge workers at your average compensation level, 30% productivity 

improvement on search and document tasks is $2.1M annually." 

Commercial capability: the sales team must be able to have economic conversations with 

CFOs and economic buyers, not just product conversations with operational users. This 

requires training in value-based selling, economic fluency, and the ability to defend the 

value calculations under scrutiny. 

 

STRATEGY 1: VALUE ANCHORING 
Price as a documented fraction of specific, measured business value. Cost is irrelevant — 

value is everything. 

Core mechanism Construct the price negotiation around a specific, quantified business value 

claim. 'Our software creates $X in documented value for companies like yours. 

We charge $Y, which is Z% of that value.' Price anchoring to value, not to 

feature comparison or production cost. 

Required 

investment 
(1) Measurement infrastructure: systematic outcome measurement across the 

installed base. (2) Attribution methodology: statistical separation of your 

product's contribution from other factors. (3) Customer-specific modeling: 

value calculation for each prospect using their economics. (4) Economic 

selling capability: sales team that can have CFO-level business case 

conversations. 

Pricing math At 5–15% value share: a product creating $2M annually justifies $100–300K 

in pricing. At 10% share on $2M, the price is $200K regardless of whether the 

product cost $100K or $10M to develop. Production cost is irrelevant to this 

calculation. 
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When it works Outcomes are measurable and attributable. Evidence base is robust (50+ 

customers measured). Sales team can have economic conversations. Customer 

CFO is involved in purchasing decision. 

When it fails Outcomes are not measurable or not attributable. Evidence base is anecdotal 

or insufficient. Sales team is product-focused, not value-focused. Generic 

product where internal build alternative can claim comparable outcomes. 

 

CASE STUDY: GLEAN 
Enterprise AI Knowledge Work — The Productivity Value Anchor 

The challenge Enterprise AI knowledge management tools face a specific version of the internal 

build problem: the core search and AI summarization functionality is technically 

replicable, and enterprises with strong data engineering teams are beginning to 

build internal alternatives using their existing data infrastructure and foundation 

model APIs. 

Glean's value 

anchor 
Glean anchors its enterprise pricing to a specific productivity value calculation: 

30% reduction in time spent searching for information and preparing 

documents, based on pre- and post-deployment productivity measurement 

across enterprise deployments. For a 1,000-person knowledge worker 

organization at $150K fully-loaded cost, 30% savings on 20% of work time = $9M 

in annual productivity value. 

The pricing 

implication 
At $100–200/user/year ($100K–200K annually for 1,000 users), Glean is 

pricing at 1–2% of the calculated $9M value. This is a compelling value share: the 

customer gets 98–99% of the calculated value as net benefit. The negotiation 

becomes 'is our value calculation correct?' not 'is the price too high?' 

Defense against 

internal build 
An enterprise that builds its own AI knowledge search tool internally would need 

to: build the search index across all enterprise systems, build the AI retrieval and 

summarization layer, maintain security and permissions enforcement across 

systems, and continuously improve retrieval quality. The internal build cost is 

$1M+ in engineering time and ongoing maintenance. Glean's $100K–200K 

annual price is below the internal build cost, and the value justification ($9M) 

makes it compelling against any alternative. 

The 

measurement 

infrastructure 

Glean's value calculation is based on time-motion studies across the installed 

base — actual measurement of how much time employees spend searching before 

and after Glean deployment, combined with salary data to convert time savings 

to dollar value. This measurement infrastructure took Glean 18 months to build. 

It is the foundation of the value anchor. 

 

CASE STUDY: WRITER 
Enterprise AI Content — The Production Cost Anchor 
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The value 

anchor 
Writer anchors enterprise pricing to content production cost reduction: content 

teams that deploy Writer reduce their per-piece content cost by 60–70% (faster 

drafting, fewer revision cycles, faster approval), creating documented savings 

that justify the platform price. 

The calculation An enterprise marketing team producing 500 pieces/month at $800 average cost 

(writer time + review cycles) spends $400K/month. Writer reduces average cost 

to $250/piece through AI-accelerated drafting and review. Monthly saving: 

$275K. Annual saving: $3.3M. Writer's enterprise pricing ($50K–150K annually) 

is 1.5–4.5% of the documented saving. 

Why the anchor 

is defensible 
Writer's value anchor is defensible against the internal build option because: (1) 

Writer's models are fine-tuned on brand voice and content standards specific to 

each enterprise, accumulating brand intelligence that an internal build would 

take months to replicate; (2) Writer's governance features (AI content policies, 

hallucination detection, tone enforcement) are compliance infrastructure that 

the internal build must also develop; and (3) Writer's integration with content 

workflows (CMS, email, social) eliminates the integration investment that 

internal builds require. 

The commercial 

evolution 
Writer has evolved from pure subscription pricing toward usage-correlated 

pricing: enterprise plans include a defined content output volume, with 

additional content generation available at per-piece rates. This structure aligns 

the pricing with the value anchor: the customer pays more when Writer generates 

more value (more content at lower cost). 

 

Chapter Four — The Essentials 

›  Value anchoring requires four investments: measurement infrastructure, attribution 

methodology, customer-specific modeling, and economic selling capability. 

›  The pricing math: anchor to 5–15% of documented value. Production cost is irrelevant. $200K 

price on $2M value is compelling regardless of whether the product cost $100K or $10M to build. 

›  Glean's $9M productivity value calculation makes $100–200K pricing a 1–2% value share — 

a compelling enough anchor to neutralize the internal build threat. 

›  Writer's content cost reduction anchor makes enterprise pricing a fraction of documented 

savings — defensible against both competitive alternatives and the internal build option. 

›  The measurement infrastructure for value anchoring is itself a competitive moat: companies 

that have 18 months of systematic outcome measurement have evidence that competitors 

starting today will not have for 18 months. 
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CHAPTER FIVE 

The Customisation Premium: Charging 
for What AI Cannot Easily Replicate 

Deep customisation, integration, governance, security — the residual value after replication. 

The customization premium is the pricing power that accrues to software that has been 

specifically adapted to a customer's unique requirements — the requirements that the 

generic product does not address and that the internal build option would cost 

significant time and engineering to implement. 

Zero-cost software creation does not eliminate the customization premium — it changes 

where that premium is anchored. When customization required expensive engineering 

labor, the premium was anchored to labor cost. When customization is done with AI 

coding tools at dramatically lower labor cost, the premium must be anchored to the 

strategic value of the customization, not to its cost. 

The commercial logic: A customer who builds internal software using AI coding tools is 

trading vendor dependency for operational capability. They get exactly the functionality 

they need, configured exactly the way they want it, with no licensing cost and full 

ownership of the code. What they give up is the vendor's domain expertise, the vendor's 

ongoing improvement, the vendor's maintenance and security, the vendor's integration 

ecosystem, and the vendor's accountability for performance. 

The customization premium for a vendor who provides deeply customized software is 

justified by what the customer gets that the internal build option cannot easily provide: 

Domain expertise depth: The vendor has deployed their product at 200 companies in 

the customer's industry. The internal build team has built for one company. The vendor's 

system includes edge cases, compliance requirements, and workflow patterns that only 

years of industry-specific deployment reveals. This accumulated domain expertise is 

worth significant money to a customer who does not want to rediscover every edge case 

themselves. 
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Continuous improvement without re-investment: The internal build option requires 

ongoing engineering investment to add features, fix bugs, and adapt to changing 

requirements. The vendor's product improves continuously as new features are added 

for all customers, and the customer benefits from improvements driven by the entire 

customer base's feedback. For operational software where requirements change 

frequently, this ongoing improvement has substantial value. 

Integration ecosystem: The vendor has built, maintained, and debugged integrations 

with dozens of other systems. The internal build option must build each integration from 

scratch. For enterprise software with complex integration requirements, this is a 

significant time and cost difference that the customization premium can legitimately 

capture. 

Security and compliance certification: The vendor has invested in SOC 2, ISO 27001, 

and sector-specific certifications. The internal build option must independently achieve 

comparable certification — a 6–18 month investment for each certification. For 

regulated industries, this certification requirement is a significant additional cost of the 

internal build option. 

Specific examples of the customization premium working in practice: 

Veeva Systems charges $500K–$2M annually for pharmaceutical CRM 

implementations that are deeply customized to the customer's commercial model, 

territory structure, and compliance requirements. The underlying CRM functionality is 

comparable to Salesforce, which charges $150–300 per user per year for the platform. 

Veeva's premium is justified by the pharmaceutical-specific customization: the 

regulatory documentation frameworks, the sample management compliance tools, the 

HCP interaction tracking requirements that only Veeva has invested in building 

specifically for this industry. 

Procore, the construction project management platform, charges substantial premiums 

for enterprise construction company implementations that integrate with the customer's 

ERP, their subcontractor management systems, and their compliance reporting 
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frameworks. The core project management functionality has been replicated by 

numerous AI-powered competitors. Procore's customization premium is justified by the 

construction-specific workflow customizations, the compliance integrations, and the 

ecosystem of specialized subcontractor tools that the construction industry specifically 

requires. 

Clio, the legal practice management platform, has successfully maintained premium 

pricing in a category facing commodity pressure by offering deep legal-specific 

customization: trust accounting compliance, court scheduling integrations, jurisdiction-

specific document templates, and billing practices that comply with legal billing 

standards in specific jurisdictions. Each of these is a customization that an AI coding 

tool can generate in principle but that requires legal domain expertise to specify 

correctly and legal compliance testing to validate. 

 

STRATEGY 2: THE CUSTOMISATION PREMIUM 
When AI replicates your features, your premium comes from what AI cannot replicate: 

domain expertise, integration depth, accountability, and continuous improvement. 

What creates the 

premium 
Domain expertise depth (200 industry deployments vs 1 internal 

deployment). Continuous improvement (vendor's product improves from 

all customer feedback; internal build improves from one customer's 

feedback). Integration ecosystem (vendor's 500 integrations vs internal 

team's 5 integrations). Security certification (vendor's SOC 2 / ISO 27001 

vs internal team's 18-month certification investment). 

Pricing the premium The customisation premium = vendor's total cost of ownership – internal 

build's total cost of ownership – premium for value the vendor provides 

that internal build cannot. Specifically: internal build cost ($200K) + 

integration cost ($150K) + certification cost ($100K) + ongoing 

maintenance ($80K/year) = $530K year-1. If the vendor charges $300K 

with all of the above included, the customisation premium is negative — 

the vendor is cheaper than build even before accounting for the domain 

expertise differential. 

The domain depth 

moat 
Domain expertise accumulated through 200+ industry deployments 

creates an implicit warranty: the vendor has seen and handled every edge 

case their customers will encounter. An internal build encounters each 

edge case for the first time. The depth moat is not visible in feature 

comparisons — it is visible in production operations, where internal 

builds encounter problems that vendor products have already solved. 
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The accountability 

structure 
Commercial vendors accept liability that internal teams cannot: 

contractual SLAs, data breach financial responsibility, security incident 

response obligations. The accountability structure is worth real money to 

enterprise buyers in regulated industries. 

When it fails Premium fails when the domain expertise is not genuine (vendor has not 

invested in real industry depth), when the integrations are not maintained 

(broken integrations are worse than no integrations), or when the 

accountability is not backed by financial resources (a startup's SOC 2 is 

less valuable than an established vendor's). 

 

CASE STUDY: VEEVA SYSTEMS 
Pharmaceutical CRM — The Domain Depth Customisation Premium 

The pricing 

premium 
Veeva charges $500K–$2M annually for pharmaceutical CRM implementations. 

Salesforce charges $150–300 per user per year for comparable CRM platform 

functionality. A 1,000-user pharmaceutical company would pay $150K–300K for 

Salesforce vs $500K–2M for Veeva — a 3–7× premium. 

What justifies 

the premium 
Veeva's 25+ years of pharmaceutical commercial operations experience is 

encoded in the product: regulatory interaction documentation requirements, 

sample management compliance workflows, HCP consent management, 

medical-legal-regulatory review processes, and FDA audit readiness are all built 

into the system. Replicating this functionality requires understanding 

pharmaceutical compliance in depth — knowledge that takes years of industry-

specific deployment to accumulate. 

The build option 

calculation 
A pharmaceutical company that builds Veeva's equivalent internally needs: 

pharmaceutical CRM development (6–12 months, $500K–$1M), FDA regulatory 

documentation framework (3–6 months, $200–400K), HCP compliance module 

(3–6 months, $200–400K), integration with pharma-specific systems (3–6 

months, $200–300K), SOC 2 certification (12–18 months, $200K). Total: 

$1.3M–$2.1M year-1, ongoing maintenance $400–600K/year. Veeva's $500K–

$2M annual contract is comparable to or below the internal build cost — and 

includes 25 years of domain expertise that the internal build must accumulate 

from scratch. 

The domain 

depth evidence 
Veeva processes data for 95%+ of the world's pharmaceutical commercial 

organizations. The product has been tested against every variant of 

pharmaceutical compliance requirement across every major market. When the 

FDA issues new interaction reporting requirements, Veeva's 200-person product 

team updates the platform for all customers simultaneously. An internal build 

team learns about the regulatory requirement when Veeva's customers do — but 

has no one to update the system except their own engineers. 

 

Chapter Five — The Essentials 
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›  The customisation premium is justified by accumulated domain expertise, integration 

ecosystem depth, compliance certification, and commercial accountability. 

›  The total cost of ownership comparison is the right framework: internal build cost + 

integration cost + certification cost + ongoing maintenance vs vendor annual contract. 

›  Veeva's 3–7× premium over Salesforce is justified by pharmaceutical domain expertise 

accumulated across 95% of global pharma commercial organisations — not by feature 

superiority. 

›  The premium fails when it is not backed by genuine domain depth — feature-identical products 

at premium prices are vulnerable to the internal build option. 

›  Continuous improvement is an often-overlooked premium component: the vendor's product 

improves from all customer feedback; the internal build improves from one customer's feedback. 

 
 
 
CHAPTER SIX 

The Ecosystem Play: Network Effects 
as Price Justification 

Platform value that compounds with participation. Why the network cannot be replicated. 

The ecosystem play in zero-cost software markets is the strategy of building a platform 

whose value exceeds the sum of its features because the network of participants, 

integrations, and extensions creates value that no individual component can replicate. 

The ecosystem play is the most powerful response to zero-cost software creation because 

it is the only strategy that is categorically immune to the internal build option. A 

customer can build a product that replicates your features. They cannot build a product 

that replicates your network of 500 integration partners, your marketplace of 3,000 

third-party extensions, or your community of 2 million developers who contribute 

templates, automations, and workflow patterns. 

The economics of the ecosystem play: 
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An ecosystem platform charges for access to the network, not just for the software 

features. This changes the price anchor from feature value (which declines as AI makes 

features easier to replicate) to network value (which increases as the network grows). 

Ecosystem platforms in technology history — App Store, Google Play, Salesforce 

AppExchange, Shopify App Store — have demonstrated that network value can sustain 

pricing power even as the underlying platform's feature set faces competitive pressure. 

The specific mechanisms through which ecosystems create value in zero-cost software 

markets: 

Integration depth: A platform with 500 pre-built, maintained integrations delivers more 

integration value than any customer's internal build team can replicate. Building each 

integration requires understanding the target system's API, handling authentication and 

rate limiting, managing API version changes, and maintaining the integration through 

version updates. A vendor with 500 integrations has invested years of engineering in 

this infrastructure; a customer starting from scratch with AI coding tools would still 

need months to build the integrations for their specific stack. 

Extension marketplace: A marketplace of third-party extensions allows customers to 

access specialized functionality without building it. This is especially valuable for edge 

cases that are too specific for the core platform to address but too common in specific 

industries for customers to build individually. An accounting platform with a 

marketplace that includes 200 industry-specific reporting modules, each maintained by 

specialized developers, provides more value than any customer could build internally. 

Community-contributed templates and patterns: A developer community that 

contributes workflows, templates, and automation patterns reduces the customer's 

configuration cost. Zapier's 6,000+ integration templates, Notion's community 

template gallery, and Salesforce's Trailhead learning and certification community all 

represent community-generated value that compounds with participation and that no 

internal build option can replicate. 
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Composability: An ecosystem platform can be composed with other ecosystem platforms 

in ways that create integration value that exceeds what either platform provides alone. 

Salesforce + Docusign + Ironclad + Stripe creates a contract-to-payment workflow that 

no individual platform can deliver. The ecosystem play benefits from network effects 

between ecosystems — the more platforms that integrate with each other, the more 

valuable each platform becomes. 

Specific company examples: 

Salesforce AppExchange is the definitive enterprise software ecosystem. With 7,000+ 

partner applications, Salesforce's marketplace has created a network of specialized tools 

that extend the platform's value far beyond what Salesforce's internal development team 

could build. A customer who chooses Salesforce is not just buying CRM — they are 

buying access to 7,000 certified partner applications that integrate with their CRM data. 

The AppExchange ecosystem is the reason Salesforce can charge $150–400 per user per 

month while facing competition from lower-cost alternatives: the ecosystem value 

exceeds what any competitor can quickly replicate. 

Shopify's app ecosystem (8,000+ apps) follows the same logic for e-commerce. Shopify's 

core e-commerce functionality has been replicated by WooCommerce (free), Wix 

(cheap), and dozens of other platforms. Shopify's premium pricing is justified by its app 

ecosystem: the specialized tools for inventory management, email marketing, loyalty 

programs, international expansion, and hundreds of other specific e-commerce 

requirements that are only available in mature form on Shopify's platform. 

Stripe's ecosystem strategy has evolved from payment processing (which faces extreme 

commodity pressure) to financial infrastructure (which benefits from ecosystem 

effects). Stripe Connect (marketplace payments), Stripe Billing (subscription 

management), Stripe Identity (identity verification), and Stripe Climate (carbon offsets 

for payments) are all ecosystem layers on top of commodity payment processing. The 

ecosystem makes Stripe's pricing defensible against commodity payment processors — 

not because Stripe's payment processing is dramatically better, but because the 
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combined value of the financial infrastructure ecosystem exceeds what any alternative 

can quickly replicate. 

 

STRATEGY 3: THE ECOSYSTEM PLAY 
Price for access to the network, not just the features. Networks compound. Features can be 

replicated. Networks require time and participation that internal builds cannot compress. 

Core mechanism Ecosystem platforms charge for access to the value network assembled 

around the software: integrations, extensions, community templates, 

partner applications, and data network effects. Each additional 

participant makes the platform more valuable for all participants. 

The internal build 

impossibility 
An enterprise cannot build an ecosystem internally. They can build a 

custom integration with one partner. They cannot build a marketplace of 

7,000 certified partner applications or a community of 2 million 

developers contributing templates and automations. The ecosystem 

creates value that is structurally inapplicable to the internal build option. 

Pricing ecosystem 

access 
Ecosystem platforms charge a base platform fee (access to the software 

features) plus an ecosystem participation fee (access to the integrations, 

extensions, and network intelligence). The ecosystem participation fee 

scales with the value of the ecosystem — a platform with 7,000 partner 

apps justifies a higher ecosystem fee than one with 700. 

The compound effect Network effects compound: each additional participant contributes data 

that improves the AI features, adds integrations that make the platform 

more compatible, and contributes community knowledge that reduces 

configuration cost. The value of the ecosystem grows faster than the 

platform's feature set — which means ecosystem pricing power grows over 

time in a way that feature-based pricing does not. 

When it applies Genuine network effects exist when each additional participant creates 

real value for existing participants. Horizontal collaboration platforms 

(Figma, Slack), marketplaces (Shopify, Salesforce AppExchange), and 

data intelligence platforms (Datadog, Rippling) have genuine network 

effects. Point solutions without network dimensions cannot build genuine 

ecosystems. 

 

CASE STUDY: SALESFORCE APPEXCHANGE 
The Enterprise Software Ecosystem at Maximum Scale 

The ecosystem 

scale 
Salesforce AppExchange has 7,000+ certified partner applications, 10+ million 

installations, and is integrated into 94% of Fortune 500 companies' technology 

stacks. The AppExchange is not just a feature list — it is an ecosystem of 

specialized tools that extends Salesforce's value far beyond what Salesforce's 

internal development team could build. 
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The pricing 

implication 
Salesforce charges $150–$300 per user per month for its Unlimited edition — a 

price that is 3–5× higher than CRM alternatives with comparable core features. 

The premium is primarily the ecosystem premium: the customer is buying access 

to 7,000 partner applications, not just CRM features. 

The internal 

build 

impossibility 

calculation 

An enterprise replacing Salesforce internally would need to: rebuild CRM core 

functionality (6–12 months, $500K–$1M), build or buy 7,000 partner 

application equivalents (impossible internally — this represents thousands of 

specialized developers' work), maintain the AppExchange security certification 

process (150+ person team at Salesforce), and run the partner ecosystem support 

and development operations. The cost and complexity make the internal build 

option non-viable for any enterprise that relies on more than a handful of 

AppExchange applications. 

The data 

network effect 

layer 

Salesforce's Einstein AI features are trained on anonymized data from 150,000+ 

customers. The predictive lead scoring, opportunity insights, and forecast 

intelligence that Einstein provides are more accurate for Salesforce customers 

than any internal AI build would be — because they are trained on the aggregate 

patterns of 150,000 companies' sales operations, not one company's data. 

The commercial 

implication 
Salesforce's 120%+ NRR and $30B+ ARR are the commercial results of 

ecosystem pricing done at maximum scale. The ecosystem makes Salesforce 

irreplaceable in a way that feature competition cannot address — and justifies 

premium pricing that the internal build option, despite being increasingly 

feasible for the core CRM features, cannot match. 

 

Chapter Six — The Essentials 

›  Ecosystem platforms price for network access, not just features — and network value 

compounds while feature value depreciates. 

›  The internal build impossibility is the ecosystem's key advantage: enterprises can build custom 

features but cannot build ecosystems of 7,000 partner applications and 2 million community 

developers. 

›  Salesforce's $150–300/user/month premium over comparable CRM features is primarily the 

ecosystem premium — access to AppExchange and the Einstein AI network intelligence. 

›  Data network effects layer on top of direct network effects: Einstein trained on 150,000 

customers' data is more accurate than any single enterprise's internal AI build. 

›  The compound effect: each additional participant improves the platform's AI features, expands 

the integration ecosystem, and grows the community knowledge — pricing power grows over 

time. 
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CHAPTER SEVEN 

Charging for Trust: Liability, 
Accountability, and Enterprise Grade 

Enterprise buyers pay for accountability, not features. How to price the risk transfer. 

Charging for trust — specifically, for the liability transfer, the accountability 

commitment, and the enterprise-grade governance that AI-generated or internally-built 

software cannot easily provide — is the pricing strategy that is most specifically enabled 

by the zero-cost software production era. 

The trust premium exists because enterprise buyers, particularly in regulated industries 

and high-stakes operational contexts, are not buying software features. They are buying 

risk transfer. They are buying the assurance that if the software fails, produces incorrect 

outputs, creates compliance violations, or causes business disruption, there is a vendor 

with the financial resources, the technical capability, and the contractual obligation to 

fix it. 

An internally-built AI software system cannot provide this risk transfer. When the AI-

generated revenue forecasting system fails and the CFO presents incorrect numbers to 

the board, there is no vendor to call. The engineering team that built it is the vendor, 

and they are also the operations team dealing with every other crisis in the technology 

stack. The accountability is diffuse and the remediation capacity is limited. 

A commercial software vendor with a proper SLA, a dedicated support organization, a 

track record of data breach response, and a legal obligation to maintain the software 

provides genuine risk transfer that has financial value — particularly in contexts where 

the cost of software failure is high. 

The enterprise trust premium has four components: 
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Contractual accountability: the vendor has a legally binding obligation to perform. The 

SLA specifies uptime, response time, and support level commitments with financial 

remedies for failure. Contracts include data breach notification requirements, security 

incident response obligations, and business continuity commitments. This contractual 

accountability structure is not available with internal build options. 

Financial responsibility: when things go wrong, a commercial vendor has the financial 

resources to remediate. Data breaches require expensive investigation, customer 

notification, credit monitoring services, and potentially regulatory fines. A vendor with 

$50M in annual revenue and $5M in cyber insurance is a different risk proposition than 

an internal system supported by a team of five engineers. 

Certification and compliance: SOC 2 Type II certification is an 18-month investment in 

control design, operation, and independent audit. ISO 27001 certification requires 

documented risk assessment, control implementation, and continuous monitoring. 

FedRAMP authorization requires a 12–18 month government security review. These 

certifications are the documentation of the trust premium: they represent independent 

verification that the vendor's security practices meet the standard their customers 

require. 

Expertise and accountability in failure: when an enterprise's Workday system has a 

payroll processing error, Workday's enterprise support team investigates, identifies the 

root cause, and provides a fix — because Workday has seen every variant of payroll 

processing error across thousands of enterprise deployments and has developed the 

expertise to diagnose and fix them quickly. An internal build team encountering the 

same error for the first time has none of this accumulated diagnostic expertise. 

The practical pricing implication: 

Software that carries genuine liability and delivers genuine accountability commands a 

premium that the zero-cost software production dynamic cannot erode — because the 

zero-cost dynamic reduces the cost of producing code, not the cost of providing 

accountability. A $10M annual contract for enterprise ERP software is not priced at 
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$10M because the code cost $10M to produce. It is priced at $10M because the vendor 

is taking $10M worth of accountability for the reliability, security, and performance of a 

system that the enterprise depends on for its core operations. 

This pricing logic becomes more important, not less, as AI lowers the cost of software 

production. When a customer can produce comparable functionality internally for 

$50K, the only justification for paying $10M to a vendor is the risk transfer, 

accountability, and governance that the vendor provides and the internal build option 

cannot. 

Specific examples: 

Palantir charges $100M+ annual contracts for government analytics deployments. The 

government is not paying for data analytics software that it could not build internally. It 

is paying for cleared personnel who can work in classified environments, for Palantir's 

accountability for the system's reliability in mission-critical operations, and for 

Palantir's track record of delivering and maintaining complex analytics systems in 

demanding government environments. The trust premium is the majority of the 

contract value. 

Oracle's government cloud (OC4) charges substantial premiums over commodity cloud 

infrastructure for the FedRAMP High authorization and the compliance controls that 

government agencies require. The underlying compute and storage infrastructure is 

comparable to what AWS or Azure provide at lower cost. Oracle's premium is the trust 

premium for certified, accountable government cloud infrastructure. 

ServiceNow's enterprise contracts include explicit accountability for uptime, 

performance, and data security at levels that an internally-built workflow system cannot 

provide. Enterprise customers pay the ServiceNow premium in part for the 

accountability structure — the SLA, the executive relationship, and the contractual 

commitment to remediation — that makes ServiceNow a lower-risk option than an AI-

built internal alternative. 
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STRATEGY 4: TRUST AND ACCOUNTABILITY 
In zero-cost software production markets, the accountability structure is worth more than the 

code. Price the risk transfer. 

Core mechanism Commercial software vendors accept liability, provide compliance 

certification, and maintain accountability structures that internal build 

teams cannot replicate. Enterprise buyers pay for this accountability transfer 

— often more than they would pay for the features alone. 

The accountability 

components 
Contractual liability (vendor is legally responsible for data breaches, SLA 

failures, compliance violations). Financial resources to remediate (vendor 

has insurance, reserves, and business continuity that internal teams do not). 

Compliance certification (SOC 2 Type II, ISO 27001, FedRAMP, HIPAA — 

years of investment and ongoing maintenance). Track record (the vendor 

has responded to incidents before; the internal build team will respond for 

the first time). 

Pricing the trust 

premium 
Trust premium = risk transfer value. A healthcare enterprise whose patient 

data breach would cost $20M in regulatory fines, legal costs, and 

reputational damage is rationally willing to pay 5% of that risk ($1M 

annually) for a vendor who contractually accepts responsibility for 

preventing it. HIPAA-certified enterprise software that costs $500K–$2M 

annually is priced at 2.5–10% of the risk transfer value — a compelling 

actuarial argument. 

The zero-cost era 

amplification 
As AI makes software cheaper to build, the trust premium grows as a 

proportion of total commercial value. When software features can be 

replicated for $50K, the $500K enterprise price is 90% trust premium and 

10% feature premium. The vendor is primarily selling accountability, not 

features. Vendors who price as if they are primarily selling features will lose 

to the internal build option; vendors who price for what they are primarily 

providing — accountability — will maintain their commercial position. 

When the trust 

premium is 

defensible 

Trust premium is defensible when: the vendor has genuine compliance 

certification, the vendor has demonstrated accountability in adversity 

(publicly available incident responses), the vendor's financial resources are 

sufficient to back the accountability commitment, and the vendor has 

established enterprise relationships that provide organizational trust 

beyond contractual trust. 

 

CASE STUDY: PALANTIR 
Government and Defense — Trust and Accountability at Maximum Stakes 

The commercial 

structure 
Palantir charges $100M+ annual contracts with major US government agencies 

and allies. The government could, in principle, build data analytics systems 

internally — many government agencies have significant in-house technology 

organizations. 
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Why 

government 

pays the 

Palantir 

premium 

Palantir's FedRAMP High authorization and its cleared personnel (hundreds of 

employees with government security clearances) provide two trust elements that 

no internal build team can quickly replicate: regulatory certification that data 

handling meets classified information security standards, and cleared personnel 

who can physically work in classified environments where standard contractors 

cannot operate. These are not features that AI can generate — they are 

institutional credentials that take years to earn. 

The 

accountability 

structure 

Palantir's contracts include specific accountability for system reliability in 

mission-critical operations. A Palantir analytics system supporting military 

logistics operations or counterterrorism analysis has an implied reliability 

requirement that exceeds typical commercial SLAs. Palantir's track record of 

reliable delivery in demanding operational environments is an accountability 

credential that justifies the premium — the government is not paying for analytics 

features but for the assurance that the analytics will work when it matters most. 

The zero-cost 

irrelevance 
The zero-cost software production trend is essentially irrelevant to Palantir's 

commercial position. Government agencies could theoretically use AI coding 

tools to build analytics software at low cost. What they cannot build is FedRAMP 

High certification, cleared personnel, and a track record of mission-critical 

reliability. These elements of the trust premium have nothing to do with code 

production cost. 

The commercial 

result 
Palantir's government segment maintains extraordinary pricing power despite 

the commoditisation of analytics software in commercial markets. The trust 

premium is structural — it will not be eroded by AI coding tools because AI coding 

tools do not provide security clearances, regulatory certifications, or operational 

accountability. 

 

CASE STUDY: ORACLE CLOUD INFRASTRUCTURE (OCI) 
Government Cloud — Compliance Certification as the Product 

The premium Oracle's OCI for Government charges significantly more than standard 

commercial cloud pricing. AWS GovCloud and Azure Government offer 

comparable compute and storage at lower unit costs. 

What justifies 

the premium 
Oracle's government cloud products hold specific certifications that commercial 

enterprises cannot easily self-certify: FedRAMP High Authorization (the highest 

FedRAMP level, requiring comprehensive security controls review by the 

government), IL5 and IL6 authorization for controlled and classified Department 

of Defense workloads, and ITAR compliance for defense and aerospace data. 

These certifications represent years of security investment and independent 

audits that Oracle paid for and maintains. 

The internal 

build option 

analysis 

A government agency that builds its own data center or operates its own cloud 

infrastructure must independently achieve these certifications — a process that 

takes 2–4 years and costs $5–20M depending on the authorization level. Oracle's 
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government cloud rental is significantly cheaper than building certified 

infrastructure from scratch, even before accounting for the compute cost 

differential. 

The zero-cost 

dynamics 
Oracle's government cloud premium is entirely insulated from zero-cost software 

production dynamics. The government is not paying for Oracle's software 

features — they are paying for the certified, accountable infrastructure platform. 

AI coding tools have no impact on FedRAMP authorization timelines or costs. 

 

Chapter Seven — The Essentials 

›  Trust and accountability pricing: commercial vendors accept liability and provide compliance 

certification that internal build teams cannot replicate — and price accordingly. 

›  The trust premium = risk transfer value. Healthcare enterprises pay compliance-certified 

vendors 2.5–10% of their breach risk exposure — a compelling actuarial argument. 

›  In zero-cost production markets, the trust premium grows as a proportion of total commercial 

value: when features can be replicated for $50K, the $500K enterprise price is primarily the 

accountability premium. 

›  Palantir's $100M+ government contracts are primarily trust and accountability pricing — not 

analytics feature pricing. Zero-cost software production is irrelevant to this moat. 

›  Oracle's government cloud demonstrates the same principle at the infrastructure layer: 

compliance certification is worth the premium regardless of underlying compute cost. 

 
 
 
CHAPTER EIGHT 

Subscription to Outcome: The Forced 
Migration 

Why zero-cost software production forces every software vendor toward outcome-based 

pricing. 

The forced migration from subscription pricing to outcome-based pricing is the most 

significant commercial consequence of zero-cost software creation for software vendors 

who resist the transition. It is "forced" not by regulation or customer mandate but by 

economics: when the cost of producing software falls to near zero, subscription pricing 
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— which implicitly anchors price to the cost of development and support — loses its 

pricing logic. 

The argument for the forced migration: 

Subscription pricing was the right model when software development was expensive. 

The development cost needed to be recovered over time through recurring revenue, and 

the maintenance cost needed to be covered by ongoing subscription fees. Customers 

accepted subscription pricing because it was lower than the lump-sum alternatives and 

because it bundled ongoing maintenance and improvement. 

When development cost approaches zero, the economic justification for subscription 

pricing weakens. A customer who is paying $200 per user per month for a project 

management tool is not paying for the development cost recovery — that cost is now 

trivial. They are paying for continued access to the tool. But if they can generate 

comparable tool functionality internally for minimal ongoing cost, the subscription's 

value proposition becomes harder to justify. 

The migration is not from subscription pricing to no pricing. It is from subscription 

pricing to outcome-based pricing: from charging for access to charging for results. 

Outcome-based pricing survives the zero-cost production dynamic because it anchors 

price to business value rather than to production cost. When a vendor charges 10% of 

the documented cost savings their software creates, the 10% share remains justified 

regardless of whether the software cost $10M or $10,000 to produce. 

The companies executing this migration most successfully are doing it proactively — 

before the internal build option forces their customers to renegotiate — and they are 

using AI capabilities to accelerate the outcome measurement infrastructure that makes 

outcome-based pricing credible. 

Examples: 

HubSpot's evolution from per-seat subscription to outcome-correlated pricing 

represents a significant commercial model development. HubSpot's premium tiers 
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include tools that connect CRM usage to revenue outcomes — pipeline conversion, 

marketing attribution, and revenue reporting that quantify the value HubSpot creates. 

While HubSpot has not fully migrated to outcome-based pricing, the direction of 

commercial model evolution is toward justifying the price through documented value 

creation rather than through feature set. 

Salesforce's Agentforce pricing at $2 per conversation is one of the clearest examples of 

the subscription-to-outcome migration at a major software company. Rather than 

charging for access to the AI agent capability (which would be a subscription), Salesforce 

charges for each conversation the AI agent completes (which is an outcome). The 

migration is not from subscription to nothing — Salesforce still has subscription 

components — but the specific AI agent capability is priced on the outcome, not the 

access. 

Drift, acquired by Salesloft, was an early mover on outcome-correlated pricing for 

conversational marketing software. Drift's commercial model attempted to connect 

pricing to pipeline generated — the number of qualified meetings, the number of deals 

influenced, and the revenue attributed to Drift's conversational AI — rather than purely 

to the number of users or conversations. 

Ironically, the forced migration creates a significant opportunity for companies that 

execute it well: outcome-based pricing typically generates more revenue per customer 

than subscription pricing for customers whose AI deployment creates significant value. 

The CFO who was paying $500K per year in subscription fees for a software platform 

that creates $5M in documented value would, in an outcome-based model, expect to pay 

10–15% of the documented value — $500–750K. The subscription and outcome-based 

prices are similar, but the anchor and the customer's willingness to pay are very 

different. In the subscription model, the customer is always looking for a lower-cost 

alternative. In the outcome model, the customer understands they are paying for a fair 

share of value and has less incentive to find alternatives that may not provide the same 

documented value. 
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STRATEGY 5: SUBSCRIPTION TO OUTCOME 
The migration from 'pay for access' to 'pay for results' is not optional in zero-cost markets — 

it is the economic logic of the era. 

Why the migration 

is forced 
Subscription pricing anchors price to ongoing access to software. When the 

cost of producing comparable software falls to near zero, the question 'why 

am I paying $200/user/month for access to software I could generate 

internally for $50K?' has no good feature-based answer. The answer requires 

pivoting to value: 'You are paying because the software creates $X in 

documented value for your organisation.' 

The transition path Phase 1: Add outcome measurement and reporting to the existing 

subscription product (6–12 months). Phase 2: Introduce outcome-correlated 

pricing as an option alongside subscription (12–24 months). Phase 3: 

Migrate enterprise customers to outcome-based pricing as the primary 

model, retaining subscription as the floor for budget predictability (24–36 

months). 

The commercial 

opportunity 
The migration creates more revenue per customer, not less, when executed 

well. A customer paying $200K in subscription fees for a product creating 

$2M in value will pay $200–300K in outcome-based fees (10–15% value 

share) — the same or more. But the outcome anchor makes the price 

defensible in ways the subscription anchor does not. 

The Salesforce 

Agentforce example 
Salesforce's $2/conversation Agentforce pricing is the most visible 

subscription-to-outcome migration at a major software company. Salesforce 

kept its subscription CRM pricing while migrating the AI agent capability to 

outcome-based pricing — a hybrid model that allows the transition without 

disrupting existing commercial relationships. 

The risk of delayed 

migration 
Vendors who delay the migration until the internal build option forces their 

customers to renegotiate will migrate at lower prices and under worse 

conditions than vendors who migrate proactively. The proactive migrator 

sets the value anchor from a position of commercial strength; the reactive 

migrator negotiates from a position of competitive pressure. 

 

CASE STUDY: HUBSPOT 
CRM and Marketing — Outcome-Correlated Evolution 

The starting 

position 
HubSpot built its commercial success on a freemium subscription model: free 

tools that generate leads, professional tiers with more features, enterprise tiers 

with advanced automation and analytics. This model was appropriate when 

software development made alternatives expensive and when value-based 

pricing infrastructure was not yet standard. 

The outcome 

correlation 

investment 

HubSpot has invested significantly in connecting CRM usage to revenue 

outcomes: attribution reports that link marketing campaigns to closed revenue, 

pipeline analytics that show conversion rates by stage and by rep, and revenue 
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forecast tools that connect CRM data to financial outcomes. These tools do not 

change HubSpot's subscription pricing model directly — but they are building the 

value-based anchor that future commercial model evolution will require. 

The Breeze AI 

commercial 

evolution 

HubSpot Breeze, the AI suite launched in 2024, includes outcome-reporting 

features that quantify the value AI features create: content performance metrics 

for AI-written content, lead quality scores for AI-generated outreach, and 

pipeline velocity improvements from AI-assisted sales tools. These outcome 

reports are currently marketing tools and retention tools — but they are the 

infrastructure for outcome-based pricing as HubSpot's commercial model 

evolves. 

The competitive 

pressure 
HubSpot's professional and enterprise subscription pricing faces increasing 

competition from AI-native alternatives (Apollo.io for sales intelligence, Klaviyo 

for marketing automation, Pipedrive for sales CRM) that offer comparable 

features at lower subscription prices. The internal build threat is also growing: 

engineering-led companies are building custom CRM workflows using AI tools 

and integrating them with HubSpot or Salesforce data models. 

The migration 

implication 
HubSpot's commercial model evolution is moving toward outcome-correlated 

value justification — not yet outcome-based pricing, but the measurement 

infrastructure is being built. The window for executing the migration proactively 

is 2–4 years before competitive pressure forces it reactively. 

 

Chapter Eight — The Essentials 

›  The forced migration from subscription to outcome pricing is an economic inevitability in zero-

cost software production markets — not a strategic choice to be avoided. 

›  The transition path: add outcome measurement (months 1–12), introduce outcome pricing as 

option (months 12–24), migrate enterprise customers to outcome-primary model (months 24–

36). 

›  The migration creates more revenue per customer when executed proactively: outcome pricing 

at 10–15% value share typically equals or exceeds the subscription the customer was paying. 

›  Salesforce's $2/conversation Agentforce pricing is the clearest current example of 

subscription-to-outcome migration at scale. 

›  Vendors who delay migration until competitive pressure forces it will negotiate from weakness. 

Vendors who migrate proactively own the value anchor. 

 
 
 
 

PART THREE 
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IP, Contracts, and Legal Architecture 

Who owns AI-written code. New licensing models. Contracting for software that did not 

exist when you signed. 

 
 
CHAPTER NINE 

Who Owns the Code When AI Wrote It? 

IP ownership of AI-generated software. Customer builds, vendor trains, AI writes — who 

owns what? 

The question of who owns code when AI wrote it is not yet fully resolved in most legal 

jurisdictions, and the commercial implications of that uncertainty are significant for 

every software company deploying AI in its product development. 

The current legal landscape: 

In the United States, the Copyright Office has issued guidance stating that works created 

solely by AI cannot be registered for copyright — copyright requires human authorship. 

However, works that involve meaningful human creative contribution, even where AI 

tools were used in creation, can be registered. This creates a spectrum: code that is 

entirely AI-generated with no human contribution is potentially not copyrightable; code 

that is AI-generated but reviewed, modified, and curated by human developers may be 

copyrightable as a human creative work. 

The practical implication for software companies: the IP ownership of AI-generated 

code depends on how the development process was structured. A company that uses AI 

to generate code and then has engineers review, modify, and integrate that code into a 

codebase can likely maintain a copyright claim on the resulting software. A company 

that uses AI to autonomously generate, test, and deploy code with minimal human 

review faces uncertainty about the copyright status of the generated code. 

The commercial implications of this uncertainty: 
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Enterprise software customers are beginning to include IP warranty clauses in contracts 

that require the vendor to warrant that their software does not infringe on third-party 

IP rights and that the vendor owns or has licensed the IP in their product. These clauses 

create exposure for vendors who have used AI-generated code without adequate human 

review and contribution — because if the AI generated code based on training data that 

included copyrighted material, the vendor's IP warranty could be challenged. 

The training data question is the most legally complex dimension. Foundation models 

are trained on code repositories, including open-source code under various licenses 

(MIT, Apache, GPL). When an AI generates code that is similar to or derived from GPL-

licensed code, the generated code may be subject to the GPL's copyleft requirements. 

Several companies have faced legal questions about whether GitHub Copilot's code 

suggestions (trained on public GitHub repositories) may include GPL-licensed code 

patterns, which could trigger license compliance requirements. 

The three-party IP scenario: In complex AI software development scenarios, there are 

potentially three parties with IP claims — the customer who commissioned the 

development, the vendor who provided the AI tools and whose developers reviewed the 

code, and the foundation model provider on whose training data the AI was trained. In 

most current contracts, the IP assignment is straightforward: the customer owns the 

specific outputs generated for them, the vendor retains ownership of the AI tools and 

models, and the foundation model provider's contribution is considered an input 

process rather than an authorship claim. But as AI-generated code becomes more 

autonomous and more central to software products, this three-party dynamic will create 

more complex IP questions. 

Practical implications for software vendors: 

Establish a documented code review policy that ensures meaningful human contribution 

to AI-generated code — both to maintain copyright claims and to ensure code quality 

and security. 
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Include IP warranties in customer contracts that are defensible given the development 

process: warrant the output, not the process. "We warrant that this software does not 

infringe third-party IP to the best of our knowledge, and we will defend any IP claim 

made against your use of this software" is a more defensible warranty than "this software 

was written entirely by humans." 

Maintain records of AI tool usage in development: which AI tools were used, for which 

parts of the codebase, and what human review process was applied. These records will 

be valuable in any IP dispute. 

Address the open-source license compliance question proactively: if your AI 

development tools may generate code similar to GPL-licensed code, conduct a license 

compliance audit and address any GPL compliance requirements before a customer's 

legal team discovers the exposure. 

 

IP Ownership in AI Software Development — Scenarios 

Scenario Who creates Standard allocation Legal 

uncertainty 
Practical risk 

Vendor uses AI 

to enhance 

existing 

product 

Vendor engineers 

use AI coding tools 

to write code that is 

reviewed, 

integrated, and 

curated by vendor 

engineers 

Vendor owns the 

resulting code — 

human review and 

integration provides 

sufficient authorship 

Minimal if 

human 

contribution is 

meaningful 

and 

documented 

Low — 

standard IP 

ownership 

for software 

development 

applies 

Vendor builds 

custom 

software for 

customer using 

AI 

Vendor engineers 

use AI tools to build 

customer-specific 

implementation; 

reviewed and 

delivered to 

customer 

Customer typically 

owns the specific 

deliverable; vendor 

retains ownership of 

tools, models, and 

methodology 

Moderate — 

depends on 

contract terms 

and 

documentation 

of human 

contribution 

Medium — 

ensure IP 

assignment 

clause is 

explicit; 

document 

development 

process 

Customer 

builds internal 

software using 

vendor's AI 

tools 

Customer engineers 

use vendor's AI 

coding assistant to 

build internal tools 

Customer owns the 

software; vendor 

owns the AI tools 

used to build it 

Low for the 

customer; 

potential 

training data 

Low if clear 

terms-of-

service 

specify 

customer IP 
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question for 

the vendor 
ownership of 

generated 

outputs 

AI autonomous 

agent builds 

software 

without human 

review 

AI agent executes 

complete build 

pipeline from 

specification to 

deployment with 

minimal human 

involvement 

IP ownership 

uncertain — 

Copyright Office has 

stated AI-only works 

are not copyrightable 

in US 

High — no 

established 

case law; 

copyright 

ownership 

unclear 

High — 

vendor 

cannot 

warrant IP 

ownership if 

human 

contribution 

is absent; 

customer 

has exposure 

Model trained 

on proprietary 

code generates 

similar code 

Foundation model 

trained partly on 

GPL or proprietary 

code generates code 

similar to training 

data 

License 

contamination risk — 

generated code may 

be subject to licenses 

of training data 

High — 

GitHub Copilot 

has faced legal 

challenges on 

this basis 

Medium — 

conduct 

license 

compliance 

audit; 

document AI 

tool usage in 

development 

 

PRACTICAL GUIDANCE FOR SOFTWARE VENDORS 

Document human contribution in AI-assisted development — and update your IP 

warranties accordingly 

Software vendors who use AI coding tools in their development process should: (1) Establish a 

documented code review policy that requires meaningful human review and modification of AI-

generated code — both to maintain copyright claims and to maintain code quality. (2) Update 

IP warranty language in customer contracts to warrant the output, not the process: 'We warrant 

that this software does not infringe third-party IP to the best of our knowledge, and we will 

defend any IP claim against your use' rather than 'this software was written entirely by humans.' 

(3) Maintain development records that document which AI tools were used for which code 

components, and what human review process was applied. These records will be valuable in any 

IP dispute or customer due diligence inquiry. 

 

Chapter Nine — The Essentials 

›  IP ownership of AI-generated code depends on the degree of human creative contribution — 

fully automated generation is not copyrightable in the US under current guidance. 

›  The practical requirement: establish documented human review policies for AI-generated 

code, both to maintain copyright claims and to ensure quality and security. 
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›  IP warranties in customer contracts should warrant the output (no infringement to the best of 

our knowledge) rather than the process (written entirely by humans). 

›  Training data license contamination — code generated from models trained on GPL or 

proprietary code — is an active legal risk that vendors should proactively audit. 

›  The autonomous engineering scenario (no human review) creates the highest IP uncertainty 

— avoid deploying AI-generated code to customers without meaningful human review in the 

current legal environment. 

 
 
 
CHAPTER TEN 

Licensing in a Zero-Cost World 

What software licensing looks like when production cost is zero. New licence models. 

Software licensing in a zero-cost production world requires a complete 

reconceptualization of what the license is for. Traditional software licenses were access 

control mechanisms: the vendor controlled access to software that was expensive to 

produce, and the license defined the terms of access in exchange for payment that 

recovered the production cost plus margin. 

When production cost approaches zero, the access control function of licensing becomes 

economically hollow — the software can be reproduced infinitely at zero cost, so 

controlling access cannot be justified by production cost. The license must instead be 

justified by the ongoing value it provides: the right to software improvements, the right 

to support and maintenance, the right to the network effects of a large user community, 

and the right to the vendor's accountability for the software's performance. 

Four licensing models are emerging in zero-cost software production markets: 

Value-based licensing: licenses priced based on the value the software creates, not on 

the cost of production. This is the outcome-based pricing model applied to licensing: the 

customer pays a percentage of documented value creation, and the license is renewed as 
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long as the value justification holds. Value-based licensing is most appropriate for 

software where outcomes are measurable and attributable. 

Capability-based licensing: licenses priced based on the specific capabilities the 

customer accesses, with different pricing for different capability levels. This is the tier 

model applied to licensing: the customer pays for the level of capability they use, 

regardless of the underlying production cost. Capability-based licensing is most 

appropriate for platforms with well-defined capability tiers where the value differences 

between tiers are clear. 

Network participation licensing: licenses that price access to the network — the 

integrations, the community, the ecosystem — rather than to the software features. The 

customer pays for participation in the value network that the vendor has assembled 

around the software. Network participation licensing is most appropriate for ecosystem 

platforms where network effects create most of the value. 

Deployment and accountability licensing: licenses that price the ongoing services 

associated with deploying and maintaining software — security monitoring, compliance 

certification maintenance, SLA-backed support, and liability coverage. This is the trust 

premium applied to licensing: the customer pays for the accountability infrastructure, 

not for the code. Deployment and accountability licensing is most appropriate for 

enterprise software in regulated or high-stakes operational contexts. 

The commercial implication: vendors who continue to use traditional access control 

licensing in zero-cost production markets will find that their pricing model is 

increasingly difficult to justify. The customer's question — "why am I paying for a license 

to software that you could produce for essentially nothing?" — has no good answer in a 

traditional licensing framework. It has a good answer in any of the four models above: 

because you are paying for the value it creates, or for the capability it provides, or for the 

network you are accessing, or for the accountability you are receiving. 

 

Four Licensing Models for Zero-Cost Production Markets 
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Model What is licensed Price anchor Best suited for Revenue 

model 

Value-based 

licensing 
Access to the 

software + ongoing 

improvement + 

support, priced as a 

fraction of 

documented 

business value 

created 

Business value 

delivered — 

production cost is 

irrelevant 

Software with 

measurable and 

attributable 

outcomes; 

enterprise with 

CFO-level 

procurement 

Revenue 

scales with 

customer 

value creation 

— grows 

automatically 

as AI 

improves the 

product's 

value delivery 

Capability-

based 

licensing 

Specific capability 

tiers with defined 

feature sets and 

performance 

guarantees; different 

prices for different 

capability levels 

Capability value — 

what the customer 

can do with this tier 

that they cannot do 

with a lower tier 

Platforms with 

well-defined 

capability tiers; 

markets where 

value differences 

between tiers are 

clear 

Revenue 

scales with 

tier adoption 

— higher tiers 

command 

premium 

pricing; 

migration 

between tiers 

is natural 

expansion 

path 

Network 

participation 

licensing 

Access to the 

network of 

integrations, 

community, 

ecosystem, and data 

intelligence — priced 

on network access 

value 

Network value — 

what the customer 

accesses from the 

network that the 

software features 

alone do not 

provide 

Ecosystem 

platforms with 

genuine network 

effects; data 

intelligence 

platforms with 

network data 

moat 

Revenue 

scales with 

network value 

— grows as 

the network 

grows; 

pricing power 

increases with 

scale 

Deployment 

and 

accountability 

licensing 

Ongoing services: 

security monitoring, 

compliance 

certification 

maintenance, SLA-

backed support, 

liability coverage — 

priced on 

accountability value 

Accountability and 

risk transfer — 

what the customer 

is paying for the 

vendor to stand 

behind the 

software 

Enterprise 

software in 

regulated or 

high-stakes 

operational 

contexts; 

government and 

defense 

Revenue 

scales with 

accountability 

commitment 

— higher-

stakes 

contexts 

command 

higher 

accountability 

premiums 
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Chapter Ten — The Essentials 

›  Traditional access control licensing loses its commercial logic when production cost 

approaches zero — the price anchor must shift from cost recovery to value delivery. 

›  Four viable licensing models: value-based (fraction of documented value), capability-based 

(tier access), network participation (ecosystem access), deployment and accountability (risk 

transfer). 

›  The right model depends on the software's primary value driver: outcome creation → value-

based; capability tiers → capability-based; network effects → network participation; regulated 

contexts → accountability licensing. 

›  Vendors can combine models: a base deployment and accountability license plus outcome-

based pricing for specific capabilities, within an ecosystem participation structure. 

›  The commercial transition: migrate from access control licensing to one or more of these 

models before the internal build option forces the customer to ask why they are paying for access 

to software they could build for less. 

 
 
 
CHAPTER ELEVEN 

Contracting for Software That Did Not 
Exist When You Signed 

Dynamic product definitions. How to contract for software that evolves continuously. 

Contracting for software that evolves continuously — software that is being improved, 

extended, and modified by AI tools on a daily or weekly cadence — requires contract 

structures that were not needed when software development was a slow, capital-

intensive process. 

Traditional enterprise software contracts are point-in-time documents: they describe 

the software as it exists at the time of signing, define the features and performance 

characteristics being licensed, and specify the obligations of both parties for a defined 

contract term. These contracts were adequate when software changed slowly and 
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deliberately — when new versions were released annually and feature changes required 

months of development. 

In a zero-cost software production environment, software changes continuously. A 

product that uses AI-assisted development may be updated weekly. AI-powered features 

may be added, modified, or removed as the underlying models change. The security and 

compliance posture of the software may be affected by changes to the AI systems used 

in its development or operation. None of these dynamics are well-handled by traditional 

point-in-time contracts. 

Four contract structure innovations are required for AI-era software: 

Dynamic product definition clauses: instead of defining the product by its specific 

features at the time of signing, define it by its category, purpose, and performance 

standards. "The software will provide [category] functionality at [performance 

standard]" is more appropriate than "the software will include features A, B, C, D, and 

E" when features A through E may all be different twelve months from now. Dynamic 

product definition protects both parties: the vendor can evolve the product as AI 

development accelerates, and the customer is protected by the performance standard 

rather than the feature list. 

AI tool disclosure requirements: customers are increasingly asking vendors to disclose 

which AI tools are used in the development and operation of the software they purchase. 

This disclosure requirement is driven by two concerns: IP risk (if the vendor's AI 

development tools may generate code that infringes third-party IP, the customer's use 

of the software creates exposure) and security risk (if the vendor's AI development tools 

have access to the customer's data during the development process, the customer's data 

may be used in AI training). Contracts that include AI tool disclosure requirements 

protect both parties: the customer understands the development process, and the 

vendor documents the standards they are held to. 

Model change notification: for software that depends on foundation model APIs — either 

in its development or in its operation — contract provisions that require notification 
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when the underlying model changes are increasingly standard. When Anthropic 

deprecates Claude 3 and the vendor's AI features begin using Claude 4, the customer 

should know: the model change may affect the software's behavior in ways that affect 

the customer's operations or compliance posture. 

Continuous improvement SLA: rather than specifying a static feature set, define an 

improvement commitment: the vendor commits to releasing improvements on a defined 

cadence, to maintaining the performance standard, and to providing documented 

evidence of ongoing development investment. This converts the traditional warranty 

(the software works as described at signing) into an ongoing quality commitment (the 

software continues to work and improve over the contract term). 

 

Contract Innovation for AI-Era Software — Four Required Structures 

Structure Why it is needed What it 

replaces 
Implementation Risk if absent 

Dynamic 

product 

definition 

AI development 

makes software 

evolve faster 

than annual 

contract cycles — 

defining 

software by 

specific features 

at signing creates 

contract-reality 

gaps within 

months 

Static feature 

lists that 

become 

outdated; 

contracts 

requiring 

amendment 

for every 

feature update 

Define by category, 

purpose, and 

performance standard: 

'The software will 

provide [category] 

functionality at 

[performance standard], 

with the following 

minimum capabilities at 

signing...' 

Customers 

discover that 

contracted 

features no 

longer exist or 

that new 

features are 

not covered by 

contract terms 

— creates 

dispute and 

renegotiation 

overhead 

AI tool 

disclosure 

requirement 

Customers need 

to understand 

which AI tools 

are used in the 

development 

and operation of 

software they 

purchase — for 

IP risk 

assessment and 

security review 

None — this is 

a new 

requirement 

driven by AI 

deployment 

concerns 

Annual disclosure of AI 

tools used in software 

development and 

operation, with material 

change notification. 

Format: 'We use [AI 

tools] for 

[development/operation 

purposes] under 

[terms].' 

Customer 

discovers 

undisclosed AI 

tool usage that 

creates IP risk 

or data 

handling 

concerns — 

can be grounds 

for contract 
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termination or 

renegotiation 

Model 

change 

notification 

Software that 

depends on 

foundation 

model APIs may 

behave 

differently when 

the underlying 

model changes — 

customers need 

to know 

Standard 

change 

management 

clauses that 

address 

software 

updates but 

not underlying 

model changes 

90-day notification 

requirement before 

transitioning production 

workloads to materially 

different foundation 

models. Includes: 

acceptance testing right, 

rollback option during 

transition period. 

Customer's 

compliance 

posture or 

operational 

behavior 

changes after 

unannounced 

model change 

— creates 

liability 

exposure and 

potential 

contract 

breach claims 

Continuous 

improvement 

SLA 

In AI-

development 

environments, 

software 

improves 

continuously — 

contracts should 

capture this 

commitment 

rather than 

defining a static 

warranty 

Static warranty 

('software 

works as 

described at 

signing') that 

creates no 

incentive for 

continuous 

improvement 

Improvement 

commitment clause: 

vendor commits to 

defined cadence of 

improvements, 

performance 

maintenance, and 

documented evidence of 

ongoing investment. 

Separate from standard 

SLA uptime 

commitment. 

Customer 

experiences 

declining 

software 

quality or 

stagnant 

development 

velocity with 

no contractual 

recourse; 

competitive 

alternatives 

that commit to 

continuous 

improvement 

create churn 

pressure 

 

Chapter Eleven — The Essentials 

›  AI-era software contracts require four innovations: dynamic product definition, AI tool 

disclosure, model change notification, and continuous improvement SLA. 

›  Dynamic product definition protects both parties: vendors can evolve the product; customers 

are protected by performance standards rather than specific feature lists. 

›  AI tool disclosure is increasingly a customer procurement requirement — proactively building 

it into standard contract templates reduces negotiation friction. 
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›  Model change notification protects customers from unexpected behavior changes; 90 days and 

acceptance testing rights are becoming the market standard. 

›  Continuous improvement SLA converts the traditional warranty from a static description to 

an ongoing quality commitment — a commercially differentiating commitment that slower 

competitors cannot match. 

 
 
 
 

PART FOUR 

Strategic Response 

The market structure of AI coding tools. The meta-market of developer productivity. 

 
 
CHAPTER TWELVE 

The Enterprise AI Coding Market: Who 
Sells What to Whom 

Mapping the emerging market structure for AI coding tools and platforms. 

The emerging market structure for AI coding tools and platforms reflects the specific 

economic dynamics of zero-cost software production — dynamics that are creating 

winners and losers with unusual speed. 

The market is stratifying into three layers: 

The foundation model layer: OpenAI, Anthropic, Google DeepMind, and Meta are the 

providers of the underlying models that power AI coding capabilities. These companies 

have invested billions of dollars in model training and have created genuinely 

differentiated capabilities — different strengths in reasoning, code generation, multi-file 

understanding, and test generation. The competitive dynamics at the foundation model 

layer are complex: enormous capital barriers to entry, rapid capability advancement 
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from multiple players, and a race to be the primary coding infrastructure for the next 

generation of software development. 

The tooling layer: GitHub Copilot, Cursor, Replit, JetBrains AI, Codeium, and dozens of 

other companies provide the IDE integration, context management, and developer 

workflow tools that make AI coding capabilities usable. This layer faces significant 

commodity pressure: the core function of inserting AI code suggestions into an IDE is 

well-understood and replicable. Companies at this layer must differentiate through 

workflow integration (embedding deeply in developer workflows), context quality 

(providing better codebase understanding than competitors), or specialization (focusing 

on specific languages, frameworks, or development patterns). 

The deployment and operations layer: GitHub Actions, Vercel, Netlify, Railway, and 

infrastructure companies that make AI-generated code deployable and maintainable. 

This layer benefits from the zero-cost software production trend because more software 

production means more deployment demand. The competitive dynamics here favor 

companies with strong developer communities and ecosystem integration, not pure 

technical capability differentiation. 

The enterprise coding market segment — AI tools specifically designed for enterprise 

software development with security, compliance, and governance requirements — is an 

emerging segment with substantial pricing power. Enterprise engineering organizations 

cannot use consumer AI coding tools that may transmit code to external APIs, that may 

train models on proprietary code, or that do not meet the access control requirements 

of enterprise security policies. Enterprise-grade AI coding platforms that provide on-

premises deployment options, data residency controls, and audit trails for AI-generated 

code changes are commanding significant premiums over consumer alternatives. 

GitHub's Copilot Enterprise (at $39 per user per month, compared to $19 per user for 

the individual tier) is an example of the enterprise coding tool premium: the additional 

price reflects on-premises model access, organizational policy enforcement, and the 

audit capabilities that enterprise security and compliance teams require. 
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JetBrains AI with its on-premises option for enterprise customers reflects the same 

dynamic: enterprise engineering teams that cannot use cloud-based AI tools due to data 

residency requirements will pay substantially more for an enterprise-grade alternative. 

The market structure implication for software companies: 

Software companies deploying AI in their products need to make explicit decisions about 

which layer they occupy and what their competitive differentiation is within that layer. 

The foundation model layer requires massive capital investment and deep ML research 

capability. The tooling layer requires exceptional developer UX and rapid adaptation to 

developer feedback. The enterprise segment requires governance, security, and 

compliance infrastructure that is separate from consumer products. 

Companies that try to compete across layers — to be both a foundation model provider 

and a tooling company — are spreading capital and focus in ways that typically produce 

mediocre results at both layers. The most successful AI coding companies have chosen 

their layer and dominated it. 

 

AI Coding Market Structure — Three Layers 

Layer What it provides Key players Differentiation basis Enterprise pricing 

premium 

Foundation 

model layer 
The AI models 

powering code 

generation: 

reasoning, code 

completion, multi-

file understanding, 

test generation 

OpenAI (GPT-

4o, o1), 

Anthropic 

(Claude), 

Google 

(Gemini), Meta 

(Llama), 

Mistral 

Model capability 

benchmarks; latency 

and throughput; 

specialization for 

code vs reasoning; 

pricing and usage 

policies 

Minimal direct 

enterprise 

pricing — 

accessed through 

APIs; enterprise 

pricing through 

hosting deals or 

dedicated 

capacity 

Tooling 

layer 
IDE integration, 

codebase context 

management, 

workflow 

embedding: the 

developer-facing 

interface to AI 

coding capability 

GitHub Copilot 

(Microsoft), 

Cursor, 

JetBrains AI, 

Codeium, 

Replit, Amazon 

CodeWhisperer 

Developer UX 

quality; codebase 

understanding 

depth; 

language/framework 

specialization; 

adaptation velocity; 

Significant: 

consumer tools 

$10–

20/user/month; 

enterprise tools 

$40–

100/user/month 
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enterprise 

governance features 
for governance 

features 

Deployment 

and 

operations 

layer 

Making AI-

generated code 

deployable and 

maintainable: 

CI/CD integration, 

deployment 

automation, 

infrastructure 

management 

Vercel, Netlify, 

Railway, 

Render, 

GitHub 

Actions, AWS 

CodePipeline, 

GitLab CI 

Developer 

experience quality; 

platform ecosystem; 

enterprise 

compliance; multi-

cloud capabilities 

Moderate: 

commodity 

pricing with 

enterprise 

premium for 

compliance 

features 

Enterprise 

governance 

segment 

Specific enterprise 

requirements: on-

premises 

deployment, air-

gap operation, code 

data residency, 

audit trails for AI 

suggestions 

GitHub Copilot 

Enterprise, 

JetBrains AI 

Enterprise, 

Tabnine 

Enterprise 

Compliance 

certification; data 

residency controls; 

organizational policy 

enforcement; 

integration with 

enterprise identity 

systems 

Highest: $40–

150/user/month; 

justified by risk 

mitigation value 

for enterprises 

that cannot use 

cloud-based AI 

tools 

 

CASE STUDY: GITHUB COPILOT 
The Distribution Moat in AI Coding Tools 

The market 

position 
GitHub Copilot is the largest AI coding tool by user count (estimated 1.3M+ paid 

users as of 2024), distributed through GitHub — the platform used by 100M+ 

developers. The distribution moat is extraordinary: Copilot reaches developers 

where they already host their code, without requiring them to change editors or 

workflows. 

The product 

differentiation 

challenge 

Copilot's IDE integrations (VS Code, Visual Studio, JetBrains, Neovim, and 

others) are functional but not universally considered the best in class for 

developer experience. Cursor's native AI-first editor has received strong 

developer satisfaction scores that often exceed Copilot's in direct comparisons. 

The product quality gap is not large enough to overcome the distribution 

advantage for most developers. 

The enterprise 

tier strategy 
Copilot Enterprise ($39/user/month vs $19 for Copilot Individual) addresses the 

enterprise governance requirements that large engineering organizations need: 

organizational policy enforcement, data exclusion from model training (the 

enterprise tier does not use customer code to train models), audit logs for AI 

suggestions, and dedicated Copilot workspace features. The enterprise tier 

doubles the individual tier price primarily for governance features — the trust 

and accountability premium applied to developer tools. 
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The competitive 

response to 

Cursor 

GitHub's response to Cursor's developer experience advantages has been Copilot 

Workspace — an AI-native development environment that provides more 

complete task execution than the standard Copilot completion model. Copilot 

Workspace allows developers to describe a task and have AI plan, implement, 

and test the solution — moving toward Devin's autonomous engineering 

approach. This represents Microsoft/GitHub's attempt to match Cursor's 

developer experience while retaining GitHub's distribution advantage. 

The commercial 

implication 
GitHub Copilot demonstrates the tension between distribution advantage and 

product quality advantage in the AI coding tools market: distribution wins in the 

near term, but product quality advantage compounds through the adaptation 

velocity moat. The market outcome depends on whether Cursor's product quality 

advantage accumulates faster than GitHub's distribution advantage matures. 

 

Chapter Twelve — The Essentials 

›  The AI coding market has three layers: foundation model (commodity, API-accessed), tooling 

(differentiated, enterprise premium), deployment and operations (important but 

commoditising). 

›  The enterprise governance segment commands the highest pricing premium (40–

150/user/month) — justified by compliance and data residency requirements that standard 

cloud tools cannot meet. 

›  GitHub Copilot's distribution moat is the most significant competitive advantage in the tooling 

layer — 100M+ developer relationships through GitHub. 

›  The tooling layer competition is between distribution advantage (GitHub) and adaptation 

velocity advantage (Cursor) — two different moat types in the same market. 

›  Software companies deploying AI in their products must choose their layer deliberately: 

foundation, tooling, or enterprise governance — multi-layer competition spreads resources and 

produces mediocre results. 

 
 
 
CHAPTER THIRTEEN 

Monetizing the Developer Productivity 
Layer 

How AI coding tools themselves get priced and sold. The meta-market. 



MONETIZING WHEN AI CAN CODE AND RELEASE SOFTWARE  ·  The AI Economy Monetization Series  

Book Seven  ·  The AI Economy Monetization Series 

The developer productivity market — the meta-market of tools that help developers 

build software faster, with fewer bugs, and with better architecture — is itself one of the 

fastest-growing and most economically interesting markets in technology. 

The meta-market is growing for a specific reason: as AI makes individual developers 

more productive, the economic return on developer productivity improvement 

increases. A 10× productivity improvement on a $150,000/year developer is worth 

$1.35M in labor value (or equivalently, nine additional developer-equivalents of output 

from each developer). The economic ROI on productivity tools justifies significant 

investment — which is why the market for developer productivity tools is sustaining 

strong pricing despite the commodity pressure that affects the broader software market. 

The specific sub-markets within developer productivity: 

AI coding assistants (GitHub Copilot, Cursor, JetBrains AI, Codeium): tools that 

accelerate the writing of code through completion, generation, and refactoring. This is 

the most mature and most competitive segment. Pricing ranges from $10–

50/user/month for individual tools to $20–100/user/month for enterprise tiers with 

governance features. The pricing ceiling is constrained by the productivity improvement 

multiple: a tool that improves developer productivity by 30% at a developer cost of 

$200/day justifies $60/day in productivity tool spending — equivalent to 

$1,500/month, which is far above current market prices and suggests significant room 

for price expansion as tools improve. 

Code review and quality AI (Codium, Sourcery, DeepSource, CodeClimate AI): tools that 

analyze code for bugs, security vulnerabilities, and quality issues. This market benefits 

from the increasing volume of AI-generated code — as AI generates more code, the need 

for AI-assisted code review increases to catch the specific patterns of errors that AI code 

generation produces. Pricing is typically per-user or per-repository with enterprise 

pricing for larger organizations. 

Architecture and design AI: an emerging segment where AI assists with higher-level 

software architecture decisions — system design, database schema design, API design, 
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and infrastructure design. This is the segment where the highest value is created 

(architectural mistakes are much more expensive than code bugs) and where AI 

capabilities are still developing. Companies like Copilot Workspace, Devin in 

architectural mode, and emerging purpose-built architecture tools are beginning to 

address this market. Pricing models are still evolving, but the value proposition justifies 

premium pricing if the capability is reliable. 

Testing and quality assurance AI (Diffblue Cover, Ponicode, CodiumAI): tools that 

generate test suites, identify test coverage gaps, and create regression tests for AI-

generated code. As AI generates more code faster, the bottleneck in software 

development shifts from writing code to testing it — creating a significant market for AI-

assisted testing. This market is growing and will continue to grow as AI code generation 

volume increases. 

The meta-market commercial implication for software vendors: 

Companies whose products help other software companies develop better software are 

positioned in an unusual market: their customers' productivity improvement (which AI 

coding tools provide) actually increases those customers' ability to buy more developer 

productivity tools. The meta-market is self-reinforcing in a way that most software 

markets are not. 

The pricing model for developer productivity tools that generate the best commercial 

outcomes is the value-based model: price as a fraction of the productivity improvement 

value. A tool that provides 30% productivity improvement to a team of 50 developers at 

$200/day is creating $1.5M in annual productivity value. A $500/user/month price 

($300K annually for 50 developers) is 20% of the value created — a defensible value 

share. Pricing by seat at $25/user/month ($15K annually) is leaving 95% of the value on 

the table. 

The technical leaders at sophisticated software companies are beginning to understand 

this math, which is why enterprise developer productivity tools are commanding 

increasing prices despite commodity competition at the individual developer tier. 
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Developer Productivity Sub-Markets — Sizing and Pricing 

Sub-market What it provides Representative 

products 
Pricing range Market growth 

driver 

AI coding 

assistants 
Code completion, 

generation, 

refactoring 

suggestions 

embedded in IDE 

GitHub 

Copilot, 

Cursor, 

JetBrains AI, 

Codeium, 

Amazon 

CodeWhisperer 

$10–

150/user/month 

(individual to 

enterprise) 

Rising developer 

productivity ROI; 

growing 

enterprise 

governance 

requirements 

Code review 

and quality AI 
Automated code 

review, security 

scanning, quality 

improvement 

suggestions 

Codium AI, 

Sourcery, 

DeepSource, 

SonarQube AI, 

CodeClimate 

AI 

$15–

50/user/month; 

per-repository 

pricing for teams 

Increasing volume 

of AI-generated 

code requires AI-

assisted review to 

catch AI-specific 

error patterns 

Architecture 

and design AI 
System 

architecture 

assistance, 

database schema 

design, API design, 

infrastructure 

design 

Copilot 

Workspace, 

Devin 

architectural 

mode, 

emerging 

purpose-built 

tools 

Emerging 

market — $50–

500/user/month 

anticipated 

Highest-value 

software decisions 

have lowest AI 

tool support today 

— large 

opportunity as 

capability matures 

Testing and QA 

AI 
Test generation, 

coverage analysis, 

regression test 

creation, mutation 

testing 

Diffblue Cover, 

CodiumAI, 

Ponicode, AWS 

CodeGuru 

$20–

100/user/month 

or per-repository 

AI-generated code 

creates more code 

to test; AI-assisted 

testing 

compresses the 

testing bottleneck 

Documentation 

AI 
Automatic 

documentation 

generation, API 

documentation, 

README 

generation, code 

explanation 

Mintlify, 

Swimm AI, 

various coding 

assistant 

features 

$10–

50/user/month 
AI-generated code 

is often under-

documented; AI 

documentation 

tools address this 

systematically 

 

CASE STUDY: CURSOR 
$100M ARR — Developer Productivity at Maximum Velocity 
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The commercial 

achievement 
Cursor reached $100M ARR approximately 18 months after launching publicly 

— one of the fastest-growing developer tool companies in history. The growth 

reflects genuine developer preference for Cursor's AI-first editor experience over 

existing alternatives. 

The pricing 

model 
Pro plan: $20/month (individuals). Business plan: $40/user/month (teams, 

with privacy mode, organizational settings, admin controls, audit logs). 

Enterprise: custom pricing. The $40 Business plan price is competitive with 

GitHub Copilot's enterprise tier ($39) while offering a materially different 

developer experience. 

The adaptation 

velocity 

evidence in the 

numbers 

Cursor's NPS among developers is consistently 60–70, significantly above the 

developer tool industry average of 30–40. This satisfaction score reflects the 

product quality improvement that Cursor's adaptation velocity generates: 

developers who use Cursor report that the AI completions become meaningfully 

better over weeks of use as the model learns their coding patterns and their 

codebase. 

The enterprise 

opportunity 
Cursor's Business plan addresses the most common enterprise objection (data 

privacy — the Business plan's privacy mode ensures code is not sent to model 

providers for training). The custom enterprise tier extends to more complex 

governance requirements: SSO integration, centralized policy management, and 

audit logs for AI suggestions. Enterprise pricing in the $80–120/user/month 

range is the natural ceiling for an AI coding tool that replaces significant 

developer time — comparable to the cost of a software subscription that a 100-

person engineering team would use. 

The competitive 

moat analysis 
Cursor's moat is primarily adaptation velocity: each week of deployment 

improves the product through behavioral feedback from 500,000+ active users. 

The secondary moat is developer community — Cursor has built the community 

of developers who use and recommend it, which feeds back into the adaptation 

loop and into organic growth. The primary threat is GitHub/Microsoft's 

distribution advantage with Copilot — which requires Cursor to maintain a 

product quality gap large enough that developers will adopt Cursor despite its 

distribution disadvantage. 

 

Chapter Thirteen — The Essentials 

›  The developer productivity meta-market is growing because rising developer productivity ROI 

increases the justifiable investment in developer productivity tools. 

›  Five sub-markets: AI coding assistants (largest, most competitive), code review AI, 

architecture AI (highest value, least mature), testing AI, and documentation AI. 
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›  The right pricing model for developer productivity tools is value-based: a tool providing 30% 

productivity improvement to a $200/day developer creates $60/day in value — far above 

current market prices, suggesting significant room for price expansion. 

›  Cursor's $100M ARR in 18 months demonstrates the commercial ceiling for best-in-class 

developer productivity tools with strong adaptation velocity moats. 

›  The enterprise governance segment (privacy mode, audit logs, policy controls) is the most 

profitable segment — justified by risk mitigation value that generic developer tools cannot 

provide. 

 
 
 
 

EXTENDED CASE STUDIES 

Three Perspectives on the Zero-Cost World 

Cursor · Devin · Klarna — three very different positions in the zero-cost software 

production era. 

 
 
CASE STUDY A 

Cursor: The Adaptation Velocity Moat in 
a Zero-Cost Market 

How a new entrant built $100M ARR in a market where the incumbent (GitHub/Microsoft) 

has vastly superior distribution. 

Cursor's commercial success in the AI coding assistant market demonstrates that the 

adaptation velocity moat described in Book 6 is directly applicable to the meta-market 

of developer tools. 

Cursor launched in 2023 as a code editor built natively around AI coding assistance — 

not a plugin to an existing editor but a new editor designed from the ground up for AI-

native development. The founding insight: developers spending 20–30% of their time 

context-switching between their editor and an AI assistant were not experiencing the 
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productivity improvement that was theoretically possible with AI coding tools. An editor 

that embedded AI assistance in the development workflow itself — without context 

switching, with full codebase awareness, with AI that understands the specific project 

being worked on — would be dramatically more useful. 

The commercial model: Cursor charges $20/month for individuals (Pro plan) and 

$40/month for teams (Business plan). The Business plan adds privacy mode (code not 

sent to model providers for training), organizational settings and access control, and 

audit logs. Enterprise pricing is custom, typically $80–100/user/month for large 

organizations with security and compliance requirements. 

The adaptation velocity moat in practice: Cursor's monthly update cycle reflects 

continuous improvement based on developer feedback. Feature requests posted in 

Cursor's Discord server appear in the product within weeks. The development team uses 

Cursor's own telemetry to identify the specific interactions where developers struggle — 

where completions are rejected, where developers abandon AI suggestions, where 

context window limitations cause problems — and addresses these patterns in each 

release. 

The commercial result: Cursor reached $100M ARR approximately 18 months after 

launch — one of the fastest-growing developer tool companies in history. The premium 

over GitHub Copilot ($19–39/month vs $20/month for comparable features) is 

sustained by developer experience quality that Cursor's adaptation loop continuously 

improves. Developer switching costs are real but modest (editor setup takes hours, not 

days) — the retention is based on product quality, not lock-in. 

The enterprise opportunity: Cursor's Business plan addresses the enterprise security 

requirement for code not to leave the organization's control. At $40/user/month with 

privacy mode, Cursor is $40K/year for a 100-engineer team — a price that most 

engineering organizations will accept without significant approval friction for the 

productivity improvement it provides. The enterprise ceiling (custom pricing) is where 

the significant revenue opportunity lies. 
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The competitive threat: GitHub Copilot, backed by Microsoft's Azure infrastructure and 

GitHub's distribution, is the most significant competitive threat. JetBrains AI, 

embedded in the IDE that many enterprise Java and Kotlin teams already use, is the 

most significant incumbent threat. Both competitors have distribution advantages that 

Cursor lacks. Cursor's adaptation velocity advantage must outpace these competitors' 

distribution advantages for Cursor to maintain its position as the premium developer 

tool. 

 
 
 
CASE STUDY B 

Cognition / Devin: The Frontier of Zero-
Cost Software Production 

When the AI does the engineering work — the commercial model for autonomous software 

engineering. 

Cognition's Devin represents the frontier of the zero-cost software production trend — 

not a tool that makes human developers faster, but an AI that executes engineering tasks 

autonomously. Devin's commercial model is the clearest expression of the Service as 

Software framework (Book 5) applied to software engineering. 

Devin's capability profile: Devin can take a high-level engineering task — "add a dark 

mode feature to this web application," "fix the authentication bug in this service," "set 

up a CI/CD pipeline for this repository" — and execute the complete engineering 

workflow: reading the existing codebase, designing the implementation approach, 

writing the code, running tests, debugging failures, and submitting a pull request. For 

well-defined tasks in codebases with good documentation, Devin's autonomous 

execution rate (tasks completed without human intervention) is 13.86% on the SWE-

bench benchmark — a measure of AI ability to solve real-world software issues. 

The commercial model evolution: Cognition has moved through several commercial 

model iterations since launch. The initial model (team subscription) has evolved toward 
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a capacity-based model: teams pay for a defined capacity of engineering work (measured 

in hours of Devin's active processing time or in number of engineering tasks) per month. 

The subscription floor plus outcome overage structure from Book 5 is directly 

applicable: a base capacity commitment that covers expected routine engineering task 

volume, with per-task pricing for work above the base. 

The enterprise positioning: for enterprise engineering organizations, Devin is positioned 

as an augmentation to the human engineering team: handling the backlog of well-

defined, lower-complexity tasks (bug fixes, feature additions with clear specifications, 

testing and documentation tasks) that consume significant human engineering time 

without requiring the creativity and judgment that distinguish senior engineers. Devin 

does not replace senior engineers — it gives them leverage by handling the tasks that are 

below their value-added threshold. 

The commercial negotiation with engineering leadership: Devin's commercial 

proposition is a build option argument: a team that uses Devin at $X/month effectively 

increases its engineering capacity. At a competitive engineering salary of $200K/year, 

Devin's capacity needs to provide the equivalent of $X/(200,000/12) months of 

engineering output to justify the price. At $5,000/month, Devin's value justification 

requires providing one-third of a month (roughly one work week) of engineering 

equivalent output per month — a bar that is achievable for teams with significant 

backlogs of defined engineering tasks. 

The pricing model evolution toward outcomes: as Devin's autonomous execution rate 

improves, the per-task pricing model becomes more commercially appropriate than the 

time-based pricing model. When Devin can reliably complete a defined class of tasks 

(bug fixes in well-documented Python services, for example) at a consistent quality level, 

per-task pricing captures the value of each completed task directly — without the 

uncertainty of time-based pricing where the customer is paying for Devin's processing 

time regardless of whether it completes the task. 

The commercial frontier: Devin and similar autonomous engineering AI systems 

represent the commercial frontier of the zero-cost software production trend. If Devin's 
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autonomous execution rate reaches 50% (completing half of assigned tasks without 

human intervention), the enterprise value proposition is transformational — the 

equivalent of doubling the productivity of every engineer on the team. At that capability 

level, per-task pricing at the value of each completed task would generate revenue that 

justifies enterprise pricing far above current levels. 

 
 
 
CASE STUDY C 

Klarna: The Vendor-Customer Inversion 
in Action 

$40M in vendor spend replaced by internal AI builds — and what the displaced vendors 

should have done differently. 

Klarna's AI deployment experience provides the clearest real-world example of the 

vendor-customer inversion described in this book — and the commercial implications 

that inversion creates for software vendors. 

Klarna's AI investment: In 2024, Klarna reported that its AI assistant was handling 2.3 

million customer service conversations per month — equivalent to the work of 700 full-

time customer service agents. The AI assistant was built on OpenAI's technology and 

was deployed and managed by Klarna's own technology team, not purchased as a 

commercial software product from a customer service software vendor. Klarna 

estimated the AI deployment was saving $40M annually. 

The vendor displacement: Klarna's AI investment displaced several commercial 

software relationships: customer service ticketing software (replaced by AI-native 

conversation management), customer service knowledge base tools (replaced by AI-

generated and AI-retrieved answers), and customer service quality assurance tools 

(replaced by AI-powered conversation analysis). Each of these was a commercial 

software relationship that a vendor expected to renew at contract maturity. 
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The selective vendor retention: Klarna did not build everything internally. The 

technology infrastructure (cloud compute, model APIs) continued to be purchased from 

vendors — OpenAI, AWS, and infrastructure providers whose network effects, 

compliance certifications, and economies of scale make them structurally irreplaceable 

by internal build. Klarna built the application layer (the customer service AI workflow) 

internally because the generic commercial products did not fit their specific workflow 

requirements. 

The commercial lesson: Klarna's behavior illustrates the commercial logic that zero-cost 

software production creates. Klarna evaluated whether each commercial software 

relationship provided value that an AI-built internal alternative could not. For customer 

service software, the generic commercial alternatives did not fit Klarna's specific 

requirements well enough to justify the price over the internal build option. For 

infrastructure, the economies of scale and compliance certifications of commercial 

providers remained unjustifiable to build internally. 

Software vendors' response: The customer service software market has responded to the 

Klarna dynamic by moving toward AI-native platforms (Intercom AI-first, Zendesk AI) 

that provide more than workflow management — they provide AI-generated responses, 

outcome analytics, and continuously improving AI models trained on aggregate 

customer service data. This response is directionally correct: the vendors who can 

demonstrate that their platform provides value that Klarna's internal team cannot build 

are the vendors who will retain and expand enterprise relationships in the vendor-

customer inversion era. 

The broader pattern: Klarna is not unique. Enterprise technology organizations across 

industries are making similar decisions: building customer-facing AI applications 

internally (because generic commercial tools do not fit specific requirements well 

enough) while continuing to purchase infrastructure, compliance, and network-effect-

dependent software from commercial vendors. This pattern is the operational 

expression of the commercial logic in this book: the internal build option is strongest 

where requirements are specific and where commercial tools offer generic functionality; 
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the commercial vendor case is strongest where network effects, compliance certification, 

or specific expertise creates value that the internal build option cannot replicate. 

 
 
 
CLOSING 

Value Is Everything When Cost Is 
Nothing 

The commercial infrastructure that survives zero-cost software production. 

Framework F21 — The Zero-Cost Software Economics Model 

Framework F21 — The Zero-Cost Software Economics Model — maps the commercial 

implications of zero marginal cost of software production across six pricing strategies 

viable in this environment. 

The model begins with the economic foundation: when the marginal cost of production 

approaches zero, price cannot be anchored to cost. It must be anchored to value. The 

model's central finding is that companies which anchor their prices to cost in a zero-cost 

production world will be competed to zero. Companies that anchor to value will 

compound their pricing power as AI delivers more value per dollar of product 

investment. 

The six viable pricing strategies: 

Value anchoring: price as a documented fraction of the specific business value created. 

Requires: measurement infrastructure, attribution methodology, customer-specific 

modeling capability, and economic selling skills. Best suited for: software with 

measurable and attributable business outcomes. 

Customization premium: price for the accumulated domain expertise, integration 

ecosystem, and accountability that generic AI-built alternatives cannot provide. 
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Requires: genuine domain depth, defensible integration ecosystem, and accountability 

infrastructure. Best suited for: software in regulated or complex vertical markets. 

Ecosystem participation: price for access to the network of integrations, extensions, and 

community contributions that compounds with scale. Requires: network architecture 

investment, partner ecosystem development, and community building. Best suited for: 

platform software where network effects are genuine. 

Trust and accountability: price for the risk transfer, compliance certification, and 

commercial accountability that internal build options cannot provide. Requires: 

compliance investment, organizational accountability infrastructure, and track record. 

Best suited for: software in high-stakes or regulated operational contexts. 

Adaptation velocity premium: price for continuous improvement that reflects faster 

learning and more responsive product evolution than competitors can match. Requires: 

behavioral instrumentation, rapid deployment infrastructure, and organizational 

culture of continuous improvement. Best suited for: tooling and productivity software 

where improvement rate is visible. 

Outcome-based: price as a percentage of measured, verified business outcomes. 

Requires: outcome measurement infrastructure, attribution methodology, and 

accountability governance. Best suited for: software where outcomes are clearly 

measurable and attributable, and where the vendor has the evidence base to commit 

credibly. 

The model's prescriptive conclusion: software companies in zero-cost production 

markets should identify which one or two of these strategies fit their product, customer, 

and organizational capability profile — and invest deliberately in the prerequisites for 

that strategy rather than trying to sustain cost-anchored pricing in a market where that 

anchor is increasingly indefensible. 

 

Framework F21 — Six Pricing Strategies Reference 

Strategy Price anchored to Requires Best suited for Revenue ceiling 
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Value 

anchoring 
Documented 

business value 

created — 5–15% 

value share 

Measurement 

infrastructure; 

attribution 

methodology; 

economic selling 

capability 

Measurable, 

attributable 

outcomes; 

enterprise with 

CFO-level 

procurement 

High and 

growing — 

revenue scales 

with AI-

improved value 

delivery 

Customisation 

premium 
Domain expertise 

depth, integration 

ecosystem, 

accountability — 

costs of internal 

build 

Genuine domain 

depth; defensible 

integration 

ecosystem; 

compliance 

certification 

Regulated or 

complex vertical 

markets; 

compliance-

sensitive 

enterprise 

contexts 

Medium — 

constrained by 

internal build 

cost ceiling; 

grows as 

domain 

expertise 

accumulates 

Ecosystem 

participation 
Network value of 

integrations, 

partner 

applications, 

community 

intelligence 

Network 

architecture 

investment; 

partner ecosystem 

development; 

community 

building 

Platform 

software with 

genuine network 

effects; data 

intelligence with 

network data 

moat 

Very high — 

grows as 

network grows; 

pricing power 

compounds 

with 

participation 

Trust and 

accountability 
Risk transfer value 

— regulatory 

compliance, 

commercial 

liability, incident 

response 

Compliance 

certification; 

financial 

resources; track 

record; 

accountability 

infrastructure 

Regulated 

enterprise 

contexts; 

government; 

high-stakes 

operational 

software 

Highest — risk 

transfer value is 

independent of 

production 

cost; grows 

with stakes 

Adaptation 

velocity 

premium 

Continuous 

improvement rate 

that competitors 

cannot match — 

reflected in 

satisfaction and 

retention 

Behavioral 

instrumentation; 

rapid 

deployment; 

adaptation loop 

organizational 

culture 

Tooling and 

productivity 

software; AI-

powered 

products where 

improvement 

rate is visible 

Medium — 

premium 

reflects quality 

differential; 

compresses as 

competitors 

match 

adaptation 

rates 

Outcome-

based 
Verified, measured 

business outcomes 

— 10–20% value 

share 

Outcome 

measurement 

infrastructure; 

attribution 

methodology; 

accountability 

governance 

Software with 

clearly 

measurable and 

attributable 

outcomes; 

vendor with 

Highest and 

most durable — 

revenue scales 

with customer 

success; 

immune to 
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strong evidence 

base 
production cost 

dynamics 

 
 
The zero marginal cost of software creation is not a threat to software as a category. It is 

a clarifying force that separates the software that provides genuine, specific, accountable 

value from the software that exists primarily because it was expensive enough to build 

that no one built a competing alternative. 

The software that survives the clarifying force is not necessarily the most technically 

sophisticated software. It is the software that is most clearly valuable — valuable in ways 

that the internal build option cannot replicate, valuable in ways that can be 

demonstrated with evidence rather than with feature lists, valuable in ways that justify 

the price differential over alternatives that can now be built for nearly nothing. 

The companies that will compound in the zero-cost software era are the ones that have 

made the shift from cost-based to value-based commercial models before the cost-based 

model becomes commercially indefensible. Not after the first significant customer 

churns to an internal build alternative. Not after the competitive pressure forces a price 

reduction that undermines the commercial model. Before. While the transition is 

voluntary rather than forced. 

The specific investments required for this transition — measurement infrastructure, 

attribution methodology, domain expertise deepening, ecosystem building, compliance 

certification, accountability governance — are real and significant. They are also the 

investments that create the durable commercial moats described in Book 6: the Data 

Fortress, the Workflow Lock, the Outcome Ownership, and the Platform Network 

Effects. 

The zero-cost software production dynamic and the commodity escape routes from Book 

6 are not separate strategic problems. They are the same problem viewed from two 

perspectives: the zero-cost dynamic describes the threat, and the escape routes describe 

the defense. Companies that execute both the commercial model transformation (from 

cost-based to value-based pricing) and the moat construction (Data Fortress, Workflow 
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Lock, Outcome Ownership) are building a two-layer defense that is more durable than 

either layer alone. 

When anyone can write software, the question is no longer who can build it. The 

question is what it is worth — and whether you have built the commercial infrastructure 

to capture that worth. 

Build that infrastructure. Build it before the cost-based model fails. And build it in the 

knowledge that the companies that do this will not just survive the zero-cost software 

production era. They will compound through it. 

 

"When anyone can write software, the question is no 

longer who can build it. The question is what it is worth 

— and whether you have built the commercial 

infrastructure to capture that worth." 

 

 

The AI Economy Monetization Series continues in Book Eight: 

The Open-Claw Effect: The Widening Gap Between AI Capability and 

Revenue Capture 
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