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PART ONE 

The Great Monetization Reset 

CHAPTER ONE 

The Old Playbook 

How software monetized value before generative AI — and why that model is 
running out of road. 

 

In the spring of 2000, a small software company in San Francisco made a decision that 

would reshape how an entire industry thought about money. Salesforce — already the poster 

child for cloud software — quietly retired its final perpetual license offering. From that point 

forward, every product it sold would be rented, not owned. Pay us monthly, they told their 

customers, and we will give you access to software that lives on our servers, runs on our 

infrastructure, and updates automatically. The customer never needs to install anything. The 

vendor never ships a CD again. 

The market called it the cloud. The CFO called it recurring revenue. The venture capital 

community called it a revolution. And they were right — about all of it. The subscription model 

that Salesforce helped pioneer created a new financial vocabulary: ARR, NRR, churn, 

expansion, logo count. It spawned a generation of SaaS unicorns, each trying to plant a flag 

in some corner of the enterprise stack and charge a monthly fee for the right to stand on it. 

For roughly fifteen years, this model worked so well that it became invisible — so deeply 

embedded in how software companies were built, valued, and sold that most executives 

stopped questioning it. 

Then, in late 2022, something changed. 

OpenAI released ChatGPT. Within sixty days it had accumulated one hundred million users 

— the fastest consumer adoption in the history of technology. But the more consequential 

disruption was not the product. It was the pricing model. 
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ChatGPT was not sold by the seat. It was not sold by the month, not really — the subscription 

tier was almost incidental, a thin layer of revenue capture on top of an infrastructure that 

billed in a unit nobody in enterprise software had ever thought about before. It billed per 

token. Per fragment of language processed. Per microsecond of inference. It billed for the 

atoms of computation, not the molecules of workflow. 

That single shift — from selling access to selling consumption — was not a pricing tweak. It 

was a fundamental restructuring of the relationship between a software vendor and its 

customer. And it sent shockwaves through every spreadsheet, every financial model, every 

CPQ system, every ERP, and every revenue recognition policy at every software company 

on earth. 

This book is about navigating that restructuring. It is about understanding what happened, 

why it matters, and — most importantly — how to build a monetization architecture that is fit 

for the world that has arrived. 

But to understand where we are going, we need to understand clearly where we came from. 

Because the old playbook was not wrong. It was brilliant for its time. And understanding why 

it worked tells us exactly why it is now breaking. 

 

The Three Eras of Software Monetization 

Software has been sold commercially for less than fifty years. In that short span, the industry 

has cycled through three distinct monetization paradigms — each one representing a 

different answer to the same fundamental question: what, exactly, is the customer paying 

for? 

Era One: The Perpetual License (1975–2000) 

The first era treated software like a physical product. You bought it, you owned it, you 

installed it on your hardware, and it was yours. The vendor's job was done at the moment of 

sale. Support was extra. Upgrades were a new purchase. The license was perpetual — 

hence the name — because once a customer paid, they had the right to use that version of 

the software indefinitely. 
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This model mirrored how the world sold everything else. A factory bought a lathe; it did not 

rent it. A law firm bought a filing cabinet; the filing cabinet manufacturer did not charge by 

the drawer. Software, in this era, was a capital expenditure — it appeared on the balance 

sheet as an asset, depreciated over time, and was justified by the same ROI analysis that 

governed any other major equipment purchase. 

The economics were brutal for vendors. Revenue was lumpy — you sold a lot in Q4 when 

customers had budget to burn, almost nothing in Q1 when budgets reset. Forecasting was 

guesswork. Growth required a constant drumbeat of new customers because there was 

almost no guaranteed future income from existing ones. The sales force was the engine of 

the whole machine, and that engine ran on commission cycles that made every quarter feel 

like the last. 

For customers, the perpetual license created a different kind of pain. Software went stale. 

You paid a large sum upfront, and then watched your investment age as competitors bought 

newer versions. Upgrade cycles were political battles — IT departments dreaded the rip-

and-replace, finance departments questioned whether the new features justified the cost, 

and end users learned to live with whatever they had. Innovation was slow because vendors 

had limited financial incentive to release features between paid upgrade cycles. 

Oracle, SAP, and Microsoft built empires on this model. It produced enormous companies 

with legendary sales cultures and pricing power that customers found maddening. The 

vendor held all the cards: once a customer was on-premise, deeply integrated, data locked 

in proprietary formats, switching cost was so high as to be prohibitive. The perpetual license, 

for all its inefficiency, created some of the most enduring lock-in in business history. 

Micro-Case: SAP in the 1990s 

SAP R/3, released in 1992, was sold as a perpetual license with an annual maintenance fee 
of 

roughly 17–22% of the license cost. A large manufacturing company might pay $10 million 
for the 

license and then $2 million per year forever for 'maintenance' — which in practice meant 
access 

to bug fixes and the right to call the support line. Upgrades to a new major version required 
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a new license purchase. The model was extraordinarily profitable for SAP, and 
extraordinarily 

painful for customers who found themselves locked into decade-old architectures. 

This experience — painful, expensive, inflexible — is precisely what made enterprise buyers 

so receptive to the subscription promise that came next. 

 

Era Two: The Subscription (2000–2020) 

Marc Benioff founded Salesforce in 1999 with a rallying cry that was equal parts product 

vision and business model manifesto: No Software. The logo showed a fighter jet shooting 

down the word. The message was unambiguous: the enterprise software incumbents, with 

their perpetual licenses and installed bases and annual maintenance shakedowns, were the 

enemy. Salesforce was going to give customers the same software functionality — but 

delivered over the internet, updated continuously, and billed monthly. 

The subscription model solved the customer's pain points almost perfectly. No upfront 

capital expenditure. No complex installation. No expensive upgrade projects. Software that 

improved continuously, automatically. And critically — software that was easy to cancel. 

That cancellation right, paradoxically, made buyers more willing to commit, because the 

perceived risk was lower. You were not betting your career on a $10 million license; you 

were paying $150 per seat per month and could reassess every year. 

For vendors, the shift was transformational but required enormous patience. The perpetual 

license model front-loaded revenue — you got paid a lot upfront. The subscription model 

back-loaded it — you got paid a little every month, but for a long time. The critical insight 

was that the long-term math was far superior, because recurring revenue from a stable 

customer base was predictable, financeable, and scalable in ways that lumpy license sales 

never were. 

Annual Recurring Revenue became the single most 

important number in enterprise software — the heartbeat 
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metric that determined valuation multiples, hiring plans, and 

strategic direction for an entire generation of companies. 

The financial language of SaaS was invented to capture this new reality. ARR — Annual 

Recurring Revenue — was the stock, the accumulation of all the recurring subscriptions you 

had sold and retained. MRR was its monthly cousin. Net Revenue Retention measured how 

much of last year's ARR you kept this year, plus expansion — if customers bought more 

seats, upgraded to higher tiers, added modules, your NRR would exceed 100%, meaning 

you grew revenue without adding a single new customer. Logo churn measured how many 

customers cancelled entirely. Customer Acquisition Cost measured what you spent to land 

a new account. Lifetime Value measured how much that account was worth over its 

relationship with you. 

These metrics became the lingua franca of software investing. A company with 110% NRR 

and low churn could command a revenue multiple of twenty or thirty times — because 

investors understood that the business, in a mathematical sense, was a compounding 

machine. Every dollar of ARR sold this year would likely generate more than a dollar next 

year. 

This model worked extraordinarily well for a long time, for a simple reason: consumption was 

predictable. A company bought 500 seats of Salesforce. It paid for 500 seats. Usage went 

up or down within that envelope, but the bill was the same. The billing system was simple 

— count the seats, multiply by the price, generate the invoice. Forecasting was simple — 

your ARR today, minus expected churn, plus expected expansion, equals your ARR next 

quarter. Finance could sleep at night. 

The SaaS Unit Economics that Defined an Era 

ARR (Annual Recurring Revenue): Total value of all active subscriptions annualized 

NRR (Net Revenue Retention): (Beginning ARR + Expansion - Contraction - Churn) / 
Beginning ARR 

CAC (Customer Acquisition Cost): Total sales and marketing spend / New customers 
acquired 
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LTV (Customer Lifetime Value): ARPU x Gross Margin x Average Customer Lifespan 

The 'Rule of 40': Revenue growth rate + Profit margin should equal or exceed 40% 

These metrics were built for a world where consumption is fixed and predictable. 

That world is ending. 

 

Era Three: Usage-Based Pricing (2015–2022) 

Even before generative AI arrived, cracks were appearing in the pure subscription model. A 

new cohort of infrastructure and platform companies — Twilio, Stripe, Snowflake, AWS — 

was building businesses on a different premise: you pay for what you use, nothing more and 

nothing less. 

Twilio charged per SMS sent, per call minute, per email delivered. Stripe charged a 

percentage of each transaction processed. Snowflake charged for compute credits 

consumed. AWS charged for every API call, every gigabyte stored, every millisecond of 

compute time. These companies were not selling access — they were selling utility. Like 

electricity. 

The electric utility analogy is instructive. You do not buy a seat at the power company. You 

do not pay a flat monthly fee regardless of how many lights you leave on. You pay for 

precisely the kilowatt-hours you consume, metered continuously, billed after the fact. The 

utility has enormous infrastructure costs — the generators, the grid, the maintenance crews 

— but those costs are shared across millions of customers who each pay only for their share. 

Usage-based pricing creates a direct link between the value delivered and the price paid. 

For customers, this was liberating. A startup could use Twilio to send verification codes 

without committing to a monthly minimum. It paid five cents per SMS. As it grew, it paid more 

— but because it was growing, it could afford to. The pricing model aligned perfectly with 

the customer's business trajectory. 

For vendors, usage-based pricing introduced a new set of operational challenges. You could 

no longer invoice customers at the start of the month for a fixed amount. You had to meter 

their consumption in real time, aggregate those measurements accurately, translate them 

into charges, and produce an invoice at the end of the period. If you made a metering error, 
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you either undercharged (revenue leakage) or overcharged (customer disputes and 

damaged trust). The billing system was no longer a simple multiplication table — it was a 

data pipeline. 

And yet, usage-based companies quickly became some of the most valuable in software. 

Snowflake's IPO in 2020 was the largest software IPO in history at that point. Investors 

recognized something important: a company that grows revenue automatically as its 

customers grow has a structural advantage. The expansion motion requires no sales effort. 

It just requires that customers succeed. 

By 2022, the SaaS world was wrestling with a hybrid model — some combination of 

subscription floor (minimum committed spend) plus usage overage (charges for 

consumption above the floor). This gave vendors revenue predictability while giving 

customers consumption flexibility. The metrics evolved: Annual Contract Value, 

Consumption Rate, Usage Growth. Finance teams were building new models, new reports, 

new processes. But the underlying assumption — that consumption was bounded, that you 

could estimate what a customer would use — still held. 

Then it stopped holding. 

 

The Arrival of Non-Deterministic Consumption 

Generative AI broke the assumption at the heart of usage-based pricing: that consumption 

is predictable. 

When a company deploys a Twilio integration to send account verification codes, 

consumption is tightly bounded. Each user sign-up generates one SMS. The number of sign-

ups follows patterns. You can forecast this. When a company deploys an AI agent to handle 

customer support tickets, consumption is fundamentally different. The agent reads the ticket, 

searches the knowledge base, drafts a response, revises it, looks up the customer's order 

history, considers whether to escalate — and every one of those steps consumes tokens. 

The length of the ticket, the complexity of the issue, the depth of the knowledge base search, 

the number of revision loops — all of these vary in ways that are genuinely hard to predict. 
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A customer support ticket might cost 2,000 tokens to resolve. Or 50,000. The difference 

depends on factors that are inherent to the conversation itself — factors that neither the 

vendor nor the customer can fully control in advance. This is what we mean by non-

deterministic consumption. The output, and therefore the cost, depends on the input in ways 

that are emergent rather than formulaic. 

Multiply this by thousands of agents running thousands of workflows simultaneously, and 

the aggregate consumption of an enterprise AI deployment can swing dramatically from day 

to day. A legal AI that gets asked to review a thousand standard contracts will use a certain 

number of tokens. If that same AI is suddenly asked to review a thousand complex litigation 

documents with lengthy exhibits, it might use ten times as many — in the same billing period, 

at the same contractual rate. 

The meter is still running — but now nobody knows quite 

how fast. 

This is not a technical problem. It is a monetization problem. It surfaces in three places 

simultaneously: 

First, for the AI vendor, it creates enormous cost volatility. The vendor's underlying compute 

costs are also usage-based — they pay their GPU provider per token, per inference, per 

second of GPU time. If customers use more than expected, the vendor's costs rise faster 

than the revenue it is collecting. If the vendor priced its tokens too cheaply — as many early 

AI companies did, racing to acquire customers — it can find itself in the paradoxical position 

of losing money on every successful customer interaction. 

Second, for the enterprise buyer, it creates budget uncertainty. A CFO who has approved a 

hundred thousand dollar annual contract for an AI product cannot easily predict whether the 

actual bill will be fifty thousand or five hundred thousand. The product team loves the AI and 

wants to deploy it everywhere. The finance team is terrified of what that bill might look like 

in December. This tension kills deployments. We have seen companies significantly 

constrain or rollback AI rollouts — not because the technology failed, but because the 

financial exposure was uncontrollable. 
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Third, for the finance systems of both vendor and customer, it creates accounting 

complexity. Revenue recognition under accounting standards requires that revenue be 

recognized as performance obligations are satisfied. When a performance obligation is 

'process this support ticket,' and the cost and value of processing each ticket varies 

significantly, the traditional methods of rev rec become unreliable. Accruals, estimates, true-

ups — all of the tooling that accountants built for subscription and usage software needs to 

be rethought. 

Three Ways Non-Deterministic Consumption Breaks the Old Model 

1. VENDOR ECONOMICS: Token costs scale with usage. If you underpriced tokens to win 
deals, 

   every customer success becomes a financial liability. 

2. BUYER BUDGETING: CFOs cannot approve open-ended consumption contracts. 

   Budget uncertainty kills deployment decisions before they start. 

3. REVENUE RECOGNITION: Variable consideration under ASC 606 requires estimates. 

   When consumption variance is high, those estimates carry real audit risk. 

 

Why the Seat Does Not Survive 

Some readers will be tempted to respond to the foregoing with a simple solution: just go 

back to seats. Charge a flat monthly fee per user. Make the economics predictable again. 

Bundle the AI into the existing subscription. 

This is, in fact, what many incumbent software vendors tried initially. Salesforce bundled 

Einstein into the Sales Cloud. Microsoft bundled Copilot into Microsoft 365. SAP bundled 

Joule into the Business Technology Platform. The message was: our AI is included. One 

price. Simple. 

The bundling strategy was commercially pragmatic, but it created a set of problems that are 

becoming increasingly apparent as AI usage matures. 

The first problem is cross-subsidy. When AI is bundled into a seat price, heavy AI users are 

subsidized by light AI users. The customer who uses Copilot for twelve hours a day 
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generates dramatically more underlying compute cost than the customer who opens it once 

a week to draft an email. If both pay the same seat price, the light user is effectively paying 

for the heavy user. This creates adverse selection — over time, light users leave (the value 

does not justify the price), heavy users stay and expand, and the economics of the bundle 

deteriorate. 

The second problem is value misalignment. A seat price implies that access is the value. 

But the actual value of an AI product is the outcome it produces — the support tickets 

resolved, the contracts reviewed, the code written, the forecasts generated. Charging for 

access while delivering outcomes is a pricing model that cannot survive scrutiny. 

Sophisticated buyers will eventually ask: why am I paying for seats when I should be paying 

for results? And when they ask that question, the seat-based vendor has no good answer. 

The third problem is competitive. In a world where your competitor charges per outcome and 

demonstrates clear ROI per dollar spent, while you charge per seat and force the customer 

to calculate their own ROI, your competitor wins the value narrative. The ability to say 'we 

resolved 10,000 support tickets for you last month, and here is exactly what you paid per 

resolution' is a profoundly more compelling commercial proposition than 'you have 500 seats 

of AI at $50 per seat per month.' 

The seat is not dead. But as the primary and only unit of monetization for AI products, it is 

fatally flawed. What is needed is a model that can accommodate multiple layers of value — 

the access layer, the consumption layer, and the outcome layer — simultaneously, with the 

financial infrastructure to meter, price, invoice, and recognize revenue across all three. 

That model is what this book is about. But before we can build it, we need to understand 

one more thing about the world we are entering. 

 

The Five Layers, and Why They All Need Their Own Economics 

The image on the facing page — drawn from early work in AI monetization strategy — 

captures something important. The AI economy is not one market. It is five overlapping 

markets, each with its own cost structure, value proposition, and therefore its own pricing 

logic. 
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At the bottom is the compute economy. GPUs, AI factories, the raw infrastructure of 

inference. Here, the natural unit is time — seconds of GPU compute, kilowatt-hours of 

power, terabytes of memory bandwidth. The compute economy is a commodity business 

with enormous scale economics. The players who win are those who can amortize fixed 

infrastructure costs across the largest possible base of utilization. Pricing is per-GPU-hour, 

per-minute, per-second. Margins are thin. Scale is everything. 

Above that is the model economy. Foundation models — the large language models, the 

image generators, the code models — that run on top of the compute layer. The natural unit 

here is the API call and the token. You ask the model a question; it costs you a certain 

number of tokens to ask and a certain number to receive the answer. Model providers 

differentiate on quality, speed, capability, and context length. Pricing is per million input 

tokens, per million output tokens, with premiums for larger context windows and specialized 

capabilities. 

Above that is the token economy — and this deserves careful attention, because it is where 

most enterprise AI spending currently lives, and it is the layer that most CFOs are least 

equipped to manage. Token consumption is the heartbeat of every AI interaction. When your 

employee asks your AI assistant to summarize a document, every word of that document 

flows through the model as tokens, and every word of the summary comes back as tokens. 

Token economics are the foundation on which all AI financial modeling must be built. 

Above that is the agent economy. AI agents are programs that use foundation models to 

reason, plan, and take actions autonomously. An agent does not just answer a question — 

it executes a workflow. It might browse the web, call external APIs, write and run code, 

compose emails, update records in a CRM, and synthesize all of that into a final deliverable. 

Each of those steps consumes tokens, but the billing unit that makes sense for the customer 

is not the token — it is the task or the workflow. The customer does not care how many 

tokens it took to research and draft that market analysis; they care that the analysis was 

delivered, correctly, on time. 

At the top is the outcome economy. This is the frontier — and it is where the most interesting, 

most valuable, and most difficult monetization challenges live. In the outcome economy, the 

customer pays for a result. Not for access, not for tokens, not for tasks completed — for a 
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measurable business outcome. Resolved support tickets. Contracts reviewed and approved. 

Sales opportunities closed. Code shipped without defects. The pricing is tied to the SLA. If 

the AI achieves the outcome, you pay. If it does not, you do not — or you pay less. 

These five layers are not mutually exclusive. A single enterprise AI deployment might involve 

all five simultaneously — the CFO is managing GPU costs at the compute layer, the product 

team is selecting models at the model layer, the engineering team is building token 

governance at the token layer, the sales team is pitching workflow automation at the agent 

layer, and the account executive is negotiating an outcome-based contract at the outcome 

layer. Each layer requires different expertise, different metrics, different pricing logic, and 

different financial infrastructure. 

Understanding these five layers — and understanding how value created at one layer 

translates to economic capture at another — is the fundamental task of AI monetization 

strategy. It is the task this book is designed to help you execute. 

 

The Monetization Objects Underneath It All 

Before we close this opening chapter, there is one idea that will serve as a load-bearing 

concept for everything that follows. It is the idea that monetization is, at its core, a data 

problem. 

Every pricing strategy, every billing system, every revenue recognition policy, every financial 

forecast ultimately rests on a set of data objects — structured pieces of information that 

define what has been sold, at what price, to whom, subject to what conditions, consumed in 

what quantities, and recognized when. We call these monetization objects. 

In the old world, those objects were few and simple: Product (what you are selling), Contract 

(the agreement to sell it), Invoice (the request for payment), and Payment (the confirmation 

of receipt). The SaaS era added Subscription (the recurring right to access), User (the seat 

being charged), and Plan (the tier of service). Usage-based pricing added Meter (the 

measurement of consumption) and Event (the record of each unit consumed). 
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Generative AI adds a new set of objects to this taxonomy: Token Budget (the governance 

constraint on consumption), Agent Task (the unit of agentic work), Outcome (the business 

result being purchased), and — critically — the relationships between all of these objects 

across a multi-layer, multi-party AI stack where value is created at one layer and captured 

at another. 

The companies that will build enduring, defensible, profitable AI businesses are not 

necessarily the ones with the best models or the most impressive demos. They are the ones 

that can manage these monetization objects with precision — that can trace the golden 

thread from the initial sale of an AI capability all the way to the cash in the bank, with perfect 

fidelity at every step. 

That thread — from concept to cash, from idea to offer to quote to contract to meter to invoice 

to payment — is the organizing spine of this book. In every chapter, we will trace some part 

of that thread, examine where it is most likely to break, and provide the frameworks, models, 

and practices you need to keep it whole. 

The companies that win the AI economy will not necessarily 

have the best technology. They will have the best data about 

their own economics. 

 

What This Chapter Has Established 

We have covered a lot of ground. Let us be precise about what we now know, and what it 

means for the chapters ahead. 

• Software monetization has evolved through three eras: perpetual license (pay once, 
own forever), subscription (pay monthly for access), and usage-based (pay for what 
you consume). Each era represented a different answer to the question of what 
customers were paying for. 

• The subscription model created the vocabulary of modern SaaS — ARR, NRR, 
churn, expansion — and worked because consumption was predictable. A seat was 
a seat. The billing was simple. 
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• Usage-based pricing aligned cost with consumption but assumed that consumption 
could be estimated. For infrastructure products with bounded, regular usage 
patterns, this assumption held. 

• Generative AI breaks this assumption. AI consumption is non-deterministic — it 
varies with the complexity of the input, the depth of the task, and the behavior of 
autonomous agents in ways that are genuinely hard to forecast. This creates cost 
volatility for vendors, budget uncertainty for buyers, and accounting complexity for 
finance teams on both sides. 

• The seat-based model cannot survive as the primary pricing unit for AI, because it 
misaligns price with value, creates cross-subsidy problems, and cedes the value 
narrative to consumption- and outcome-based competitors. 

• The AI economy operates across five layers — compute, model, token, agent, 
outcome — each with its own cost structure and pricing logic. Managing 
monetization across all five layers simultaneously is the defining operational 
challenge for AI companies and AI buyers alike. 

• Monetization is a data problem. The organizations that master the data objects 
underlying AI commercialization — products, prices, contracts, entitlements, meters, 
events, invoices, token budgets, agent tasks, outcomes — will have a structural 
economic advantage over those that do not. 

 
In the next chapter, we examine in precise detail what generative AI breaks in the existing 

technology stack — the CPQ systems, the billing platforms, the ERP modules, the revenue 

recognition engines — that were built for a world of predictable, bounded, seat-based 

consumption. Understanding the breakage is a prerequisite for designing the remedy. 

The old playbook served the industry well. But the game has changed. It is time to write a 

new one. 

 

 

Continue to Chapter Two: What GenAI Breaks 
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